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ABSTRACT 

Social media is an emerging force and a relatively untapped resource in the healthcare 

domain. It now presents numerous opportunities and benefits for health professionals, health 

consumers, and auxiliary service providers. Health service providers are increasingly 

recognising the strategic importance of incorporating social media in their practice which is 

contributing to the beginning of a paradigm shift emerging across the healthcare sector. 

Despite social media’s growing popularity, empirical research on the primary stakeholders of 

social media comprising health professionals and health consumers is relatively limited. Only 

limited research has been undertaken on understanding how health professionals and 

consumers perceive social media usage in the healthcare sector. Given this state of affairs, 

this research aims to investigate the underlying drivers affecting health professionals’ and 

health consumers’ social media usage and acceptance behaviours.  

The theoretical framework developed for this research consolidates three leading technology 

adoption models: Technology Acceptance Model (TAM), Unified Theory of Acceptance and 

Use of Technology (UTAUT) and Expectation Confirmation Model (ECM). The proposed 

research model explains the usefulness, barriers to usage, and other relevant factors such as 

peer influence, supporting conditions, perceived cost and self-efficacy affecting health 

professionals’ and consumers’ social media adoption behaviours.  

The research design of the study is grounded on a sequential mixed method approach, where 

the qualitative phase precedes the quantitative phase. In the qualitative phase, semi-structured 

interviews with sixteen health professionals were conducted to obtain an in-depth insight into 

the factors impacting on social media adoption behaviours. The major findings emerging 

from the qualitative phase of this research suggest that social media tools offer five  

significant benefits: (i) they facilitate communication between health professionals, health 

service providers, and the consumers; (ii) provide greater support for the health community; 

(iii) enable learning for both health professionals and health consumers; (iv) enhance their 

professional network; and (v) expedite healthcare promotion strategies. Findings also indicate 

five noteworthy barriers to usage and adoption of social media including: (i) inefficiency; (ii) 

privacy concerns; (iii) poor information quality; (iv) lack of trust; and (v) blurred professional 

boundaries.  Usefulness and barriers aside, peer influence, supporting conditions, perceived 
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cost and social media self-efficacy are also observed to be key predictors of social media 

adoption behaviours of health professionals and consumers.   

The above themes were cross-matched with the existing technology adoption theories to 

propose a novel theoretical framework called Healthcare Social Media Usage Model 

(HSMUM). The hypothesised relationships emerging from the framework were tested 

through quantitative methodology. In the quantitative phase, the research framework of the 

study has been empirically tested and validated from the perspective of both health 

professionals and consumers. Two separate cross-sectional surveys were conducted with 219 

healthcare professionals and 265 consumers. The quantitative analysis was steered through 

the structural equation modelling technique grounded in the research framework. Both sets of 

empirical data supported the proposed model indicating a good fit.  

The outcome of this research provides important inputs into healthcare professionals, service 

providers, and consumers adoption of social media technologies within the healthcare system.  
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CHAPTER 1 : INTRODUCTION 

1.1 Introduction 

Social media platforms have changed the traditional paradigms of communication and have 

been adopted by consumers as well as public and private organisations. Interactive online 

social networking applications such as Facebook, Instagram, Twitter, YouTube, Snapchat, 

LinkedIn, Tumbler and Wikis are accessed by more than 3 billion people globally (Chaffey, 

2016). These applications allow participants to create, transmit, and share contents amongst 

friends, wider social circles, and the business partners. Social media has greatly influenced 

the practices and procedures in most industries (Aral, Dellarocas, & Godes, 2013). In the 

healthcare sector, social media has triggered a paradigm shift by providing a myriad of 

benefits to both patients and healthcare providers (De Martino et al., 2017). These 

transformative benefits include interactive health promotions (Moorhead et al., 2013), 

community engagement (Heldman, Schindelar, & Weaver, 2013), patient empowerment 

(Househ, Borycki, & Kushniruk, 2014), social support (Smailhodzic, Hooijsma, Boonstra, & 

Langley, 2016), social listening (Greaves, Ramirez-Cano, Millett, Darzi, & Donaldson, 

2013), and a greater interactivity between healthcare providers and health consumers 

(Rozenblum & Bates, 2013). Two decades ago healthcare practices were based on face-to-

face interactions between healthcare providers and health consumers, with little or no web-

based interactive communication technologies being applied. Healthcare  providers have 

embraced the potential of social media platforms and are developing strong networks with 

patients, physicians, and healthcare workers to improve efficiencies in service provision and 

cost savings (Dosemagen & Aase, 2016). 

The current state of affairs concerning the usage of social media in the healthcare sector 

suggests that its use is proliferating rapidly. For example, a staggering number of social 

media-related articles indexed on PubMed, and the publications of healthcare-related aspects 

have doubled in the last few years (Sa’ed, Sweileh, Awang, & Al-Jabi, 2018). Also, social 

media policies are being developed by healthcare  authorities globally (Shore, Halsey, Shah, 

Crigger, & Douglas, 2011) and health-related journals are uncovering the potentials of social 

media in a healthcare setting (Gamache-O'Leary & Grant, 2017). Furthermore, theories 

concerning social media adoption are developing (Smith & Zook, 2011).  
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Despite the growing interest and increased use by patients, physicians, and healthcare 

providers, applications of social media in healthcare is still considered a complex, 

unregulated and informal mechanism of health communication and health information 

exchange (Modahl, Tompsett, & Moorhead, 2013). User interests drive the notion of health 

information exchange. Users can decide what content to share or ignore. This phenomenon is 

called consumer sovereignty in interactional communication processes (Kline, Dyer-

Witheford, & De Peuter, 2003). In these types of exchanges, participants in an online health 

forum can publish content without the academic peer review process. Such an exchange may 

often lead to adverse consequences in terms of the health outcome (Househ et al., 2014) and 

therefore, to health professionals, social media is still a complicated arena with high potential 

for both success and failure (Devine, 2017). The scenario presented above calls for an in-

depth and proficient understanding of how these technologies are perceived by the interested 

parties including health professionals, health consumers, and health service providers.  

While existing research indicates that many health professionals are still sceptical about the 

usability of social media in healthcare (Considine, 2015), research on the social media 

adoption behaviour of health professionals and health consumers are still scarce (Antheunis, 

Tates, & Nieboer, 2013; Gamache-O'Leary & Grant, 2017). This research seeks to address 

this research gap. Accordingly, the primary purpose of this study is to investigate health 

professionals’ and health consumers’ perceptions regarding the usage of social media in 

healthcare and identify the factors influencing their social media adoption behaviours. 

Understanding the perceptions of health professionals’ and consumers’ usage of social media 

would enable healthcare service management and policy-makers to formulate and design 

social media policies and operational strategies to augment the quality of healthcare services.   

The chapter presents the background to the study, followed by a statement of the problem. A 

discussion of the research boundary is also conferred together with the research objectives as 

well as the significant contributions of the study. A brief overview of the research design, the 

research scope and a summary of the thesis then follows.  

1.2 Research background  

Research pertaining to the use of social media in the healthcare domain is still at the 

embryonic stage. The contemporary research endeavors in the field of healthcare social 

media predominantly focus on the usage pattern (Antheunis et al., 2013), features (Grajales 

III, Sheps, Ho, Novak-Lauscher, & Eysenbach, 2014), utility (Panahi, Watson, & Partridge, 
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2016), and the possible limitations (Devine, 2017)  of using social media in health-related 

matters. However, empirical studies on the critical stakeholders of social media comprising 

health professionals and health consumers are relatively scarce (Antheunis et al., 2013; 

Archambault et al., 2012; Lau, 2011; McGowan et al., 2012).  Antheunis et al. (2013) and 

Gamache-O’Leary and Grant (2017) have called for more extensive research to better 

understand and in detail the factors impacting the adoption of social media in the healthcare 

sector.  

Regarding the benefits of using social media in healthcare, many studies reported that social 

media is an effective mechanism for health promotion and potentially offers numerous 

benefits to health service providers, health professionals, and the public. Improved patient 

engagement (Oh & Lee, 2012), enhanced patient empowerment (Househ et al., 2014), 

increased emotional and social support (Greene, Choudhry, Kilabuk, & Shrank, 2011), 

networking (Eysenbach, 2008), optimisation of health education and learning (Lau, 2011) and 

interactive health communications (Hamm et al., 2013) are some of the examples highlighted 

in the current literature. For example, Greene et al. (2011) examined the content of the fifteen 

largest Facebook groups that focus on diabetes management.  The study found that patients 

with diabetes, their friends, and family members frequently use Facebook for emotional 

support and practical guidance related to the management of diabetes, to share personal 

stories with other members of the groups. Hamm et al. (2013) reviewed 48 studies that 

employed trials to examine the social media usage among patients and caregivers. The 

meta-analysis revealed that 72.9% of the studies portrayed a favourable conclusion in terms 

of the effectiveness of using social media for better health outcomes. The analysis also 

indicated that the majority of the studies reported communication between peers and social 

support as the primary benefits of using social media in healthcare.  

In terms of the limitations, researchers frequently raised concerns about the poor information 

quality, privacy and inapplicability of social media in healthcare (Chretien, Azar, & Kind, 

2011; Chretien & Kind, 2013; Tunick & Brand, 2015). For example, Chretien et al. (2011) 

examined physicians’ use of Twitter over a period of one month. The study categorized 144 

(3%) tweets as unprofessional. Moreover, 38 tweets also denoted possible privacy violations. 

The authors concluded that privacy violations and confidentiality breaches are rare 

occurrences, but it is an area for significant concern. Similarly, Tunick and Brand (2015) 

outline that social media poses significant privacy threats to both health professionals and 
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health consumers.  Also, a study of paediatric health professionals’ usage of social media in 

asthma care also reveals that perceived liability issues, lack of efficacy, time constraints, 

work schedules and personal commitments are some of the main barriers that mar the use of 

social media (Martinasek et al., 2011).  

Research concerning the usage pattern revealed mixed results. Although health professionals 

and health consumers are using social media more frequently in recent years, health 

professionals are still sceptical about its usefulness in a healthcare setting. For example, Von 

Muhlen and Ohno-Machado (2012) conducted a systematic review of 50 social media 

adoption studies and indicated that social media adoption rate has been increasing 

significantly in recent times. Despite the increase in use, the researchers found that only 47% 

of professional clinicians have a Facebook account. Meanwhile, Brown, Ryan, and Harris 

(2014) examined Australian doctors’ attitude towards social media using a survey of 187 

doctors and found that 25.7% of the respondents do not use social media at all and only 

30.5% had communicated with patients using email. The study further revealed that an 

overwhelming majority (65.8%) of the respondents were reluctant to engage in social media 

due to privacy and legal concerns. Similarly, Wheeler and colleagues surveyed 1000 plastic 

surgeons in the USA and found that only 28.2% of respondents used social media in their 

practice, while 46.7% used it in their personal life. The respondents also revealed that their 

social media activities are predominantly geared toward obtaining patient referral and 

promotion of the practice (Wheeler, Said, Prucz, Rodrich, & Mathes, 2011). 

Usher (2011) surveyed 935 Australian allied health professionals regarding their use of social 

media for professional purposes. Their study revealed that 71.3% of health professionals did 

not use social media at all and among social media users, only 9.5% of health professionals 

claimed to utilise social media for professional purposes. However, the majority of 

respondents recognise the importance of integrating social media into healthcare care as 

55.8% of respondents are willing to undertake social media-related training for healthcare 

delivery.  

Antheunis et al. (2013) conducted a descriptive online survey of 139 patients and 153 

healthcare professionals in obstetrics and gynecology about their motives and use of social 

network sites. The results of the study indicated that both patients and professionals intended 

to use social media in the future. However, the authors suggested that more research is 

required in different healthcare context to establish the generalisability of the results. Thus, 
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Antheunis and colleagues advocated that future studies on social media’s use in healthcare 

should continue to focus on the motives, barriers, and expectations and more research is 

needed to understand the underlying factors of social media usage from the perspective of 

health professionals and health consumers (Antheunis et al., 2013).  In their study, Gamache-

O'Leary and Grant (2017) affirmed that further empirical studies are needed to identify the 

potential benefits and limitations of employing social media for health communication and 

other relevant purposes.  

Moorhead and colleagues undertook a systematic review of 98 studies and investigated the 

use, benefits, and challenges of social media for health communications reported in the 

existing body of literature. The findings revealed that most studies are exploratory in nature 

and only ten used mixed methods for collecting and analysing data. The authors also 

confirmed that a detailed investigation of the risks and an assessment is essential to 

comprehend the full potential of social media in the healthcare context (Moorhead et al., 

2013). Moreover, despite many compelling findings along this line of research, the majority 

of social media-related studies in healthcare do not incorporate a theoretical grounding 

(McGowan et al., 2012). Most empirical research relied on either a generic survey of health 

professionals and consumers or exploratory studies without the backing of a substantial 

theoretical grounding, thereby indicating a gap in existing literature (Cain, 2011; Colineau & 

Paris, 2010; Courtney, 2013; Fisher & Clayton, 2012; Hackworth & Kunz, 2011; Leiker, 

2011; Martinasek et al., 2011; Merolli, Gray, & Martin-Sanchez, 2013; Moorhead et al., 

2013; Prasad, 2013; Tess, 2013). 

Table 1.1 presents a snapshot of the key literature addressed in this study: 
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Table 1.1 A snapshot of the key topics addressed in this thesis  

Chapter 2: Social media in 

healthcare 

Chapter 3: Technology 

adoption models 

Chapter 4: Social media 

acceptance studies  

Review of definitions  (Boyd & 

Ellison, 2010; Kaplan & Haenlein, 

2010b),  

Theory of reasoned action 

(Ajzen & Fishbein, 1980) 

Revised TAM (Rauniar, 

Rawski, Yang, & Johnson, 

2014)  

Features of social media  

(Ventola, 2014) 

Theory of planned 

behaviour (Ajzen, 1991)  

Collective intention to use 

social media (Cheung & 

Lee, 2010) 

Evaluation of social media tools in 

healthcare (Grajales III et al., 

2014; Naslund, Aschbrenner, 

Marsch, & Bartels, 2016) 

Diffusion of innovation 

theory (Rogers, 2003)  

Extended UTAUT model 

for social media adoption 

(Gruzd, Staves, & Wilk, 

2012)  

Social media usage in healthcare 

(Antheunis et al., 2013; Chretien 

& Kind, 2013) 

Technology organisation 

and environment context 

(Tornatzky, Fleischer, & 

Chakrabarti, 1990)  

Causal-chain framework 

for social media research 

(Ngai, Tao, & Moon, 2015) 

Overview of the social media 

tools in healthcare (Chretien & 

Kind, 2013; Grajales III et al., 

2014)  

IS success model (DeLone 

& McLean, 1992)  

Acceptance of blog usage 

(Hsu & Lin, 2008). 

Benefits and barriers of using 

social media in healthcare 

(Moorhead et al., 2013; Panahi et 

al., 2016).  

TAM 1 (Davis, 1989), TAM 

2  (Venkatesh & Davis, 

2000), UTAUT1 

(Venkatesh, Morris, Davis, 

& Davis, 2003) UTAUT2 

(Venkatesh, Thong, & Xu, 

2012) 

Social network service 

acceptance model (Kwon & 

Wen, 2010). 

 

Assessment of social media usage 

pattern  in healthcare context 

(Brown et al., 2014; Usher et al., 

2014) 

 Expectation confirmation 

model (Bhattacherjee, 2001) 

Expectation 

disconfirmation effects 

concerning blog user 

satisfaction (Hsieh, Kuo, 

Yang, & Lin, 2010).  
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Comments Comments Comments 

Very few empirical studies 

(Antheunis et al., 2013; Brown 

et al., 2014; Usher et al., 2014) 

have been conducted on those 

most affected by social media 

usage in the healthcare domain: 

health professionals and health 

consumers. 

Gamache-O'Leary and Grant 

(2017) suggested that it is 

essential to understand the 

adoption behaviour so that the 

potential benefits of social 

media in the healthcare sector 

can be fully utilised. 

Technology acceptance 

model (TAM) has been 

applied in a variety of 

contexts such as banking, E-

commerce, E-government 

and health information 

technology. However, TAM 

is relatively untested in the 

domain of social media 

usage behaviour in the 

healthcare sector.  

For example,  Rauniar et al. 

(2014) and Gruzd et al. 

(2012)  applied TAM-based 

models to study the drivers 

of social media usage 

behaviour. However, these 

studies focus on the general 

usage of social media and 

find it difficult to replicate 

in the healthcare context.   

A Google Scholar keyword 

search using the following 

search terms “Social media in 

healthcare and TAM”, 

“Social media adoption in 

healthcare” and “Technology 

acceptance model and social 

media”, revealed only three 

studies (Hanson, West, 

Thackeray, Barnes, & 

Downey, 2014; Jo, Song, & 

Kim, 2017; McGowan et al., 

2012) applied technology 

acceptance and related 

models to explain social 

media adoption behaviours of 

health professionals and 

health consumers.  

The studies revealed mixed 

results and indicated the need 

for a more robust assessment 

of health professionals’ and 

health consumers’ social 

media adoption behaviours.  

Unanswered questions Unanswered questions Unanswered questions 

How do health professionals 

perceive the usage of social 

media in healthcare?  

What perceptions do health 

consumers have concerning the 

usage of social media in 

healthcare?  

Are current information 

systems theories enough to 

predict social media usage 

behaviours and continuance 

intention of health 

professionals and health 

consumers? 

  

Can additional factors be 

integrated to better explain 

the usage behaviours and 

continuance intentions of 

health professionals and 

health consumers?   

 

The above summary indicates there is an absence of sound theory and method to explain the 

social media adoption behaviours of health professionals and consumers. Based on the 
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limitations of the existing literature, this research articulated the problem statement, which is 

discussed below.  

1.3 Problem statement  

Critical analysis of the existing literature revealed five research gaps concerning the use of 

social media in the healthcare sector:  

 First, there is a paucity of empirical research regarding the social media adoption 

behaviour of health professionals and health consumers. The adoption behaviour 

includes pre-existing perceptions through to continuing adoption of social media.  

While some prior studies addressed the social media usage patterns of health 

professionals, consumers and healthcare providers (Antheunis et al., 2013; Hanson et 

al., 2014; Harris, Mueller, & Snider, 2013; McGowan et al., 2012; Panahi et al., 2016; 

Surani et al., 2017; Van Der Velden & El Emam, 2013), little research has 

investigated the underlying factors that influence the usage of social media by health 

professionals, consumers and healthcare providers. 

 Second, only a few studies applied the theoretical framework to explain the social 

media adoption and usage behaviour in a healthcare context (Gamache-O'Leary & 

Grant, 2017; McGowan et al., 2012; Panahi et al., 2016). Furthermore, studies are 

limited on the application of existing technology adoption models to the healthcare 

social media context. The theoretical model being used to provide insight into the 

social media adoption behaviour of health professionals and health consumers lacks 

some detail. 

 Third, the methodological quality of many studies is reported to be inadequate as 

those studies were based on descriptive or exploratory methods (Moorhead et al., 

2013). Moreover, the majority of the studies used either qualitative or quantitative 

research design and as such a gap exists in the literature in terms of studies using 

mixed methods aimed at empirically validating research propositions.  

 Fourth, a large pool of studies (Carter, 2014; Gómez-Zúñiga, Fernandez-Luque, 

Pousada, Hernández-Encuentra, & Armayones, 2012; White, Kirwan, Lai, Walton, & 

Ross, 2013) focus on a single social media application (for example, Facebook, 

YouTube or Twitter) to explain the usage behaviour and outcome of adoption. Few 

researchers have investigated social media as a whole rather than focusing on a 

specific platform which limits the scope of the investigation; as it is highly unlikely 
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that the user group would stick to one specific platform for obtaining and 

disseminating health information (Panahi, 2014). Research is lacking in the context of 

taking a holistic view of social media’s contribution to the healthcare sector. 

 Fifth, and finally, a plethora of research has investigated the generic healthcare 

technology adoption behaviour from the perspective of both health professionals and 

health consumers. However, the existing information system (IS) and technology 

adoption theories are relatively untested in the domain of healthcare social media.  A 

Google search returned only three studies that applied TAM-based frameworks to 

understand predictors of adoption behaviours (Hanson et al., 2014; Jo et al., 2017; 

McGowan et al., 2012). McGowan and colleagues (2012) incorporated six factors 

(perceived usefulness, ease of use, barriers, personal innovativeness, peer access and 

motivation) to examine the social media adoption behaviour of physicians. The above 

factors demonstrated a 57% variance in social media usage frequency (McGowan et 

al., 2012). Hanson and colleagues combined four factors (attitude, behavioural 

intention, behavioural control and subjective norm) to predict a social media adoption 

behaviours of health center patients. The study explained up to 70% variance in 

behavioural intentions to use social media (Hanson et al., 2014). Finally, Jo and 

colleagues (2017) incorporated seven factors (reliability, barriers, health 

consciousness, social norm, quality accreditation system, perceived ease of use and 

perceived usefulness) to examine consumers’ acceptance of health information. Their 

analysis shows two things: firstly, perceived usefulness is the most critical predictor 

of behavioural intentions to use social media; and secondly, a more robust assessment 

is required to understand the predictors of social media use (Jo et al., 2017).  

Therefore, there is a gap in identifying what additional factors should be integrated to 

better explain the social media adoption behaviours of health professionals and health 

consumers.  

This thesis aims to address these five research gaps by formulating, testing and validating a 

theoretical framework designed to investigate the social media usage and continuance 

intention of health professionals and consumers. The proposed theoretical framework 

incorporates the key factors affecting these people’s social media adoption behaviour. The 

framework of the study is discussed in Chapters 4 and 7.  
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1.4 Research objectives 

As previously discussed, the study aims to develop a theoretical framework to uncover health 

professionals’ and health consumers’ social media usage behaviour. To achieve the aim, this 

research will be navigated by the following research objectives:    

1. To investigate the factors that affect health professionals’ social media adoption 

behaviours. 

2. To examine the factors affecting health consumers’ social media adoption behaviours.  

3. To investigate the benefits and barriers of using social media from the perspective of 

health professionals.  

4. To develop a comprehensive theoretical framework to explain the social media 

adoption behaviours of health professionals and health consumers.  

5. To advance the technology adoption research by applying and extending the 

Technology acceptance model (TAM) in the domain of healthcare social media.  

1.5 Boundary of the research  

The current research investigates the health professionals’ and health consumers’ behavioural 

intention to use social media in healthcare domain. The boundaries of this research are  

explained from multiple dimensions:  

1.5.1 Definitions of social media 

The sheer diversity of social media applications makes it challenging for academics and 

practitioners to generate a unified definition of social media. The definitions vary according 

to platforms used to explain social media (see Chapter 2). However, from a holistic 

perspective, social media can be defined as web-based applications that allow participants to 

create an individual profile and facilitate real-time interactions among the users. The 

interaction involves creation and sharing of user-generated content, collaboration and 

communication with friends, family and the broader community through a range of 

applications such as Facebook, Twitter, YouTube, Instagram, Snapchat, Bebo, Wiki, 

Tumbler, and others (Hoffman & Fodor, 2010).   

Since the existing definitions of social media include a broader array of web-based 

applications, this research considered social media from a holistic perspective rather than 

being confined to one specific platform or application. As indicated in the research gap, many 

studies have examined the usage of social media from the perspective of a single application 

such as health professionals’ use of Facebook or impact of YouTube-based user-generated 
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content in health communities.  However,  Panahi (2014) argues that in contemporary social 

setting, individuals are likely to use more than one application and most social media 

applications combine different applications on one platform. Therefore, it is not feasible to 

investigate a single application separately, considering the relationships with other social 

media applications. Thus, agreeing with Panahi (2014), this research argues that confining the 

scope of the study to a single application (for instance, Facebook or YouTube) would not 

portray accurately the users’ behavioural intentions. To accomplish the goal of this research, 

the study investigates health professionals’ and health consumers’ social media adoption 

from a holistic perspective. 

1.5.2 Use of social media in healthcare  

In the healthcare domain, health professionals, the general public, and healthcare providers 

use social media applications for various reasons. The existing body of literature also 

confirms the versatility of social media usage in healthcare. For example, social media is 

frequently used to disseminate health-related information (Gamache-O'Leary & Grant, 2017; 

Pillai, 2016; Thielst, 2010), provide answers to medical conditions and assist online 

consultations (Hawn, 2009), enable dialogue between patients and patients, and between 

patients and health consumers (Househ et al., 2014; Lober & Flowers, 2011), provide social 

support to patients (Lawlor & Kirakowski, 2014; Naslund et al., 2016), help frequent use 

social media as a networking tool between health professionals (Antheunis et al., 2013; 

Ventola, 2014), and acts as an advertising medium to promote healthcare organisations 

(Househ et al., 2014; Referral, 2017). 

The use of social media varies according to the personal circumstances and individual 

preferences. Therefore, it is somewhat challenging to measure one aspect of use; as different 

individuals are likely to use social media for different reasons. Subsequently, this research 

investigated the usage of a social media in healthcare from a holistic perspective rather than 

focusing on a specific use of social media. Several past studies also undertook a similar 

approach and investigated the use of social media from a combined perspective rather than 

focusing on one specific use such as health education or health communication (Antheunis et 

al., 2013; Harris et al., 2013; Surani et al., 2017).  

Since the goal of the study is to examine the health professionals’ and health consumers’ 

behavioural intention to use social media, it is only rational to acknowledge and consider all 
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types of social media in the healthcare domain. This is likely to provide a more 

comprehensive overview of users’ adoption behaviours.  

1.5.3 Research participants: health professionals and health consumers  

The research participants of the study are classfied into two specific categories including 

health professionals and health consumers. A health professional is an individual who is 

accredited by a professional body and provides various health-related services such as 

dentistry, medicine, surgery, nursing or psychology (BusinessDictionary, 2016). The second 

category, health consumers refer to general public or patients who utilise health-related 

services. The definition also includes the individuals who have availed a health-related 

service in the past or individuals who are likely to use such a service in the near future 

(Health Consumer NSW, 2018).   

 This research did not seek to investigate the social media usage behaviours of any specific 

group of health professionals or health consumers. Instead, this research seeks to investigate 

the health professionals’ and health consumers’ social media adoption behaviours from a 

generic perspective.  In terms of the health professionals, access to an adequate number of 

participants from a specific professional category was not possible. Thus, the profile of the 

health professionals includes general practitioner (GP), medical specialists, physiotherapists, 

surgeons, and pharmacists. In terms of the health consumers, a similar approach was adopted. 

Any individual over 18 years of age is considered a health consumer for this research. The 

next section provides an overview of the research methods used in this study.  

1.6 Overview of the research methods  

This research employed a mixed method research design to achieve the research goals. In a 

mixed method research design, researchers collect, analyse and combine both quantitative 

and quantitative data in a single or multiphase study (Creswell & Creswell, 2017). 

Additionally, the qualitative and quantitative phase of the research fit together to improve our 

understanding of certain phenomena and can either be conducted simultaneously or 

sequentially to offer a different perspective with reference to the inquiry and therefore 

support the findings’ triangulation (Patton, 2005).  Bryman (2001) suggested that research is 

enriched by the combined use of qualitative and quantitative data and in most cases, 

quantitative methods always rest upon a qualitative conceptual framework. In sync with the 

mixed method research approach, this study was conducted in the following steps: 
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Table 1.2: Overview of the research methods 

Sequential Steps Key activities Comments 

Step 1 (Qual) Literature review and 

development of the initial 

conceptual framework.  

An initial exploratory approach was 

undertaken to identify the research 

problem and formulate the research 

questions. The goal of the 

exploratory phase is to gain new 

insights (Jaeger & Halliday, 1998). 

Step 2 (Qual) Semi-structured interviews 

with 16 health professionals.  

Based on the notion of a mixed 

method design matrix, where 

qualitative inquiry precedes 

quantitative method (Johnson & 

Onwuegbuzie, 2004). In-depth 

interviews enabled the researcher to 

identify the key factors affecting the 

usage behaviour of social media.  

Step 3 (Qual) Development of the final 

conceptual framework. 

A final conceptual framework was 

developed to investigate the key 

factors that influence usage decision. 

This phase is based on the 

pragmatist position of Bryman 

(2001), who argues that  quantitative 

methods are always grounded in the 

qualitative conceptual framework 

Step 4 (Quan) Formulation of measurement 

scale and quantitative survey of 

219 health professionals.  

Beginning of the quantitative phase. 

The proposed framework is 

validated using the survey data. 

Identified the factors that influence 

health professionals’ usage 

behaviours. 

Step 5 (Quan)  A quantitative survey of 265 

health consumers (general 

public). 

Confirmed the factors that influence 

health consumers’ usage behaviours.  

1.7 Overview of the findings  

The findings of the study are classified into two categories: qualitative and quantitative. In 

terms of the qualitative findings, semi-structured interviews with the health professionals 

revealed five key benefits of using social media in healthcare: i) health communication, ii) 

community support, iii) learning, iv) health promotion, and v) networking. The interviews 

also revealed five key barriers to using social media in healthcare: i) inefficiency, ii) privacy 

concerns, iii) poor information quality, iv) lack of trust, and v) blurred professional 
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boundaries.  Apart from certain advantages and limitations, the interviews also revealed that 

peer influence, supporting conditions, perceived cost and social media self-efficacy also 

emerged as significant predictors of social media usage behaviour. 

Drawing on the emerging themes from the interviews and existing technology adoption 

models, this research proposed a new theoretical framework: Healthcare Social Media Usage 

Model (HSMUM). This model incorporates the key predictors of social media usage 

behaviour and continuance intention in the healthcare context. The model was tested and 

validated using data gathered from the health professionals’ and health consumers’ surveys. 

This could be regarded as one of the major contributions of the study. Such a method rooted 

in the sequential mix method approach is very different from the prior descriptive and 

exploratory studies.  

A brief overview of the significant contributions of the study is provided in the next section.  

1.8 Specific areas of contributions  

The contributions of this thesis are classified into four categories: theory, methodological, 

empirical and practical contributions. A summary of the major contributions of the study is 

provided in Table 1.3.   
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Table 1.3: Specific contributions 

Type Contributions Comments 

Theoretical  The proposed conceptual framework: Healthcare Social Media 

Usage Model in (HSMUM) uncovers the key factors affecting 

health professionals’ and consumers’ social media usage 

behaviour and continuance intention.  

The model synthesises leading technology adoption theories to 

investigate the adoption behaviours. Moreover, additional 

variables were added to the model based on findings from the 

qualitative phase of the study.  Details of testing and validation 

of the model can be seen in Chapters 8 and 10. 

There has been a plethora of research on technology 

adoption, but not many in a social media context. 

Therefore, this model extended the technology adoption 

research by proposing a novel framework in a social 

media context.  

This model also contributes to the extant literature 

rearding social media by explaining the underlying 

factors that influence health professionals’ and health 

consumers’ social media usage behaviour. The model 

has been empirically tested and validated with user data 

collected exclusively in Australia. 

Methodological   The use of methodological pluralism or triangulation yielded 

denser, meaningful and rich data compare to prior studies. In-

depth interviews of health professionals resulted in the 

identification of several critical themes including perceived 

professional boundaries, trust, privacy threats, information 

quality, self-efficacy, peer influence and perceived costs. These 

factors were cross-validated with extant literature and then 

investigated again during the quantitative phase of the study.  

In this thesis, a quantitative data analysis phase 

facilitated the establishment of the generalizability of the 

qualitative data and shed new light on qualitative 

findings. This approach is particularly rare among 

current social media adoption studies and results in 

comprehensive research outcome. 

 

Empirical  This thesis extended the technology acceptance research in a new 

empirical context and proposed a new framework to examine 

social media adoption behaviours.    

Social media practitioners can use this model to predict the 

health professionals’ and consumers’ usage behaviours. 

Sound understanding of the usage behaviour would 

enable practitioners to formulate social media strategy 

and design interventions targeted at users yet to adopt 

and use social media platforms as the means for health 

service delivery. 
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Type Contributions Comments 

Practical  Findings of the study have practical implications for health 

professionals, consumers, service providers and policy-makers.   

Social media applications have a great potential for 

delivering and enhancing healthcare service. Social 

media technologies can be deployed to: improve patient-

physician interactions, enhance patient motivation, raise 

health awareness, provide accurate information, facilitate 

the exchange of ideas, frame and reframe health-related 

questions, engage a broader community, and ultimately 

produce improved outcomes across health systems.  

These insights can be used to develop social media usage 

guidelines and policies for more effective use.  
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1.9 Thesis structure  

The thesis is presented in 12 chapters. A brief overview of the each chapter is presented 

below. 

Chapter 1: Provides a discussion of the research background and the research gap, followed 

by research objectives and the boundaries of the research. A brief overview of research 

methods, key findings, specific areas of contribution and how the thesis is structured are also 

included here.  

Chapter 2: Presents relevant literature regarding the social media technologies and their 

implications for the healthcare sector.  Firstly, the concept of social media has been discussed 

from a generic perspective which includes a review of the definitions, features, and tools of 

social media.  Second, following the discussion on social media from a generic perspective, a 

discussion of social media in a healthcare context, its usage, and application in healthcare, 

benefits, and challenges addressed in various past research studies have been analysed. 

Finally, research gaps are presented based on the limitations of the extant literature. Critical 

analysis of the extant literature revealed the lack of limitations in the current body of 

knowledge.  

Chapter 3: This chapter presents a critical analysis of the current technology adoption 

frameworks. Popular technology adoption frameworks such as the technology acceptance 

model (TAM), Unified technology acceptance model (UTAUT), and Expectation 

confirmation model (ECM) have been evaluated and their shortcomings are identified.    

Chapter 4: Presents a critical review of the existing models that applied technology adoption 

frameworks to investigate social media acceptance behaviours both in general and healthcare 

context.  Based on the empirical evidence, an integrated conceptual framework has been 

proposed. The framework is designed to understand the key predictors of social media 

acceptance and usage and acceptance behaviour in healthcare. Based on the conceptual 

framework, the research aims, research questions, and research objectives are finalised.  

Chapter 5: This chapter presents the methodology used in this research. The chapter begins 

with an overview of the research philosophy followed by the justification of the mix method 

research approach. Based on the principals of mixed methods approach, this study was 

conducted in five stages: 1) review of existing literature, 2) in-depth interviews to collect data 

for qualitative analysis, 3) final conceptual framework and measurement development 4) 
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quantitative survey of healthcare professionals, and 5) quantitative survey of health 

consumers. Each stage was discussed in detail.  

Chapter 6: This chapter presents findings from the sixteen semi-structured in-depth 

interviews conducted with health professionals. The interview results are presented according 

to the emergent themes mentioned earlier. Thematic analysis was conducted to provide a 

complete picture of the interview results and to identify the themes that are not prevalent in 

the extant literature. 

Chapter 7: Drawing on the limitations of the current body of literature and the themes from 

the qualitative interviews, this chapter presents the final research model. It also presents the 

hypotheses that emerge from the model. 

Chapter 8: This chapter presents an analysis of the 219 health professionals’ responses. This 

section comprises the demographic profiles, social media usage pattern, missing data 

analysis, validity and reliability testing and confirmatory factors analysis. Finally, the model 

was tested using SEM to ensure data/theory fits. Finally, a summary of the results derived 

from the SEM is presented in this study. 

Chapter 9: Presented here is the evaluation of the results that emerged from the health 

professionals’ survey. Results of each hypothesis were discussed, evaluated and compared to 

prior studies and literature. 

Chapter 10: This chapter presents the evaluation of responses emerging from a survey of 

265 health consumer.  

Chapter 11: The results stemmed from health consumers’ survey are evaluated in this 

chapter. As in Chapter 9, the results of each hypothesis testing were discussed, evaluated and 

compared vis-à-vis prior studies. 

Chapter 12: This chapter validates the research objectives identified in Chapter 4. A detailed 

discussion of the contributions of the study is also included in this chapter. Research 

limitations are identified and recommendations for future research are advanced.  

1.10 Summary 

This introductory chapter set the stage and provides a basic theme for the rest of the thesis. 

Serving as a platform, the fundamental research problem is introduced, and the chapter 

guides the readers in broadening their understanding of the research problem and rationale of 

this study. This enterprise clarifies the research background, addresses the critical research 
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gap and articulates the research objectives. It sheds light on the dearth of theory-based 

research in social media in the healthcare context.  Furthermore, this chapter outlines an 

overview of the findings, methodology, key contributions and the structure of the thesis.  
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CHAPTER 2 : LITERATURE REVIEW 

2.1 Introduction  

The literature scan follows a meaningful sequence starting from the broad to the specific area 

of research. Keeping this in mind a ‘funnel mechanism’ to demonstrate the hierarchical status 

of the literature scan has been used. The literature is classified into three kinds that are 

presented in three chapters. Chapter 2 presents an account of the fundamental concepts 

surrounding the research topic. This includes the concept of social media usage and its 

implications for the healthcare industry. Chapter 3 presents an overview of the extant 

information theories concerning information technology and its acceptance. Chapter 4 

reviews the contemporary research on social media acceptance grounded in traditional 

technology adoption frameworks. An illustration of the literature scan is presented below.  

Figure 2.1: A map depicting the literature scan 

Social media

Technology adoption models 

Predictors of social 
media adoption 
behaviours

Literatures scan

Social media

Use

Health 
professionals & 

consumers My research

 

The current chapter presents an overview of the concepts regarding the usage of social media 

in the healthcare industry. The chapter begins by providing a review of the current definitions 

of social media from generic perspectives. Based on the extant definitions, a new definition 

of social media in the healthcare context has been provided. Following the reviews of the 

definitions, fundamental features and the characteristics of social media channels are 

discussed. Next, the chapter incorporates an in-depth review of the social media applications 

in the healthcare sector.  Finally, research gaps are presented which are grounded on the 

limitations of the extant literature.  
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2.2 Social media 

Social media platforms have fundamentally altered the notion of online interactions. With its 

ability to provide compelling, engaging, and interactive user experience, social media 

networks have revolutionised the way in which individuals interact with information.  

Since its inception, social media platforms such as Myspace, YouTube, Facebook, Instagram, 

and Twitter have attracted 2.46 billion users (Cowling, 2018). The users of social media 

platforms have integrated these sites into their daily practices. As of this writing, there are 

billions of social media sites, with various levels of technological sophistication, supporting a 

wide range of interests and practices. Most social media sites are based on shared interest and 

accommodate a diverse range of audiences. Social media channel operate differently to 

integrate new information and communication tools, such as mobile connectivity, blogging, 

and photo/video-sharing.  

Social media technologies often referred to as Web 2.0, a term coined by O’Reilly (2005) at a 

conference where he noted that the crash of the dot-com bubble in 2001 marked a turning 

point for the web. A new web with exciting new applications and websites led to the term 

Web 2.0. Today, Web 2.0 products (Facebook, Twitter, blogs, video chats, podcasts, 

YouTube, wikis, and others) allow users to collaborate, interact, and form communities of 

similar interests utilising a platform that consists of various new technologies where anyone 

can create content (Cormode & Krishnamurthy, 2008).  

In a similar vein, Kaplan and Haenlein (2010b) defined social media as “a collection of web-

based applications grounded in the philosophical and technical fundamentals of Web 2.0, 

and that facilitates the conception and exchange of user-generated content” (p. 61). 

Similarly, Boyd and Ellison (2010) defined social media channels as web-based services that 

allow individuals to create a profile within a constrained system, develop a list of connected 

users and interact with the list of connections individually or collaboratively. Kaplan and 

Haenlein (2010b) classified social media into two primary dimensions: the media-related 

dimension and social dimension. The media-related dimension is based on the work of Short, 

Williams, and Christie (1976) and proclaims that social media is based on asynchronous face-

to-face communication used to reduce ambiguity and uncertainty among its participants. The 

social dimension is grounded on the concept of self-presentation (Goffman, 1959) which 

suggests that an individual may engage in social media and interact with other participants 
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based on their own interests and often attempt to control others’ impressions of them 

(Moorhead et al., 2013).  

The number of available social media applications and a multitude of tasks performed 

through these applications make defining the concept of social media quite challenging. Obar 

and Wildman (2015) presented two distinct challenges associated with the conceptualisation 

of social media. First, rapid technological changes contest individuals’ ability to draw 

boundaries around the concept. They argue that social media technologies include a wide 

range of web-based platforms that are evolving in countries globally at varying degrees of 

public awareness. Second, social media services facilitate various forms of communication 

that resemble other technologies. If social media bring people together, facilitate 

collaboration and communication, should the other communication technologies such as 

telephone/email/fax be considered as social media? What about the secondary network 

beyond Facebook, Twitter, Instagram, Snapchat, and YouTube? Can Wikipedia, Investopedia 

and other interactive news portals be considered as social media?  

To address these definitional challenges, the study compiled various definitions presented in 

the existing literature. The various definitions of social media are listed in Table 2.1.  

Table 2.1: Definitions of social media in the literature 

Author(s) and Year Definition 

Kaplan and 

Haenlein (2010b) 

A collection of web-based applications grounded on the ideological 

and technological foundations of Web 2.0 and facilitating the 

conception and exchange of user-generated content. Social media 

can be clustered into some different categories, such as collaborative 

projects (e.g., Wikipedia), content communities (e.g., YouTube), 

social networking sites (e.g., Facebook), and virtual game and social 

worlds (e.g., World of Warcraft, Second Life). 

Boyd and Ellison 

(2010) 

Web-based services that allow individuals to create a profile within a 

constrained system, develop a list of connected users and interact 

with the list of connections individually or collaboratively. 

Safko and Brake 

(2009) 

Shared activities, practices, and behaviours among a group of people 

who interact and communicate online to disseminate and share 

information, knowledge, and opinions using interactive media. 

Abbott (2010) A compilation of networked and interactive features that provides 

flexibility of access and offers mobility, multimedia convergence, 

user participation, informality, and feedback. 
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Chretien and Kind 

(2013) 

Websites and applications that enable the users to develop, share and 

exchange digital content and promote community engagement and 

social networking. 

Merolli et al. 

(2013) 

Social media refers to attributes such as blogs, microblogs, wikis, 

podcasts, instant messaging, tagging, commenting, rating, social 

bookmarking, and the ability to communicate, create and share 

content, and set up highly interactive “peer-to-peer” communities. 

Gamache-O'Leary 

and Grant (2017) 

“Peer-to-peer communities” that permit users to connect with each 

other in real-time which distinguishes modern social media from 

earlier more static websites. 

Van De Belt, 

Engelen, Berben, 

and Schoonhoven 

(2010) 

Social Media resembles Web 2.0, which refers to the evolution of the 

Internet from a tool used primarily for information gathering to one 

used for collaboration and social interaction. 

Terry (2009) User-generated content based on web-based publishing technologies, 

distinct from traditional print and broadcast media.  

Chauhan, George 

and Coffin (2012)  

Web-based interactive tools that allow users to share information, 

exchange content and messages and collaborate with other users in 

real time.  

Lewis (2009) Social media technologies are computer-mediated communication 

technologies that are typically used to connect people, as well as to 

produce and share user-generated content. 

Osatuyi (2012) Social media technologies are referred to as social networking sites, 

microblogging sites, wikis, forums, and blogs, and these channels are 

intuitively categorised based on how users interact with them.  

 

A review of the definitions presented in the existing literature uncovers some common 

themes. Firstly, the term “social media” predominantly refers to interactive Web 2.0 

applications.  Similar to Web 2.0,  social media platforms rely on interactivity, connectivity 

and collective participation in horizontally connected platforms which in turn enable users to 

view, create, communicate, exchange and share contents individually or collectively (Ritzer 

& Jurgenson, 2010). 

Second, even within a single platform, users make use, to varying degrees, of the 

opportunities afforded for collaboration and social networking. Thus, social media 

applications are designed to enable users to create, interact, collaborate, share and exchange 

content in an interactive, participatory fashion (Kaplan & Haenlein, 2010b). YouTube, for 

example, can be considered as a pure advertising tool or an advertising medium which is used 
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to promote different interests. However, YouTube is also used to remix, spread, review and 

discuss posted content. These participatory characteristics denote YouTube’s role as a social 

media platform. Thus, Obar and Wildman (2015) coined user-generated content as the 

lifeblood of social media. Third and finally, the social aspect of social media is another theme 

considered in existing definitions. Social media enables individuals to communicate content 

and information with friends, family and the broader community through a range of 

applications such as collaborative projects (Wikipedia), content communities (YouTube, 

Blogger.com), social networking sites (Facebook, Twitter, Snapchat), and virtual game and 

social worlds (World of Warcraft, Second Life) (Moorhead et al., 2013). 

For this research, the working definition for social media is the integration of interactive and 

collaborative communication platforms that serve as an effective means of developing, 

maintaining and enhancing ongoing relationships between health professionals, health 

consumers, and health service providers. This definition captures several critical underlying 

dimensions of usage of social media in a healthcare context. These dimensions include an 

effective communication mechanism, interactive platform, content creation and exchange, 

strengthen and augment relationship between the health stakeholders. The next section 

explores the fundamental features of social media technologies.  

2.3 Features of social media 

User-created content and communications on social media applications, media sharing sites 

and blog platforms, have revolutionised the way individuals share and exchange information. 

Social media provides opportunities for users to create, communicate, share, receive, and 

exchange information among multi-users through multisensory communication (Boyd & 

Ellison, 2010; Farnan et al., 2013; Thackeray, Neiger, Smith, & Van Wagenen, 2012). These 

characteristics of social media can be categorised into five main features that are explained in 

more detail below. 

2.3.1 User-generated content and prosumer 

Web 2.0 prompted a definite paradigm shift in the way media content is produced and 

circulated (Jenkins, 2006).  Social media empowers audiences to participate and express 

themselves in a collaborative platform. Thus, co-creation of content is a functional building 

block of social media (Elefant & Black, 2010; Ngai et al., 2015). Users are no longer simply 

readers. Instead, they can contribute to creating, editing, commenting, annotating, evaluating, 

and distributing original content in the social media space. The social media applications such 
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as Facebook and Twitter, the Blogosphere, Wikipedia, content-sharing sites such as Flickr 

and YouTube, and much elsewhere, are ones where users not only read and share content; 

they also produce content (Ritzer, Dean, & Jurgenson, 2012). This trend resembles the 

concepts of the ‘prosumer’ and ‘prosumption’.  A prosumer is one who is both producer and 

consumer, while the act of prosumption involves a combination of production and 

consumption (Ritzer et al., 2012; Ritzer & Jurgenson, 2010). The collective nature of social 

media facilitates the process of prosumption, as well as being closely linked to the concept of  

“value co-creation”  (Piller, Vossen, & Ihl, 2011; See-To & Ho, 2014).  

Co-creation is based on the principle of ‘harnessing collective intelligence’ and focuses on 

collected user participation and collaboration (O’Reilly, 2005). Furthermore, social media not 

only supports user-generated content but also helps in disseminating published material to a 

much broader community through mechanisms such as bookmarking, RSS feeds, trackback 

notifications, rating and re-sharing (Lupton, 2014). Examples of social media platforms in 

which users participate in the co -creation of content are collaborative writing of Wiki pages 

or in the Blogosphere, by commenting on and participating in discussions in various spaces.  

2.3.2 Consumer socialisation  

Ward (1974) describes consumer socialisation as a process by which individual consumers 

acquire skills, knowledge, and attitudes from other consumers through communication, in 

turn, apply these prior learning to in his/her consumption behaviour.  

Conventional socialisation occurs in familiar situations and among individuals who know one 

another, such as parents and children, colleagues, relatives, friends, and neighbours 

(Mukhopadhyay & Yeung, 2010; Wang, Yu, & Wei, 2012). Peers are widely acknowledged 

as an essential variable affecting consumer socialisation in an online context, maintaining 

relationships is a key driver of using social media sites (Dunne, Lawlor, & Rowley, 2010; 

Moschis & Churchill Jr, 1978). According to Naslund et al. (2016), peer-to-peer 

communication on health-based online communities via social media platforms such as 

Facebook or YouTube convey acceptance, hope, validation and it showcases the reciprocal 

characteristics of online peer-to-peer relationships.   

The nature of online peer-to-peer relationships is mostly unsolicited and consists of self-

forming online communities of individuals who share similar interests.  The dynamic form of 

social interaction has been regarded as one of the most transformational features of social 

media (Naslund et al., 2016; Ziebland & Wyke, 2012). For example, there are thousands of 
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online health-related peer-to-peer support groups available in the form of mailing lists, chat 

rooms, and discussion forums are available on the internet (Eysenbach, 2009). Anecdotal 

evidence shows that these social media-based peer support groups promote recovery, self-

esteem and mental and physical well-being among individuals with different types of illness 

(Panahi et al., 2016). In these ways, social media has provided an effective channel for peer-

to-peer communication and social interaction by providing opportunities for real-time 

conversations, chatting, video or telephone conferencing, and so on. 

2.3.3 Community of users 

Building a community of users is another main characteristic of social media (Ainin, Parveen, 

Moghavvemi, Jaafar, & Mohd Shuib, 2015; Cho, 2013; Deutsch & Gerard, 1955; Razmerita, 

Kirchner, & Nabeth, 2014). It has enabled people with a common interest to gather together 

in an online space, locate each other, share their profiles and interest, develop relationships, 

and share their knowledge and experiences (Okoro & Nwafor, 2013).  The social media-

based communities are grounded on shared consciousness, shared obligations to each other, 

shared interest, knowledge, experience, culture, rituals and traditions, and commitment to the 

society. Shared consciousness is a deep-rooted sense of belongingness and connection among 

members within a particular networked community (Habibi, Laroche, & Richard, 2014b). 

However, it must be mentioned that social media-based communities can be a lot more 

heterogeneous than the traditional communities due to the social context (Pitta & Fowler, 

2005).  

According to  Habibi, Laroche, and Richard (2014a) the social context provided by social 

media enables community members to obtain, share and exchange a great deal of information 

(for instance, profiles, pictures, location, gender, and family status) about their fellow online 

community members; this was perhaps not possible in other conventional communities. 

Furthermore, social media facilitates social storytelling, which is another aspect social media-

based community (Habibi et al., 2014a; Xu et al., 2016).  

Social media-based storytelling is interactive and involves videos and photos accompanied by 

texts. Storytelling also is more interactive due to the ability of readers to comment or ‘like’ 

the story instantly. For example, using Facebook and Twitter to share narratives about 

various diseases is a common method used by healthcare service providers. Digital narratives 

have been successfully applied in interventions designed to raise awareness and to improve 

screening rates in breast cancer, colorectal cancer, and prostate cancer (Cueva et al., 2016; 
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Pérez et al., 2014). Thus, social media-based communities enable sharing and dissemination 

of information in real time and provide opportunities to interact with others in much the same 

way as one might in ‘real’ life.  

2.3.4 Multimedia convergence 

Another dominant feature of social media includes a high degree of multimedia content 

generated through different applications. All social media sites enable users to create, 

exchange and share multimedia content such as text, image, audio, video, and other formats 

of the file in real time (Canali, Garcia, & Lancellotti, 2008). The availability of many 

dynamic applications for multimedia content production, coupled with the extraordinarily 

small cost of publishing and broad reach, resulted in an incredible amount of content 

available on the Web. Social media services and websites such as YouTube enable the user to 

share multimedia content on an enormous scale. To illustrate, YouTube receives more than 

90 petabyte of videos data every year. It has more than 7 billion videos available out of 5 

billion videos watched every day by more than 30 million users (Fortunelords, 2018).  

Considering the astounding growth of multimedia resources, Naaman (2012) coined the term 

‘Social Multimedia,’ which refers to multimedia resources available via social media 

platforms, that encourage individual participation and promote community engagement, 

discussion and re-use of content through tagging, commenting and developing discussions 

about them on social websites. To explain the features of social media,  Kaplan and Haenlein 

(2010b) referred to the concept of media richness, which is based on the theory of media 

richness promoted by  Daft and Lengel (1986). They assume that the goal of any 

communication is to reduce ambiguity and uncertainty and therefore, media can be 

differentiated based on the degree of richness they offer and the extent of information they 

are capable of generating and transmitting in a given time interval. Founded on this notion, 

some types of media are more effective than others in resolving ambiguity and uncertainty 

(Kaplan & Haenlein, 2010a). The convergence of multimedia components enhances the 

richness of social media in comparison to other media, thus promoting a high degree of 

community involvement.  

2.3.5 A platform for self-presentation  

According to Vogel, Rose, Roberts, and Eckles (2014), social media users express their 

characteristics (successes, personalities, emotions) via images, video, and posts through 
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various social media applications. This feature of social media provides a perfect platform for 

meticulous self-presentation.    

According to Rosenberg and Egbert (2011), social media users can represent themselves by 

selectively allowing content onto their profiles, by posting pictures, and describing 

themselves in a way which resembles their ideal self-view. For example, Facebook is a very 

useful medium for self-presentation. An individual can selectively develop online personas 

that accentuate their most desirable qualities (Gonzales & Hancock, 2011). Furthermore, 

social media sites contain both quantitative and qualitative information about an individual’s 

social network, for instance number of friends in the profile and the extent of engagement the 

person has with network members. To illustrate, someone who is more active in social media 

tends to receive a higher number of comments, replies, and approval of the content in the 

form of virtual likes. This could become a comparison target in terms of popularity, 

sociability, or perceived social capital (Vitak & Ellison, 2013). Thus, social media sites 

provide users with a compelling context for representing themselves in their social networks, 

and these sites are specifically well-suited to foster socially relevant interactions due to the 

communication practices they offer. Social media sites provide opportunities for sustained 

and repeated interactions based on the self-presentation. To illustrate, online dating profiles 

provide identity information to enable those with shared preferences or interests to come 

together (Ellison, Steinfield, & Lampe, 2011). To conclude, social media sites enable self-

expression through the profile, which consists of multiple opportunities to share information 

about one’s cultural tastes, friendship networks, political affiliations, and other aspects of the 

self.  A summary of the key features of social media based on the extant literature is provided 

in Table 2.2.  
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Table 2.2: Key features of social media 

Theme Comment Author 

User-

generated 

content and 

prosumers 

Co-creation of content and collective intelligence. 

Users can create, modify and distribute content 

through social media applications. The process 

comprises both  production and consumption of 

content.  

(Elefant & Black, 2010; 

Jenkins, 2006; Lupton, 

2014; Ngai et al., 2015; 

O’Reilly, 2005; Piller et al., 

2011; Ritzer et al., 2012; 

Ritzer & Jurgenson, 2010; 

See-To & Ho, 2014). 

Consumer 

socialisation  

Social interactions are based on self-forming 

online communities of individuals who share 

similar interests. 

(Eysenbach, 2009; 

Mukhopadhyay & Yeung, 

2010; Naslund et al., 2016; 

Panahi et al., 2016; Wang et 

al., 2012; Ziebland & Wyke, 

2012). 

User 

community  

Online social communities, grounded on shared 

consciousness, shared obligations to each other, 

shared interest, knowledge, experience, culture, 

rituals and traditions, and commitment to the 

society. 

(Ainin et al., 2015; Cho, 

2013; Cueva et al., 2016; 

Deutsch & Gerard, 1955; 

Habibi et al., 2014a, 2014b; 

Pérez et al., 2014; Razmerita 

et al., 2014). 

Multimedia 

convergence  

Social media sites enable users to create, 

exchange and share multimedia content such as 

text, image, audio, video, and other formats of the 

file in real time. 

(Canali et al., 2008; Kaplan 

& Haenlein, 2010a; 

O’Reilly, 2005). 

Self-

representation 

Users can present their ideal self-view in social 

media sites.   

(Gonzales & Hancock, 

2011; Rosenberg & Egbert, 

2011; Vitak & Ellison, 2013; 

Vogel et al., 2014). 

(Source: Compiled by the author) 

Following the evaluation of the important features of social media, the study explores the 

social media applications used in the contemporary business environment and provides a 

brief literature review.  

2.4 Social media tools  

Social media transcended the physical and geographical boundaries and revolutionised the 

way individuals and businesses communicate and exchange information. Interactive, simple, 

easily accessible, flexible, responsive, easy to use and cost-effective are some of the 
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fundamental characteristics of social media tools (Boyd & Ellison, 2010; Panahi, 2014; 

Wollan, Smith, & Zhou, 2010). Compared to the traditional web tools, there are very few 

limitations in accessing or using social media tools (Mayfield, 2008). However, social media 

tools are quite varied and diverse in nature. There are specific kinds of information and 

communication tools, such as the wiki, the blog, and RSS, and peer-to-peer networks namely, 

Facebook, Twitter, Instagram, and Snapchat.  These interactive and powerful applications 

enable users to create, select, filter, publish and edit information using their personal 

computer and mobile devices (Tredinnick, 2006). They also frequently involve a de-

contextualisation of information that is at least in part antipathetic to the traditional practices 

of the information publishing industry. A plethora of social media tools have been developed 

over the last decades, and many new tools emerged in recent times with evolving structures, 

functionalities, and affordances. They all share the principles of Web 2.0 outlined by 

O’Reilly (2005), harnessing collective intelligence, user-generated content, collaboration, and 

architecture of participation. A brief description of the major social media tools is provided 

below. 

2.4.1 Blogs 

The blog, or weblog, is possibly the most vintage form of social media applications. Blogs 

are somewhat distinctive from other peer-to-peer social networking sites in terms of 

functionality. However, blogs are also considered to be a form of social media that is 

designed to support real-time participation, peer-to-peer conversation and collaboration 

between participants (O’Reilly, 2005). Since  the mid-1990s, blogs were considered as the 

most straightforward way of publishing on the web, avoiding the need for using complex 

web-publishing applications, and blogs rely on easy-to-use web-based forms and templates to 

input and publish information (Hoffman & Fodor, 2010; Scott, 2015; Tredinnick, 2006).  A 

blog enables web content creators to avoid the high transaction costs that once characterised 

usage of traditional media technologies (Meraz, 2009).   

Blogging, as an online self-expression method, enables participants to engage in discussion 

on any particular area of interest.   The conversation begins with one person publishing an 

article, in which readers offer their opinion about the issues being discussed in the form of 

comments. Therefore, the popularity of the blogging sites is measured through the number of 

subscription and comments received. As the traffic increases, people become parts of the 

news (Dabbagh & Kitsantas, 2012; Thevenot, 2007). 
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Tredinnick (2006) identified two fundamentals characteristics of the blog sites: firstly, the 

ease of web publishing that blogging platforms provide. The blog allows people with very 

little technical knowledge to actively participate in an expansive domain of the world wide 

web.  Second, the blog acts like a content management system and allows aggregation of web 

content for an audience using hyperlinks and tags. This aggregation involves the reuse of 

information and facilitates the transformation of the original web publishing model into a 

more participatory form (Tredinnick, 2006). Most popular blogging platforms have advanced 

over time. For example, WordPress (see WordPress.org) supports multiple authors with 

varying roles and incorporated RSS (real simple syndication) feeds (Lahm Jr, 2011; 

Thevenot, 2007). Thus, real-time interaction and collaboration became possible.  

2.4.2 Wikis  

Grounded on the Hawaiian word meaning “swift”, a wiki is simply a website that anyone can 

edit (Kane & Fichman, 2009; Schwartz, Clark, Cossarin, & Rudolph, 2004). A vast number 

of wiki platforms are readily available — Wikipedia, Wiki-Answers, Familypedia,  

MediaWiki, Wikimapia, to name a few and each of these platforms entrench a varied degree 

of features to facilitate and support collaboration (Guth, 2007; Tredinnick, 2006).   

Fundamentally, the wiki is a tool for collaborative authoring and creating new knowledge 

(Duffy & Bruns, 2006; Tredinnick, 2006).  The functionality of wiki platforms is based on 

two major features - open editing and edit preservation. Open editing enables an individual 

user to easily edit the content on a wiki. Conversely, edit preservation allows wikis to retain 

all edits to, and versions of, the content contained on the wiki database. Thus, these two 

functionalities enable users to trace the changes to the wiki and restore content to a previous 

version. These two distinct, simple and dynamic capabilities of wikis can provide a stable and 

translucent collaborative environment (Kane & Fichman, 2009).  

According to Tredinnick (2006), the reliability of the information that emerges from the 

mediated collaboration of hundreds of contributors is based on the extent of agreement, 

channeled through the interactions of individual users. Unlike the blogs, there is no in-built 

structure hard-coded into wiki technology. Wiki pages can be interconnected and organised 

without having to pre-define the sequence of pages and spatial structures of the wikis are 

infinitely expandable. This paves the way for creating and disseminating information through 

collaborative effort (Duffy & Bruns, 2006). The process of open collaboration and 

participation can vindicate the authenticity of the information shared; however, public wikis 
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such as Wikipedia have shown how the participatory approach to creating and managing 

information resources can result in valuable, credible and stable content.  

2.4.3 RSS feeds  

RSS variously stands for ‘Rich Site Summary’ or ‘Real Simple Syndication’, and is a 

technological standard and a web content syndication protocol, one that enables users to 

subscribe to a website’s content using tools such as RSS feed reader or aggregators (Baird & 

Fisher, 2005; Duffy & Bruns, 2006; Eichstaedt et al., 2007). The RSS information available 

from blogs and other frequently updated websites is usually referred to as a feed (Wusteman, 

2004).  RSS feeds typically aggregates the content published on web-based domains in a 

single user-space (Tredinnick, 2006). Therefore, when subscribed to a specific feed, users 

will not be required to browse through individual sites to avail updated information.  The 

updated information from the subscribed sites is collated and summarised by the aggregator. 

News from many different sources is displayed coherently in the feed. Consequently, more 

emphasis is placed on the user to evaluate the authority of the information. All peer-to-peer 

social networking sites use RSS features. 

2.4.4 Contemporary social media sites  

Over the past decade, peer-to-peer social networking sites (e.g. Facebook and Twitter) have 

taken precedence over other forms of social media sites such as blogs and wikis (Boyd & 

Ellison, 2010; Hampton, Goulet, Rainie, & Purcell, 2011). These contemporary social media 

platforms allow participation, peer-to-peer conversation, collaboration, and community 

engagement (Meraz, 2009). Therefore, it is not surprising that these tools have become 

heavily integrated into many aspects of consumers’ lives. Peer-to-peer social networking sites 

enable individual users to construct a public or semi-public profile can develop an online 

social community with like-minded users, and interact with people within their networks 

(Boyd & Ellison, 2010; Brandtzæg & Heim, 2009). A typical profile usually contains 

biographical information, images, and videos of the user. An integrated discussion forum 

enables the user to post personal updates regarding their thoughts or actions. The owner of 

the profile can control the privacy settings and in most cases, the friends, family, and 

colleagues within a user’s “network” are given more access to profile information than the 

general public (Brown & Vaughn, 2011; Davison, Maraist, & Bing, 2011). The range of 

social media sites available on the Internet is vast and growing. A summary of the popular 

social media platforms are provided in the following sub-sections.  
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2.4.4.1 Facebook 

Facebook is a social networking site that was founded in 2004. Facebook users can create 

profiles featuring personal information, interests, photos, and can interact with other users. 

The users can also participate in a wide range of activities such as writing on friends’ walls, 

commenting on links, participating in discussions, and “liking” brands. Facebook allows 

people to build or maintain social capital, communicate with others, to keep up with other 

peoples’ lives, and discover rumours and gossip (Smith, Fischer, & Yongjian, 2012). 

Interactive features of Facebook (Facebook wall/feed, messenger) serve to meet the 

informational, social interaction and entrainment needs of users based on the collective 

actions of its members (Gonzales & Hancock, 2011; Valenzuela, Park, & Kee, 2009). 

Facebook can reinforce existing ties and communities by keeping users constantly updated 

about what is going on with their contacts (Cheung, Chiu, & Lee, 2011). Moreover, 

augmented interaction and increased participation in community-based groups enable 

expansion of trusting relationships among members, further enhancing the potential of 

Facebook to increase social capital (Back et al., 2010). 

2.4.4.2 Twitter 

Twitter is a micro-blogging site that was founded in 2006. It allows people to publish (tweet), 

reply to, and forward posts that cannot exceed 140-characters in length. Posts, which may 

include hyperlinks to news stories, blogs and pictures show up in the stream of those 

following the poster; most posts are also publicly available (Smith et al., 2012). Research on 

Twitter has focused on a number of areas, including norms and behaviours (Boyd & Ellison, 

2010), self-presentation (Lebel & Danylchuk, 2012; Marwick & Boyd, 2011) as well as what 

and why people post (Naaman, Boase, & Lai, 2010). Tweets commonly ask for or share 

information, news, opinions, complaints, or details about daily activities.  

2.4.4.3 YouTube  

YouTube is a content community that was founded in 2005. It allows users to post, view, 

comment on, and link to videos on the site. Users can also set up personal profiles that 

display whom they subscribe to, recent activity, friends, comments, and favourite videos 

(Cheng, Dale, & Liu, 2008; Smith et al., 2012). While the most viewed videos on the site 

tend to be professionally produced (Kruitbosch & Nack, 2008; Thelwall, Sud, & Vis, 2012), 

the most commented-on videos tend to be user-generated (Figueiredo, Benevenuto, & 

Almeida, 2011). Researchers have studied the site's community structure, culture, and norms 
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(Brodersen, Scellato, & Wattenhofer, 2012; Pinto, Almeida, & Gonçalves, 2013), as well as 

user behaviours, such as self-presentation, which is important on the site (O’Neill, 2014). 

Research has also examined the site's content (Keelan, Pavri-Garcia, Tomlinson, & Wilson, 

2007).  Widely cited work by  Burgess and Green (2009) revealed that the most popular user-

generated videos on the site are vlogs, music videos or live music performance, informational 

content such as product, book and movie reviews, and scripted performances such as comedy. 

2.4.4.4 Instagram  

Instagram is a relatively new form of communication where users can easily share their 

updates by posting aesthetically-filtered photos or videos. It has witnessed rapid growth in the 

number of users as well as uploads since it was launched in October 2010 (Pittman & Reich, 

2016).  As of December 2017, Instagram has 800 million monthly active users. Visual nature 

and high user engagement rate transformed Instagram into a valuable marketing tool 

(Sheldon & Bryant, 2016). Thus, it is not surprising that 98% of fashion brands had an 

Instagram profile. As of February 2016, an average number of image brand posts on 

Instagram was 27.9 posts per month (Smith, 2016).  

The idea behind the site is to share photographs and videos by using a hashtag (#) so that 

other users can find the photographs. While similar to Facebook in the way that users can 

post photos online, unlike Facebook, Instagram offers a number of specialised filters that 

allow users to change the colours and resolutions of the photographs before they post them 

(Sheldon & Bryant, 2016). Although some may see a limitation of Instagram in being a 

mobile-only service, statistics show that mobile handsets are now the most popular form of 

access to social network sites (Smith, 2016). Recent studies indicated that self-presentation 

(Lim, Lu, Chen, & Kan, 2015; Sheldon & Bryant, 2016), surveillance/knowledge about 

others (Sheldon & Bryant, 2016), self-liking (Kircaburun & Griffiths, 2018), self-

documentation (Alhabash & Ma, 2017), and coolness and creativity (Sheldon & Bryant, 

2016) are the primary motives for using Instagram.   

2.4.4.5 WordPress  

WordPress is a highly popular online content management platform used to power many 

blogs, home pages, and social communities (for example, Mashable and Plaza). There are 

over 73 million WordPress sites around the world, and 300+ million people view 2.5+ billion 

pages each month.  In 2018, 22.17 billion-page views per month have been recorded by the 

blogs on the WordPress network, which  is three times as many as there are people on the 
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planet (Schaferhoff, 2016). The vast number of plugins is one of the reasons for the 

popularity of WordPress. At the time of writing, there were over 19,073 plugins in the official 

WordPress plugin directory and downloaded a total of 286,416,770 times (Koskinen, 

Ihantola, & Karavirta, 2012). Individual developers often develop the plugins and provide 

them to others for free. There are, for example, plugins for social communities, picture 

galleries, and payment systems.  

Underlying dimensions of all these technologies are based on social and community-oriented 

features.  The WordPress offers an interactive expression of personal news, views, and ideas 

to the like-minded audience. Wikis accentuate a more functional collaborative editing of 

content and the expansion of ‘collective’ knowledge. RSS allows real-time, dynamic and 

user-friendly syndication of content for auxiliary interaction well beyond the initial phase of 

publication. Social networking sites (Facebook, YouTube, and Twitter) allow users to spread 

and share user-generated content and acts as a medium of self-presentation. These socially-

based applications encourage the sharing of information and facilitate community 

engagement and social support. Globally, social media has been used by a massive number of 

consumers, organisations, institutes, and communities as a strait for enabling social activities, 

brand communication, and interaction among community members. Table 2.3 provides a 

summary of the most popular social media applications.  
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Table 2.3: Overview of popular social media tools 

Type Features Examples Sources 

Blogs Support development and 

publication of articles; facilitate 

real-time participation, peer-to-peer 

conversation, and collaboration 

between the participants. 

WordPress 

Blogger.com 

(Duffy & Bruns, 2006; 

O’Reilly, 2005; 

Thevenot, 2007; 

Tredinnick, 2006). 

Wikis A tool for collaborative authoring 

and creating new knowledge. 

Supports open editing and edit 

preservation. 

Wikipedia 

Wiki-

Answers, 

FamilyPedia 

(Duffy & Bruns, 2006; 

Guth, 2007; Kane & 

Fichman, 2009; 

Tredinnick, 2006) 

RSS Feed Aggregates the content published 

on various web-based domains in a 

single user-space. 

News, sports, 

and social 

media 

applications 

(Eichstaedt et al., 2007; 

Tredinnick, 2006; 

Wusteman, 2004). 

Social 

Networking 

sites 

User profile-based application 

allows sharing of user-generated 

content, self-presentation, 

participation, peer-to-peer 

conversation, collaboration, and 

community development. 

Facebook, 

YouTube, 

Twitter, 

Instagram 

(Boyd & Ellison, 2010; 

Brandtzæg & Heim, 

2009; Brown & Vaughn, 

2011; Gonzales & 

Hancock, 2011; 

Hampton et al., 2011; 

Kim, 2011; Smith et al., 

2012). 

 

All social media applications are based on the principles of harnessing collective intelligence, 

user-generated content, collaboration, and community engagement. The next section provides 

an overview and outcome of social media usage in the healthcare sector.  

2.5 Social media in healthcare 

Social media provides an exciting proposition for the healthcare sector. The notion of online 

connectivity revolutionised people’s lives in this “digital age”. Currently, social media is 

omnipresent in most of the turfs. It has changed people’s perception right from politics to 

patient care, even altering the inter-industry relationships. Through community building, 

message amplification, rapid dissemination, and engagement, social media has changed our 

interactions with others and, by direct consequence, our relationships. For healthcare, this 

represents an absolute social revolution (Christodoulou, 2011).   
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There is an extensive and rapidly growing body of literature available for investigating the 

use of social media in the healthcare sector.  Extant literature suggests that social media can 

help healthcare professionals to promote and advertise their products and services locally and 

globally (Andersen, Medaglia, & Henriksen, 2012; Fisher & Clayton, 2012; Lambert, Barry, 

& Stokes, 2012; Sarasohn-Kahn, 2008; Sarringhaus, 2011). Different healthcare social media 

sites make it easier for consumers to locate the products and services they want to find. 

Successful healthcare social media sites are designed to be engaging, interactive and to create 

positive relationships with existing consumers (Kind, Greysen, & Chretien, 2012).  

Social media also offers healthcare organisations an abundance of potential benefits 

(Courtney, 2013; Gamache-O'Leary & Grant, 2017; Khan, Saleh, & Nivarthi, 2015; Lawson, 

2014; Pillai, 2016; Saraogi, 2018; Sarasohn-Kahn, 2008; Smailhodzic et al., 2016; Terry, 

2009; Thielst, 2010) including patient engagement, social support and enhanced community 

outreach, health message implications, and improved quality of patient care. Use of social 

media starts with an interactive conversation in which anyone can partake in an inclusive and 

participative culture (Sarringhaus, 2011). The outcome of this participative culture is that 

increasing numbers of people are obtaining their health information online. Additionally, a 

growing number of healthcare providers are using social networks for professional purposes.  

The use of social media is not exclusively for people seeking information about health, but 

professionals also use it to network with their colleagues and providing the healthcare 

(Lawson, 2014). Trader (2013) cited that 1 in 3 American adults have used the web to figure 

out a medical issue, and 51% of patients said they would feel more valued as a patient if 

interactive interactions are possible. A related survey revealed that 41% of people said that 

social media channels would affect their choice of healthcare (Lawson, 2014). Similarly, a 

survey of more than 4000 US-based physicians, revealed that more than 90% of physicians 

use some form of social media for personal reasons while 65% use these sites for professional 

reasons (Ventola, 2014).  Also, 26% of the hospitals in the USA is currently participating in 

the social media in some form (Referral, 2017).  

Growing popularity of social media in health facilitated the development of a myriad of 

social media platforms built with different features, which entice different users based on 

their needs and interests (Fogelson, Rubin, & Ault, 2013). These advances have led to new 

therapies, diagnostic tools, and ways of communicating (Chretien & Kind, 2013). Thus, the 

healthcare industry around the world is embracing and recognising the power of these social 
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media to serve their client base. Millions of people of all ages go online each day, to seek 

health information, do online research related their health conditions, share stories, write 

blogs, watch videos, and so much more (Ray, 2017). According to Eysenbach (2008), social 

networking is a modern and powerful tool to engage users, as it encourages individuals to 

update information and look for new information in a systematic way. Doing so eventually 

leads to decisive actions being taken regarding medical care due to the exposure and 

availability of information and services.  

Many healthcare service providers have already created a dynamic and interactive online 

presence to encourage community engagement and apply it in clinical practice, education, 

research, and administration. Many hospitals use social media as a tool for marketing and 

engagement of their patient base. Physician practices are also using Facebook pages, Twitter 

accounts, and blogs in hopes to grow their practice and earn patient referrals (Fisher & 

Clayton, 2012; Kind et al., 2012). 

The emergence of social networking platforms and applications such as PatientsLikeMe 

(Wicks et al., 2010), have created new levels of patient participation and present unique and 

unprecedented platforms for engaging patients with the healthcare centres, health 

professionals, and researchers. For example, PatientsLikeMe is a web-based application, built 

on the philosophy of value-based care, and it allows the user to share in-depth quantifiable 

data about health conditions, symptoms and possible treatments. Users can learn from the 

experience of other patients and improve their health outcomes. These data are provided to 

members through graphical health profiles and combined into reports accessible on the site. 

Members can discuss the datasets either within a group forum or individually through private 

messages (Wicks et al., 2010).  

Similarly, online patient engagement platform Hello Health enables physicians and healing 

practices to provide their patients with a virtual medical centre from anywhere, at any time 

and be compensated for these virtual visits (Hawn, 2009). These types of dynamic and 

augmented applications help to build a secure network of patients, physicians, and healthcare 

service providers and promote higher patient engagement and improve the quality of care 

through alliance and compliance between various user groups (Frost & Massagli, 2009; 

Wicks et al., 2010). In addition, patients can now rate their physicians on any of a multitude 

of physician rating sites, enabling patients to enter reviews and ratings of their physicians, 

freely available for anyone to see. Most sites provide some necessary information about the 
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physicians, such as years in practice and contact information, with some also including 

training (Chretien & Kind, 2013). The following figure depicts the fundamental social media 

interactions among patients, physicians, and the public. Solid line circles denote secure 

interaction -the dotted circles denote personal networking interactions. 

Figure 2.2: Key interactions among patients, physicians, and the public 

 

Adopted from Chretien and Kind (2013) 

 However, it is important to note that social media also poses significant challenges, 

particularly with reference to information, privacy, and aspects of professionalism. Social 

media tools are mostly informal, unregulated mechanisms for information collection, sharing, 

and promotion, so the information is of varying quality and consistency. It may also 

constitute a challenge within the healthcare systems to both patients and healthcare 

professionals. For example, one misguided idea on Twitter urged Nigerians to drink 

excessive amounts of salt water to combat Ebola. This may have led to two deaths and more 

than 12 admissions to hospital (Carter, 2014). For this reason, many healthcare professionals 

fear that social media usage by patients for health-related purposes often spreads 

misinformation among patients (Rupert et al., 2014). Moreover, privacy issues and blurred 

professional boundaries and legal concerns have also been identified as significant challenges 

of social media (Antheunis et al., 2013; George, Rovniak, & Kraschnewski, 2013; Moorhead 
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et al., 2013). The next section presents an overview of social media tools and their application 

in the healthcare sector.   

2.6 An overview of social media tools and their applications in healthcare  

Social media has moved beyond being a buzzword to one that is drawing significant attention 

from health consumers, health professionals, and service providers. These web-based 

applications and the unprecedented growth of the data sciences industry have now become 

powerful enablers in the healthcare sector. Social media introduces a pragmatic component to 

health service delivery, health information dissemination, online patient engagement and 

empowerment and clinical trials. Patients themselves want to make more informed decisions 

and participate in the decision-making process regarding their health management process 

(Saraogi, 2018).  

As discussed previously, social networking is at the core of all social media applications and 

involves a multilateral process of connecting people and building a social network; this 

allows health service providers to link up and initiate collaboration between health consumers 

and health professionals (Hughes, Joshi, & Wareham, 2008). Regular usage of such 

applications allows exposure to relevant information, initiation of professional and personal 

relationships and builds trust between conferring agents or users. Having such platforms 

additionally creates accountability and promotes quality control. Also, dispersion and 

diffusion of information and applications are inevitable but highly beneficial to the 

community as a whole (Van De Belt et al., 2010).  

In contrast, Mandl and Kohane (2009) argued that these developments represent “tectonic 

shifts in the health information economy”. In the event it possible for a patient’s engagement 

to grow to the extent that their focus shifts away from healthcare providers or assistance to 

just collecting arrays of data, both relevant and irrelevant. Also, exposure to too much 

information may confuse medical help-seeking consumers who might not be familiar with 

medical knowledge. Eysenbach (2008) refuted that social media applications encourage 

individuals to update information and look for new information in a systematic way which 

eventually leads to decisive actions being taken in terms of medical care due to the exposure 

and availability of information and services. The emergence of social networking platforms 

and applications such as Facebook or PatientsLikeMe have created new levels of patient 

participation and present unique and unprecedented opportunities for engaging patients with 
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the healthcare centres, health professionals, and researchers (Chretien & Kind, 2013; 

Considine, 2015; De Martino et al., 2017).  

Hence the advent of social apps catering to the needs of healthcare consumers is creating a 

progressive environment where potential patients, consulting doctors, desirable healthcare 

centre and hospitals and researchers may come together in one collective network of 

interchangeable information and facilities (Househ et al., 2014). Yet, complex privacy 

concerns persist that may discourage the usability of social media applications. Currently, 

empirical data suggest that consumers’ awareness of such healthcare services is not known 

and tricky to consolidate through studies or surveys. Individuals may or may not know the 

extent to which their personal health information is accessible by others, for example future 

employers, IT maintenance staff or even other healthcare patients or personnel (Denecke et 

al., 2015a). Additionally, older adults who are not up-to-date with the latest technology may 

find it difficult to use the various and potentially useful apps and services (Cho, 2013). 

Therefore, despite the increase of social media usage in healthcare, many stakeholders such 

as health professionals, administrators, professional colleges, academic institutions, 

government ministries of health around the world, etc., are somewhat sceptical about social 

media’s relevance and the potential of these applications in their day-to-day activities 

(Grajales III et al., 2014). An overview of the popular social media applications used in 

healthcare is provided in Table 2.4. 
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Table 2.4: An overview of social media applications in healthcare 

Social media 

applications 

Features Example Source 

Blogs  Frequently used by health service providers to 

foster reflective peer-to-peer learning, in 

medical research for clinical trial recruitment 

and data collection or branding and community 

outreach to advertise their facilities and share 

positive patient experience, to disseminate 

disease-specific information to supplement 

leaflets or handouts for patient education. 

Mayo clinic provides dynamic publishing capabilities 

and customised community experience. The platform 

currently hosts more than 40 blogs and focused 

communities. 

(Grajales III et al., 

2014; Kotsenas et al., 

2018) 

 Patients have also been using blogs creatively to 

monitor and share their journeys. 

SxUntilMe features the life of a patient living with 

type 1 diabetes, discussing topics like insulin pumps, 

continuous glucose monitors, and diabetes advocacy. 

(Morrone, 2018) 

 Used by healthcare workers for peer-to-peer 

communication and knowledge exchange such 

as virtual rounds.  

Life in the Fast Lane, created by Australasian critical 

care physicians and nurses. They provide online 

emergency medicine and critical care insights and 

education for everyone in medicine. 

(Cadogan, 2012) 

Wikis A tool for collaborative authoring and creating 

new knowledge. Supports open editing and edit 

preservation. 

The Health Library Wiki of Canada combines over ten 

portals of health librarianship and contains a vast 

repository of health resources. 

(HLWIKI, 2018) 
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The Simple 

Syndication (RSS)  

Technological web standard has facilitated the 

broad adoption and dissemination of medical 

blogs (e.g., PubMed). RSS allows software, 

known as RSS readers, to pull content and create 

an email-like inbox of blogs and other websites 

that are frequently updated. 

 

The RSS function in PubMed enables the user to 

generate an RSS feed of a PubMed search to display 

new results, with links back to the citations in PubMed. 

(Duffy & Bruns, 2006; 

Eichstaedt et al., 2007; 

Giglia & Spinelli, 

2009) 

Social networking 

sites: Facebook  

Individual profile-based application. Enables 

user to share and exchange content individually 

or in a group setting. 

Research indicated that the most health-related groups 

on Facebook were centred on specific medical 

conditions (e.g., Breast Cancer, malignant tumors), 

peer-to-peer support, and fundraising for support 

groups and dissemination of research work.  

(Bender, Jimenez-

Marroquin, & Jadad, 

2011; Farmer, Holt, 

Cook, & Hearing, 

2009; Greene et al., 

2011; Park, Rodgers, & 

Stemmle, 2011; White 

et al., 2013) 

Social networking 

Sites: Twitter 

Short messaging service allows allowing users 

to view many updates (Twits), of brief content, 

over a short period of time.  

Augmented peer-to-peer and instructor-to-student 

learning in medical schools, live twit chat in medical 

conferences, healthcare update (e.g., #Healthcare). 

(Alhabash & Ma, 2017; 

George & Dellasega, 

2011; McKendrick, 

Cumming, & Lee, 

2012) 

YouTube Video sharing platform allows users to upload, 

share, view and comment on the site. Users can 

also set up personal profiles that display whom 

they subscribe to, recent activity, friends, 

comments and favourite videos.   

Predominantly used for the education of medical 

professionals, patient-to-patient communication, and 

public health campaigns. For example, Doctors’ 

Channel hosts online videos for healthcare 

professionals featuring customised content regarding 

medical education, medical news, and healthcare-

related entertainments. 

(Adlassnig, 2009; 

Agazio & Buckley, 

2009; Desai et al., 

2013; Grajales III et al., 

2014; Madathil, 

Rivera-Rodriguez, 

Greenstein, & 

Gramopadhye, 2015) 
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Instagram Users can easily share their updates by posting 

aesthetically-filtered photos or videos. Mostly 

used in visually rich medical disciplines such 

as clinical dermatology, clinical infectious 

diseases, and radiology. 

Typically used as a platform for reaching younger 

demographic populations (mainly females) to provide 

educational content. A large variety of Instagram 

profiles exist that are relevant to the healthcare sector. 

For example, the Instagram account known as @ Dr. 

Infection provides medical images with descriptive and 

educational text. Similarly, the American Society of 

Microbiology provides microbiology-related images 

and texts with the goal of advancing microbial 

sciences, and its Instagram account has 37.7 k 

followers. 

(Gauthier & Spence, 

2015; Kamel Boulos, 

Giustini, & Wheeler, 

2016) 

Professional 

Networking sites   

Professional networking site focused on 

professional careers and businesses.    A 

professional networking site such as LinkedIn 

enables users to showcase professional CVs 

along with professional affiliations and 

endorsements.   

Healthcare-based professional networking sites, such 

as Asklepios, Sermo, Ozmosis, Doctors’ Hangout, 

Doc2Doc, etc. These sites are managed by health 

professionals and provide a variety of learning and 

professional resources ranging from medical ethics, 

clinical trial and medication reviews and treatment 

options for various health conditions. 

(Fox, 2011; Grajales III 

et al., 2014; Ventola, 

2014) 

Thematic 

Networking site  

Thematic networking sites similar to 

professional networking sites but centred on a 

specific theme. 

Health informatics (e.g., Health Informatics Forum) 

Telemedicine (e.g., Telehealth), nursing (e.g., 

SocialRN), and patients networking (e.g., 

PatientsLikeMe), etc. PatientsLikeMe is a widely 

popular patient thematic networking site with more 

than 600,000 members sharing their experience and 

stories with other member to learn, heal and better 

manage their health conditions. 

(Dosemagen & Aase, 

2016; Frydman, 2009; 

Grajales III et al., 2014; 

Hawn, 2009) 



 

  

46 

 

2.7 Benefits of using social media in healthcare 

It is evident from the literature that use of social media in healthcare is steadily growing and 

healthcare providers are employing the social media platforms to support communication and 

empower patients while enhancing health outcomes (Hamm et al., 2013; Moorhead et al., 

2013; Ventola, 2014).  

Social media, an emerging force and a valuable resource mostly untapped in the healthcare 

field, presents numerous opportunities and benefits for health professionals, consumers and 

service providers. Many health service providers around the world understood the strategic 

importance of incorporating social media in their practice and initiating a paradigm shift 

across the healthcare sector and fundamentally alternating the way consumers and health 

professional interact. The current literature illustrated various benefits of incorporating social 

media in the healthcare domain. A summary of the benefits documented in the existing 

literature is presented below. 

2.7.1 Social support  

Since its emergence in early 2000, social media has been a powerful source of social support 

for patients. In the healthcare sector, social media has been thriving, building on research 

supporting the connection between social relationships, wellbeing and health (Gottlieb, 

Cohen, & Underwood, 2000; Smith & Christakis, 2008). Social media has transformed the 

traditional Patient-Doctor interaction. Social media sites allow patients to organise 

themselves into groups, share and exchange information support each other to better manage 

their condition (Colineau & Paris, 2010). Every year, thousands of groups of people are 

created and organised in virtual communities to not only access information about their 

medical condition but also, more importantly, to express their emotional state of being 

sick and share with others the daily emotional aspects of the patient’s life (Shirky, 2008). As 

a result, effective utilisation of social media in health can harness social support, thus 

improving health outcome by meeting basic human needs for companionship, intimacy, a 

sense of belonging, and reassurance of one’s worth as a person. Today, many healthcare 

organisations, patients and community support groups provide numerous social support 

endeavors for patients (Antheunis et al., 2013; Miah, Hasan, Hasan, & Gammack, 2017; 

Moorhead et al., 2013).  

Social support is a philosophy, which is envisioned to facilitate belongingness, coping, 

esteem, and competence through actual or perceived exchanges of psychosocial resources 
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(Cohen & Syme, 1985). According to House (1981), cited in Heaney and Israel (2008), social 

support is the purposeful content of relationships that can be classified into four generic 

categories: 1. emotional support involves the provision of empathy, love, trust, and caring. 2. 

instrumental support involves the provision of tangible aid and services that directly assist a 

person in need. 3. informational support is the provision of advice, suggestions, and 

information that a person can use to address problems. 4. appraisal support involves the 

provision of information that is useful for self-evaluation purposes. Smailhodzic et al. (2016) 

proposed four categories of social support in the context of social media in healthcare. These 

specifically are emotional support, esteem support, information support, and network support. 

The above categories of social support are summarised below in Table 2.5. 
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Table 2.5: Categories of social support 

Categories Features Social media-based examples Sources 

Emotional Support  Support efforts are directed toward meeting 

an individual’s emotional or affective needs 

(Mattson & Hall, 2011). In the health 

context, support groups focus on providing 

a responsive environment in which patients’ 

painful emotions can be felt and understood 

by others as perceived by the patient and 

thus minimise feelings of isolation (Hvidt, 

2013).  

Sharing emotional difficulties with others going 

through the same experience in various healthcare 

groups, encounter support from other members of 

the support group and feeling of love, trust, and 

belongingness based on shared interest. For 

example, story-telling sites like PatientsLikeMe 

(http://www.patientslikeme.com) facilitate  the 

collaborative use of health information by 

aggregating isolated fragments of information 

about individuals to create community resources 

(Frost & Massagli, 2009). 

(Attai et al., 2015; 

Considine, 2015; 

Menon, Sharma, 

Chandra, & 

Thennarasu, 2014; 

Van De Belt et al., 

2010) 

Esteem support Provide hope, support, and encouragement 

to individuals to undertake required actions 

to manage a particular health condition. 

Prior studies indicated that social media-

based support groups help to increase self-

esteem and self-efficacy, and reduce 

uncertainty in challenging circumstances 

(Naslund et al., 2016).  

Mental health-related patients, e.g., 

schizophrenia, schizoaffective disorder, or bipolar 

disorder are relying on social media to discuss 

their illness experiences, seek advice and learn 

from and support each other. These online 

networks facilitate mental healthcare seeking 

behaviour and support mental health recovery, 

empowerment and to combat stigma. 

(Attai et al., 2015; 

Househ et al., 2014; 

Miller, Stewart, 

Schrimsher, 

Peeples, & Buckley, 

2015; Naslund et 

al., 2016) 
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Information support One of the most popular social support 

activities fundamentally grounded in the 

philosophy of providing useful information 

for patients regarding their health 

conditions,  treatment options, etc.(Mattson 

& Hall, 2011). Information support 

provided through social media channels are 

diverse and can range from advice, health 

tips, nutrition facts, diet charts, consultation 

or even self-diagnosis routines. 

The use of social media for information support 

was addressed extensively in the extant literature. 

Examples of information support include 

treatment advice, experience sharing, questions 

and answers in the closed or open group, medical 

blogs written by health professionals. These 

include, for instance, WebMD 

(http://www.webmd.com) and MedHelp 

(http://www.medhelp.org). 

(Gruzd & 

Haythornthwaite, 

2013; Korda & 

Itani, 2013; Lagu, 

Hannon, Rothberg, 

& Lindenauer, 

2010; Lagu, 

Kaufman, Asch, & 

Armstrong, 2008; 

Lawlor & 

Kirakowski, 2014) 

Network Support  Network support focuses on the need for 

belongingness and provides assurance and a 

reminder to individuals facing a specific 

health condition that no matter what 

situation they are facing; they are not alone. 

These social media health communities 

enable patients to connect and develop 

healthy relationships and bonds without 

being near to other participants  (Johnson & 

Ambrose, 2006). 

Examples of network support include interacting 

with patients who had gone through similar 

experiences and connect with other patients in a 

similar situation and developing relationships 

based on shared attributes. For example, breast 

cancer-related online communities provide 

treatment information, symptom management 

advice, and emotional support for the patients 

(Bender et al., 2011). 

(Bender et al., 2011; 

Bers et al., 2010; 

Colineau & Paris, 

2010; Frost & 

Massagli, 2009) 
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2.7.2 Patient empowerment 

Traditionally, health consumers had a very limited choice regarding sharing their encounters 

with health service providers, and their choice of health professionals or hospitals/clinics 

were largely based on the factors like reputation, location or recommendations from friends 

or relatives. It was complicated for health consumers to access information about the quality 

of care in the pre-social media era. Today, patients appear to be becoming more engaged with 

their care in general, and they are increasingly using the social media channels to share and 

rate their experiences with the health service providers (Courtney, 2013; Househ et al., 2014). 

They are also using the social media to connect with others having similar illnesses, to share 

experiences, and beginning to manage their illnesses by leveraging these technologies 

(Rozenblum & Bates, 2013). This interactive engagement process results in patient 

empowerment. Patient empowerment is based on the notion of enhanced self-awareness, 

skills, and knowledge required to achieve the health-related goals (Smailhodzic et al., 2016). 

According to Oh and Lee (2012) information support, esteem support, and emotional support 

provided by various social media-based patient groups act as an important antecedent of a 

patient’s sense of empowerment. Smailhodzic et al. (2016) documented three subcategories 

of empowerment: improved subjective well-being, heightened psychological well-being, and 

improved self-management and control. These categories are summarised in Table 2.6 below. 
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Table 2.6: Three subcategories of empowerment 

Category Comments Source 

Subjective well-

being 

Satisfying state of emotions experienced by 

the patients as a result of their social media 

usage for health-related reasons. 

(Smailhodzic et al., 

2016) 

 Research efforts focused on subjective 

wellbeing reported several emotional 

attributes. For example, the feeling of hope 

and optimism reduced the level of anxiety, 

acceptance of the health condition and sense 

of normality.  

(Bartlett & Coulson, 

2011; Frost & 

Massagli, 2009; 

Setoyama, Yamazaki, 

& Namayama, 2011; 

van Uden-Kraan, 

Drossaert, Taal, 

Seydel, & van de Laar, 

2008) 

Psychological 

well being 

Use of social media enables patients to 

develop and experience an affirmative 

relationship with other patients 

(Smailhodzic et al., 

2016) 

 Feeling of belongingness, increased social 

relationships, bonding, and development of 

meaningful relationships are some of the 

examples showcased in the extant literature  

(Bauer, Bauer, Spiessl, 

& Kagerbauer, 2013; 

Bers et al., 2010; Chen, 

Jing, Hayes, & Lee, 

2013) 

self-

management 

and control 

Improved ability of patients to better manage 

their health condition 

(Smailhodzic et al., 

2016) 

 Extant literature documented various benefits 

of using social media with reference to self-

management of health conditions. Examples 

are: improved coping strategies, efficient self-

management, enhanced ability to manage the 

illness and adverse health conditions and 

support of chronic disease self-management 

(Bauer et al., 2013; 

Gómez-Zúñiga et al., 

2012; Househ et al., 

2014) 

 

Health-related social networks provide individual people with a means to connect with others 

who have similar concerns and empower them with knowledge and a platform for better 

management of their condition. It is worth mentioning here that evidence of the effectiveness 

of these online communities on people's health is not anecdotal. It is documented that many 

patients and health professionals are using them effectively and showcasing that it is 

beneficial for them to participate in such social media-based communities. 
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2.7.3 Health education and learning 

Social media can also improve patients’ access to healthcare information and other 

educational resources (MacMillan, 2013).  As mentioned previously, social media allows 

patients to participate in virtual communities, undertake research, received social support and 

manage the health outcome (Mattson & Hall, 2011; Smailhodzic et al., 2016).  Health 

professionals are also frequent in social media in their efforts to promote health and facilitate 

patient learning.  As discussed in Table 6, health professionals use a variety of social media 

tools (for instance, Twitter, Facebook, blogs, YouTube) and participate in disease-specific 

discussion forums focused on patient education (Antheunis et al., 2013; Chretien & Kind, 

2013; Dizon et al., 2012). Thus, these tools can act as a catalyst for health professionals to 

disseminate evidence-based information to counter inaccurate health materials available on 

various sites (Dizon et al., 2012). For example, the tweet from Dr. Kevin Campbell shown 

below focuses on some very important information on mental health.  

Figure 2.3: Twitter use by health professionals 

 

Adopted from Rapp (2014) 

The messages shared by health professionals or health service providers can be customised 

and delivered to specific groups to address specific health issues. Furthermore, social media 

tools allow tracking of an individual’s health-related queries and deliver relevant health 

messages which are consistent with his/her recent search patterns or queries. For example, the 

Australian Department of Health uses this feature to deliver a range of health promotion 

messages so that public health messaging to penetrate the day-to-day health conversations 

and activities of Australians is actively promoted.  
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Figure 2.4: Australian Department of Health Facebook page 

 

Source: ADOH (2017) 

These tools, coupled with the radical transformation of the health information-seeking 

behaviours advocate significant prospects for the improvement in citizens’ health literacy, 

capability, connections, and autonomy concerning their own health or medical condition 

(Chew & Eysenbach, 2010; Eysenbach, 2009). Research also indicated that health 

interventions based on social media could positively affect weight loss, tobacco cessation, 

risky sexual behaviours, and physical activity (Dosemagen & Aase, 2016; Referral, 2017). 

2.7.4 Greater interactivity and optimised relationships  

Increased participation and interaction in health-based virtual communities facilitate patients’ 

access to healthcare information. The web of doctors, consultants, practitioners, researchers, 

and patients can readily exchange information and consult each other on these platforms. 

Access to relevant health information and the collective wisdom of the network participants’ 

increases patients’ knowledge about treatment options, and they tend to feel more confident 

in their relationship with the health professionals. Consequently, they are better prepared for 

consultation and able to communicate more effectively with the health professionals, as they 

are well informed about their medical conditions (Wicks et al., 2010).  Similarly, van Uden-

Kraan et al. (2008) advocated that the participants of health-based social media networks tend 

to feel more confident in their relationships with their physician and they communicate more 

actively with the doctor during a medical consultation (Oh & Lee, 2012). Moreover, the use 

of social media provides the opportunity to learn about the specific medical condition. Thus, 

it may lead to an increase in the patients’ willingness to seek medical attention (Lee & Wu, 
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2014), enabling proper utilisation of health services and improve patient responsibility and 

acceptance (Thielst, 2010). 

2.7.5 User friendliness and cost effectiveness  

The flexibility of social media applications is another crucial feature of today’s continually 

innovative and interconnected society, as agreed by the existing literature (AlGhamdi & 

Moussa, 2012; Hawn, 2009; Huang & Dunbar, 2013; Lagu et al., 2010). Social media tools 

are rather “simple to use” and “easy to learn”. Social media platforms have an interface that 

is easily navigational and self-explanatory. Some applications are specifically made for 

elderly people and the disabled, so that minority or ignored groups in society can have access 

(AlGhamdi & Moussa, 2012). Social media reduces the “gap” that remains in communication 

and knowledge sharing between the different segments of the healthcare sector (Lagu et al., 

2010). It is highly convenient for sick patients who lack the necessary physical ability to visit 

their doctor for a regular consultation or lack the financial capabilities to get a doctor to make 

a home visit (Huang & Dunbar, 2013). Moreover, social media applications usually provide 

health information in a visually enhanced and interactive manner, in order to enable patients 

with differentiating needs to tend to their healthcare needs and extract relevant information 

and useful services (Fogelson et al., 2013).  

Scholars and recent research have suggested that the inclusion of social media in healthcare 

has the potential to reduce the transaction costs of medical institutions and general practices 

(Moorhead et al., 2013; Panahi et al., 2016). According to Hawn (2009), communication with 

patients through social media channels reduces administrative (for example, dictation and 

records documentation) and utility (for example,  phone, fax) cost.  To illustrate, Hello Health 

is a completely paperless practice and does not have any administrative staff.  Such a unique 

mode of operation enables Hello Health to minimise its operational expenses. In a similar 

vein, Moorhead et al. (2013) suggested that the latest technologies in social media work as a 

mediator between medical consumers and medical service providers, thus curtailing the 

operating costs, transaction costs and adds to the social welfare of the population by 

eliminating overheads that serve no practical purpose. Hence it can be noted that social media 

apps greatly help to reduce financial costs of the medical institution and professionals and 

help the economy.  
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2.7.6 Social media as means for branding and networking  

An overwhelming number of scholars agree that social media networks enable healthcare 

providers to foster meaningful and sustainable relationships with the health consumers 

(George et al., 2013; Gruzd & Haythornthwaite, 2013; Househ et al., 2014; Kane & Fichman, 

2009; Korda & Itani, 2013; Lin, Zhang, Song, & Omori, 2016; Merolli et al., 2013; Naslund 

et al., 2016; Referral, 2017; Saraogi, 2018; Xu et al., 2016).  As the number of users of social 

networks such as Facebook, Twitter and YouTube increase exponentially, scholars believe 

that the issue now is not if the healthcare industry should be joining the social media frenzy. 

The issue for health service providers is what social media applications they should 

incorporate (Hackworth & Kunz, 2011).  Hence, hospitals around the world are using social 

media as an essential tool to connect consumers, patients and providers (Huang & Dunbar, 

2013).  

A content analysis of 23,300 posts/tweets on 172 US hospitals’ Facebook and Twitter pages 

revealed that the flow of information on hospital Facebook and Twitter pages is dominantly 

one-way. However, larger hospitals have made great effort to interact with their Facebook 

visitors while marketing themselves, although such interaction is minimal. The study also 

found that it is critical for hospitals to encourage a large visitor base on Facebook because the 

more visitors a hospital attracts to its Facebook page, the more ‘Likes’ and posts the hospital 

will attract, the more people will comment on the hospital posts, and the more the hospital 

will get recommended.  

The comparison between the traffic on Facebook and Twitter demonstrates that using social 

media as a two-way communication channel seems to be much more useful for hospitals to 

connect to their visitors than using them as a one-way marketing tool (Huang & Dunbar, 

2013). For example, the Mayo Clinic has established the Mayo Clinic Center for social media 

as an authentic voice for patients and health professionals, building relationships through the 

revolutionary power of social media across the globe (Grajales III et al., 2014). Today, the 

Mayo Clinic has the most popular medical provider channel on YouTube and more than 

793,000 “followers” on Twitter, as well as an active Facebook page with over 519,000 

connections (MayoClinic, 2018).    

In this way the widespread use of social media tools has built the foundation of an integrated 

marketing network that connects relevant health service providers, health professionals and 

patients into an acceptable standard. Panahi et al. (2016)  illustrated that health professionals 
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use social media extensively for personal branding. Their study showed that health 

professionals frequently use social media tools to promote their work and areas of interests, 

and this allows them to achieve professional and academic validation and pave the way for 

collaboration and work opportunities. Scholars have also confirmed the idea that social media 

tools allow patients and doctors to establish a mutually beneficial relationship, the former 

being facilitated by information and consultation while the later benefits from an increased 

portfolio and elevated goodwill (Gajaria, Yeung, Goodale, & Charach, 2011; Referral, 2017).  

2.7.7 Social Listening  

According to Crawford (2009), the concept of listening is an embedded part of the networked 

engagement and allows organisations to analyse the various affordances of online attention 

and invokes a more dynamic process of online attention. Moreover, listening is used as a 

vehicle for attending to online discussion and debate that broadly captures the experience of 

social media users. Crawford (2009) further argued that social media robustly invoke an 

active listening subject, drawing together some different tools onto a single platform.   

The process of social listening through social media enables organisations to develop a closer 

relationship with their customers and enhance brand reputation and the extent of customer 

satisfaction (Andzulis, Panagopoulos, & Rapp, 2012).  For example, popular social media 

channels such as Facebook, Google plus, Twitter and YouTube enable companies to listen to 

the positive and negative views of their products (Greaves et al., 2013; Smith, 2009).  

Consequently, social media allows health providers to engage in social listening effectively. 

Many patients are using social media to describe their experiences and encounter with 

healthcare organisations. Health consumers frequently post information about the quality of 

healthcare on the social media platforms such as Twitter, blogs and rating websites. This 

particular trend enables health organisations around the world to undertake proactive social 

listening to improve patient experience and monitor hospital performance (Greaves et al., 

2013).  For example,  previous studies have shown a positive relationship between ratings left 

on social media channel and clinical outcomes, with better-rated hospitals having lower 

mortality and healthcare-associated infection rates (Bardach, Asteria-Peñaloza, Boscardin, & 

Dudley, 2012; Greaves et al., 2012). Consequently, the ability to capture the experience of 

patients in real time to create unique insights into the quality and safety of care, without 

expensive new infrastructure, is very appealing (Greaves et al., 2013). An example of social 

listening is provided below. 
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Figure 2.5: Social interaction and social listening through social media 

 

Therefore, it is evident that social media channels enable social listening by providing a new 

and agile way of fostering relationships among health consumers and health service 

providers.  

2.8 Shortcomings of social media use in healthcare  

A growing body of literature has addressed the controversies and barriers associated with the 

use of social media applications in healthcare. Existing studies highlight poor information 

quality and reliability, organisational resistance, privacy and confidentiality, inefficiency, 

adverse health consequences as significant problems emerging when applying social media in 

the healthcare sector (Adams, 2010; Antheunis et al., 2013; Harris et al., 2013; Hughes et al., 

2008; Moen & Smørdal, 2010; Moorhead et al., 2013; Smailhodzic et al., 2016). The 

following discussion addresses the major barriers discussed in the current literature.  

2.8.1 Information quality and reliability  

The most reported barriers of social media concern poor quality of health information 

(Adams, 2010; Håkansson & Witmer, 2015; Househ et al., 2014; Hughes et al., 2008; Kamel 

Boulos et al., 2016; Keelan et al., 2007; Korda & Itani, 2013; Kordzadeh & Warren, 2013; 

Lin, Lin, & Roan, 2012; Lin et al., 2016)  and the lack of reliability of health information 

(Franko & Tirrell, 2012; Friedman, Koskan, & Rose, 2011; Moorhead et al., 2013; Rosser & 

Eccleston, 2011). Medically incorrect information can result in subsequently “wrong” 

instructions and thus causing potential health damage and even death. This can create a 
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cascading effect which leads to distrust in online social applications and services in medical 

healthcare (Freeman & Chapman, 2007; Gutierrez, Kindratt, Pagels, Foster, & Gimpel, 2014; 

Kunst, Groot, Latthe, Latthe, & Khan, 2002; Lopez, Blobel, & Gonzalez, 2016; Malik & 

Coulson, 2010).  

Kunst et al. (2002) assessed 121 websites based on five popular health topics (chronic 

obstructive pulmonary disease, ankle sprain, emergency contraception, menorrhagia, and 

female sterilisation) to evaluate the quality of the information they presented.  The authors 

found that only 24% of the websites fulfilled more than two-thirds of the published health 

guidelines for that health topic; 35% met between one and two-thirds, and 41% less than a 

third of the guidelines.  Similarly, in terms of the perceived impact of the online health 

information, PEW survey reported that 41% of the patients living with chronic diseases said 

that their most recent inquiry for health information on the internet had no impact. The 

other 44% said that it had a minor impact, which demonstrates severe concerns about the 

quality of information available on the Internet (Lopez et al., 2016). 

In a study conducted on online support-seeking behaviour, Malik and Coulson (2010) 

surveyed 295 participants, and 7.8% of respondents reported that information provided 

through online support communities is often inaccurate due to the absence of a trained 

medical professional in the bulletin boards. Colineau and Paris (2010) argued that not 

enough empirical evidence had been found in determining whether patients have suffered 

adversely due to misleading information. Still, due to the participatory nature of social media, 

it is paramount to facilitate reliable online communication channels to prevent health 

problems becoming aggravated.   

Information may vary in consistency across different social media healthcare applications, 

thus resulting in adverse and detrimental effects on individuals’ health or even lead to a 

newly developed issue due to improper medication. For example, one Twitter post urged 

Nigerians to drink excessive amounts of salt water to combat Ebola. However, this may have 

led to two deaths and more than 12 admissions to hospital (Carter, 2014). Thus, many 

healthcare professionals fear that social media use by patients for health-related purposes 

often spreads misinformation among patients (Rupert et al., 2014). 

Experts asserted that legislation and compliance regulations must be implemented to address 

quality and reliability issues, primarily focusing on the healthcare sector where misleading 

information can even lead to a person’s death. However, many scholars also believe that it is 
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possible to generate high-quality information without strict regulations and compliance 

mechanisms (Merolli et al., 2013; Parameswaran & Whinston, 2007), as professional 

governance often acts as a bottleneck that restricts the flow of information. Patients with 

lived experience of a specific disease or condition have valuable information to share with the 

community; information that entails different aspects of health management not usually 

addressed by the health professionals.   

Informal and friendly mechanisms of information exchange satisfy both informational and 

emotional needs health consumers (Eysenbach, 2009; Keeling, Khan, & Newholm, 2013). 

However, the reputation of the majority of health-based social media sites also relies heavily 

on the quality of the collectively generated content and refinement. Thus, it is imperative for 

social media-based health communities to strike a balance by tying professionals and patients 

together while maintaining patient-to-patient contact, and ensuring quality by providing 

professionally authored and reviewed content (Parameswaran & Whinston, 2007). 

2.8.2 Privacy and confidentiality  

The widespread use of social media has raised privacy concerns among healthcare 

professionals, health service providers and health consumers (Fisher & Clayton, 2012; Hawn, 

2009). A large number of studies reported privacy and confidentiality concern as a major 

deterrent of social media usage in the healthcare sector (Antheunis et al., 2013; Crane & 

Gardner, 2016; Hader & Brown, 2010; Hawn, 2009; Melnik, 2013; Moorhead et al., 2013; 

Van Der Velden & El Emam, 2013). Patient privacy breaches can cause much greater harm 

when occurring online than face-to-face situation due to the wider reach of social media and 

the permanency of digital information (Greysen, Kind, & Chretien, 2010). In most countries 

around the world, the breach of privacy rules results in heavy fines and potential criminal 

charges for the unauthorised disclosure of individually identifiable health information. For 

example, in the USA the privacy rules protect all individually identifiable health information 

held or transmitted by a covered entity or its business associate, in any form or media, 

whether electronic, paper, or oral. This includes information in the medical record, 

conversations between practitioners, nurses and other providers, information in health 

insurers’ computer systems, and billing information held by facilities (Hader & Brown, 

2010).  

Consequently, health professionals’ concerns regarding social media uses predominantly 

revolve around the potential for adverse consequences from breaching patient confidentiality 
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(Hader & Brown, 2010; Hawn, 2009) or publicising unprofessional content (Cain, 2011). Due 

to privacy concerns, health professionals tend to use social media for personal use only. For 

example, Cain, Scott, and Akers (2009) report that male pharmacy students consider 

Facebook to be a social domain separated from their professional lives. Weinstein, Saadeh, 

and Warren (2011) assert that generational trends imply an upcoming six-fold increase in 

social media use by the next generation of physicians and that inappropriate use could pose a 

severe threat to the standing of the medical profession. 

A small number of studies have systematically examined social media content produced by 

clinicians and reflected on how social media channels can potentially breach privacy rules 

and guidelines. Lagu et al. (2008) examined 271 medical blogs and revealed that around 17% 

blogs included ample information for patients to identify their doctors or themselves.  The 

result explains why many health professionals consider the integration of medicine and social 

media as a daunting challenge and sometimes dangerous. For example, in a survey of US 

medical school administrators, it was discovered that 60% reported incidents in which 

medical students exhibited unprofessional conduct, and 13% reported violations of patient 

confidentiality (Chretien, Greysen, Chretien, & Kind, 2009). 

 In a content analysis of physicians’ Twitter posts (5156 tweets), Chretien et al. (2011) found 

that 4%  of tweets were potentially unprofessional, including 38 potential patient privacy 

violations. Similarly, in an analysis of Facebook profiles of medical students and residents 

(1023 profiles), Thompson et al. (2011) documented twelve occurrences of potential patient 

privacy violations, all of which occurred on trips to developing countries. These results 

reflected the privacy and confidentially concerns associated with social media use and specify 

the need for more emphasis on social media training for health professionals. To address 

these challenges, professional organisations such as the American Medical Association 

(AMA) have documented detailed guidelines for the ethical use of social media (Shore et al., 

2011). The guideline focuses on the following issues: maintaining patient confidentiality, 

ensure an appropriate level of privacy settings, provide accurate and reliable information, 

relationship management with colleagues and patients, disclose conflicts of interest, and 

maintain separate personal and professional profiles (George et al., 2013).  

To further protect patient privacy and confidentiality, Guseh, Brendel, and Brendel (2009) 

recommended health professionals avoid accepting a friend request from patients.  Leiker 

(2011) recommended establishing dual online identities, through a deliberate separation of 
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personal and professional activities. Overall, the tone and content of existing guidelines focus 

disproportionately on the risks rather than the advantages of using social media and implies 

an expectation of improper usage instead of emphasising how social media technologies 

might be used to augment the healthcare service (George et al., 2013). 

Additional privacy threats were raised by Herrin and Ingram (2012) regarding the user’s 

ability to post photographs and tag or identify people appearing in the photos. The authors 

emphasise that health providers must put an appropriate mechanism in place to prevent online 

posting of photos of patients within a hospital/clinic or receiving treatment. For instance, 

Conaboy (2011) reported that an emergency room doctor was fired from a hospital in Boston 

and reprimanded by the state medical board for posting information online about a trauma 

patient.  The patient's name was not incorporated in the post, but enough information was 

provided to identify the patient.  However, the number of privacy breaches occurring through 

social media is relatively smaller in comparison to the traditional healthcare setting. For 

example, Beltran-Aroca, Girela-Lopez, Collazo-Chao, Montero-Pérez-Barquero, and Muñoz-

Villanueva (2016) under took 138 days and 33157 hours of observation. They found an 

estimated frequency index of one breach per 62.5 hours of observation in a medical 

institution in the USA. However, none of the reported confidentiality breaches took place on 

social media platforms.  

Social media use by health professionals is increasing rapidly, mostly by younger clinicians 

for personal and reference purposes. From the review, it is evident that use of social media 

platforms in the healthcare sector has had a significant impact on patients’ and health 

professionals’ privacy, and the privacy threats these social media technologies pose to the 

patients can be strong. However, the number of studies on social media-based privacy 

violations by health professionals is surprisingly low. It is subsequently difficult to come to a 

definitive conclusion regarding the impact of social media on patient privacy.  More research 

is needed, based on different medical institutions and different countries to develop an 

understanding of medical professionals’ social media usage behaviours and the potential 

privacy threats.  

2.8.3 Blurred professional boundary  

Professionalism has been a topic widely discussed in the medical education literature (AMA, 

2012; Cain et al., 2009; Denecke et al., 2015b; Farnan et al., 2013; Gagnon & Sabus, 2015; 

Greysen et al., 2010; Guseh et al., 2009; Gutheil, 2005; Kind et al., 2012; MacDonald, Sohn, 
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& Ellis, 2010; Mostaghimi & Crotty, 2011; Thompson et al., 2008). Upholding widely 

accepted professional behaviours, maintaining ethical principles and treating patients with 

respect are generally considered as the cornerstone of professionalism in healthcare 

(MacDonald et al., 2010).  However, scholars assert that expectations of professionalism 

change as societal and technological changes also occur. Over the last decade the notion of 

professionalism has been challenged by a tremendous upsurge in the number of social 

networking sites (Cain et al., 2009; Ginory, Sabatier, & Eth, 2012; Gutheil, 2005; Moubarak, 

Guiot, Benhamou, Benhamou, & Hariri, 2010)  

For example, Gutheil (2005) argues that social networking can create difficulties in 

maintaining a proper balance that may lead to boundary issues in the doctor-patient 

relationship. He introduces the concept of boundary crossing and boundary violation to 

explain the phenomenon. A boundary crossing is a “transient, nonexploitative deviation” 

from the standard of care (for example, helping patients with some helpful web-based 

information); whereas boundary violation as an exploitative aberration from the standard of 

care, which is detrimental for the patients (for instance, disclosing a patient’s private 

information in a publicly open forum). However, it must be mentioned that social media blurs 

the notion of personal and professional behaviours. According to Farnan et al. (2009)  and 

Zur, Williams, Lehavot, and Knapp (2009), the digital world blurs the  personal and 

professional lives and therefore, the positive implications of web-based applications (for 

example, patient engagement and empowerment, networking, knowledge sharing) must be 

appraised against the negative consequences, including privacy threats, violations of 

confidentiality, and threats to professionalism.   

The existing literature has uncovered some incidents relating to professional boundary 

violations in healthcare. For example, MacDonald et al. (2010) surveyed the Facebook use 

patterns of 338 young doctors registered with the Medical Council of New Zealand. They 

found that a quarter of the doctors did not use the privacy options provided by Facebook. 

Thus, the information they share is readily available to a wider audience. The information 

shared comprised some healthy behaviours. However, they also revealed personal 

information that might be considered offensive for patients or may disrupt the professional 

boundary between patients and practitioners, as well as information that could bring the 

profession into disrepute (e.g., belonging to groups like ‘Perverts united’).   
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The notion of a professional boundary is further vindicated by the widespread availability of 

doctors’ personal information. For example, health professionals can unintentionally reveal 

personal information about themselves through Facebook or Twitter posts, which can be 

perceived as either a boundary crossing or a boundary violation, depending on the nature of 

the information shared (Gorrindo & Groves, 2008; Gutheil, 2005). In a US-based survey of 

182 psychiatry residents, Ginory et al. (2012) revealed that 35.5% of respondents had posted 

comments related to work in their social media sites and 11.6% of residents posted 

information about a specific patient. Such postings can be considered as boundary violations, 

and consequently have severe consequences for the resident’s future.  

How health professionals and consumers represent themselves in the social media realm has 

become a critical issue in the healthcare sector. As patients become increasingly web savvy, 

they are experiencing entirely new accessibility to their physicians, and the success of social 

media platform in augmenting patience experience depends mostly on how such issues are 

addressed. Scholars focused on education (Cain et al., 2009), self-control (Hershberger, Zryd, 

Rodes, & Stolfi, 2010), setting norms (Tufekci, 2008) and transparent social media usage 

policy (AMA, 2012; Chretien et al., 2009) to avoid unwanted boundary violations.  

2.8.4 Shift in the power dynamics in the Doctor-Patient relationship  

The existing literature frequently suggests that the use of social media in healthcare can lead 

to enhanced participation and patient empowerment (Chou, Hunt, Beckjord, Moser, & Hesse, 

2009; Courtney, 2013; Househ et al., 2014; Korda & Itani, 2013; Lober & Flowers, 2011).  

The concept of patient empowerment is based on the ideology of increased patient 

participation during clinical interactions to foster patient autonomy (Colineau & Paris, 2010; 

Lober & Flowers, 2011). Increased patient empowerment and autonomy can change the 

dynamics of the doctor-patient relationship and may shift the power balance between 

healthcare professionals and their patients (Smailhodzic et al., 2016). Thus, increased 

empowerment of patients can lead to a decline in health professionals’ decision-making 

authority or power.  

Markus (1983) suggested that power distribution in an organisation following the inception of 

a new information system partially depends on the power distribution designed as part of the 

information system itself. Thus, the user of the system may oppose the way the system 

dispenses power and may strive to change this distribution when they may resist the system. 

Hence, redistribution of power between patients and healthcare professionals may cause 
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health professionals to resist. Markus, Smailhodzic et al. (2016) argued that the role of health 

professionals has to change because embracing patient empowerment in healthcare means 

making a change, and it can sometimes seem difficult due to the traditional approach, which 

is rooted in their current training. 

According to Moher, Liberati, Tetzlaff, and Altman (2009) increased patient involvement in 

the clinical interaction means that health professionals would not be firmly in control of the 

information used during the consultation. Additional information brought by the patients can 

lead to superfluous processes of sorting relevant information from an array of irrelevant 

information and can often be time-consuming and challenging for health professionals 

(Rupert et al., 2014). Past research also indicated that patients frequently misinterpret the 

quality of online health information, and many health professionals are sceptical that social 

media sites spread misinformation and obscure provider input into individuals’ health 

decisions. Few studies also documented that health professionals are often uninformed of 

their patients’ online activities and tend to perceive patients who seek online information as 

misinformed and anxious, and fear that patients may act on online recommendations without 

first consulting their doctors (Hart, Henwood, & Wyatt, 2004; Moick & Terlutter, 2012; van 

Uden-Kraan et al., 2010).  For example, Rupert et al. (2014) conducted eighty nine  in-person 

and virtual focus groups with patients/caregivers who visited online health communities to 

obtain relevant health information. However, the researchers found that most health 

professionals reacted negatively to online health community information, and made the 

participants feel disempowered. 

Hence, based on these findings it is possible for healthcare professionals to resist this shift in 

the balance of power. Nevertheless, a systematic approach towards patient empowerment can 

foster the desired effect.  With more emphasis on streamlining the quality of information 

shared in health community sites, health professionals may become more patient-centered, 

thus complementing the patient empowerment (Smailhodzic et al., 2016).  

2.8.5 Inadequate supporting conditions  

Another significant barrier raised in the present literature was linked to poor supporting 

conditions for adopting social media in a professional setting. Time constraints, limited 

provision of workplace support and lack of understanding of the benefits have been identified 

as significant barriers by several researchers (Antheunis et al., 2013; George et al., 2013; Lin 

et al., 2012; Martinasek et al., 2011; Panahi et al., 2016; Vitak & Ellison, 2013). For example,  
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Panahi et al. (2016)  interviewed twenty-four health professional to evaluate the benefits and 

challenges of using social media for tacit knowledge sharing. The study participants revealed 

a severe lack of understanding about the implications of social media among healthcare 

organisations. The study also showed that most healthcare organisations offer insufficient 

support and/or prohibit social media use across the entire institution due to privacy and 

confidentiality concerns. A recent study on social media usage among healthcare providers 

revealed similar results. In a survey of  366 healthcare workers in the USA, Surani et al. 

(2017) detected that healthcare workers are not familiar with their workplace policies 

concerning social media use, which may cause a privacy breach of confidential medical 

information.  

In a study of paediatric physicians’ attitudes to using social media platforms to improve 

asthma management in adolescents, Martinasek et al. (2011) reported that despite the benefits 

of social networking sites, the additional time required to monitor sites is a significant barrier 

concerning the use of social media. The study indicated that the daily schedules were already 

overwhelming, and it is challenging for them to find the time for these added responsibilities. 

The findings of the study are consistent with a few other analyses where lack of time and 

support have been reported as constituting a significant barrier of using social media to 

engage with patients (George et al., 2013; Modahl et al., 2013). 

Moreover, it is still early days for social media in the healthcare sector (Moorhead et al., 

2013). It often takes a decade for medical research results to be translated into clinical 

guidelines and an additional decade for the instructions to be widely diffused (Green, 

Ottoson, Garcia, & Hiatt, 2009). Thus, the current lack of evidence supporting a positive 

impact of social media on desired behaviour changes deters healthcare organisations around 

the world integrate social media within their core processes. Existing research has also 

identified the need for addressing supporting conditions for health consumers. According to 

Chretien and Kind (2013), factors such as internet and computer accessibility, social media 

and computer literacy, health literacy and language barriers can limit the reach of social 

media in healthcare. Healthcare providers and policy-makers therefore need to address these 

barriers to ensure social media advances in healthcare delivery and communication will 

benefit all (Kind & Silber, 2004). 
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2.8.6 Circumvention of advertising regulations through social media  

The circumvention of advertising regulations is emerging as a new theme in the healthcare 

literature. A few studies have uncovered how clever use of social media-based marketing is 

avoiding advertising regulations.  For example, Freeman et al. (2014) studied the nutrient-

poor (EDNP) food and beverage marketing on Facebook and found that the EDNP food 

brands capitalise on users’ social networks and magnify the reach and personal relevance of 

their marketing messages by using the interactive and social aspects of Facebook to market 

products. Freeman and colleagues revealed that adolescent and young adult Facebook users 

appeared most receptive to engaging with this content. In a similar vein, Montgomery and 

Chester (2009) analysed the interactive marketing communication techniques employed by 

junk-food and beverage companies, particularly on youth markets for food and beverages. 

They showcased that the social media-based advertising industry, often geared by food and 

beverage companies are fundamentally exploiting the teenagers and young adolescents 

through online marketing campaigns that foster interactive and evocative relationships 

between adolescents, the brands, and products that now literally mantle them, thus, posing 

health risks to adolescents around the world.  

Similarly, Freeman and Chapman (2009) assert that social media marketing distorts the 

boundary between brand promotion and market research through the exploitation of 

advertising ban loopholes and extension of legal definitions to generate positive word of 

mouth about tobacco products. They documented the example of Camel cigarettes. In 2008, 

Camel’s social media marketing campaign involved tobacco consumers with the brand by 

engaging them in redesigning the packaging for Camel cigarettes. This compelling and 

persuasive form of brand promotion enabled Camel to foster an interactive and engaging 

relationship between the consumers and the brand.  

In a subsequent study, Freeman and Chapman (2010) found that few British American 

Tobacco (BAT) employees are enthusiastically promoting BAT and BAT brands on 

Facebook through joining and administrating groups, joining pages as fans and posting 

photographs of BAT events, products, and promotional items. Most interestingly, these 

employees are from countries that have ratified the World Health Organization Framework 

Convention on Tobacco Control (WHO FCTC), which requires signatories to ban all forms of 

tobacco advertising, including online and cross-border exposure from countries that are not 

enforcing advertising restrictions.   
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Drawing on literature from the behavioural and neurosciences, Montgomery and Chester 

(2009) argue that teens are particularly susceptible to the interactive and universal marketing 

of products using social media applications. Thus, the effectiveness and reach of these 

cleverly designed marketing campaigns had significant implications for public health strategy 

and created an urgent need for a fresh outlook to regulate and counter these interactive 

promotional techniques employed by fast alcohol, fast food, and tobacco industries. 

2.8.7 Safety Concerns 

Recent literature also discussed the unintended consequences of social media channels on 

patient safety. Lau, Gabarron, Fernandez-Luque, and Armayones (2012) looked at the 

abstracts on ‘quality criteria’ related to YouTube. The authors identified five areas regarding 

the safety including: i) harmful health material targeted at consumers (such as inappropriate 

marketing of tobacco or direct-to-consumer drug advertising), ii) public display of unhealthy 

behaviour (such as people displaying self-injury behaviours or hurting others), iii) tainted 

public health messages (i.e. the rise of negative voices against public health messages), iv) 

psychological impact from accessing inappropriate, offensive or biased social media content, 

and v) using social media to distort policy and research funding agendas. For instance, pro-

tobacco videos maintain a significant presence on YouTube and consist primarily of indirect 

marketing activities conducted by tobacco companies or their proxies (Elkin, Thomson, & 

Wilson, 2010). Similarly, other harmful and pernicious images can be seen on social video 

platforms, such as people displaying self-injury behaviours, hurting others, or taking drugs 

voluntarily. Over the last decade, the presence of non-suicidal self-injury on the Internet has 

grown considerably (Whitlock, Lader, & Conterio, 2007), especially among young people, 

with recent research suggesting that adolescents are avid consumers of these videos (Duggan, 

Heath, Lewis, & Baxter, 2012). For instance, Lewis evaluated the top 100 YouTube videos 

on ‘self-injury’ and ‘self-harm’ and found these videos had over two million hits. These 

videos mostly provide non suicidal self-injury information and in most instances express a 

hopeless or miserable message Although quite a few viewers rated this explicit, self-harm 

imagery positively, quite surprisingly many of these videos had been selected as favourites 

over 12,000 times (Lewis, Heath, St Denis, & Noble, 2011). Lewis and colleagues argue that 

these types of self-injury videos on YouTube may foster normalisation and may reinforce the 

behaviour through regular viewing and create a more significant societal problem. 
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Another phenomenon is that social media has become an active medium for organisations, 

news sources, and consumers alike for channeling and expressing their opinions and 

perspectives on controversial topics (Briones, Nan, Madden, & Waks, 2012). In the health 

domain, this often consists of trashing public health messages, thereby reducing the 

effectiveness of major public health campaigns. Lau et al. (2012) provided a glimpse of the 

possible harm that social media can inflict on health consumers when it is misused. However, 

setting aside information quality concerns, very few studies address the topic related to safety 

concerns. More studies are required to examine the occurrence, mechanisms and preventive 

of the potential harm related to the use of social media. It is evident that social media will 

continue to mature, evolve, and develop within the healthcare industry. Thus, despite the 

barriers, it is evident that social media is set to become a sustainable and valuable tool to help 

healthcare providers to reach and engage health consumers both locally and globally.  

Several studies have highlighted that the use, benefits, and downside of social media use in 

the healthcare sector. However, the presence of limited theory and literature confirms that 

social media is an embryonic area of information systems research (Beer, 2008; Moser, 

Ganley, & Groenewegen, 2013). Thus, both theory development (Parameswaran & 

Whinston, 2007) and further empirical studies are required to demonstrate the potential 

benefits and drawbacks of social media and in the healthcare context. Very few studies 

examined the predictors of healthcare social media use from the perspective of both health 

professionals and consumers. This study addresses both health professionals’ and consumers’ 

views and experiences regarding the benefits, pitfalls and other potential factors influencing 

the adoption decision.  

2.9 Critical reflection 

As discussed earlier, social media applications have transformed the way individuals 

communicate as a society and fundamentally altered our interactions with others and, by 

direct consequence, our relationships. For the healthcare sector, social media represents a 

genuine social revolution (Chretien & Kind, 2013). The benefits of using social media in 

healthcare have well been established in the existing literature. The literature review has 

shown that within this broad field of new developments in healthcare, social media holds 

considerable potential value because they enable social support, patient empowerment, 

facilitate learning and education, allow social listening, optimise relationships and increase 

connectivity and user participation in the healthcare context. Similarly, extant literature also 
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highlighted the drawback of social media application in healthcare. Poor information quality 

and reliability, organisational resistance, privacy and confidentiality issues, inefficiency, and 

adverse health consequences have been identified as significant drawbacks. 

It is evident from the literature review the research in the field of social media use in 

healthcare is still at the embryonic stage. Despite a growing body of literature highlighting 

both the promises and controversies associated with social media usage in healthcare, 

surprisingly few empirical studies have been conducted on those most affected by social 

media, health professionals and health consumers (Antheunis et al., 2013; Archambault et al., 

2012; Lau, 2011; McGowan et al., 2012). In fact not many studies have attempted to 

empirically examine the factors behind patients’ and health professionals’ use of social media 

for health-related reasons and about possible differences between the two groups (Antheunis 

et al., 2013; Eysenbach, 2008; McGowan et al., 2012). More research is required to 

conceptualise the impact of social media usage on the patient-professional relationship 

concerning the health behaviours and health outcomes (Antheunis et al., 2013; Christodoulou, 

2011). Eysenbach (2008) voiced that patients are using social media applications to share 

information with other patients and healthcare experts; however, practicing physicians are 

more reluctant to apply social media in their work. A follow-up survey is required to 

determine the adoption behaviours of health professionals and consumers.  

In a survey of 485 oncologists and primary care physicians, McGowan et al. (2012) found 

that the main factors influencing a physician’s usage of social media to share medical 

knowledge with other physicians were perceived ease of use and usefulness. The study 

demonstrates that physicians with positive attitudes about using social media were more 

likely to use them and share medical information with other physicians. However, this study 

argues that two factors are not sufficient to predict attitude and behavioural intentions, since 

the extant literature indicates there are many factors potentially impacting on health 

professionals’ attitudes and behavioural intentions.  

Moorhead et al. (2013) conducted a systematic review of 98 past studies that included the 

uses, benefits, and limitations of using social media in healthcare among the general public, 

patients, and health professionals. However, these authors reported that the methodological 

quality of the studies was poor. They also noted that a clear majority of studies in the domain 

of healthcare social media included limited methodologies and the research design was 

mainly exploratory or descriptive and lack practical insights. Moorhead et al. (2013) also 
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identified several gaps in existing literature including the need for more detailed investigation 

of the risks and an assessment of the full potential of social media in effectively supporting 

the patient-health professional relationship. 

Smailhodzic et al. (2016) investigated patients’ use of social media through a systematic 

review of the recent literature. The authors identified that patients’ use of social media was 

grounded on the notion of social support and patient empowerment. Regarding the adverse 

effect of social media, Smailhozdic and colleagues focused on reduced subjective well-being, 

compromised privacy, being targeted for promotion, and addiction to social media. They 

have also found evidence that social media alters the dynamics of patient-doctor relationships 

and may result in more balanced and reciprocal interaction between the patient and doctor, 

increased substitution of doctors, harmonious relationships, and better communication 

between the patient and healthcare professionals. 

About the patient-doctor relationship and online social networks, a nationwide (USA) survey 

of 455 health professionals revealed that many health professionals feel it is ethically 

unacceptable to interact with patients for either social (68.3%) or patient-care (68.0%) 

reasons.  The results further revealed that close to half of the respondents (48.7%) were 

doubtful about the potential for social media channels to improve patient-doctor 

communication, and a majority (79%) expressed concerns about maintaining patient 

confidentiality (Bosslet, Torke, Hickman, Terry, & Helft, 2011). However, affordances of 

social media platforms have changed significantly in the last few years, and the majority of 

social networking sites have added privacy features, and in recent times most healthcare 

providers have developed social media usage guidelines/policies. Thus, it will be interesting 

to observe health professionals’ attitudes to social media in a contemporary healthcare 

setting.  

A more recent nationwide survey of 187 Australian doctors revealed that most participants 

(66%) were hesitant to engage themselves fully in social media and online communication 

due to privacy and legal concerns (Brown et al., 2014). The survey revealed that contrary to 

the limited professional usage, many doctors are discussing Internet and social media 

resources with their patients. The investigation showed that general practitioners (96%) and 

rural doctors (76%) report an extremely high rate of discussion about online resources, thus 

focusing on the pivotal role of online health resources as an integral aspect of primary care, 

especially in remote locations. This finding highlights the potential for further integrating 
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online and social media in such areas of medical practice which offers very low risk and a 

limited threat to patients’ and physicians’ confidentiality (Brown et al., 2014). However, 

regarding the limitations, the study had a meager response rate and did not incorporate any 

theoretical grounding, and the factors affecting the social media usage behaviour. A more 

robust study combining a more extensive range of factors would help to conceptualise the 

social media use behaviour of health professionals better.  

Grajales III et al. (2014) conducted a narrative review of 76 articles, 44 websites, and 11 

policies/reports to illustrate how, where, and why social media channels are used in the 

medical and healthcare sectors. The authors revealed that a diverse range of social media 

applications is being used for engaging patients, facilitating professional collaborations, to 

share experience and enable participative learning and education.  Still, these scholars did 

raise some very relevant but unanswered questions. Table 2.7 summarises the unanswered 

questions raised by Grajales III et al. (2014).   
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Table 2.7: Unanswered questions 

Issues Comments 

Uniform standard of care 

involving social media 

applications  

Extremely difficult to ensure uniform “standard of care” or 

“professional standards” due to divergence in Ideological, 

philosophical, cultural, social and political values embroil the health 

sector. Different levels of digital literacy and credentials among 

health professionals make it challenging to warrant undeviating 

professional standards.  

Impact of social media in 

the healthcare domain 

There is a shortage of concrete evidence supporting a positive effect 

on desired behavioural change among patients through social media-

based health communication. Furthermore, longitudinal assessments 

of the full economic effects of social media on the health domain are 

not available. Thus, the long-term financial feasibility of using social 

media in the health domain has not yet been established (Hawn, 

2009).  

Liability and malpractice  To what extent should a health professional, healthcare providers, 

layman, or a social media platform be considered liable for health-

related suggestions provided through social media? (Dzenowagis, 

Clauson, & Grajales III, 2009).  The notion of liability is rooted in 

the social media policy of professional bodies or local jurisdiction in 

different countries.  

Social media policies  It is quite challenging for policy-makers and professional bodies to 

warrant maximum safety and effectiveness of social media-based 

interactions. At present, no hierarchy of responsibility and 

accountability exists.  The social media use and deployment policies 

must be formulated by bringing together relevant stakeholders. 

Alternatively, health professionals are likely to use social media in 

an inconsistent policy environment, which may result in legal action 

or avoidance of social media use.  

Power of Wikipedia and 

medical wikis  

As more and more consumers tend to rely on wiki-based health 

information, the question remains: To what extent are Wikipedia and 

other medical wikis sustainable and what are the ethical and legal 

responsibilities of Wikipedia-like actors to health consumers? 

Because anyone with access to the wiki site can add and modify 

pages, errors in content can result in fatal consequences for health 

information seekers (Archambault et al., 2010).  

Futuristic orientation As health technologies and health consumers continue to evolve, the 

question remains: What are the effects of geographical, sociocultural, 

ideological, ecological, and architectural reflections in the usage and 

expansion of social media-based technologies in healthcare? 

Adopted from Grajales III et al. (2014) 

The questions raised by Grajales III et al. (2014) are mostly underpinned by a lack of clear 

social media usage policy that goes beyond the individual use of social media in healthcare.  

Current social media policies are mostly based on physicians’ use of social media. For 
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example, the American Medical Association (AMA) and the Medical Board of Australia 

released official guidelines for the ethical use of social media by physicians (Lambert et al., 

2012; Medical Board of Australia, 2017). These guidelines stress the need to maintain patient 

confidentiality, be conscious of privacy settings, conserve patient-physician boundaries, 

ensure information quality and ensure distinct personal and professional profiles (Ventola, 

2014). Moving aside from policy or usage guidelines, which is an organisational level factor, 

many aspects of the individual use of social media in healthcare have been examined to a 

limited extent (Antheunis et al., 2013; Moorhead et al., 2013). There are many questions yet 

to be answered convincingly and require in-depth assessment in different contexts (Panahi, 

2014). Thus, Antheunis and colleagues advocated that future studies on social media use in 

healthcare continue to focus on the motives, barriers, and expectations. More research must 

seek to understand the underlying factors of social media usage from the perspective of health 

professionals and health consumers (Antheunis et al., 2013).  

Some possible research questions need in-depth investigation about the health professionals’ 

and health consumers’ social media acceptance decisions. They are as follows: What social 

media platforms are best suitable for active patient engagement? What are the benefits of 

using social media in the healthcare domain and to what extent do the reported gains in extent 

literature influence the acceptance decision? What other factors affect the individual 

acceptance decision in the healthcare domain? What are the barriers from the perspective of 

health professionals and health consumers? To what extent do the current obstacles affect 

individuals’ acceptance decision?   

Moreover, the absence of sound theoretical grounding is evident in contemporary social 

media-related studies (McGowan et al., 2012).  Most studies in this field are descriptive or 

exploratory studies and devoid of sound theoretical underpinning.  Therefore, this thesis aims 

to bridge the gap by developing a conceptual model and empirically test the model that 

addresses the key factors affecting the social media acceptance decision of health 

professionals and consumers. The model presented here was built on in-depth interviews of 

healthcare professionals and linked to the extant technology adoption models.  By using 

theory to guide the selection of predictive variables, the research presents the final theoretical 

framework in Chapter 7. Table 2.8 below is a summary of the most noted work and their 

limitations on the subject of healthcare social media. 
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Table 2.8: Social media in healthcare-notable works and their limitations 

Author/Year) Scope Methodology  Major Findings Limitations and Future 

directions 

Usher et al. 

(2014) 

Types of social media 

used by Australian allied 

health professionals 

1085 responses were 

collected through an 

online survey. 935 

responses were used for 

data analysis after the 

data cleaning process.  

Only 9.5% of Australian allied health 

professionals specified that they used 

social media for their work, whereas 

71.3% of the respondents indicated that 

they did not use social media at all. 

However, health professionals are 

enthusiastic about undertaking online 

courses designed to up-skill them on the 

potential use of social media for 

practice promotion and healthcare 

delivery. 

Online data collection 

method and the length of the 

survey instrument resulted in 

a large number of partially 

completed responses. Future 

studies should address the 

factors influencing the 

limited adoption trends of 

social media by Australian 

allied health professionals.  

Antheunis et 

al. (2013) 

Identifying motives, 

barriers, and expectations 

of social media usage in 

healthcare 

Descriptive and online 

survey of 139 patients 

and 153 health 

professionals 

Patients use social media for enhancing 

health knowledge, exchanging 

information and social support. 

Professionals mainly use social media 

for communicating with their 

colleagues and marketing reasons. 

Patients’ main barriers to social media 

use were privacy & confidentiality 

concerns and information quality. 

Professionals’ main barriers were 

inefficiency and lack of skills. Both 

patients and professionals expected to 

Sample selection bias and 

lack of theoretical 

grounding. More research is 

required to understand the 

motives, barriers and the true 

impact of social media in the 

healthcare domain. 
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Author/Year) Scope Methodology  Major Findings Limitations and Future 

directions 

use social media in the near future. 

Moorhead et 

al. (2013) 

A systematic review of 

the use, benefits, and 

limitations of social 

media for health 

communication 

A systematic search of 

the literature. Identified 

98 original research 

studies for review. 

Seven key benefits were identified 

including augmented interaction, peer, 

social/emotional support and 

availability of health information. 

Twelve limitations were identified 

including information quality concerns, 

lack of reliability, confidentiality, and 

privacy. 

Poor methodological quality 

of the studies assessed. 

Future studies should 

undertake more 

comprehensive evaluation 

and incorporate a range of 

methodologies to establish 

the effectiveness of social 

media in the healthcare 

domain.  

Grajales III et 

al. (2014) 

A narrative review of 

social media applications 

in medicine and 

healthcare 

Used critical 

interpretivist framework 

and reviewed 76 articles, 

44 websites, and 11 

policies/reports. 

Presented an evaluation of ten different 

categories of social media platforms in 

healthcare, including blogs and 

microblogging sites, social networking 

sites, professional networking sites, 

wikis, mashups, collaborative filtering 

sites, media sharing sites and others. 

Snowballing was used during 

the literature search, which is 

subject to friendly and 

frequent author bias. More 

research is required to 

conceptualise the 

interactions between social 

media and evidence-based 

practice. 

Ventola 

(2014) 

Benefits, risk and best 

practices of social media 

in healthcare  

Review of 21 articles  Evaluated social media tools, use and 

dangers of social media applications 

from the perspective of health 

The methodology was not 

discussed. Further research is 

required to establish the 



 

  

76 

 

Author/Year) Scope Methodology  Major Findings Limitations and Future 

directions 

professionals. Use of social media 

includes professional networking, 

professional education, organisational 

promotion, patient education and 

patient care. Dangers include poor 

information quality, privacy, and 

confidentiality concern, licensing issues 

and violation of professional 

boundaries. The study also proposed a 

professional guideline for the use of 

social media.  

validity of the proposed 

professional guidelines.   

Fisher and 

Clayton 

(2012) 

An assessment of 

patients’ interest in the 

use of social media for 

healthcare 

An eleven-item 

descriptive survey 

questionnaire attempted 

by one hundred and 

eleven (111) patients at 

an outpatient family 

practice clinic in 

southern Utah, USA 

The study revealed increasing patient 

acceptance of social media in healthcare 

as 56% of participants would prefer 

their health providers using social 

media channels for setting 

appointments, diagnostic test results 

reporting, prescription notifications, 

providing health information, and as a 

forum for asking general questions.  

Generalisability is limited 

due to convenience sampling 

and no theoretical 

underpinning provided. 

Future research should also 

focus on social media use 

preferences for healthcare 

providers  

McGowan et 

al. (2012) 

 Factors influencing 

physicians’ use of social 

media to share medical 

information with other 

Used a survey 

questionnaire based on 

Technology adoption 

model(TAM). 

Perceived ease of use and usefulness of 

social media channels is significantly 

influencing a physician’s usage of 

social media to share medical 

Findings are not 

generalisable to other types 

of usage due to the narrow 

focus of the study 
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colleagues  Distributed to a random 

sample of 1695 

physicians in the US. 

Response rate was 

28.97% = 491.  

knowledge with other physicians.  (Knowledge sharing with 

other physicians). Future 

studies should entail wider 

focus; for example, attitude 

towards knowledge sharing 

with patients, differences in 

use between of physicians 

and other types of healthcare 

professionals, etc.  

Househ et al. 

(2014) 

Benefits and challenges of 

patient empowerment 

through social media  

Literature review 

through the MEDLINE 

database. Only 12 

relevant articles were 

found that fit the purpose 

of the study.  

Revealed a promising future regarding 

Patients’ use of social media. However, 

evidence related to the effects of social 

media is somewhat thin. 

Misinformation, privacy and security 

concern, lack of usability and identity 

forgery are significant security 

concerns.   

Limited coverage of relevant 

literature. Also, the 

understanding regarding the 

influence of social media 

platforms on patient 

empowerment and 

engagement is limited. 

Further work is needed to 

understand the use, benefits, 

and barriers. 

Chretien and 

Kind (2013) 

Ethical, professional, and 

social Implications of 

social media in clinical 

care.  

Review of 77 articles 

about the potential 

implications social 

media has on ethics, 

professionalism, and 

Critical reflection on ethical and 

professional implications of social 

media in clinical care based on the 

American Medical Association’s 

(AMA) principles of medical ethics. 

Provided recommendation related to 

Unique and informative 

exploratory study. However, 

a more robust and 

comprehensive study is 

needed to understand the 

ethical, social and 
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society.  upholding professional and ethical 

standards while operating effectively in 

social media space.  

professional implication of 

social media in clinical care.  

Hanson et al. 

(2014) 

Predicting social media 

use among the patients of 

community health centre  

A cross-sectional survey 

of 444 patients of a 

community health centre 

patients in the Western 

USA. The majority 

(68%) of the participant 

were Hispanic followed 

by white (20.2%).  

 Demonstrate factors are predicting 

intentions to use social media among 

community health centre.  

Cross-sectional study and 

confined to a small 

community. Thus, offers 

limited generalizability. The 

inclusion of a broader range 

of factors would result in a 

more comprehensive 

understanding of social 

media usage pattern of 

patients. 

Mabvuure, 

Rodrigues, 

Klimach, and 

Nduka (2014) 

 Use of social media 

among Plastic surgeons in 

the UK.  

 In total identified 323   

plastic surgeons from 

professional membership 

body. Selected surgeons 

were manually searched 

on various social media 

channels to identify their 

social media profiles and 

practice websites. 

Twitter and LinkedIn usage among the 

identified plastic surgeons are relatively 

higher than another form of social 

media. 

Confined to the usage pattern 

of the plastic surgeons. 

Future studies can entail 

more in-depth investigation 

of social media usage 

behaviour concerning the 

patient engagement from the 

perspective of the plastic 

surgeons.  

 



 

  

79 

 

Author/Year) Scope Methodology  Major Findings Limitations and Future 

directions 

Hawn (2009) How social media 

reshaping healthcare  

Case Study – based on 

Hello health   

Provided in-depth insights regarding the 

social media model in healthcare, 

including use, benefits, and challenges 

from the perspectives of health 

professionals, patients, investors and 

health organisations  

This study is a bit dated but 

the study is a unique and 

highly cited article. Future 

research may consider the 

feasibility of the Hello health 

model in the context of other 

countries.  

Panahi et al. 

(2016) 

Benefits and challenges of 

social media from the 

perspective of physicians  

Semi-structured 

interviews of 24 

physicians from around 

the world 

People with serious mental illness 

report benefits from interacting with 

peers online from greater social 

connectedness, feelings of group 

belonging and by sharing personal 

stories and strategies for coping with 

day-to-day challenges of living with a 

mental illness. 

Limited generalisability of 

the findings due to the small 

sample size and interviewed 

only active users of social 

media. Future studies should 

investigate the social media 

use behaviour of both users 

and non-users in different 

geographical contexts.  

Von Muhlen 

and Ohno-

Machado 

(2012) 

Reviewing social media 

use by clinicians 

A systematic review of 

50 articles using 

PubMed database. 

Articles were classified 

into five categories- 

Overviews, adoption 

surveys, reference use, 

educational impact and 

Some clinicians do integrate social 

media in their professional activities, 

and the privacy & concern is a 

significant issue. It is not clear whether 

social media will become an integral 

aspect of healthcare or continue to 

function as a complementary 

technology. 

More research is required to 

conceptualise the influence 

of social media on health 

professionals’ behaviour and 

patients’ outcomes. 
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use, and professional 

conduct. 

Naslund et al. 

(2016) 

Peer-to-peer support and 

social media in mental 

healthcare  

Commentary based on 

extant literature  

Patients noted interaction with peers 

online provides greater social 

connectedness, feelings of group 

belonging and helps them to cope with 

challenges of mental illness.  

The biggest question is 

whether the feel-good factor 

will have an impact on in 

real life. Upcoming research 

should continue to explore 

the potential to support, 

engage and empower people 

with severe mental illness 

through social media 

networks. 
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As indicated in Table 2.8, existing literature related to social media adoption is still immature 

and absent of relevant empirical studies addressing the acceptance/use behaviour of health 

professionals and consumers. Moreover, little has been published regarding the social media 

adoption behaviour of Australian health professionals and health consumers.  Thus, the lack 

of useful empirical studies and research about the adoption of social media has resulted in 

little understanding of user acceptance and adoption of social media technologies healthcare. 

To the best of my knowledge, no study examined the factors influencing the social media 

usage/acceptance of Australian health professionals and consumers. This study aims to 

undertake an in-depth investigation of the predictors of health professionals’ and consumers’ 

social media adoption behaviour.  

2.10 Conclusion 

This chapter has reviewed and examined the extant literature on social media in the 

healthcare context.  Current definitions of social media were presented, and a new definition 

of social media has been proposed. A detailed overview of the applications of social media 

tools was addressed, and the implications of social media use in healthcare were examined. 

The literature revealed several critical benefits of using social media and indicates that social 

media enable social support, facilitate patient empowerment, expedite learning and education, 

allow social listening, improve relationships and increase connectivity and user participation.   

The downside is that poor information quality and reliability, organisational resistance, 

privacy and confidentiality, inefficiency, and adverse health consequences have been 

identified as major barriers regarding social media adoption. These factors will be theorised 

in subsequent chapters to develop the theoretical framework for this research.  The evaluation 

of the literature uncovers a lack of evidence and shortcomings in the current body of work 

concerning healthcare and the role of social media. The following chapter (Chapter 3) 

discusses the details of the existing technology adoption models for developing the 

theoretical framework of the study. 
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CHAPTER 3 : REVIEW OF THE TECHNOLOGY ADOPTION MODELS 

3.1 Introduction 

This chapter presents a critical review of the literature concerning technology acceptance 

models that led to the development of the conceptual framework for this research. The 

volume of research concerning technology adoption is imposing and steadily growing. A 

plethora of research explained the adoption of new technologies and systems in healthcare 

through varied technology adoption models such as Theory of Reasoned Action (TRA), 

Theory of Planned Behaviour (TPB), Information Technology Adoption Models 1 and 2 

(TAM1, TAM2), Unified Theory of Acceptance and Use of Technology (UTAUT, UTAUT2) 

(Ward, Stevens, Brentnall, & Briddon, 2008). These models have surpassed the test of time 

and guided many research studies in the last two decades. However, many publications on 

technology adoption, acceptance, and rejection have simply resulted in increased 

fragmentation of knowledge (Bagozzi, 2007). For example, Unified Theory of Acceptance 

(UTAUT) contains 41 independent variables, and still, arguments can be made that crucial 

variable such as external conditions have not been taken into consideration.  Nevertheless, 

technology adoption models seemingly seduced the researchers in favour of a simple model. 

However, researchers have consistently overlooked an essential aspect of technology 

adoption - the outcome of technology adoption. Models such as Expectation Confirmation 

Model (Bhattacherjee, 2001) and IS Success Model (DeLone & McLean, 1992) attempt to fill 

that void by predicting the outcome of information technology adoption.  

An overview of the leading technology adoption model is presented in the following sections.  

3.2 Theory of Reasoned Action (TRA) 

The earliest model used to explain technology acceptance was developed in the social 

psychology field. The work can be traced back to the long 1918-1970 period when scientists 

were trying to explain individuals’ behaviour through the impact of attitude. Their 

contributions ended with contradictory explanations regarding behaviour and attitude. It was 

found that attitude has either a direct or an indirect effect on behaviour and can be considered 

as a multidimensional factor or a unidimensional one (Montano & Kasprzyk, 2015). Ajzen 

and Fishbein (1980) attempted to predict human behaviour in laboratory and applied settings. 

Their approach served as the integration of diverse theories and lines of research concerning 
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attitudes, for example learning theories, expectancy-value theories, balance theory, the theory 

of cognitive dissonance, and theories of attribution. They aimed at developing a theory that 

could predict, explain, and influence human behaviour (Ajzen & Fishbein, 1980). They 

introduced the theory of reasoned action in 1967, but over the years this theory has been 

refined, developed, and tested in different contexts. 

The theory assumes that individuals are rational and will make systematic use of the 

information available to them to take the required actions. Individuals consider the 

implications of their actions before they decide to engage or not engage in a given behaviour 

(Ajzen & Fishbein, 1980). The theory looks at behavioural intentions, rather than attitude, as 

the main predictor of behaviour. According to TRA, the most critical determinant of an 

individual’s behaviour is the behavioural intention. An individual’s intention to perform a 

behaviour is a combination of attitude towards the performance of the behaviour, and 

subjective norms. Attitude stems from an individual’s beliefs about the potential outcomes or 

attributes of carrying out certain behaviour (behavioural beliefs). Subjective norm is rooted in 

an individual’s normative beliefs. It focuses on the opinion of referent individuals weighted 

by the individual’s motivation to comply with those referents (Montano & Kasprzyk, 2015). 

A model explaining the theory is depicted in Figure 3.1.  

Figure 3.1: Factors determining a person’s behaviour 

 

Adopted from Ajzen and Fishbein (1980) 

Ajzen and Fishbein (1980) established that an individual’s attitude towards any object can be 

predicted with a high degree of accuracy from the knowledge of the individual’s beliefs about 

the attitude object and the evaluation aspect of these beliefs. Sheppard et al. (1988) conducted 

two meta-analyses to examine the robustness of the Fishbein and Ajzen model in research. 

The authors found substantial evidence for the predictive utility of the model (Sheppard, 

Hartwick, & Warshaw, 1988). However, Ajzen and Fishbein (1980) noted that for the theory 
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to predict a specific behaviour, attitude and intention must agree on action, target, context, 

time frame and specificity (Sheppard et al., 1988). Another notable limitation of the theory 

seems to stem from the assumption that behaviour is under violation control. That is, the 

theory only applies to behaviour that is consciously thought out beforehand. Irrational 

decisions, habitual actions or any behaviour that is not consciously considered cannot be 

predicted by this theory (Montano & Kasprzyk, 2015). 

3.3 Theory of Planned Behaviour (TPB) 

To address the issue of violation control and the general limitations of the theory of reasoned 

action Ajzen (1985) proposed the theory of planned behaviour. Ajzen and colleagues added 

an additional variable - perceived behavioural control (PBC) to TRA to address the factors 

beyond an individual’s control that may influence intentions and behaviours (Ajzen, 1985; 

Ajzen & Driver, 1991). With this addition, they have articulated the Theory of Planned 

Behaviour (See Figure 3.2). The theory of planned behaviour is considered an extension of 

the theory of reasoned action, and similar to the theory of reasoned action, the central element 

of the theory of planned behaviour is the individual’s intention to perform a given behaviour. 

The theory explains three major antecedents of human behaviour: behavioural beliefs, 

normative beliefs, and control beliefs. Behavioural beliefs are associated with the possible 

results of the behaviour and the evaluations of these outcomes. Normative beliefs are 

grounded on others’ expectation and impetus to comply with the expectations. Control beliefs 

are based on the presence or absence of elements that may enable or hinder the outcome of 

the behaviour and the perceived power of these factors in facilitating the behaviour (Ajzen, 

1985; Montano & Kasprzyk, 2015). Thus, the theory postulates that behaviour is a function 

of salient beliefs relevant to that behaviour. These salient beliefs are the determinants of a 

person’s intentions and actions and are depicted in Figure 3.2 below. 
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Figure 3.2: Theory of Planned Behaviour 

 

Adopted from Ajzen (1991) 

Therefore, in situations where prediction of behaviour from intentions is likely to be hindered 

by actual (volitional) control, PBC should: (1) facilitate the implementation of behavioural 

intentions into action, and (2) predict behaviour directly (Armitage & Conner, 2001). As a 

result, PBC together with behavioural intention can be used directly or indirectly to predict 

behaviour achievement. 

Nevertheless, for accurate prediction, several conditions must be met. First, the measures of 

intention and PBC must be compatible with the behaviour that is to be predicted, and the 

specified context must be the same as that in which the behaviour of interest is to occur. The 

second condition for accurate behavioural prediction is that intentions and PBC must remain 

stable in the interval between their assessment and observation of behaviour, as intervening 

events may produce changes in intentions or perception of behavioural control. The third 

requirement for predictive validity has to do with the accuracy of behavioural control; 

prediction of behaviour from perceived behavioural control should improve to the extent that 

perception of behavioural control realistically reflects actual control (Ajzen, 1991) 

Models such as TRA and TPB are not without criticism and debate. Most scholars tend to 

agree with the core theoretical assumptions of TPB; however, they often raised questions 

concerning the limiting conditions of the theory, such as its lack of its predictive validity 

(Sniehotta, Presseau, & Araújo-Soares, 2014), utility (Sutton, 2003) and inability to 

accommodate cognitive and affective outcomes (Ajzen, 2011; Sheeran, Gollwitzer, & Bargh, 

2013). McEachan and colleagues argued that the static explanatory nature of the theory 

hinders the demonstrated effects of behaviour on cognitions and future behaviour.  Therefore, 

TPB can no longer be considered as a conceivable theory of behaviour and it is time for 
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researchers to retire the theory (McEachan, Conner, Taylor, & Lawton, 2011) and move 

towards theoretical development of testing new falsifiable hypotheses to: firstly, better 

explain behavioural patterns; and secondly, enable behavioural intervention development.  

3.4 Diffusion of Innovation Theory (DOI)  

The Diffusion of Innovation Theory is often considered as the light bearer in the domain of 

innovation research and widely regarded as the most useful model for understanding the 

diffusion of technological innovations (Kaminski, 2011). Rogers (1995) defines DOl as the 

method by which an innovation is diffused over time among the members of a social system. 

A typical model sequentially articulates adoption and implementation stages (see Figure 3.4). 

These stages enable the researcher to predict innovation of diffusion over time and space 

(Lyytinen, 1991). Rogers’s study reveals the fundamental questions of how, why and the rate 

at which new technological ideas spread throughout cultural dimensions (2003). Factors that 

influence the diffusion of innovation are: innovation, communication channels, time, and a 

social system.  

Figure 3.3: The diffusion process  

 

Adopted from Rogers (2010) 

Based on the work of Rogers (2010), a summary of the factors is provided below:  

(1) The innovation: From its discovery, an idea, practice or objects might be 

perceived as “objectively” or not by a certain individual or a group. The 

newness of that idea and the extent of its alienated features determine an 

individual’s behaviour towards it. Hence if the idea is new to the individual, it 

is recognised as an innovation. 
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(2) Communication channels: The process by which contributors create and share 

information among them to reach a mutual understanding. 

(3) The time aspect of the innovation diffusion process measures the time from 

the creation of first knowledge of an innovation to decision stage that includes 

the adoption or rejection of the innovation. Thus, the time dimension monitors 

the pace with which the innovation isdiffused into a 

society/organisation/department.  

(4) Social system: a group of strategic units contributing towards solving a 

specific problem in reaching a clearly defined objective.  

Rogers (2003) established that innovation and technology go hand-in-hand and are often 

termed as synonyms. Most information systems are created and adopted with the explicit goal 

of reducing uncertainty and streamlining operations. 

Figure 3.4: DOI Theory 

 

Adopted from Rogers (2003) 

Researchers have noticed a tremendous growth in the innovation diffusion modeling in the 

last few decades (Skiadas & Skiadas, 2011). An outcome of DOI research has been the 

identification of innovation attributes which ostensibly influence diffusion (relative 

advantage, compatibility, complexity, trialability, and observability) and the classification of 

adapters, these being innovators, early adopters, early majority, late majority, and laggards 

(Rogers, 2003). 

According to Rogers (2003) innovation attributes can explain the rate of innovation adoption. 

Most of the variance in the rate of adoption (49% to 87%) is demonstrated by the five 

perceived characteristics of innovation. These attributes are interrelated empirically but each 
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is conceptually distinct, and the selection of these attributes is based on past research as well 

as a desire for maximum generality and succinctness: 

 Relative advantage: Refers to the extent to which an innovation is perceived better 

than the idea it surpasses. 

 Compatibility: Denotes the extent to which an innovation is aligned with 

prevailing values, prior experiences, and requirements of potential adopters. 

 Complexity: Represents the perceived difficulty associated with innovation. 

 Trialability: Denotes the degree to which an innovation is testable in a new 

context. 

 Observability: Refers to the degree to which the results of an innovation are 

visible to others. 

To summarise, the DOI theory explains the innovation-decision process, factors determining 

the rate of adoption, and categories of adopters which state the key behaviour towards 

technological changes (Rogers, 2003). However, scholars argue that the theory does not 

provide evidence on how attitude evolves into acceptance/rejection decisions, and how 

innovation characteristics fit into this process (Karahanna, Straub, & Chervany, 1999). Prior 

studies also argue that DOI theory does not quite answer when and how innovations are (both 

efficient and inefficient innovation) accepted or rejected (Abrahamson, 1991).  

Conversely, Rogers stated that rejection decisions can happen at any stage in the decision 

process and that attitudes are formed in the knowledge-reinforcement path. He did not 

explain the role of diffusion theory in shaping the attitudes. However, it is important to 

remember that innovation has different categories of adopters. Subsequently, it is unrealistic 

to expect one model to successfully generalise how positive or negative attitudes can be 

formed in various stages of adoption (Rogers, 2003). 

3.5 Technology, organisation, and environment context  

Tornatzky and Fleischer (1990) introduced the TOE framework, which is an organisation-

level theory that uncovers the three different components of a firm’s context that influence 

adoption decisions. These three elements are known as technological context, the 

organisational context, and the environmental context (Figure 9):  
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(a) Technological context explains both the internal and external technologies relevant to 

the firm which includes current practices and equipment internal to the firm, as well 

as the set of available technologies external to the firm (Hage, 1980).  

(b) Organisational context refers to characteristics, resources and descriptive measures 

about the organisation such as scope, size, and managerial structure. The notion of 

organisational context includes interconnected structures between employees, intra-

firm communication processes, firm size, and the extent of idle resources (Baker, 

2012; Oliveira & Martins, 2011). 

(c) Environmental context refers to the environment in which a firm operates. The 

environmental context includes organisation of the industry, the extent of the 

dominance of technology service providers, competitors, and the regulatory 

environment surrounding the firms within the industry (Baker, 2012; Tornatzky & 

Fleischer, 1990).  

Figure 3.5: TOE Framework 

 

Adopted from Baker (2012) 

TOE is a valuable framework for studying the adoption and assimilation of different types of 

information technology-based innovations. The framework is rooted in strong theoretical and 

empirical underpinning. However, specific factors identified within the three contexts may 

vary across different studies and research contexts (Baker, 2012; Liu, 2008; Mishra, Konana, 

& Barua, 2007).  
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The TOE framework is mostly consistent with Rogers' (1995) DOI theory where the focus is 

on individual characteristics, along with the internal and external characteristics of the 

organisation, as drivers for organisational innovativeness. These characteristics resemble the 

technology and organisation context of the TOE framework. However, the TOE framework 

also includes an additional factor, the environmental context. Tornatzky and Fleischer (1990) 

assert that the environment context postulates new opportunities and challenges for 

technological innovation. For example, an organisation can use the decline in one industry to 

innovate through investing in value chain-based products or goods/services, or simply 

moving into a new industry or business (Baker, 2012). 

A few studies also used the TOE framework in conjunction with other theories to explain and 

understand the IT adoption process (Chong, Lin, Ooi, & Raman, 2009; Lee & Shim, 2007; 

Oliveira & Martins, 2010; Zhu, Kraemer, Gurbaxani, & Xu, 2006).  For example, Zhu et al. 

(2006) combined relative advantage, compatibility, cost, and security concern from DOI with 

the TOE framework to explain the process of innovation assimilation by firms in different 

countries. Oliveira and Martins (2010) combined the DOI, institutional theory, and the 

Iacovouet al. (1995) model to evaluate the factors adoption of e-business by a European 

firm.  

Regarding its limitations, the theory has often been used to complement other innovation 

adoption models rather than offering competing explanations (Baker, 2012). Thus, Zhu 

and Kraemer (2005) described TOE as a ‘generic’ theory, which is highly adaptable and 

new factors can be easily placed within the three domains offered in the framework. 

Therefore, competition between the TOE framework and other innovation theories has been 

light. New ideas need to be integrated into the TOE framework to enhance the robustness of 

the theory. A modified version of the TOE through the integration of new competing ideas 

would improve the applicability and popularity of the framework (Baker, 2012).  

3.6 IS Success Model 

Based on a review of the 180 empirical and conceptual studies in field of information system 

(IS) success research, DeLone and McLean (1992) discover that the success of an 

information system is based on six major factors: (1) system quality, (2) information quality, 

(3) use, (4) user satisfaction, (5) individual impact, and (6) organisational impact. Embedded 

in these success factors, DeLone and McLean (1992) proposed an Information system (IS) 

success model outlined in Figure 3.6. The model made significant contributions to the 
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domain of information system (IS) success literature by providing a structure for classifying 

the information system success measures. These measures have been proposed or used by 

scholars in generic communication literature.  

 

Figure 3.6: IS Success Model 

 

Adopted from DeLone and McLean (1992) 

Evidence from numerous journals and articles directly or indirectly posited challenges and 

critiques in favour of expanding the model to address its shortcomings (Delone & McLean, 

2003). Several researchers endeavored to extend or modify the model according to the 

context of their study (Petter, DeLone, & McLean, 2008). Scholars also pointed out some 

apparent limitations of the model (Myers & Tan, 2003; Pitt, Watson, & Kavan, 1995; 

Seddon, Staples, Patnayakuni, & Bowtell, 1999; Wang & Liao, 2008) when trying to 

understand the success – or otherwise - of a new system. Specifically, Pitt et al. (1995) 

argued that the IS function in a contemporary environment includes a dominant service 

component. However, the model is mostly about the products instead of the services of the IS 

functions. Delone and McLean (2003) accepted the suggestion of Pitt and colleagues, 

subsequently including service quality as an additional measure of IS success. As well as 

service quality, they recommended assigning different weights to system quality, information 

quality, and service quality depending on the context and application of the model. The 

updated model is shown in Figure 3.7. 
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Figure 3.7: The Reformulated IS Success Model 

 

Adopted from Petter et al. (2008) 

Drawing on the work of Seddon et al. (1999) and Myers and Tan (2003) the updated model 

also replaced the variables, individual impact, and organisational impact, with net benefits, 

to account for benefits at multiple levels of analysis. This revision allowed the model to be 

applied to different levels of study based on the preference of the researchers (Petter et al., 

2008).  

The above-reconstructed model consists of three significant dimensions, i.e. information 

quality, system quality, and service quality. They can be controlled individually, whereas user 

satisfaction and intention to use can be employed jointly or separately because of their 

interrelationship. Intention to use must precede user satisfaction in a process sense, but a 

positive experience with use will enhance user experience and satisfaction. Likewise, 

increased user satisfaction is said to strengthen the intention to use and thus the actual use of 

a system (Fitzgerald & Russo, 2005). This use and user satisfaction will consequently lead to 

certain net benefits as a result (DeLone & McLean, 2002). The feedback loops are still valid 

even if the net benefits are negative. The choice of where the impact should be measured is 

subject to the system being calculated and monitored for their purposes (Delone & McLean, 

2003)  

In the last three decades, countless studies addressed the success of information systems in 

various contexts (Fitzgerald & Russo, 2005; Garrity, Glassberg, Kim, Sanders, & Shin, 2005; 

Premkumar, Ramamurthy, & Nilakanta, 1994; Scheepers, Scheepers, & Ngwenyama, 2006; 

Wade & Hulland, 2004). The model was found to be very efficient in measuring IS’s 
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effectiveness. Some scholars also combined the model with other technology acceptance 

model to predict the IS/IT adoption behaviour (Khan et al., 2015).  However, it is not very 

clear if the IS success model is suitable for measuring hedonic information systems. The 

emergence of social networking-based platforms in the service delivery context poses new 

challenges, and it will be interesting to see whether all categories of the IS success model 

will stay relevant or not. Petter et al. (2008) and Rai, Lang, and Welker (2002) predicted 

that success of some new systems (for example, gaming, social media) might need to be 

measured differently. Thus, a model of information systems needs to be tested empirically 

in emergent IS settings such as social media and e-commerce so that a clear picture of the 

impacts of their systems and methods is obtained.  

3.7 Technology Acceptance Model  

On the topic of information system research, how and why individuals adopt a new 

technology or system has drawn the attention of numerous researchers (Straub, 2009). The 

Technology Acceptance Model (TAM) was first devised by Davis (1985), which is deeply 

rooted in social psychology research and emerged as a parsimonious model of technology 

adoption and use. The theoretical foundation of TAM theory is based on the theory of 

reasoned action (Ajzen & Fishbein, 1980) and it denotes the antecedents of technology usage 

through beliefs about two factors: the perceived usefulness (PU) and perceived ease of use 

(PEOU) of a technology (Davis, Bagozzi, & Warshaw, 1989). Perceived usefulness refers to 

the extent a user believes that using a particular system will enhance their job performance. 

Perceived ease of use (PEOU) refers to the extent a potential user expects that the target 

system to be free of efforts (Davis et al., 1989). The model explains that perceived usefulness 

and perceived ease of use influences the user’s attitudes toward using technology (intention). 

In turn, intentions to use will determine whether a person will use the application or not.  

Figure 3.8: Technology Acceptance Model 

 

Adopted from Davis et al. (1989) 
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Replication of the original TAM study across different settings, cultures, systems, and 

persons confirm the applicability and the TAM model’s robustness (King & He, 2006; 

Yousafzai, Foxall, & Pallister, 2007).  In a statistical meta-analysis of 88 published studies, 

King and He (2006) found TAM to be a valid and robust model that has been widely used 

and also predicted the model’s wider applicability. King and He revealed that the TAM 

model has experienced substantial modifications in subsequent years following its inception 

(2006). The inclusion of external precursors (prior factors), other theories, contextual factors 

and consequence measures are a few notable modifications. Figure 3.9 below depicts four 

significant categories of changes experienced by the TAM.  

Figure 3.9: Categories of adjustment in TAM 

 
Adopted from (King & He, 2006) 

Venkatesh, Davis, and Morris (2007) specified that the robustness and strong generalisability 

of the TAM will lead to numerous replications with minor modifications and no substantive 

theoretical advance. This state is not desirable for technology adoption research.  In a meta-

analysis of 101 previous studies, Lee, Kozar, and Larsen (2003) found that TAM researchers 

are caught in the incremental approach and primarily draw on past studies with minor 

modifications. However, Lee et al. (2003) found a more profound understanding of factors 

contributing to ease of use and usefulness was needed, specifically in examining different 

information systems and environments. Venkatesh and colleagues argued that other 

competing models in technology adoption research (for example, Innovation Diffusion 

Theory, Model of PC Utilisation) are more versatile and include more attributes. However, 

the empirical data has typically weighed in favour of TAM and its derivatives (Venkatesh et 

al., 2007).  However, other scholars (Chin & Todd, 1995; Taylor & Todd, 1995b) called for 
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more in-depth research regarding the determinants of perceived usefulness of applications in 

different settings with a goal to provide systematic, practical guidance about the mechanisms 

of enhancing adoption and use by influencing perceptions of the users.  

3.8 Extension of the Technology Acceptance Model (TAM2) 

In response to the call for additional research, Venkatesh and Davis (2000) extended the 

original TAM model to explain the determinants of perceived usefulness and usage intentions 

constructs, which are meant to describe the changes in technology acceptance over time as 

individuals tend to gain experience in using the targeted system or technology. The TAM2 

model incorporates additional theoretical constructs related to social influence and cognitive 

instrumental processes. Subjective norm, voluntariness, and image are related to social media 

influence process. Conversely, job relevance, output quality, and result demonstrability are 

related to cognitive instrumental processes. 

Figure 3.10: TAM2 – Extension of the Technology Acceptance Model 

 

 

Adopted from Venkatesh and Davis (2000) 

TAM2 theorises that the subjective norms directly affect intention to use over perceived 

usefulness and perceived ease of use in a mandatory system/technology usage setting. To 

differentiate between voluntary and mandatory parameters of system usage, Venkatesh and 

colleagues hypothesise voluntariness as a moderating variable, by which subjective norm can 

influence intention indirectly through perceived usefulness. The theorised relationship is 

based on the notion of internalisation and identification. Internalisation refers to the degree of 

an individual’s belief is influenced by the referents. TAM2 theorises that internalisation 

occurs irrespective of the usage context. Thus, even in a mandatory context, persuasive social 

information positively affects the user perception of a system’s usefulness and influence 

his/her intention towards the adoption of the system. TAM2 further posits that through 

identification, subjective norms will positively influence the image. An individual is likely to 
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use a target system if important members within his/her social group believe that he/she 

should. TAM2 theorises that identification will also occur in both voluntary or mandatory 

usage contexts.  

Experience is hypothesised to mediate the relationships between subjective norms (SN) and 

intentions to use (IU) on the one hand and subjective norms - perceived usefulness (PU) on 

the other. Previously, the relationship between SN and intention would be stronger in 

mandatory usage context and before implementation or at early stages of use. However, the 

relationship is expected to weaken with gained experience during system usage. Experience 

would have the same effect on the Subjective Norm (SN) – perceived usefulness (PU) 

relationship.  

Regarding the cognitive instrumental process, TAM2 suggests that individuals evaluate the 

alignment between work goals and the outcome of using a system as a foundation for 

developing judgments about the system usefulness (perceived usefulness of the system). The 

same philosophy applies regarding result demonstrability and output quality. If users form a 

positive opinion about the effectiveness of the system, they tend to perceive the system as a 

useful one. The relational pattern of the cognitive instrumental process does not change with 

increased experience. 

Venkatesh and Davis (2000) carried out four longitudinal studies on four different systems at 

four organisations at three points in time. They revealed that the extended model accounted 

for 40% to 60% of the variance in usefulness perceptions and 34% to 42% of the variance in 

usage. Their study also found that user acceptance of computerised systems is significantly 

influenced by both social influences and cognitive instrumental processes.  

Liang, Xue, and Byrd (2003) predicted the Personal Digital Assistants (PDAs) acceptance by 

healthcare professionals using TAM2. The proposed model explained 61.6% of the variance 

in the healthcare professionals’ behavioural intention to use PDA, and in sync with the study 

of Venkatesh and colleagues, the results supported that perceived usefulness and perceived 

ease of use are dominant determinants of usage.  

However, an empirical study by Chismar and Wiley-Patton (2003) revealed somewhat 

conflicting results. These authors examined the viability of the TAM2 model in the health 

context to determine physicians’ behavioural intention to adopt Internet-based health 

applications. They examined 89 pediatrics and found that TAM2 explained up to 59% of the 
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variance in perceived usefulness. Thus, the study confirmed that perceived usefulness was a 

strong determinant of intention to use. However, perceived ease of use and the social 

influence processes did not predict intention to use.  

Figure 3.11: Assessment of TAM 2 

 

Adopted from Chismar and Wiley-Patton (2003) 

The authors argued that usefulness, relevance and output quality are the main factors that 

influence physicians’ behavioural intention to adopt new technology in the healthcare sector. 

For example, Keil, Beranek, and Konsynski (1995) support the notion that in determining 

whether or not to use a particular technology, usefulness is more important than ease of use. 

Thus, the results demonstrated the practical perceptions of health professionals regarding he 

adoption of information technology, which explains the lack of weight placed on perceived 

ease of use.  

3.9 Unified Theory of Acceptance and Use of Technology (UTAUT)  

Venkatesh et al. (2003) specified that the information technology (IT) and acceptance 

research has resulted in a multitude of competing models in the domain of information 

systems, psychology, and sociology. Most of these competing models successfully explain 

over 40% of the variance in behavioural intention to use technology, each with different sets 

of acceptance determinants. Thus, academics and researchers are often replicate their 

favourite model in different settings and ignore contributions from the other models. To 

progress towards a unified view of user acceptance, Venkatesh et al. (2003) formulated and 

empirically validated a unified model that combined eight prominent theoretical models, 

namely: i) Theory of Reasoned Action (TRA); ii) Technology Acceptance Model (TAM, 

TAM-2), iii) combined TAM and TPB (C-TAM-TPB); iv) Motivational model (MM); v) 
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Theory of Planned Behaviour (TPB) and Decomposed TPB; vi) Model of PC Utilisation 

(MPCU); vii) Innovation Diffusion Theory (IDT); and viii) Social Cognitive Theory (SCT).  

Venkatesh et al. (2003) tested these eight models using data from four different organisations 

and found that all eight explained between 17% and 53% of the variance in users’ intentions 

to use information technology. Subsequently, the United Theory of Acceptance and Use of 

Technology (UTAUT) was proposed.  An empirical test of the UTAUT model reveals that 

the model outperforms the eight individual models in terms of the explanatory power and 

explained 69% of the variance in user intention to use information technology. UTAUT is an 

essential model for understanding the effectiveness and effect of the information system, 

which is based on eight major streams of IS research. The constructs of the UTAUT model is 

shown in Figure 3.12. 

Figure 3.12: UTAUT Constructs 

 

Adopted from Venkatesh et al. (2003) 

A brief description of each model is given below. 

Model 1: Theory of Reasoned Action (TRA) – attitude and behaviour are said to be the 

foundation pillars of psychological theories which began in 1862. Fishbein (1975) attempted 
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to predict behaviours based on the assumption that individuals use available information 

systematically and make rational decisions. 

Model 2 and 3: Technology Acceptance Model (TAM, TAM-2, and C-TAM-TPB) –  Davis 

(1985) first proposed the skeleton of the technology acceptance model in his doctoral thesis. 

He argued that system use is a response that can be explained or predicted by user motivation 

which is in turn influenced by an external stimulus. Davis further modified his conceptual 

model in subsequent years; in 1989 he suggested that two major beliefs determine attitude 

towards a system:  perceived usefulness, which was the extent “to which a person believes 

that using a particular system would enhance his or her job performance” and Perceived ease 

of use, refers to the extent “to which a person believes that using a particular system would 

be free of effort” (Davis, 1989, p. 320). Later development of TAM includes behavioural 

intention as a new variable that would be influenced by both perceived usefulness and 

attitude (Davis et al., 1989). 

Model 4: Motivational Model (MM) - The Motivational Model test the effects of extrinsic 

and intrinsic motivation on human behaviour. Extrinsic motivation refers to engaging in an 

activity that yields valued outcome (for example, bonus or promotion). Intrinsic motivation, 

on the other hand, refers to a combination of factors that affect users’ behaviour without any 

visible reinforcement (for instance, enjoyment, playfulness).  Extant research in psychology 

has reinforced general motivation theory as an explanation for human behaviour. In the 

domain of information system research, studies have examined motivational theory and 

adapted it to understand new technology adoption and use (Davis, Bagozzi, & Warshaw, 

1992; Venkatesh, 2000; Yoo, Han, & Huang, 2012).  

 Model 5: Theory of Planned Behaviour (TPB) and Decomposed TPB – Ajzen (1991) 

extended the Theory of Reasoned Action (TRA) by adding perceived behavioural control. 

Thus, Theory of Planned Behaviour (TPB) is an extension of the TRA model. TPB is 

frequently used to predict and understand intention and behaviour in a wide variety of 

context. Decomposed Theory of Planned Behaviour (DTPB) is a related model which is 

identical to the TPB concerning prediction of behavioural intentions. However, in contrast to 

TPB but similar to TAM, DTPB “decomposes” attitude, subjective norm, and perceived 

behavioural control and included salient features to better understand the associations 

between the belief structures and antecedents of behavioural intention (Taylor & Todd, 

1995a).  
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Model 6: Model of PC Utilisation (MPCU) – MPCU is predominantly based on Triandi’s 

(1979) theory of interpersonal behaviour. The theory describes how behaviour occurs and 

what variables induce human behaviour. Thompson, Higgins, and Howell (1991) modified 

Triandi’s work and employed six constructs to predict PC usage behaviour: job-fit, 

complexity, long term consequences, affect towards use, social factors and facilitating 

conditions. A brief description of these six constructs is provided in Table 3.1. 

Table 3.1 MPCU constructs 

Construct Definition 

Job Fit   The extent of the belief that a specific technology can improve job 

performance 

Complexity 

 

The extent to which a particular technology is relatively difficult to 

understand and use 

Long-term 

Consequences 

 

Future outcomes that will have a pay-off  

Effect on use 

 

Relative emotions felt by an individual after performing a particular 

act 

 

Social factors The extent of influence exerted by the social groups including family 

members, references groups, friends, and relatives. 

Facilitating 

conditions 

Availability of required conditions to perform a specific task 

Adapted from Thompson et al. (1991) 

Model 7: Innovation Diffusion Theory (IDT) –  As discussed earlier, this theory addresses 

the simple questions of how, why and the rate at which new technological ideas spread 

throughout cultural dimensions (Rogers, 2003). The theory demonstrated that the factors that 

influence the diffusion of innovation are: innovation, communication channels, time, and 

social system.  

Model 8: Social Cognitive Theory (SCT) –   Drawing on Bandura’s (1986)  Social cognitive 

theory, Compeau and Higgins (1995) extended and applied SCT to the context of computer 

utilisation. The core constructs of Social Cognitive Theory are: a) outcome expectations—

performance; refers to the consequences of an individual’s performance-related behaviour 

concerning job-related outcomes; b) outcome expectations—personal: esteem and sense of 

accomplishment of personal consequences; c) self-efficacy judgment: an individual’s ability 

to use a technology when completing a particular task; d) affect: preferences  of performing a 
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particular behaviour; e) anxiety: the feeling of anxiousness or experiencing emotional 

reactions when performing a behaviour (Venkatesh et al., 2003).  

Based on the eight models discussed above, UTAUT assesses users’ behavioural intentions to 

use a particular information system and subsequent usage behaviour. The variance in 

intentions can be explained by measuring the effect of four critical independent constructs, 

namely, performance expectancy (PE), effort expectancy (EE), social influence (SI), and 

facilitating conditions (FC) as direct determinants of usage intention and behaviour. The 

effect of independent variables on dependent variables is moderated by following four 

moderating variables: gender, age, experience, and voluntariness of use (Venkatesh et al., 

2003). A brief overview of the key constructs of the UTAUT model follows below.   

Performance expectancy (PE) refers to the extent a potential system user believes that using 

the system would improve his/her job performance. The performance expectancy construct 

can be mapped to five other constructs from the different models: perceived usefulness 

(TAM/TAM2 and C-TAM-TPB), extrinsic motivation (MM), job-fit (MPCU), the relative 

advantage (IDT), and outcome expectations (SCT). 

Effort expectancy (EE) refers to how easily an individual can use a new system or 

technology. Effort expectancy is similar to the perceived ease of use of TAM and TAM2, 

complexity from MPCU, and ease of use from IDT. 

Social influence (SI) refers to an individual’s perception of other people’s opinions on 

whether he or she should use the system. The construct is based on the notion that an 

individual’s system usage behaviour is influenced by the way in which one believes others 

will view him/her as a result of having used the new system. Venkatesh et al. (2003) mapped 

subjective norms in TRA, TAM2, and TPB, social factors in MPCU, and image in IDT to this 

construct. The effect of social influence on the intention to use technology has been shown to 

be significant in several previous acceptance studies (Kijsanayotin, Pannarunothai, & 

Speedie, 2009; Tan, 2013), while a few highlight a non-significant effect, especially studies 

on professionals with high autonomy such as physicians (Tung, Chang, & Chou, 2008).  

Facilitating conditions (FC) is defined as the extent to which a potential system user 

believes that required infrastructure and supporting conditions (Organisational and technical) 

exist to facilitate the use of the new system. The UTAUT’s facilitating conditions construct 

captures the perceived behaviour control concept from the TPB and c-TAM-TPB models, the 
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facilitating conditions concept from the MPCU model and compatibility from the IDT model. 

Previous technology adoption studies also exhibited a positive effect of facilitating conditions 

on innovation use behaviour (Alshehri, Drew, Alhussain, & Alghamdi, 2012; Venkatesh, 

Sykes, & Zhang, 2011; Wu, Tao, & Yang, 2007).  

Figure 3.13: UTAUT Model 

 

Adopted from Venkatesh et al. (2003) 

Despite UTAUT accounting for 69% of the variance of behavioural intention to use, one of 

its major limitations is its incapability to consider barriers of adoption and cultural context of 

technology acceptance. Im, Hong, and Kang (2011) applied the model for an international 

comparison of technology adoption and found that the UTAUT model fits well with their 

data. However, many authors covered the problem area by including contextualised 

constructs to examine the adoption pattern of a new technology or system.  

Williams, Rana, Dwivedi, and Lal (2011) conducted a systematic review on the citation of 

UTAUT’s original article, and they found that 43 studies used UTAUT as a theoretical 

model. The analysis of the external variables analysis reveals that 22 out of 43 studies have 

used external variables in their investigations and seven out of the 43 UTAUT-based studies 

employed external theories in their final research model.  

As indicated in Figure 3.14, the external variable analysis revealed a mixed set of results. 

External variables such as anxiety, training, age, perceived credibility, and social isolation do 

not have a significant impact on behavioural intention. However, variables such as trust, 

attitude, perceived ease of use, perceived usefulness, computer self-efficacy, gender, 
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perceived risk, income, and experience did exert a significant impact on behavioural intention 

(Williams et al., 2011)  

Figure 3.14: Accumulated impact of the external variables 

 

Adopted from Williams et al. (2011) 

It is evident that the integration of external variables is a common trend in the UTAUT 

research field. According to Williams et al. (2011) the pattern of including external variables 

is somewhat unexpected, as UTAUT was intended to be a unified theory, founded through 

mapping of numerous variables from eight established theories and models. Moreover, a 

weight analysis of 102 UTAUT-based quantitative studies revealed that only Performance 

expectancy (PE) and Behavioural intention (BI) met the benchmark for being classed as best 

predictors of BI and use behaviour (Williams, Rana, & Dwivedi, 2015).   

A systematic review by Williams et al. (2015) also revealed a few more limitations of the 

model including too much focus on specific subjects and tasks, self-reported usage, limited 

sample sizes in some studies, and a lack of longitudinal work and omission of moderating 

variables indicates areas that need further work. Hence, there is still a need for additional 

work in this area, particularly on the selection processes of using constructs from other 

theories. There are, furthermore, still significant opportunities for researchers to develop the 

model further. 
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3.10 UTAUT2 

Venkatesh et al. (2012) extended the UTAUT model through their construct known as 

UTAUT2. This model incorporates three additional constructs, namely, hedonic motivation, 

price value, and habit. Hedonic motivation refers to the sense of fun or positive emotions 

evoked by using a specific technology or system. Price value is defined as consumers’ 

cognitive trade-off between the perceived utility of the technology/systems and the monetary 

cost involved in using them (Dodds, Monroe, & Grewal, 1991). The third additional 

construct, habit, refers to the extent an individual executes a certain behaviour because of 

prior learning (Limayem, Hirt, & Cheung, 2007). In UTAUT2 individual variations, namely, 

age, gender, and experience are added as moderating factors. The extended model was tested 

and validated in the internet mobile technology context. The UTAUT2 model showed a 

significant improvement in the variance explained in behavioural intention (56% to 74%) and 

technology use (40% to 52%). 

Figure 3.15: UTAUT2 

 

Adopted from Venkatesh et al. (2012) 

3.11 Expectation Conformation Model  

Expectation confirmation theory, also known as expectation disconfirmation theory (EDT), 

has been used by various researchers in marketing and information systems research to study 

repurchase intention and  continuance intention (Bhattacherjee, 2001). The theory argues that 

while disconfirmation stems from a negative disparity between expectations constituted 

during the pre-consumption phase and post-consumption performance experiences, 

confirmation is the result of a significant “over fulfillment” of initial expectations (Kopalle & 

Lehmann, 2001). Figure 3.16 illustrates the key constructs and relationships of ECT. Oliver 

(1980) explained the process by consumers to the repurchase intention phase. First, 
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consumers develop a pre-purchase expectation (t1). Second, they purchase the product or 

service (t2). Consumers form a perception about the product or service following its initial 

use. Thus, perceived performance is influenced by prior expectations and actual experience. 

Third, the assessment of perceived performance determines the extent of confirmation (t2). 

Fourth, satisfaction (t2) is formed based on the degree of confirmation and the prior 

expectations. Fifth, repurchase intention is developed based on the level of satisfaction. The 

satisfied customer continues to use (t2) the product or service, while dissatisfied users 

discontinue (t2) its subsequent use. 

Figure 3.16: Expectation Conformation Model 

 

Adopted from Oliver (1980) 

Bhattacherjee (2001) applied and refined the expectation-confirmation theory in the area of 

Information Systems (IS) to understand IS continuance intention. The primary reason for 

conceptualising a new model for studying IS adoption is due to the limitations of existing 

research models in explaining post-consumption behaviour (Shaw & Manwani, 2011). The 

proposed “post acceptance model of IS continuance” states that users who are negatively 

disconfirmed and dissatisfied with prior IS/IT usage may continue using the system if they 

consider it to be useful in their work (Bhattacherjee & Hikmet, 2008).  

Figure 3.17: Post acceptance model of IS continuance 

 

Adopted from Bhattacherjee (2001) 
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Researchers also combined the Expectation Confirmation Model (ECM) with other IS and 

consumer behaviour theories such as the Technology acceptance model (TAM) and Theory 

of planned behaviour (TPB). For example, Lee (2010) combined the expectation-

confirmation model (ECM), the technology acceptance model (TAM), the theory of planned 

behaviour (TPB), and the flow theory to predict user intentions to continue using e-learning. 

He found that satisfaction has the most significant effect on users’ continuance intention.  

Figure 3.18: An extension of the expectation-confirmation model 

 

Adopted from Lee (2010) 

Quite a few recent studies successfully applied and extended the ECM model in various 

contexts such as e-learning, mobile phone usage, SMS services and smartphone banking 

(Halilovic & Cicic, 2013; Hsu & Lin, 2015; Kim, 2010; Lee, 2010; Thong, Hong, & Tam, 

2006). These studies further cemented ECM’s place as the leading model in post-adoption 

research.  

3.12 Summary of technology acceptance models  

The earlier discussion has provided a comprehensive overview of the major technology 

acceptance models. The discussion includes their origin, use, applicability, fundamental 

constructs and significant limitations identified in the extant research. Rogers’ diffusion of 

innovation theory provides holistic guidelines regarding the critical characteristics of the 

innovation and their communication channels. The theoretical underpinning of the core 
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technology adoption models (TAM1 and TAM2) is firmly rooted in two prominent consumer 

behaviour theories: theory of planned behaviour and theory of reasoned action. 

The Unified technology acceptance theory (UTAUT) was proposed by combining eight 

major theoretical models in the field of consumer behaviour, psychology, and technology 

acceptance. Expectation Confirmation Model focuses on post-technology adoption behaviour 

and people’s continuance intentions. Other post-adoption theories such as information system 

success theory were regularly used in conjunction with extant technology adoption models. 

The applications of the technology adoption models in social media contexts are discussed 

further in Chapter 4. Table 3.2 provides an overview of the major technology adoption 

models.  
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Table 3.2: Summary of the technology adoption models  

Author (s)  Model Predictors Strengths Limitations Major studies 

Ajzen and 

Fishbein 

(1980) 

TRA Attitude, Subjective norm, 

behavioural intention, 

behaviour. 

Very strong predictive utility.  

Have been used to investigate 

situations and activities outside 

the boundary conditions 

initially specified for the model. 

Predicts behaviours that are 

within an individual’s 

volitional control.  

May need to consider many 

more factors when 

intending whether they will 

perform such actions. 

Sheppard et al. 

(1988), Madden, 

Ellen, and Ajzen 

(1992), Fishbein 

(1979), Montano 

and Kasprzyk 

(2015) 

Ajzen (1991), 

Ajzen (1985) 

TPB Attitude, Subjective norm, 

behavioural control. 

Improve predictive power. On 

average, explained 71% 

variance of behavioural 

intention and behaviour (based 

on 16 studies over five years). 

Lack of utility. Does not 

include cognitive and 

affective behavioural 

outcome and explanatory 

power is somewhat static in 

addressing future 

behavioural outcomes. 

McEachan et al. 

(2011); Godin and 

Kok (1996); 

(Taylor & Todd, 

1995a) 

Rogers 

(1995) 

DOI Relative advantage, 

complexity, compatibility, 

trialability, and 

observability. 

Simplicity and generalisability. 

Can be used to explain 

adoption behaviour pertaining 

to a wide range of innovations.  

Adoption decisions can be 

further influenced by more 

factors than the five 

mentioned in the theory. 

Garcia and 

Calantone (2002); 

Nelson and Phelps 

(1966); Bradford 

and Florin (2003)  
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Author (s)  Model Predictors Strengths Limitations Major studies 

Tornatzky 

and Fleischer 

(1990) 

TOE  Technology, organisation, 

environment. 

A useful framework for 

investigating information 

technology-based innovations. 

Known as a generic theory. 

Mostly used as an 

accompaniment of other 

models rather than 

providing competing 

explanations. 

Baker (2012); 

Oliveira and 

Martins (2010); 

Zhu and Kraemer 

(2005) 

DeLone and 

McLean 

(1992); 

Delone and 

McLean 

(2003)  

 

IS 

Success 

model 

Information quality, 

system quality, service, 

quality, intention to use, 

user satisfaction. 

Efficient in measuring IS’s 

effectiveness.  

Empirically validated by 

several studies.  

The model can easily combine 

other technology acceptance 

model to predict the IS/IT 

adoption behaviour. 

Some ambiguity related to 

the concept of user 

satisfaction.  

Iivari (2005); 

Hwang and Thorn 

(1999); Wang and 

Liao (2008) 

Davis (1985); 

Davis et al. 

(1989) 

TAM  PU and PEAU. TAM explains around 41% 

variance of individuals’ 

intention to use an IT and 

actual usage. 

Numerous replications 

undertaken with minor 

modifications. 

Does not address the 

differences between pre and 

post-adoption behaviour. 

Legris, Ingham, 

and Collerette 

(2003); Venkatesh 

and Davis (2000); 

Lee et al. (2003) 
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Author (s)  Model Predictors Strengths Limitations Major studies 

Venkatesh 

and Davis 

(2000) 

TAM2 Subjective norm, 

voluntariness, image, job 

relevance, output quality, 

result demonstrability, 

experience, voluntariness, 

perceived usefulness, 

perceived ease of use.  

Results of 4 longitudinal study 

and have strong predictive 

power.  

Accounts for 40-60% of the 

variance in usefulness 

perceptions. 

Mainly focuses on the 

antecedents of the 

usefulness perception. 

Thus, somewhat limited 

predictive power in 

explaining the usage 

behaviour.  

Typically explain 30%-40% 

of the variance in actual 

usage. 

Liang et al. (2003); 

Chismar and 

Wiley-Patton 

(2003); Amoako-

Gyampah and 

Salam (2004) 

Venkatesh et 

al. (2003) 

UTAUT Performance expectancy, 

effort expectancy, social 

influence, facilitating 

conditions.  

Eight major technology 

acceptance models were 

mapped to developed UTAUT.  

The model is well known for its 

strong predictive utility and 

explained around 70% of the 

variance in user intentions 

during the longitudinal field 

study.  

Did not consider barriers to 

adoption and cultural 

context of technology 

acceptance.  

Researchers are still 

required to add a 

contextualised variable to 

improve the explanatory 

power of the model. 

Dwivedi, Rana, 

Chen, and 

Williams (2011); 

Taiwo and Downe 

(2013); 

(Kijsanayotin et 

al., 2009) 
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Author (s)  Model Predictors Strengths Limitations Major studies 

Venkatesh et 

al. (2012) 

UTAUT2 Performance expectancy, 

effort expectancy, social 

influence, facilitating 

conditions, hedonic 

motivation, price value, 

and habit. 

More contextualisation with 

contemporary technology and 

business environment. 

Extended generalisability of the 

model from organisation to 

customer context.  

Improved predictive utility. 

Explained 74% of the variance 

in behavioural intention. 

The model was developed 

based on mobile internet 

technology. Might not be 

useful to explain the 

acceptance of a complex 

technology or system.  

 

Raman and Don 

(2013); El-Masri 

and Tarhini 

(2017); Venkatesh, 

Thong, and Xu 

(2016) 

Bhattacherjee 

(2001) 

ECM Confirmation, Perceived 

usefulness, Satisfaction. 

A leading model in post-

adoption research stream and 

very efficient in predicting 

users’ IS continuance intention. 

May need to consider many 

more factors when forming 

estimates regarding IS/IT 

continuance intention.  

Thong et al. 

(2006); Lee 

(2010); Hsu and 

Lin (2015) 
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CHAPTER 4 : REVIEW OF SOCIAL MEDIA ACCEPTANCE STUDIES - 

TOWARDS AN INTEGRATED FRAMEWORK 

 

4.1 Introduction  

Chapter 3 presented a comprehensive overview of the prominent theoretical frameworks in 

the context of information systems research.  This chapter presents an overview of the 

contemporary research that applied these frameworks to investigate individuals’ and firms’ 

social media acceptance behaviour in different contexts.  The chapter is composed of three 

sections. Section 1 addresses the applications of technology adoption models in a social 

media context. Drawing on the empirical evidence, Section 2 resents an integrated conceptual 

framework to understand the key determinants of social media acceptance and use behaviour 

in healthcare. Finally, Section 3 articulates the research aim, research questions and research 

objectives of this thesis.   

4.2 Application of technology acceptance models in explaining social media usage 

intention  

As stated in Chapter 2, a limited number of studies have incorporated theoretical models to 

examine the social media acceptance behaviour of health professionals and consumers. 

Accordingly, this section of the review includes studies that incorporate the technology 

acceptance model to explain social media acceptance behaviour beyond the realm of the 

healthcare sector.  Rauniar et al. (2014) applied the Technology Acceptance Model (TAM) to 

predict students’ social media acceptance and usage behaviour.  These authors have added 

four external variables as antecedents to perceived usefulness: perceived ease of use (EU), the 

user’s critical mass (CM), social networking site capability (CP) and perceived playfulness 

(PP). Trustworthiness (TW) was used as a direct predictor of intention to use.   
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Figure 4.1: Revised TAM 

 

Adopted from Rauniar et al. (2014) 

An empirical survey was conducted on 389 students, and the data were analysed using the 

structural equation method (SEM). The study showed that perceived usefulness and 

trustworthiness of social media sites are significant predictors of social media usage 

intentions. The study also investigated the antecedents of the perceived usefulness (PU) in the 

social media context. The study developed measures for three new constructs: social media 

capability (CP), social networking site capability (CP) and perceived playfulness (PP).  These 

constructs also returned a significant and positive relationship with perceived usefulness 

(PU). In terms of the limitations, the study was based on a specific social media platform 

(Facebook). More robust studies involving a range of social media users would enhance the 

validity of the model.  

In another study, Cheung and Lee (2010)  conceptualised the intention to use social media in 

a group setting by applying the fundamental structure of the technology adoption model. The 

authors proposed that the collective intention to use social media is predicted by subjective 

norm, group norm and social identity of the users.  
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Figure 4.2: Collective intention to use social media 

 

Adopted from Cheung and Lee (2010) 

The survey (n=389) of Facebook users revealed that subjective norm and social identity 

significantly influences collective intention to use a social networking site. The theoretical 

model accounted for 32% variance in explaining collective intention to use social media sites. 

This study was one of the first studies to explain the collective intention to use social media. 

However, the research was limited to only three factors and the inclusion of additional factors 

would have strengthened the model. Cheung et al. (2011) further extended the theory-driven 

research in another study concerning students’ use of Facebook. Drawing on We-Intention, 

social influence theory, uses and gratification paradigm, and the social presence theory, they 

proposed the extended model with nine independent predictors, namely: subjective norm, 

group norms, social identity, purposive value, self-discovery, maintaining interpersonal 

interactivity, social enhancement, entertainment value and social presence. 
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Figure 4.3: Extended Model 

 

Adopted from Cheung et al. (2011) 

Data was collected through a survey of Facebook users (n = 182) and results showed that 

social presence is the strongest predictor (β =.23) of collective intention to use.  In terms of 

the social influence factors, only group norm returned significant relationships with We-

intention. The results also revealed that social enhancement and entertainment value are 

strong predictors of collective intention to use social media sites. In terms of the explanatory 

power, the model explains only 28% variance in collective intention to use social media. 

Thus, the inclusion of additional factors would enhance the model’s explanatory power. The 

study did have samples drawn from students only. The strong influence of social presence 

means that academic institutions can focus more on collaborative learning using social 

media-based platforms. However, the boundary of the study was confined to students’ use of 

Facebook. Thus, the findings of the study are not generalisable with users’ intention to use 

other social media-based platforms such as LinkedIn or Hello Health. Nevertheless, the study 

remained one of the primary studies in predicting social media usage behaviour through a 

theory-driven approach.  

Curtis et al. (2010) applied the UTAUT model to examine the social media adoption 

behaviour of public health practitioners (N=404). The study incorporated ‘credibility’ as an 

additional variable and showed that the social media use by public relations practitioners is 

impacted by the credibility of the social media tools. The concept of credibility of was based 

on consumers’ perceptions of fairness, accuracy, and depth of social media. The proposed 
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model also showed very good explanatory power and explained 68.7 variances in Intention to 

use. Gruzd et al. (2012) also used UTAUT to investigate the social media use pattern of 

academic scholars. Their study was based on 51 qualitative interviews and the interview 

categories were analysed using the UATUT model. It was confirmed that performance 

expectancy, effort expectancy, social influence and facilitating conditions are significant 

determinants of usage intention. One specific interview category known as “Not 

Authoritative or Professional” was raised by 20% of respondents. The results indicate that 

additional variables might be useful to explain the behavioural intention to use.  

Mandal and McQueen (2012) also applied and extended the UTAUT model by explaining 

social media adoption by small businesses. They used an action research method to 

investigate the social media adoption behaviour of small business owners and mapped the 

findings with the UTAUT model.  

Figure 4.4: Extended UTAUT Model for social media adoption by microbusiness 

 

Adopted from  Gruzd et al. (2012) 

The results indicated that the major determinants of social media usage are owner 

characteristics and codification effort.  The study claimed that the business owner’s goal is to 

increase the customer base and this will produce behavioural changes. Thus, business 

owners’ goals are a superb method for predicting social media acceptance behaviour of 

microbusiness owners. Nevertheless, the model lacks empirical validation and many aspects 

of the model were claimed to be without substantial theoretical validation. Subsequently the 

validity and reliability of the constructs are questionable.  

Casaló, Flavián, and Guinalíu (2010), incorporated the Technology Acceptance Model 

(TAM), Theory of Planned Behaviour (TPB) and Social Identity Theory (SIT) to investigate 

consumer intention to participate in a firm-hosted online travel community. The results 
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revealed that integrating these three theories effectively explains 59.3% consumers’ intention 

to participate in a firm-hosted online travel community.  

Figure 4.5: Determinants of the intention to participate in a farm-hosted online 

community  

 

Adopted from Casaló et al. (2010) 

The results confirm that the combination of TAM, TPB, and SIT can help to articulate a 

theoretical framework for investigating consumers’ behavioural intention to use social media.  

The study provides an appropriate framework for explaining the intention to participate; this 

intention, in turn, has a positive effect on the two other behavioural intentions.  

Hsu and Lin (2008) investigated the acceptance of blog usage by drawing on the Theory of 

Reasoned Action (TRA). Their proposed theory integrated technology acceptance factors, 

knowledge sharing factors and social influence factors. An online survey was collected data 

from 212 blog participants. 
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Figure 4.6: Acceptance of Blog Usage 

 

Adapted from Hsu and Lin (2008) 

As shown in Figure 4.6 above, perceived enjoyment is the most important predictor of 

attitude toward using a blog, whereas somewhat surprisingly, perceived usefulness is not the 

significant antecedent of attitude. The model explained 78% of the variance in attitude and 

83% variance in behavioural intention, suggesting the model’s high predictive utility. In 

terms of the limitations, the above study was only confined to the acceptance of a blog as a 

social media channel. Thus, further investigation is required to identify the predictors of 

different social media platforms such as Facebook, Twitter, and YouTube.  

Kwon and Wen (2010) also applied the Technology Acceptance Model (TAM) to investigate 

how individual differences influence the acceptance of social network services. Based on the 

existing literature, Kwon and Wen (2010) have identified three individual differences: social 

identity (Ashforth & Mael, 1989), altruism (Ashton, Paunonen, Helmes, & Jackson, 1998) 

and telepresence (Held & Durlach, 1992). An additional construct - perceived encouragement 

- originated from psychology research (Heitzmann & Kaplan, 1988) and perceived 

orientation (Kwon & Wen, 2010) served as the moderator.  
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Figure 4.7: Social Network Service Acceptance Model 

 

Adopted from Kwon and Wen (2010) 

Kowen and Wen (2010) collected 229 usable responses from online social networks. Data 

were analysed using the structural equation modelling technique. The results indicated strong 

predictive utility, as the structural model explains 60% of the variance in actual use. 

However, the study was also confined to the users of limited services such as Second Life 

and Cyworld. Thus, the generalisability of their findings is questionable and further 

investigation is required by incorporating a diverse range of social media users. 

McGowan et al. (2012) used the Technology Acceptance Model (TAM) to predict and 

understand the social media acceptance behaviour of physicians (oncologists and primary 

care physicians) for medical knowledge dissemination and lifelong learning. Besides 

perceived usefulness (PU) and perceived ease of use (PEOU), they added barriers, personal 

innovativeness, peer access and motivation to advance the professional community as the 

external variable.  The modified model explained 57% variance in actual usage. The study 

indicated a positive relationship between barriers and frequency of use. Thus, the study 

revealed that physicians would continue to use social media for knowledge sharing and 

learning despite the high barriers and those barriers already in place. 
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In terms of the limitations, the inclusion of the external variables was not justified; thus, the 

extended model needed solid theoretical underpinning. Moreover, it can be argued that a few 

more additional variables (for example efficacy, trust, information quality) should be 

considered as able to predict the social media acceptance behaviour of the physicians better. 

The definition pertaining to the actual use of social was confined to sharing knowledge with 

other physicians. Thus, the generalisability of the study was limited.  

Hanson et al. (2011) also contributed significantly to the domain of social media acceptance 

research in the healthcare field. Drawing on the Unified Technology Acceptance Model 

(UTAUT), these authors investigated the determinants of social media use among health 

educators.  A survey of health education specialists (N=503) revealed that social influence 

and performance expectancy are significant predictors of the behavioural intentions. 

However, the effort expectancy returned insignificant relationship with behavioural 

intentions, suggesting an advanced level of social media skills among the survey participants. 

Moreover, effort expectancy is somewhat irrelevant in the context of the current 

technological environment. The study demonstrates that social media does have a lot of 

potential in enhancing health education practices.  

This research argues that the study’s theoretical framework was somewhat limited as it was 

only confined to the underlying assumptions of the UTAUT model and the researchers did 

not go beyond the original variables incorporated in the model. However, in terms of social 

media acceptance studies external variables such perceived barriers could be a significant 

factor (Khan et al., 2015). Inclusion of barriers and other individual or organisational factors 

would supplement this stream of research.  Other researchers investigated social media 

acceptance behaviour by going beyond the traditional technology acceptance models. For 

example, Hsieh et al. (2010) assessed the relationship between blog quality and blog user 

satisfaction by using the information system success model (Delone & McLean, 2003) and 

expectation–disconfirmation paradigm (Bhattacherjee, 2001; Hsieh et al., 2010).   
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Figure 4.8: Expectation disconfirmation effects concerning blog user satisfaction 

 

Adopted from Hsieh et al. (2010) 

By using a sample size of 459 blog users, the model was tested using structural equation 

modelling. Results indicate that most of the hypotheses concerning expectations, perceived 

performance, and disconfirmation were supported except the users’ service quality 

expectation to their service quality disconfirmation. It was predicted that the varied level of 

understanding of the system functionalities might lead to an unfavourable assessment of 

disconfirmation, especially concerning the unfamiliar blogs. Results also indicated that 

perceived performance has a stronger effect on overall satisfaction and blog users’ 

satisfaction with information quality wields a greater influence on overall satisfaction to 

satisfaction with the system quality. The model was particularly strong in identifying the 

determinants of blog users’ overall satisfaction. The explanatory power of the model can be 

increased by including a broader spectrum of variables and social media platforms.  

In a  review on the subject of social media research, Ngai et al. (2015) looked at 46 articles 

on social media in leading academic databases. Based on their findings of the meta-analysis, 

they proposed a casual-chain framework revealing the linkages between antecedent, 

mediators, moderators, and outcome of social media adoption behaviour. The authors 

grouped the antecedents into three categories: social factors, user attributes, and 
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organisational attributes. Similarly, mediators were also grouped into three categories: 

platform attributes, social factors, and user attributes.  Moderators were categorised as user 

characteristics and social factors. The outcome was determined to be a personal context and 

organisational context.  

Figure 4.9: Causal-chain framework for social media research 

 

Adopted from Ngai et al. (2015) 

The above framework indicates that studies used different constructs and variables in 

different positions based on what they were researching. For example, social factors served as 

an antecedent in some studies (Hsu & Lin, 2008), while others used the constructs as a 

moderator or mediator (Dholakia, Bagozzi, & Pearo, 2004). In terms of the outcome 

dimension, intention to use and use behaviour (actual use) were the most frequently used 

variables in a personal context. In an organisational context, customer satisfaction and brand 

equity are often used as a proxy variable of ‘intention to use’.  

Overall, it is evident from the extant literature that the research on social media acceptance 

behaviour using technology acceptance models is still in its early stages. The search engine 

Google Scholar and other academic databases returned only 12 studies incorporating extant 
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technology acceptance models to explain social media usage behaviour of consumers and 

firms; only two studies incorporate technology acceptance and related models to explain 

health professionals’ and consumers’ social media adoption behaviour.  More empirical 

studies are required on this subject to comprehend health service providers’ social media 

strategy.  

4.3 Integrated framework 

Section 4.2 reveals that a wide array of external factors were employed to investigate the 

antecedents of social media usage intention and usage behaviour. Different studies have used 

a range of variables to explain user behaviours. Perceived usefulness, perceived ease of use, 

social influence or subjective norm, behavioural intention and use behaviour have been 

incorporated by most studies to explain the adoption behaviour. Based on the prior studies, 

this research aims to provide an integrated framework by mapping the existing literature on 

social media in healthcare (see Chapter 2).  

The proposed framework is grounded under the premise of the basic Technology Acceptance 

Model (TAM) by Davis (1989) and Davis et al. (1989). However, in accordance with 

previous research (Davis, 1993; Venkatesh & Davis, 2000; Venkatesh et al., 2003; Yousafzai 

et al., 2007), the proposed framework contextualises the Technology Acceptance Model by 

adding variables from other relevant theories (for instance, UTAUT and ECM) to better 

explain the social media usage behaviours of health professionals and health consumers. 

Holden and Karsh (2010) claim that an added variable approach enables researchers and 

practitioners to understand the drivers of intention better and assist in developing new 

theories. The conceptual framework also addresses the limitations in existing social media 

acceptance studies by proposing a conceptual framework.  As shown during the review 

phase, existing literature in social media acceptance and usage domain is limited, and there is 

a great need to understand the drivers of social media acceptance, specifically in the 

healthcare context. An overview of the constructs are is documented in the next subsection.  

4.3.1 TAM and ECM 

According to the Technology Acceptance Model (TAM), users’ intention to use an 

emerging system is explained by two major factors: perceived ease of use and perceived 

usefulness. Perceived usefulness (PU) explains the users’ perception regarding the outcome 

of using a new technology or information system; that using a new system/technology would 

result in enhanced performance. Perceived ease of use (PEOU) explains the degree of ease or 
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effort required to use a new system (Davis et al., 1989). A plethora of studies used PU and 

PEOU to explain behavioural intention of the health professionals concerning the use of 

different medical technologies or systems (Chismar & Wiley-Patton, 2002; Hu, Chau, Sheng, 

& Tam, 1999; Mun, Jackson, Park, & Probst, 2006; Tung et al., 2008). Regarding healthcare 

social media’s uses, many studies explained the potential benefits (Hamm et al., 2013; 

Moorhead et al., 2013; Ventola, 2014). However, only very few studies have investigated 

health professionals’ and consumers’ perceptions of adopting social media in healthcare 

(McGowan et al., 2012; Usher et al., 2014). Thus, it would be interesting to investigate the 

perception of usefulness and ease of use within the Australian context. 

However, PU and PEOU are somewhat limited in predicting users’ continuance intention 

since this is perceived to be different from initial adoption (Karahanna et al., 1999). 

Therefore, the proposed framework also integrates the variables from expectation 

confirmation theory (ECT), which was developed to investigate continuance behaviour in the 

post-adoption stage (Bhattacherjee, 2001; Oliver, 1980). It is relevant to investigate the 

continuance behaviour in the post-adoption stage as 95% of the Australian populations use 

some form of social media (Cowling, 2018). Bhattacherjee (2001) also asserts the importance 

of investigating continuance intention as the success of a new system largely dependent on its 

recurring use.  In ECT, confirmation stems from over-fulfilment of initial expectations. 

Accordingly, the notion of confirmed expectations positively influences both satisfaction and 

perceived usefulness which in turn influences the intention to continue using a particular 

system (Bhattacherjee, 2001; Hayashi, Chen, Ryan, & Wu, 2004; Hsu, Chang, Chu, & Lee, 

2014; Kim, 2011; Roca, Chiu, & Martínez, 2006).  

Prior studies combined ECT with TAM to investigate continuance intention concerning e-

learning, mobile phone usage, SMS services, smartphone banking as examples. Thus, it will 

be worthwhile to investigate the social media continuance intention of health professionals 

and health consumers.  

4.3.2 UTAUT 

In terms of the macro level factors, social influence and facilitating conditions are considered 

major determinants of behavioural intention and usage behaviour. Grounded in the Unified 

Theory of Technology Acceptance (UTAUT), social influence explains how an individual’s 

behavioural intention to use a new technology/system is influenced by the perception of 

important others in their social circle.  Studies have used social influence as an antecedent to 
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explain a user’s motive for embracing a specific information system or technology (Casaló et 

al., 2010; Hsu & Lin, 2008; Kwon & Wen, 2010; Venkatesh et al., 2003).  However, the 

effect of social influence in explaining behavioural intention to use social media in healthcare 

is not very clear. Some researchers used social influence as an antecedent of behavioural 

intention to use (Venkatesh et al., 2003). Others integrated social influence as mediatory to 

examine the usage behaviour (Dholakia et al., 2004). Existing literature suggests that in the 

healthcare domain the benefits of social media are predominantly based on social aspects 

such as social support, patient engagement, greater interactivity and social listening (see 

Chapter 2: 2.6). However, empirical studies concerning the effect of social influence on 

health professionals’ and health consumers’ social media adoption behaviours in the 

healthcare sector are relatively thin and require further investigation.  

In UTAUT, facilitating conditions refer to the perception of existing support system or 

conditions required to use a new system efficiently (Venkatesh et al., 2003). Facilitating 

conditions are often considered as organisational or external level factors and used in number 

of studies pertaining health professionals’ intention to use new technology (Chen, Wu, & 

Crandall, 2007; Duyck et al., 2008b; Jackson, Yi, & Park, 2010; Popovic, Smith, & 

Hellebusch, 2013). In the healthcare social media context, research reports limited workplace 

support is a major challenge of adopting social media. (George et al., 2013; Modahl et al., 

2013; Panahi et al., 2016). However, this aspect of the topic is yet to be addressed in the 

existing TAM-based research and requires more in-depth investigation.   

4.3.3 Added variables  

Past research indicated the need for integrating additional variables to improve the 

explanatory power of the Technology Acceptance Models (Venkatesh et al., 2012; Wu & 

Wang, 2005). Several prior studies integrated perceived risks constructed within the TAM to 

explain the barriers of new technology adoption (Im, Kim, & Han, 2008; Kesharwani & 

Singh Bisht, 2012; Kim, Ferrin, & Rao, 2008; Wu & Chen, 2005). Perceived risk refers to the 

perception of uncertainty and negative consequences of using a certain product or service 

(Bauer, 1960). The combination of uncertainty and possible negative consequences that 

constitute perceived risk can significantly influence product evaluation and adoption decision 

(Featherman & Pavlou, 2003). In the domain of healthcare-based social media, extant 

literature informs the notion of uncertainty and possible poor outcomes are based on the 

perception of poor information quality, privacy concerns, organisational resistance, adverse 
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health consequences and blurred professional boundaries (see Chapter 2: 2.7). However, 

these factors are yet to be tested as determinants of social media adoption behaviours.  

In terms of the other relevant factors, the role of self-efficacy has been investigated in many 

technology adoption studies (Curtis et al., 2010; Dabbagh & Kitsantas, 2012; Kushin & 

Yamamoto, 2010; Tung et al., 2008). The concept of self-efficacy is based on an individual’s 

belief about their ability to use a computerised system (Compeau & Higgins, 1995). Away 

from the healthcare context, self-efficacy has been rigorously validated by empirical research 

to explain intention and usage behaviour, but hardly anything is known about the role of self-

efficacy in explaining health professionals’ and health consumers’ technology usage 

behaviour. Thus, it will be interesting to see if self-efficacy does play a role here.  

Figure 4.10 illustrates the initial integrated conceptual framework developed based on the 

extant literature on technology adoption. This initial framework shows the direction of the 

possible relationships between the constructs and this would serve as a guideline to develop 

the final research model after the qualitative phase of the study. Based on the framework, the 

research aim, research questions, and specific objectives are articulated in the next section.  
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Figure 4.10: An Initial integrated conceptual framework based on the technology adoption models 
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4.4 Research aim, Research questions and Research objectives  

4.4.1 Research aim 

The study aims to develop a theoretical framework to uncover health professionals’ and 

health consumers’ social media adoption behaviours in the healthcare domain.  

4.4.2 Research questions 

 How do health professionals perceive the usage of social media in healthcare?  

 What is consumers’ perception of the usage of social media in healthcare?  

 What are the benefits and barriers to using social media according to health 

professionals? 

 Does the new framework predict social media usage behaviours and continuance 

intention of health professionals and health consumers? 

4.4.3 Research objectives  

 To investigate the factors that affect health professionals’ social media adoption 

behaviours 

 To examine the factors that affect health consumers’ social media adoption 

behaviours 

 To investigate the benefits and barriers of using social media in healthcare from the 

perspective of health professionals.  

 To develop a comprehensive theoretical framework to explain the social media 

adoption behaviours of health professionals and health consumers. 

 To advance the technology adoption research by applying and extending the TAM 

model in the domain of healthcare social media.  

4.5 Summary 

This chapter provided an overview of the existing social media acceptance studies. A review 

of the recent research revealed that technology acceptance models frequently explain the 

adoption behaviours of potential and current users of social media. The review confirmed that 

it is still early days for social media acceptance research.  

In the healthcare context, applications of the technology acceptance model to explain the 

social media adoption behaviour is very limited and the absence of a sound theoretical model 

to explain adoption behaviour was apparent. Thus, based on this research gap, an initial 
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theoretical framework has been proposed. The framework incorporates variables from TAM, 

UTAUT, and ECM. The proposed framework is designed to explain health professionals’ and 

consumers’ social media adoption behaviours.  Chapter 5 outlines the methodology 

undertaken to address the research questions and research objectives.
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CHAPTER 5 : METHODOLOGY 

The previous chapters reviewed and integrated the extant literature on social media and 

technology adoption models. This chapter provides an outline of the research methods that 

will be used in this study. First, it focuses on the philosophical base of the research study. 

Second, it justifies the choice of a mixed method research approach. Third, it discusses the 

proposed qualitative and quantitative research design. Fourth and finally, it concludes with a 

comment on the possible limitations and constraints during the data collection phase. 

5.1 Introduction 

Research methodology focuses on how knowledge about the world, seen from different 

perspectives, is acquired, the research process/approach and the underlying ontological and 

epistemological assumptions. It defines action plans that begin with the research questions 

while the answers constitute a set of conclusions (Yin, 2003). Accordingly, different research 

approaches will apply to a variety of context (Creswell & Creswell, 2017; Myers, 2013). 

Based on the research aim and objectives, a suitable and appropriate methodological 

paradigm is selected and justified in this chapter. This chapter focuses on: (a) clarifying the 

most appropriate research assumptions that will meet the objectives of this research; (b) 

identifying the most suitable research methods; (c) creating a map of the research strategy 

and design that is followed here; and (d) justifying the research methods, strategy, and data 

collection approaches. 

5.2 Research philosophy 

Selecting a particular research philosophy depends on the researcher’s conviction and the 

manner in which he/she collects and analyses the data, and reports the results (Orlikowski & 

Baroudi, 1991). Bajpai (2011) stated that research philosophy is concerned with the nature, 

sources, and development of knowledge. Although the creation of new knowledge is 

profoundly deep, every researcher provides little or more input in the shape of new findings 

and conclusions. Creswell and Creswell (2017) further explain that research philosophy 

entails what is required for the study (ontology) and how to achieve it (epistemology). The 

next subsection is an overview of the ontological and epistemological considerations related 

to this thesis.   
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5.2.1 Ontological considerations  

Ontology is the view of how one perceives reality and is called the "study of being" (Blaikie, 

2009; Wahyuni, 2012). Ontology focuses on whether social entities should be considered as 

objective or subjective. In this way, ontology has two important aspects: objectivism and 

constructionism. Objectivism postulates that the existence of reality is external and 

independent of social actors and their interpretations of it (Saunders, Lewis, & Thornhill, 

2009). Constructionism proclaims that reality is constructed by social actors and accepts that 

individuals contribute to a social phenomenon.   

5.2.1.1 Objectivism  

Objectivism takes the position that social entities exist in a reality that is external to social 

actors (Saunders et al., 2009). The notion of objectivism is based on the assertion that social 

phenomena and their connotations are independent of the social actors (Bryman & Bell, 

2015). The researchers follow an objective approach to data collection and interpretation. In 

this process the researcher is merely a translator and having a distance from the research 

subject helps the research remain objective and dispassionate (Goodrick, 2007).  

5.2.1.2 Constructionism  

Constructionism asserts that knowledge is co-constructed through human interactions. This 

ontological position aims to understand complex social phenomena by participating in that 

social system. Here the researcher generates multiple interpretations through collaboration of 

participants and thereby, researchers are considered to be another version of social reality 

(Goodrick, 2007). Healy and Perry (2000) viewed the social world is an ‘open system,’ rather 

than a ‘laboratory’. Therefore, the social actors do not make choices in that the way that 

positivist researchers expect to happen in a laboratory setting where favourable conditions for 

triggering causal mechanisms can be created (Pawson & Tilley, 1997). Rather than 

nomothetic, direct cause and effect paths, constructionism research sees truth as a social, 

political and cultural value that shifts over time, and comprises generative mechanisms that 

operate in the world. 

However, it must be remembered that a research paradigm is merely a set of critical 

assumptions and beliefs as to how the world is perceived and provides an analytical 

framework to guide the behaviour of the researcher (Jonker & Pennink, 2010). Although the 

philosophical backgrounds usually remain implicit in most research, they affect the practice 

of research. Most scholars (Bryman & Bell, 2015; Creswell, Goodchild, & Turner, 1996; 
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Neuman, 2013; Saunders et al., 2009) contended that it is essential to initially question the 

research paradigm being applied in conducting research because it substantially influences 

how a researcher embarks on a social study from the way of framing and accepting a 

particular social phenomenon.   

5.2.2 Epistemological considerations  

The basis of epistemology is the postulation of knowledge in any specific discipline. 

Epistemology is the study of the social world using some procedures and principles derived 

from other schools of thought (Creswell et al., 1996). Epistemology reflects the underpinning 

of valid knowledge and focuses on the way to understand and use knowledge that is deemed 

to be acceptable and valid (Wahyuni, 2012). According to Dudovskiy (2016) sources of 

knowledge are usually categorised in four ways: (i) intuitive knowledge (based on one's 

intuition/faith or beliefs); (ii) authoritarian knowledge (obtained from books and research 

papers); (iii) logical knowledge (new knowledge creation); and (iv) empirical knowledge (it 

relies on established and demonstrable facts).  

During the research process all the sources are usually used. Intuitive knowledge helps select 

the appropriate research area/topic while authoritarian knowledge is gathered in the literature 

review. The results portray the logical knowledge where results are analysed to provide 

something new, and the conclusion may be adding to the store of empirical knowledge. Three 

main approaches are used in the epistemology: positivism, interpretivism and pragmatism 

which are explained in more detail below. 

5.2.2.1 Positivism 

The roots of  positivism are based on the idea that reality is independent of the investigation 

and this approach seeks to obtain law-like generalisations, which are termed nomothetic 

(Neuman, 2013). It is achieved by conducting value-free research to measure social 

phenomena. Positivists mainly focus on empirical research where they reject or confirm some 

theory-based hypotheses. The followers also consider research as a logical and scientific 

method to find some results based on a deductive approach. Hirschheim (1985, p. 33) 

clarified that "positivism is embedded in society that knowledge claims not grounded in 

positivist thought are simply dismissed as unscientific and therefore invalid". Positivists 

observe that cause and effect relationships manage the various phenomena found in the world 

and they believe in the existence of a universal generalisation that can be applied across 

different contexts. This is now known naïve realism (Wahyuni, 2012). However, post-
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positivists contended that the notion of objectivity and total isolation is impracticable and 

impossible (Phillips & Burbules, 2000). They stated that that there is no such thing as 

absolute truth. In sum, the positivists  believe that different researchers investigating  the 

same factual problem will generate a similar result by employing well designed statistical 

tests and pursuing a similar research process in investigating a large sample (Creswell & 

Creswell, 2017; Wahyuni, 2012).  

5.2.2.2 Interpretivism  

In contrast to positivism, interpretivism considers social research as different from scientific 

research and reality is constructed by social actors and people’s perceptions of that reality 

(Bryman, Bell, Mills, & Yue, 2007; Wahyuni, 2012). Interpretivism integrates human 

interests into the research study, and therefore, interpretivism supports the  notion that 

"reality" can be transmitted through social constructions and due to the subjective nature of 

human perspectives and experiences, social reality may alter and can have multiple 

expressions (Hennink, Hutter, & Bailey, 2010). The fundamental difference between the two 

paradigms (positivism and interpretivism) is based on the philosophical position of the 

researcher. Positivist scholars claim that the researcher is an isolated entity and they accept 

the notion of replication research (Wahyuni, 2012). Interpretivist researchers prefer to 

interact with the participants in a study and researchers cannot be isolated from their subject 

(Creswell & Creswell, 2017; Wahyuni, 2012). Therefore, interpretivism avoids the rigid and 

structural frameworks and emphasises more flexible research structures and narrative forms 

of analysis to describe reality and meaning in human interactions (Carson, Gilmore, Perry, & 

Gronhaug, 2001; Neuman, 2013).  

5.2.2.3 Pragmatism  

Pragmatism is a research paradigm that refuses to join the “paradigm war” and aspires to find 

a middle ground between the positivist and interpretivist research philosophies (Johnson & 

Onwuegbuzie, 2004; Tashakkori & Teddlie, 1998).  The pragmatist researcher begins with 

the research question that forms the suitable research framework instead of questioning 

ontology and epistemology as the first step and generally embraces more moderate and 

common-sense versions of philosophical dualisms. Doing so is based on their suitability to 

solve a particular research problem (Johnson & Onwuegbuzie, 2004; Wahyuni, 2012). 

Therefore, pragmatist researchers prefer to work with both quantitative and qualitative data to 

better understand the social reality.  
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 5.2.3 Selection of pragmatism as a research paradigm for this study  

This study aims to examine the factors that affect social media usage behaviour and 

continuance of intention in the healthcare context. The research framework of the study is 

based on a mixed method approach and the qualitative research here sets out to gain in-depth 

insights from the healthcare professionals. The themes that emerged from the interviews were 

investigated during the subsequent quantitative phase of the study. The study was designed  

in accordance with the eight-step mixed method process of Johnson and Onwuegbuzie 

(2004). These steps are as follows: (1) determine the research question; (2) determine 

whether a mixed design is appropriate; (3) select the mixed-method or mixed-model research 

design; (4) collect the data; (5) analyse the data; (6) interpret the data; (7) legitimate the data; 

and (8) draw conclusions and write the final report. 

Logically, pragmatism will constitute the epistemological basis of this study. According to 

Johnson and Onwuegbuzie (2004), a mixed method research study is philosophically based 

on the pragmatic method and system. The reasoning of an inquiry focuses on the practical 

research problem and comprises both inductive and deductive approaches. Protagonists of 

mixed methods research attempt to integrate quantitative and qualitative research strategies 

(Yvonne Feilzer, 2010). This approach circumvents the contentious facets of truth and reality 

and philosophically accepts that there are singular and multiple realities that are open to 

empirical inquiry and orients itself toward resolving applied research problems in the ‘real 

world’ (Creswell & Clark, 2007; Johnson & Onwuegbuzie, 2004; Yvonne Feilzer, 2010).  

5.2.4 Deductive and inductive research approach  

The deductive approach is grounded in the existing theory that is used to formulate the 

hypotheses and then a strategy is designed to test these hypotheses (Eisenhardt & Graebner, 

2007; Gabriel, 2013). Conversely, an inductive approach helpd develop a new theory based 

on the data. Usually, the inductive approach aims to get meaning from the 

observations/collected data to identify theoretical patterns and relationships (Gabriel, 2013; 

Saunders et al., 2009). According to Johnson and Onwuegbuzie (2004), if findings are 

validated across different approaches then greater confidence can be held in the single 

conclusion. If the findings conflict, then the researcher has thorough knowledge in regards to 

the investigated topic and can modify interpretations and conclusions accordingly. 

Onwuegbuzie and Leech (2004) further added that in many cases the goal of adopting the 

mix method approach is not only for validation, but to expand an individual’s understanding.   
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The key elements of the research design used in the thesis are depicted in Figure 5.1. The 

arrows indicate the philosophical position, the research paradigm, research methodology and 

the data collection techniques. The diagram indicates that this research is based on the 

pragmatist research paradigm, which is not committed to any specific philosophy or reality 

(Creswell & Creswell, 2017). Therefore, in tandem with the pragmatist paradigm, this 

research follows a mixed method research design to address the research problem and uses 

both qualitative and quantitative research design features.  
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Figure 5.1: The elements of research design 

 Research Design
Based on Delwyn Goodrick, 2007

Ontology: 

Paradigm: the inquiry lens

Research Purpose

Design
frameworks

Methodology: Overarching research strategy 

Methods of data collection 

Objectivism: 
reality is real and 

knowable, and able to 
be separated from the 
social actors within it.

Constructionism: 
reality is socially 

constructed and ever 
changing.  Actors have 

different conceptions of 
it.  Knowledge is 
indeterminate.

Objecitivism Constructionism

Positivism
Findings are true

Critical realism
Constructivism

Findings are created

Pragmatism
Truth is what works 

at the time

Realism
 Findings probably 

true

Mixed methodsQuantitative research* Qualitative research**

Experimental, 
Quasi experimental, 

Pre-experimental

Ethnography,
Grounded theory,
Phenomenology

Ethnoscience
Case study

Survey and 
questionnaires

Objective measurement: 
measures and tests 

Structured observation

Interviews (individual 
and group)

Observation (structured 
– unstructured)

Document Analysis – 
test, photos, journals

** tendency to 
be oriented by 
constructionist 
epistemology

* tendency to be 
oriented by 
objectivist 

epistemology

Sequential,
Concurrent

Transformative

Epistemology: the nature of knowledge and what constitutes good knowledge

The nature of reality

Orange depicts the research choice

 

Adopted from Goodrick (2007) 
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5.3 Overview of the research methodology  

It is important to acknowledge the idea that the research questions can be studied from more 

than one perspective to integrate different techniques with unrelated predispositions.  Johnson 

and Onwuegbuzie (2004) claim that integrated techniques of research are an expansive and 

creative form of research, not a limiting form of research. It is inclusive, pluralistic, and 

complementary, and researchers take a different approach to method selection to conduct the 

research. Fundamentally, research methods should follow research questions in a way that 

offers the best chance to obtain useful answers and present the most educational, 

comprehensive, impartial and valuable outcomes of the research (Creswell & Clark, 2007). 

Creswell and Clark (2007) classified method research strategies into three generic categories, 

which are: i) sequential procedures, ii) concurrent procedures, and iii) transformative 

procedures. Sequential procedure seeks to expand the findings of one method with another 

one, whereas the followers of the concurrent approach converge quantitative and qualitative 

data to address the research problem. Finally, transformative procedures rely on a theoretical 

lens as a dominant perspective. Confined within the theoretical lens, data collection method 

can involve sequential or concurrent approach (Creswell & Clark, 2007).  

This research applied sequential procedures by using a qualitative method for exploratory 

purposes and followed up with a quantitative survey of a larger sample size to achieve better 

generalizability. Based on the sequential mixed methods approach, this study was conducted 

in five stages:  

 Stage 1: Review of existing literature on social media adoption in healthcare research 

(discussed in Chapters 2, 3 and 4) 

 Stage 2: Qualitative focused interviews with health professionals designed to provide 

data for qualitative analysis  

 Stage 3: Development of a conceptual framework  

 Stage 4: Survey of healthcare professionals to identify the predictors of health 

professionals’ intention to use social media in healthcare  

 Stage 5: Survey of health consumers to identify the predictors of health consumers’ 

intention to use social media in healthcare  

The first three stages, i.e. literature review, semi-structured interviews, and development of 

the conceptual framework made up the qualitative aspect of this study. The objective here 

was to critically evaluate the extant literature on the topic of social media usage intention in 
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healthcare and to identify and specify the themes or constructs to develop the conceptual 

framework so that the research questions could be answered. The quantitative stage 

empirically investigated the relationships between the various factors that potentially 

influence health professionals’ and health consumers’ social media usage intention in the 

healthcare sector.   

Qualitative research aims to develop a deeper understanding of the research problem 

(Sekaran & Bougie, 2016). The qualitative phase is often applied as the first stage of 

sequential mixed methods research design. Furthermore, this stage allows the researcher to 

have an initial understanding of the topic being studied (Creswell & Creswell, 2017).  

Furthermore, this stage remains informal and the research does not seek to corroborate any 

relationships outlined before the analysis; instead, the data and approach serve to define the 

nature of the relationships between the models’ variables (Hair, Black, Babin, Anderson, & 

Tatham, 2006).  Table 5.1 provides a summary of the mixed method research strategies 

applied in this research.  
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Table 5.1: Summary of the mixed method research strategies  

Research 

Stage  

Sequential 

exploratory design  

Research objectives  Theoretical perspectives  Comments  

Stage 1: Review of the 

literature  

To identify the key factors that 

affect social media usage 

intention based on extant 

literature   

 A literature review is an 

essential part of the exploratory 

stage since it enables the 

researcher to determine the 

research gap, specify the 

problem  of the research and 

provides overall direction for the 

research (Yin, 2003) 

Limited literature exists regarding 

health professionals’ and health 

consumers’ intention to use social 

media.   

Stage 2  Qualitative data 

collection: Interview 

of sixteen (16) health 

professionals.  

Identify the major themes 

regarding the predictors of 

usage intention  

To confirm the predictors of 

health professionals’ social 

media usage intention.  

Qualitative data collection is an 

integral part of a sequential 

exploratory design strategy 

(Creswell & Clark, 2007). 

Interviews are considered as a 

primary tool to gather qualitative 

data (Wahyuni, 2012) 

Generated subjective themes 

concerning the factors that affect 

usage intention. 

Stage 3 Development of the 

final conceptual 

framework.  

Develop hypotheses based on 

the extract themes and extant 

theories concerning the 

predictors of social media 

usage intention in healthcare 

Grounded on the pragmatist - 

“horses for courses” approach 

(Broom & Willis, 2007).   

This approach confirms the 

findings of extant literature and 

uncovers additional perspectives 

that require the researcher’s 

attention. Articulated the final 

research framework based on the 

themes from the qualitative 

interviews and findings from the 

reviews of the literature.  
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Research 

Stage  

Sequential 

exploratory design  

Research objectives  Theoretical perspectives  Comments  

Stage 4 A quantitative survey 

of health professionals. 

Final sample 

size- 219 

Tests the hypotheses 

concerning the factors that 

affect health professionals’ 

usage intention. 

To validate the proposed 

conceptual framework 

Survey measures were 

developed from extant literature. 

Structural equation modelling 

(SEM) served to test the 

research hypotheses.   

Validated the conceptual model 

and confirmed the key factors that 

impact health professionals’ social 

media usage intention.  

Stage 5 A quantitative survey 

of general health 

consumers. Final 

sample size- 265 

Tests the hypotheses 

concerning the factors that 

affect health consumers’ social 

media usage intention. 

 

Same as above Confirmed the key factors that 

impact generally on health 

consumers’ social media usage 

intention. 

(Source: Developed by author based on literature review) 
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The following sections detail the qualitative and quantitative phases of this research.  

5.4 Qualitative stage  

The qualitative stage involves a review of the prevailing literature, semi-structured interviews 

of health professionals and the development of the conceptual framework. The following 

sections provide an overview of the qualitative phase of this research.  

5.4.1 Review of the literature on social media in healthcare  

Creswell and Clark (2007) noted that a review of prior, relevant literature creates a firm 

foundation for advancing knowledge, facilitates theory development, closes areas where a 

plethora of research exists, and exposes areas where further research is needed.  A thorough 

review of literature on social media in healthcare assisted in identifying the broad spectrum of 

factors affecting healthcare professionals’ and consumers’ social media adoption decisions. 

However, it was apparent from the review that the current literature is limited concerning the 

social media adoption behaviours of health professionals and consumers. The research gaps 

are highlighted in Chapters 1 and 2. Our review of literature was followed by semi-structured 

interviews with the health professionals.  

5.4.2 Qualitative interviews  

Following the literature review, qualitative semi-structured interviews were conducted to 

obtain the qualitative data. Qualitative data will be used for accumulating subjective themes 

about the factors that affect social media adoption behaviours in healthcare.  Wahyuni (2012) 

considers interviews as one of the most universal and dominant means of qualitative 

researchers for accumulating data. There are various kinds of interviews such as structured, 

semi-structured, open interviews or unstructured ones (Boeije, 2009; Johnson & 

Onwuegbuzie, 2004; Wahyuni, 2012):   

 Structured interview: Questions were prepared before starting the interview, and the 

researcher asks specific questions that follow the interview agenda. 

 Semi-structured interview: This one is with predetermined questions asked to all 

respondents in the same manner and a sequence not fully specified in advance, with 

an open-ended format. 

 Unstructured interview: Questions are not prepared previously, which leads to an 

informal conversation initiated and guided by the researcher. 



 

  

143 

 

According to Boeije (2009), the basic purpose of the interview is to assist respondents share 

their perspectives, stories, and experiences of a particular social phenomena being observed 

by the interviewer. The participants pass on their knowledge to the researcher through the 

conversations. In this thesis, semi-structured interviews with health professionals were 

conducted to determine the factors that impact on social media usage behaviour and 

continuance intention, and they will also help the researcher to examine the benefits and 

barriers of using social media in the healthcare sector. According to Saunders et al. (2009), a 

semi-structured interview is an amalgamation of structured interviews and in-depth 

interviews. There is some advantage to using a list of predetermined themes and questions as 

in a structured interview, while providing sufficient flexibility whereby interviewee can talk 

freely about any topic (Wahyuni, 2012). 

5.4.3 Interview protocol  

The interview questions were formulated based on the current literature on social media 

usage in healthcare and general technology adoption models. Based on the research 

objectives, a semi-structured interview protocol was used and, participants had the 

opportunity to respond to the questions without restrictions. Furthermore, the researcher 

asked - when appropriate - for the participants to elaborate on their answers. Based on the 

social media and technology adoption literature main constructs of interest were: (i) 

perceived usefulness, (ii) perceived barriers, (iii) external, and (iv) individual factors 

affecting health professionals’ social media adoption behaviours.  Before the actual 

interviews, several pilot face-to-face interviews were conducted in Canberra, Australian 

Capital Territory.  

An interview questionnaire including ten questions was developed for the qualitative 

interviews. These questions were divided into five distinct categories: 1) questions related to 

current social media usage, 2) questions related to the usefulness of social media, 3) question 

related to the barriers of social media, 4) questions related to external influence, and 5) 

questions related to any other relevant factors.  Table 5.2 shows the list of semi-structured 

questions that were employed at this stage.  
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Table 5.2: Qualitative Interview protocol (Example only)  

Social media 

usage  

Please specify the social media platforms you access on a regular basis. 

Please explain what kind of activities you undertake in the platforms 

that you frequently use.    

Usefulness of 

social media  

 Do you feel that social media usage for health-related matters is 

beneficial for the health professionals and the health community?  

What are the areas you feel that social media is very useful for the 

healthcare sector? Please explain why you feel that the specific area 

you have mentioned is useful to you. 

Barriers of 

social media  

In your opinion, what are the barriers of using social media for health-

related matters, from the perspective of both health professionals’ and 

consumers?   Can you please explain why you think that this is an area 

of concern?  

Do you have any other areas of concern you would like to address?   

External 

Influence  

How much pressure do you feel from colleagues, health administrators, 

and patients to use or not to use social media? Does this influence your 

final usage behaviour?  

Do you feel that supporting infrastructure is required to facilitate health 

professionals’ usage of social media for health-related matters? Can 

you please explain why or why not?  

Other factors Can you think of any other factors that may influence the social media 

adoption decisions by health professionals, consumers, and providers? 

Please explain the reason. 

Do you want to address any other issues concerning the adoption of 

social media in the healthcare sector?   

 

The first section incorporates two questions. The questions are related to the current social 

media usage pattern of the respondents. The second section contains two questions and 

focuses on the utility of aspects of social media in healthcare. These questions sought to gain 

insight into the factors that health professionals perceive as beneficial for the health 

community. The third segment includes two questions and focuses on the perceived barriers 

of social media usage. The question sought to gain insight into the significant concerns of 

health professionals regarding the adoption of social media in healthcare. Meanwhile the 

fourth segment has two questions and addresses the influence of external factors such as peer 

pressure and facilitating conditions on their adoption decisions. Finally, the fifth section 
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incorporates two generic questions, and the focus is on identifying any other relevant issues 

that might influence the adoption decisions.   

5.4.4 Interview pilot test  

Interviews were facilitated by an interview guide that was developed during the data 

collection process. As stated earlier, questions covered in the interview guide were based on 

perceived usefulness, perceived barriers, external factors and other relevant factors. The 

conceptual model and the literature review provided the frame of reference to draw relevant 

research questions in preparing the initial semi-structured interview guide. The interview 

guide was reviewed and evaluated by conducting four pilot interviews. The pilot interviews 

were conducted with one healthcare professional and three healthcare researchers. The pilot 

interviews were conducted face-to- face in Canberra. Based on the pilot session, the interview 

questions were revised and modified.  

Many issues emerged during the pilot phase. Two out of the four respondents did not quite 

understand the question from Segment 4: What are the additional factors you feel can 

encourage social media usage by the health community? The wording of the question deemed 

confusing needed further clarification from the researcher. This led to changes in the wording 

so that the question was as follows: “Can you think of any other factors that may influence 

the social media adoption decisions by health professionals, consumers, and providers?”   

The respondents also extensively discussed the possible barriers of social media usage in 

healthcare. Some other issues such as information quality, trust, privacy threat and 

professional boundary emerged during the interviews. The researcher felt that the barriers 

needed to be addressed in the subsequent stages of the research as the existing literature has 

frequently attested to (Antheunis et al., 2013; Moorhead et al., 2013). Following the pilot 

testing, some minor changes were made to the wording to ensure clarity and seamless 

progression during the interview stage.  

5.4.5 Interview samples for qualitative study  

There are two types of sampling and these are probability and nonprobability sampling. In 

probability sampling, the population elements have some known probability of being chosen 

as sample elements/subjects while in non-probability sampling the elements have no 

known/equal chances of selection (Bryman & Bell, 2015; Creswell & Creswell, 2017).  
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Both types have their own strategy to deal with the issue of generalisability, time and other 

resources factors. This study employs non-probability sampling as a sampling strategy. 

According to Neuman (2013), probability sampling techniques (including simple random, 

systematic, stratified, and cluster) are usually utilised in quantitative research, whereas non-

probability sampling techniques (including convenience, purposive, and snowball sampling) 

are mostly used in qualitative research.  

For the semi-structured interviews, a combination of judgment and snowball sampling 

method was used to collect data.  Snowball sampling refers to a collection of data from the 

respondents who were suggested by other respondents, and in judgment sampling,  the 

subjects are selected by expertise in the subject investigated (Creswell & Clark, 2007). 

5.4.6 Recruitment of interview participants  

The following conditions were used to recruit the interview participants: 

 The first criterion was health professionals’ experience with social media channels. 

Health professionals who use at least one form of social media were recruited for the 

survey.  If the participants had insufficient experience in using social media spaces, 

they would not have been able to accurately perceive the benefits and pitfalls of 

engaging social media for the health-related matters.  

 Second, healthcare professionals who had a minimum of five years of clinical 

experiences were considered for this study.  According to the expertise model 

suggested by Benner, Tanner, and Chesla (2009), an expert practitioner should 

possess more than five years’ experience. Thus, this study set the minimum of five 

years of experience to ensure respondents had sufficient experience and knowledge in 

their respective field. 

 The third criterion was based on the accessibility of healthcare professionals. Getting 

in touch with health professionals for interviews is often difficult, particularly for 

researchers who are not from a medical background. Therefore, health professionals 

who were relatively accessible through online tools or via personal relationships with 

the healthcare industry were approached. This method is commonly used in this type 

of research (Penrod, Preston, Cain, & Starks, 2003).  

The researcher interviewed sixteen (16) healthcare professionals to identify the antecedents 

of social media adoption in healthcare. Yin (2003) stated that in qualitative research six to ten 
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individual interviews are sufficient to attain data to address the research objectives and 

research questions.   

For this purpose, a list of 54 of health professionals was generated by consulting the Twitter 

account of health professionals, Australian Health Directory, and Doctors4U listing. Next, 

potential participants were contacted either via Twitter, sending an email, or a direct phone 

call to solicit their participation in this study. This approach yielded 7 participants and some 

interested participants were pursued to circulate the invitation to other health professionals. 

This process generated 9 more interview leads. Altogether, 16 health professionals agreed to 

participate in semi-structured qualitative interviews. Although Morse (1991) noted that 

specific, rich, meaningful, and experiential data requires fewer participants to attain the 

desired outcome, this study drew a substantial number of participants to develop a research 

framework.  

5.4.7 Conducting semi-structured interviews  

Each interview session lasted approximately twenty-five to thirty minutes and was recorded 

using an iPad recorder. All comments and responses were treated confidentially, and other 

identifying information was stored or reported as part of the findings of the study. The 

interviews were conducted in a conversational style instead of traditional standardised 

approach (Jennings, 2005).  Conversation style mostly lead to more accurate responses than 

standardised interviews (Suchman & Jordan, 1990). Although a conversational style was 

employed, the semi-structured questions allowed the researcher to maintain focus on the topic 

and the appropriate pace and flow of the interview.  

5.4.8 Thematic data analysis  

Different types of qualitative data analysis techniques are present in various research 

avenues. Qualitative data analysis methods can be roughly divided into two types. The first 

stems from a specific theoretical or epistemological position. Examples are conversation 

analysis (Hutchby & Wooffitt, 1998) and interpretative phenomenological analysis (Smith, 

2003).  In the second domain, analytical methods are based on independent theory and 

epistemology and can be used across a range of theoretical and epistemological positions. 

Thematic analysis is firmly rooted in the second camp and provides a flexible and useful 

research tool. Thus thematic analysis can potentially provide a rich and detailed, yet complex 

account of data (Braun & Clarke, 2006).  
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In this research, the thematic analysis was used to analyse the qualitative data. Thematic 

analysis entails the transformation of data into themes according to their frequency. A variety 

of steps and phases is employed to do the thematic analysis (Attride-Stirling, 2001; Braun & 

Clarke, 2006). The research followed the guidelines recommended by Braun and Clarke 

(2006). The steps undertaken for thematic analysis were:  

1. Getting familiar with data. 

2. Generating initial codes  

3. Searching for themes 

4. Reviewing, developing and naming themes. 

5. Producing the report. 

Data analysis techniques depend heavily on the researcher’s perspective. According to Patton 

(1990), the qualitative analysis guidelines are not rigid rules and following the fundamental 

parameter, a certain degree of flexibility needs to be applied to address the research 

questions. The researcher interprets the data and seeks to establish the what a phenomenon 

means from the viewpoint of participants (Creswell & Creswell, 2017). Therefore, in this 

study, new categories and properties were explored in respect to the factors affecting social 

media usage intention in a healthcare context. 

The interviews were transcribed followed by identification of the keywords through extensive 

reading and use of text analysis software. This is a repetitive process in trying to find 

similarities among the participants’ comments (Bogdan & Biklen, 2006). Once the keywords 

are noted, the individual responses were clustered and coded. After this, similar responses 

were aggregated and categorised as separate themes, and each keyword received an acronym 

to be used for further reference.  

5.4.9 Credibility of the qualitative findings  

Assessment of trustworthiness is crucial to ensure reliability in qualitative research. 

According to Johnson (1997) and Seale (1999) the trustworthiness of a qualitative study is 

one of the fundamental aspects of qualitative research and usually addressed as validity, 

reliability and generalisability. The ability to generalise findings to broader groups and 

circumstances is one of the most common tests of validity for quantitative research, whereas 

triangulation methods are used (Maxwell, 1992). Triangulation is typically a method for 

improving the validity and reliability of qualitative research or evaluation of findings (Patton, 

1990).  According to Janesick (1999), there are five types of triangulation: 
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 Data triangulation: involves the use of different sources of data. 

 Investigator triangulation: involves multiple investigators in an investigation. 

 Theory triangulation: involves using more than one theoretical perspective in the 

interpretation of the phenomenon. 

 Methodological triangulation: involves using more than one method to gather data, 

such as interviews, observations, questionnaires, and documents. 

 Interdisciplinary triangulation: involves the use of different locations, settings, and 

other key factors related to the research. 

Triangulation assists the researcher to create innovative ways of understanding a problem, 

increases confidence in both qualitative and quantitative research data, reveal unique 

findings, and provides the researcher with a clear platform to understand the problem under 

investigation (Patton, 2005; Thurmond, 2001).  

The mixed method research design of the present study enabled the researcher to use between 

methods triangulation as recommended by Denzin (1973). He contends that a mixed method 

research design cancels out inherent bias in any specific data source, researcher and methods, 

if used in conjunction with other data sources, investigators, and methods. Moreover, as 

recommended by Ryan and Bernard (2003), validity can be achieved by maximising the 

clarity and explicitness of judgments made during the analysis and outlining the details of the 

techniques used by the investigator.  Lincoln and Guba (1985) defined this process as 

referential adequacy. To achieve the validity, detailed records of the data analysis process 

were kept and the data was systematically and continuously reviewed to ensure the 

dependability and consistency of the findings. 

Based on the above discussions, the present study used triangulation and for ensuring the 

trustworthiness of the findings of the exploratory stage. Table 5.3 below illustrates the 

triangulation method used in this research to confirm the findings’ validity. 
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Table 5.3: Types of triangulation used in this research 

Type of 

Triangulation 

Sources Comments 

Data Questionnaires, Interviews, Theories Reflective and sensitive to the 

interactions during the data 

analysis phase, and the 

decisions and interpretations 

made in the interest of 

conducting rigorous research as 

far as possible. 

Methodological Sequential mixed method research 

design  

Sequential mixed method 

research design offers ‘between 

method’ triangulation. 

Referential 

adequacy 

Audit trail  Audit trails were kept and 

reviewed systematically and 

continuously.  

 

Thus, such a combination of multiple methodological practices, empirical data,  perspectives, 

and observers in a single study is best defined as a strategy that adds credibility, rigor, 

breadth complexity, richness, and depth to any inquiry (Denzin, 2012). The next sections 

detail the designs used for the quantitative stages of the thesis.  

5.5 Quantitative stage  

The application of a mixed-method study enables an exploratory sequential design to be 

initiated followed by the deductive approach of testing the hypotheses formulated during the 

exploratory stage (Creswell & Clark, 2007; Rocco et al., 2003). The quantitative stage is 

essentially designed to validate the findings of the qualitative data empirically. 

5.5.1 Quantitative research design 

During the qualitative phase, the findings from in-depth qualitative interviews were matched 

with the theoretical constructs included in the initial framework derived from the literature 

review. Based on the findings from the interview a modified social media usage model was 

proposed. Finally, the hypotheses were tested through SEM analysis.  The major attribute of 

quantitative research is the use of a formal and methodical statistical technique (Bryman & 

Bell, 2015). Quantitative data can be collected in many ways, for example: online surveys, 

paper surveys, face-to-face interviews, telephone interviews, longitudinal studies, website 
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interceptors, online polls, and systematic observation (Bryman & Bell, 2015).  Quantitative 

data collection method involves standardised measures to accommodate diverse perspective 

and experience of the respondents into a numerically predetermined response. The response 

allows structured data collection procedure from a large representative sample so that the 

result can be projected to the entire population (Neuman, 2013). A quantitative survey of 

health professionals’ and general consumers is considered the most suitable way to evaluate 

the behavioural intention to use social media in the healthcare sector. A structured 

questionnaire served to collect data from these two groups. Most of the questionnaire items 

were adopted from the literature and refined during the quantitative phase of the study. Some 

of the measurement indicators were also derived from the qualitative interviews.  

5.5.2 Quantitative instrument development  

An accurate, complete and relevant instrument plays a pivotal role in the successful 

attainment of the research goals (Sekaran & Bougie, 2016). A useful research instrument can 

address the research questions correctly and accurately, and should reflect the validity and 

reliability of the construct.  A reliable measure must be valid and practical (Peterson, 1994). 

Reliability refers to the degree to which measures are free from error and yield consistent 

results. The current study followed the questionnaire development guidelines proposed by  

Frazer and Lawley (2000), who recommended three stages for valid instrument development. 

The first stage involves selection, categorisation, scaling and initial coding of instrument 

contents. The second stage involves precise wording of the instruments, followed by focusing 

on the general layout of the instrument for the third stage.  

The existing technology acceptance models and social media-related studies were consulted 

when developing the survey questionnaire (Davis, 1985, 1993; Holden & Karsh, 2010; Legris 

et al., 2003; Moorhead et al., 2013; Venkatesh et al., 2003). Specifically different technology 

acceptance models in healthcare and social media setting were considered and incorporated. 

In addition, literature and questionnaires were consulted for the wordings and layout of the 

final instrument (Hoonakker & Carayon, 2009; Oppenheim, 2000; Rattray & Jones, 2007). 

5.5.3 Measurement of constructs  

The extant technology adoption studies typically measure technology adoption behaviour of 

the current and potential users by focusing on the predictors rather than using any objective 

information. Consequently, the present study measures the factors affecting health 

professionals’ and health consumers’ social media acceptance decisions in the healthcare 
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sector. Based on the construct measurement and validation procedures of MacKenzie, 

Podsakoff, and Podsakoff (2011), the constructs and items were formally defined from the 

extant theoretical/empirical literature and in-depth interviews(Venkatesh et al., 2003), 

suggestions from experts in the field, semi-structured interviews, and other assessed 

measures. Subsequently, reliability and validity of the measures were ensured through 

appropriate validation processes suggested elsewhere (Hair et al., 2006; MacKenzie et al., 

2011; Malhotra, 2008).  

5.5.3.1 Scale used  

Sekaran and Bougie (2016) classified the rating scales into ten categories: Dichotomous 

scale, Category scale, Likert scale, Numerical scales, Semantic differential scale, Itemised 

rating scale, Fixed or constant sum rating scale, Stapel scale, Graphic rating scale, and 

Consensus scale. The Likert scale (anchored at five-points or seven-points) and semantic 

differential scale are deemed suitable for this study. The 7-point Likert scale is considered to 

be the most effective psychometric property for measuring consumers’ perceptions (Creswell 

& Clark, 2007). Moreover, it has been widely used in the relevant published literature (Allen 

& Seaman, 2007; Carifio & Perla, 2007; Jamieson, 2004; (Venkatesh et al., 2003; Ventola, 

2014). The 7-point Likert scale survey collected data from health professionals and health 

consumers regarding their social media usage and continuance intention in healthcare. A 

panel of academic scholars reviewed the content validity of the questionnaire. Other 

important aspects such as convergent and divergent validity were addressed while measuring 

the constructs.  

The survey instrument consisted of the factors that affect usage behaviour and continuance 

intention. These factors were: perceived social media usefulness, peer influence, supporting 

conditions, information quality, perceived cost, professional boundary, perceived trust, 

confirmation of expectations, satisfaction, usage behaviour and continuance intention. A 

structured questionnaire was designed to incorporate operational measures of the variables to 

facilitate the self-administration of the questionnaire. The primary advantages of this 

technique is that it is easy to construct and administer, and understandable. A scale-based 

instrument is suitable for online and email survey, personal interview, telephone or electronic 

interviews (Yin, 2003). The source of the constructs measures is discussed below.  
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5.5.3.2 Development of construct measures  

a. Perceived social media usefulness  

Perceived social media usefulness was a major topic of discussion during the exploratory 

phase of the study. According to Davis (1989, p 320), Perceived usefulness is defined as “the 

extent to which an individual accepts that using a particular system would enhance his or her 

job performance". The theoretical importance of perceived usefulness as a fundamental 

determinant of user behaviour was specified in a large body of research. , while its effect on 

system usage was demonstrated by Davis (1989), Davis (1993) and Venkatesh and Davis 

(2000). In the context of healthcare, this thesis posits that high perceived usefulness 

positively influences social media usage behaviours. The following tables present the five 

items adopted to measure the respondents’ perceived social media usefulness.  

Table 5.4: Perceived social media usefulness 

It is my opinion that Social Media: Strongly disagree  ---→  Strongly 

agree 

Source 

Enables me to communicate better with 

my patients 

1 2 3 4 5 6 7 Qualitative interview  

Improves my job performance through 

increased knowledge 

1 2 3 4 5 6 7 Tung et al. (2008) 

Improve patients’ responsibility for 

their health   

1 2 3 4 5 6 7 Hu, Chau, and Sheng 

(2002) 

Helps to improve the quality of my 

patient care. 

1 2 3 4 5 6 7 Chismar & Wiley-Patton 

(2002)  

Increases knowledge sharing with 

colleagues 

1 2 3 4 5 6 7 Tung et al. (2008) 

b. Peer influence  

The theoretical underpinning of this construct is based on the social influence of UTAUT. 

Venkatesh et al. (2003) defined social influence as the extent to which an individual perceive 

that the important memebers of  his/her social circle  believe that  he/she should use the new 

system.  The measurement scale of social influence construct stems from prior technology 

adoption models such a UTAUT and TAM2.  Moreover, a large body of research also 

measured this variable in the healthcare context and reported a positive relationship with 

behavioural intention to use technology (Chau & Hu, 2002; Chismar & Wiley-Patton, 2002; 

Duyck et al., 2008b; Hennington & Janz, 2007; Jackson et al., 2010; Kijsanayotin et al., 

2009; Vanneste, Vermeulen, & Declercq, 2013; Venkatesh & Davis, 2000). Drawing on the 

validated scale items of Jackson et al. (2010), Chau and Hu (2002) and Duyck et al. (2008b), 
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the measures were refined and streamlined to fit the context of this study. The following table 

present items adopted to measure the peer influence on social media adoption decisions.  

Table 5.5: Peer Influence 

In my opinion Strongly disagree  ---→  Strongly 

agree 

Source 

My colleagues are influencing me to use 
social media. 

1 2 3 4 5 6 7 Jackson et al. (2010) 

My patients are influencing me to use 
social media 

1 2 3 4 5 6 7 Chau and Hu (2002) 

Friends influence me to use social media  1 2 3 4 5 6 7 Duyck et al. (2008b) 

It is expected from healthcare 

professionals to use social media  

1 2 3 4 5 6 7 Chau and Hu (2002) 

c. Supporting conditions 

This construct was rooted in the UTAUT construct: facilitating conditions. According to 

Venkatesh et al. (2003),  facilitating conditions refers to the  extent to which an individual 

believes that an organizational and technical infrastructure exists to support the use of the 

system. The degree of social media usage of healthcare professionals and health consumers 

does depend on the broader environmental factors surrounding these people. The broader 

environmental factors include organisational support, technical support and government 

support to encourage social media usage. The qualitative findings indicated that supporting 

environment plays an important on social media usage intention in healthcare.  Four items 

accepted to measure health professionals’ supporting conditions are presented in Table 5.6.   

Table 5.6 Supporting conditions 

It is my opinion Strongly disagree  ---→  Strongly agree Sources 

a. I can participate in physician communities 

using social media 

1 2 3 4 5 6 7 Chau and 

Hu (2002) 

b. I can reach other physicians/health 

professionals by using social media  

1 2 3 4 5 6 7 Qualitative 

interview 

c. My work environment encourages me to 

use social media  

1 2 3 4 5 6 7 Duyck et 

al. (2008b) 

d. Current healthcare industry practice 

influences me to consider social media 

1 2 3 4 5 6 7 Chau and 

Hu (2002) 

d. Information quality 

Review of the existing literature on social media and the interviews indicated that 

information quality of healthcare social media sites is still a significant area of concern for 
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both health professionals and consumers. So, their usage decision is significantly affected. 

Information quality  is typically measured by evaluating the output of an information system. 

Information relibility, accuracy, relevancy and wholesomeness are some of the typical 

measures of information quality (Kim & Niehm, 2009; Pitt et al., 1995). 

DeLone and McLean (1992)  proposed a fundamental research framework IS success model, 

which builds on the relationship between information quality and service quality on 

information system use and acceptance behaviour. Some studies did integrate the variables of 

the IS success model with extant technology adoption models to explain information system 

usage behaviour (Dishaw & Strong, 1999; Lin & Chen, 2012; Tung et al., 2008).  Larcker 

and Lessig (1980) developed six questionnaire items to measure the perceived importance 

and usability of information presented in the reports. Similarly, Bailey and Pearson (1983) 

proposed 39 system-related items for measuring user satisfaction. Among their ten most 

important items, in descending order of importance, were information accuracy, output 

timeliness, reliability, completeness, relevance, precision, and currency.  Based on past 

studies the measures were refined and streamlined to fit this study, and they are presented in 

Table 5.7 below with reference to information quality. 

Table 5.7: Information Quality 

In my opinion Strongly disagree  ---→  Strongly agree Sources 

a. Health Information provided by social 

media sites is presented well 

1 2 3 4 5 6 7 Bailey and 

Pearson (1983) 

b. Health Information provided by social 

media sites is reliable  

1 2 3 4 5 6 7 Bailey and 

Pearson  (1983) 

c. Information provided by health 

information pages is comprehensive 

1 2 3 4 5 6 7 Bharati and 

Chaudhury 

(2004) 

d. Health Information from social media 

sites is easy to understand  

1 2 3 4 5 6 7 Freeze, Alshare, 

Lane, and Wen 

(2010) 

e.  Health Information from social media 

sites is constructive  

1 2 3 4 5 6 7 Freeze et al. 

(2010) 

e. Perceived privacy threats  

Past studies indicated that health professionals’ negative emotions and awareness of possible 

threats made the introduction of a new health information technology difficult (Ash et al., 

2003; Berger & Kichak, 2004; Campbell, Sittig, Ash, Guappone, & Dykstra, 2006). 
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Yarbrough and Smith (2007) combined constructs like barriers to technology acceptance into 

a framework and showed that both enablers and inhibitors significantly influence physicians’ 

intention to use new technology. Bhattacherjee and Hikmet (2008) suggested that the alleged 

drawbacks of health information technology are positively related to resistance to technology.  

 This thesis argues that if usage of social media in healthcare results in a loss of privacy for 

both consumers and health professionals, then it will negatively influence usage behaviour, as 

indicate din the in-depth interviews where perceived privacy threats were said tosignificantly 

affecting the social usage behaviour of healthcare professionals. Therefore, based on the 

findings of the qualitative interviews and building on the four-item scale of Bhattacherjee and 

Hikmet (2007), the four-item web security scale devised by Cheng, Lam, and Yeung (2006) 

and the semi-structured interviews, this study proposes a six-item measurement scale. It 

examines the privacy threats that healthcare professionals and health consumers are 

concerned about.  

Table 5.8: Privacy threats 

Within the healthcare context Strongly disagree  ---→  Strongly 

agree 

Source 

a. Hard to mantain confidentiality in 

social media 

1 2 3 4 5 6 7 Cheng et al. (2006) 

b. I do not have the skills to 

negate the privacy threats 

1 2 3 4 5 6 7 Bhattacharjee and 

Hikmet (2007) 

c. I might compromise the privacy of 

my patients by using social media 

professionally  

1 2 3 4 5 6 7 Qualitative 

interviews 

d. There are legal implications of using 

social media in healthcare 

1 2 3 4 5 6 7 Qualitative 

interviews 

e. My organisation’s policies do not 

support the use of social media 

1 2 3 4 5 6 7 Duyck et al. (2008b) 

f. I am concerned about the privacy 

settings of social media channels 

1 2 3 4 5 6 7 Qualitative 

interviews 

g. I feel apprehensive about using 

social media for other reasons  

1 2 3 4 5 6 7 Bhattacharjee and 

Hikmet (2007) 

f. Perceived cost  

The perceived cost was a major topic of discussion during the in-depth interviews. The 

theoretical underpinning of the perceived cost is rooted in the price/value construct developed 

by Venkatesh et al. (2012). For this study, the perceived cost can be considered as a trade-off 

between the perceived benefits of social media and the financial cost involved in the 

implementation and usage of social media in healthcare. Many scholars also identified cost as 
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an important factor affecting technology users’ behavioural intentions (Hung, Ku, & Chang, 

2003; Kuo & Yen, 2009; Tung et al., 2008; Wu & Wang, 2005). Based on the three items 

measurement scale of Venkatesh et al. (2012), the three-item measurement scale of Kuo and 

Yen (2009) and findings of the semi-structured interviews, the study proposed a four-item 

measurement scale. It served to examine the perceived cost of social media usage from the 

perspectives of healthcare professionals and health consumers. 

 

  

Table 5.9: Perceived Cost 

In my opinion Strongly disagree  ---→  Strongly agree Sources 

a. The cost of promoting health 

information through social media is 

negligible.  

1 2 3 4 5 6 7 Venkatesh et al. 

(2012) 

b. Social media usage for health 

promotion offers good value  

1 2 3 4 5 6 7 Venkatesh et al. 

(2012) 

c. Using social media for health-related 

matter is cost effective 

1 2 3 4 5 6 7 Kuo and Yen 

(2009) 

d. Social media is very attractive in 

terms of costs    

1 2 3 4 5 6 7 Qualitative 

interviews 

g. Self-efficacy  

The concept of self-efficacy emerged in the theories concerned with social learning and 

social cognition. Self-efficacy refers to an individual’s beliefs about his or her ability and 

motivation to use a specific technological application and, it is positively related to users’ 

intention to use the technology (Compeau & Higgins, 1995). Thus, a higher level of self-

efficacy results in greater intention to use a system (Agarwal, Sambamurthy, & Stair, 2000; 

Bandura, 1977).  In this context, it represents the confidence, interest, and technical skills to 

utilise social media for health-related reasons. Drawing on Compeau’s and Higgins’s (1995) 

10-item self-efficacy measurement scale, the five scale self-efficacy measures were 

developed, refined and streamlined to fit this study. The following table summarises this 

below. 
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Table 5.10: Self-efficacy 

I Believe Strongly disagree  ---→  Strongly agree Source  

a. I am confident about using social 

media for health-related matters 

1 2 3 4 5 6 7  

 

 

Compeau and 

Higgins (1995 

b. I have the skills to use social 

media professionally  

1 2 3 4 5 6 7 

c. I have no difficulty in using social 

media 

1 2 3 4 5 6 7 

d. I am interested in using social media to 

seek health information   

1 2 3 4 5 6 7 

e. I know the technical aspects of social 

media use in healthcare  

1 2 3 4 5 6 7 

h. Perceived Trust  

Rousseau et al (1998) defines trust as a psychological state affecting the intention to accept 

vulnerability grounded in positive expectations of the intentions or behaviour of another. 

Trust can be explained as an emotional and logical affiliation to a party or an object. 

Researchers view trust as a set of specific beliefs dealing primarily with the integrity, 

benevolence, and ability of another party (Gefen et al., 2003). Trust in the technology 

adoption context can be considered as an effect reflected in feelings of confidence and 

security elicited by other parties or objects (Bélanger & Carter, 2008). Trust is essential for 

operalisation of social media usage in healthcare as there is no universally agreed process for 

ensuring the accuracy, currency, or completeness of the information presented to health 

consumers (Hersey, Matheson, & Lohr, 1997; Moorhead et al., 2013). In this research, trust 

items are refined to reflect health professionals’ and health consumers’ perceptions of trust in 

respect to the usage of social media technologies. Drawing on the trust-related behavioural 

scale by Gefen et al. (2003), a five-item measurement scale of trust was developed, refined 

and is reported here. 

Table 5.11: Perceived Trust 

In the healthcare context Strongly disagree  ---→  Strongly 

agree 

Sources 

a. I trust that health-based social media 

channels provide accurate information 

1 2 3 4 5 6 7   

 

 

 

Gefen et al. (2003) 

b. I consider that healthcare social 

media sites are secure 

1 2 3 4 5 6 7 

c. I trust that social media has the potential 

to improve patient experience 

1 2 3 4 5 6 7 

d. Social media can be trusted to 

communicate health wellbeing    

1 2 3 4 5 6 7 
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e. I do not trust messages from healthcare 

social media sites  

1 2 3 4 5 6 7 

i. Perceived professional boundary  

Perceived professional boundary refers to the limits that exist about what information 

physicians and other providers can or should share online  (Mostaghimi & Crotty, 2011). 

Healthcare professionals are required to be extremely vigilant of unintentional online 

disclosure of patients’ information. Qualitative interviews also indicated that subtle 

overstepping of boundaries raises concerns for professional reputation and responsibility. 

This research argues that individual ethical values, needs, and past experiences also falls 

under the domain of perceived boundary. Based on the four items measurement scale of  

Moore and Benbasat (1991) and findings of the qualitative interviews, a four-item 

measurement scale of the perceived professional boundary is developed and shown in the 

table below.  

Table 5.12: Perceived professional boundary 

In my opinion Strongly disagree  ---→  Strongly 

agree 

 

Social media fits well with the way I like 

to interact with patients and the 

community  

1 2 3 4 5 6 7 Qualitative 

interviews 

 

Professional use of social media is 
compatible with my profession  

1 2 3 4 5 6 7 Moore and 

Benbasat 

(1991) 

It’s easy to maintain professional 
integrity while using social media to 
communicate with health consumers 

1 2 3 4 5 6 7 Moore and 

Benbasat 

(1991) 

Using social media to interact with 

health communities aligns with my 

professional aspirations 

1 2 3 4 5 6 7 Qualitative 

interviews 

j. Confirmation of expectations  

Confirmation of expectations derived from the Expectation Confirmation Model (ECM) that 

posits expectations, coupled with perceived performance, lead to satisfaction. This effect is 

mediated through positive or negative confirmation between expectations and performance. 

Based on the work by  Oliver (1980) this study argues that if social media usage in healthcare 

exceeds user expectations, then this will result in user satisfaction, while negative experience 

with social media will lead to the opposite. The four-item measurement scale is adopted and 
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contextualised from the ‘confirmation’ construct of the expectation confirmation model 

(Bhattacherjee, 2001) and clarified in Table 5.13 below.  

Table 5.13: Confirmation of expectations 

In my opinion Strongly disagree  ---→  Strongly 

agree 

Source 

a.  Social media has helped to improve 

doctor-patient relationships 

1 2 3 4 5 6 7  

 

 

Bhattacherjee (2001) 

b. The service potential of social media is 

better than I expected 

1 2 3 4 5 6 7 

c. Social media has strengthened the 

relationships with my colleagues 

1 2 3 4 5 6 7 

d. Usage of social media in healthcare 

ensures better healthcare service 

1 2 3 4 5 6 7 

k. Satisfaction  

According to Oliver (1980),  satisfaction arises when perceived performance surpasses users’ 

expectations. Based on literature, perceived satisfaction with social media was measured 

drawing on the questionnaire items developed by Spreng, MacKenzie, and Olshavsky (1996). 

This scale addresses respondents’ satisfaction levels along a seven-point scale anchored 

between “very dissatisfied” and “very satisfied”. According to Ajzen and Fishbein (1977), 

satisfaction is best measured along bipolar evaluative dimensions (good/bad). The four items 

adopted to measure satisfaction are presented in Table 5.14. 

Table 5.14: Satisfaction 

l. Usage behaviour  

 The theoretical underpinning of the usage behaviour construct is grounded on the ‘actual 

system usage’ construct introduced by Burton-Jones and Straub Jr (2006). It refers to the 

degree a user applies one or more system features to complete a particular task (Burton-Jones 

& Straub Jr, 2006). Usage behaviour is considered to be a complex construct because there is 

In my opinion Very dissatisfied  ---→  Very 

satisfied 

Sources 

a. I am satisfied with my interactions with 

social media   

1      7  

 

 

Spreng et al. 

(1996) 

b. I am happy with the healthcare 

information quality on healthcare pages 

1      7 

c. I am very confident in using social 

media to access health information. 

1      7 

d.  I am satisfied with the way social 

media works to deliver health information 

1      7 
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no consensus among scholars concerning the measurements scales used for this variable. Two 

common approaches to measuring actual system usage are objective and subjective measures 

(Straub, Limayem, & Karahanna-Evaristo, 1995). Objective measures are based on the 

system log that includes various aspects of actual use. For example, log-in history or time 

spent after each login. On the other hand, subjective measures are based on self-reported 

values that focus on the subjective data such as frequency or intensity of use (Turner, 

Kitchenham, Brereton, Charters, & Budgen, 2010). This study adopted the later (subjective) 

approach, as it is beyond the scope of the study to collect social media usage logs from health 

professionals. The six-item measurement scale constructs are adopted from the ‘Actual 

usage’ construct of the original TAM framework (Davis, 1989). The measures are revised to 

fit the context of this study.  

Table 5.15: Social media usage behaviour  

m. Continuance intention  

The theoretical underpinning of continuance intention is an integral part of the Theory of 

Planned Behaviour, which as mentioned previously is an extension of the Theory of 

Reasoned Action (Ajzen, 1991) and Expectation Confirmation Model (ECM) of 

Bhattacherjee (2001).  According to Bhattacherjee (2001) initial acceptance of a system is a 

significant stride toward realising the system success. Therefore, in accordance with 

Bhattacherjee (2001), this research argues that the long-term viability of social media in 

healthcare and its eventual success depend on its continued use rather than infrequent usage.  

Drawing on the measurement scales introduced by Bhattacherjee (2001) the continuance 

In my opinion Not at all  ---→  Very frequently  Source 

I use social media to share medical 

knowledge with other patients  

1 2 3 4 5 6 7  

 

 

 

 

Davis (1989) 

I use social media to share medical 

knowledge with my colleagues.  

1 2 3 4 5 6 7 

I use social media to seek specific 

information about health-related issues 

1 2 3 4 5 6 7 

I use social media to promote myself as a 

health professional  

1 2 3 4 5 6 7 

I use social media to promote my 

organisation 

1 2 3 4 5 6 7 

I use social media for personal purposes 

only  

1 2 3 4 5 6 7 
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intention measures were developed,  refined and streamlined to fit this study and shown 

below.  

Table 5.16: Continuance intention 

In my opinion Strongly disagree  ---→  Strongly agree Sources 

a.  I intend to continue using social 

media for professional purposes   

1 2 3 4 5 6 7  

 

 

Bhattacherjee 

(2001) 

b. I intend to continue using social 

media for professional purposes   

1 2 3 4 5 6 7 

c. I intend to increase my contribution 

to health communities in the future 

1 2 3 4 5 6 7 

d. I would like to use social media to 

improve healthcare services 

1 2 3 4 5 6 7 

 

This section is concerned with the definition of constructs and the measurement scale used to 

survey health professionals’ social media adoption decisions. Two separate questionnaires 

with identical constructs were developed to survey these groups. However, the use of social 

media among these two groups is potentially different (Antheunis et al., 2013). So the 

wording used for each construct were contextualised for both groups (see questionnaire in 

Appendices D and E).   

5.6 Pilot study   

The initial design of the survey instrument was followed by an extensive evaluation of 

feasibility, time, sequence and phrasing of the instrument before undertaking the primary 

survey. A  pilot study was undertaken to assess the reliability and validity of the research 

instrument (Sekaran & Bougie, 2016; Zikmund, 2003). Scholars have recommended piloting 

of the initial instrument to address and eliminate any possible flaws in the survey (Groves et 

al., 2011; Ticehurst & Veal, 2000).  

The pilot study helps test the wording sequence, and layout, responses, time, and analysis 

process. There are different views on the appropriate sample size for the pilot study. Connelly 

(2008) recommended that the sample for the pilot study should be 10% of the projected 

sample. However, Johanson and Brooks (2010), recommended that a sample size of 30 would 

be a reasonable minimum for a pilot study for the pilot survey or scale development. The 

current study surveyed 42 respondents using the health professionals’ survey questionnaire to 

initiate accurate and precise parameter estimates from the pilot survey. The respondents were 

recruited through convenience sampling method. Once the respondents expressed their 
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willingness to participate in the survey, an online survey questionnaire link was sent to them. 

Some modifications in wording the instrument were made to ensure the instrument’s validity 

and reliability. Exploratory factor analysis was performed to streamline the data relative to 

their constructs (Hayton, Allen, & Scarpello, 2004) and then the data was tested for reliability 

and validity (Santos, 1999).  Based on the feedback and results of this analysis, one item from 

the perceived usefulness construct and two items from perceived threats construct were 

deleted. Furthermore, some scale items were reviewed and refined to ensure clarity.  

5.7 Survey population and sample size  

The selection of an adequate sample is crucial in the research design process. Sampling is the 

process of selecting a sufficient number of the right elements from the population, while the 

population represents the entire group of people, events, or elements of interest that the 

researcher wishes to examine (Sekaran & Bougie, 2016). Sampling could take the form of 

either probability or non-probability sampling. Probability sampling techniques include 

simple random, systematic, stratified, cluster, area and double sampling, whereas, non-

probability sampling techniques include convenience, purposive, voluntary, quota and 

judgement sampling method (Bryman & Bell, 2015; Creswell & Creswell, 2017). Here the 

researcher selects some elements carefully from the population to analyse and draw 

conclusions that are generalisable to the whole population (Bryman & Bell, 2015).  

5.7.1 Survey of healthcare professionals 

The population for this study comprised Australian health professionals who used social 

media, and worked in hospitals, clinics and other clinical environments.  A wide range of 

medical professionals are employed in Australia’s healthcare sector and it is reported that 

over 100,000 are registered practitioners (ABS 2015). Three cities - Canberra, Sydney, and 

Brisbane - were chosen for the survey due to geographical proximity to administer and 

follow-up the survey and travel when required, given that it is difficult it is to establish 

contact with professionals from the healthcare industry.     

A simple random sampling method was used to select the respondents. A sampling frame of 

1500 health professionals was developed from publicly available online databases such as 

AMD database, Health Directory, Doctors4You website. Healthcare blog and various health-

related social media sites were also considered while developing the database. Subsequently, 

an invitation via email and traditional post was sent to solicit health professionals’ 

participation. The survey was set up on ‘SurveyMonkey’ based on discussions with industry 
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professionals who recommended Survey Monkey because it is easy to use, reach, cost-

effective and convenient.  

Out of the 1500 invitations sent out, 824 health professionals replied and agreed to 

participate in this research. Finally, a Survey Monkey link with the questionnaires was sent to 

those who agreed to participate in this research, and subsequently 163 responses were 

returned within eight weeks. Follow-up calls, and email reminders after two weeks generated 

an additional 56 responses.  Therefore, a total of 219 complete responses were received with 

a 27% response rate. Following the recommendations of Nunnally and Bernstein (1978), a t-

test was conducted to verify the early and late responses. The verification process revealed 

no significant difference between the two groups of respondents.  

5.7.2 Survey of health consumers 

A survey of health consumers was conducted through a mall intercept method in Sydney and 

Canberra. Most of the survey was done outside a pharmacy or clinic in a shopping mall. The 

mall intercept survey is a method frequently used for consumer research and considered ideal 

for gaining access to a representative sample (Bush & Hair Jr, 1985). Regarding the selection 

criteria of the respondents, the participants had to be over the age of 18 and have access to a 

public or private healthcare service provider. The survey questionnaire was administered to 

265 adult respondents. No incentive was provided for survey participation, and it took 

between 15-20 minutes to complete. Data were collected at different days of the week and 

different times of the day to improve randomness. Table 5.17 summarises the sampling 

method and size used in this phase of the research.   

Table 5.17: Summary of the selected sampling methods 

Research 

Design  

Respondents Sampling 

method 

Size  Objective 

Qualitative 

interview  

Healthcare 

professionals 

Judgment  16 To identify the factors affecting the 

social media usage behaviour in 

healthcare.  

Quantitative 

survey 

Healthcare 

professionals  

Random  219 To empirically test the factors 

identified during the qualitative 

phase from the perspective of 

healthcare professionals. 

Quantitative 

survey  

Health 

consumers 

Mall intercept  265 To empirically test the factors 

identified during the qualitative 

phase from the perspective of 

health consumers. 
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5.8 Research ethics 

This research was conducted under the approval of the UC Human Research Ethics 

Committee. The project was approved based on the research brief and a preliminary draft of 

the interview and survey questionnaires.  Regarding the ethical research practices, this 

research strived to follow academic integrity during all phases of the study. Participation in 

this research was completely voluntary and careful attention was paid to maintain the 

integrity, autonomy, and confidentiality of all respondents. All the phases of this research 

endeavour have been supervised, examined and approved by the supervisory team.  

5.9 Quantitative data analysis 

The process of quantitative data analysis involved five logical steps. The first was entering 

the survey data into the SPSS database. The second involved quantitative data being analysed 

using descriptive statistics. For the third step, reliability and validity analysis were done, 

while the fourth step undertook factor analysis using the CFA (AMOS) method. Finally, step 

five did the model testing through SEM (AMOS).  

Following the data entry, descriptive statistics were analyzed through frequency distribution 

and calculation of several summary statistics such as the mean, median, standard deviation as 

examples. The fundamental distributional aspects of the data were described, and any unusual 

observations (outliers) or a pattern of observations to avoid anomalies was assessed (Landau, 

2004). The descriptive analysis stage provided a presentation of the participants' profiles and 

included a discussion on the data screening process. The results of the descriptive statistics, 

reliability analysis and confirmatory factor analysis (CFA) are discussed in detail in Chapters 

8 and 10. The Confirmatory Factor Analysis (CFA) has been used to assess the validity of the 

theoretical framework and the underlying data structure of the constructs used in this study 

(Byrne, 2001).  

Finally, the study used Structural Equation Modelling (SEM) technique to test the 

hypothesised relationships proposed in the research framework. The structural equation 

modelling (SEM) is a technique that represents the observed data through some structural 

parameters defined by a theoretical framework (Hair et al., 2006; Tabachnick & Fidell, 

2007). SEM helps to conduct a simultaneous analysis, where the relationships among 

multiple independent and dependent constructs are modeled concurrently. This capability 

differs significantly from most first generation statistical tools such as correlation, regression 
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and factor analysis, which can analyse only one layer of linkages between independent and 

dependent variables at a time (Chin & Todd, 1995).  

5.10 Summary and limitations  

This chapter evaluated various branches of research philosophy and denoted that pragmatism 

constitutes the epistemological base of this study.  Accordingly, a mixed method research 

approach was used which is philosophically based on the pragmatic method and system. The 

reasoning of inquiry comprises both inductive and deductive approaches.  In tandem with the 

sequential mixed methods approach, this study was conducted in five stages: i) review of 

existing literature, ii) in-depth interviews to collect data for qualitative analysis, iii) 

development of conceptual framework based on literature and qualitative interviews, iv) 

quantitative survey of healthcare professionals, and v) quantitative survey of health 

consumers. Validity and reliability of the data were ensured through a triangulation approach.     

In-depth interviews were undertaken based on the concepts derived the literature review. A 

pilot study was carried out in Canberra to ensure the reliability of the interview questions, 

these being were modified according to the pilot study findings. A list of healthcare 

professionals has been developed by consulting AMD database, healthcare blogs, and various 

health-related social media sites. Next, potential participants were contacted either by sending 

an email or a direct phone call to their practice. In total, 16 in-depth interviews were 

conducted with healthcare professionals.  

The interviews were transcribed and the NVIVO software package was used for content and 

thematic analysis. Existing literature and the themes generated from the interviews formed 

the foundation of the quantitative phase of the study. A questionnaire was developed based 

on the interview findings and measures used in various technology acceptance studies.  

A pilot study was done to finalise the measurement scale and ensure the constructs’ reliability 

and validity; it was conducted in Canberra and in total 42 surveys were completed. Once the 

scales were finalised the survey was conducted in Canberra, Sydney, and Brisbane with 219 

health professionals and 265 health consumers. SEM served to test the hypothesised 

relationships.  

In terms of the limitations, this research used cross-sectional data, so it may not reflect long-

term social media usage behaviour of healthcare professionals and consumers. The next 

chapter discusses the findings of qualitative interviews.   
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CHAPTER 6 : INTERVIEW FINDINGS 

6.1 Introduction 

This chapter discusses the interview findings concerning health professionals’ statements, 

opinions, etc. This chapter addresses the research objectives 1, 2 and 3 (see Chapter 1). The 

purpose of the interviews was to provide supplementary data to the statistical analysis, obtain 

theoretical saturation within the emergent themes, and establish the preliminary relationships 

between theoretical constructs (Glaser, 1978). The interviews were also a means of 

corroborating the final framework (Dey, 2003). The interviews also helped to address the 

theoretical gaps when other data could not provide an in-depth insight into the new concepts 

(Mason, 2010).  

In total 16 semi-structured interviews (11 GP and 5 medical specialists) were conducted in 

Canberra. Respondents were mostly interviewed in their homes and all interviews were audio 

recorded, transcribed and analysed through NVIVO qualitative data analysis software 

(Version 11). The information was encoded to identify specific themes; that is, whether some 

patterns could be identified within the information that may have some relevance to the 

research topic (Fereday & Muir-Cochrane, 2006).  This study followed the widely used six-

step guideline proposed by Braun and Clarke (2006).  These steps start by reading and being 

familiar with the data, generating initial codes by organising the data, searching for themes by 

re-reading and reviewing the data, and defining and naming these themes. This chapter also 

considers the demographic information of participants, followed by findings related to 

usefulness and challenges of social media usage in healthcare. Finally, other relevant themes 

such as individual and experiential factors are included in this discussion. This chapter 

concludes with a summary of the main themes covered here.  

6.2 Profile of the respondents  

The interviews were conducted in Canberra and participants were recruited based on their 

familiarity with social media technologies, professional experience, and ease of accessibility.  

The demographic profiles of the respondents are provided in Table 6.1. 
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Table 6.1: Respondents’ profile 

 Categories  Criteria Frequency Percent 

 Age 

  

  

18-29 0 0 

30-39 3 19 

40-49 7 44 

50-59 4 25 

60+ 2 12 

  

Gender 

Male 7 56  

Female 9 44 

Medical 

Experience 

  

  

5-9 years  7 44 

10-19 Years 6 37 

20-29 Years 3 19 

30 years’ plus 0 0 

Specialisation  GP 11 69 

 Medical specialists 5 31 

 

In terms of gender, 44% were male, and the remainder were female (56%). Most participants 

were in in the 40-49 age group (44%), followed by 50-49 (25%), 30-39 (19%) and 60 plus 

(12%). The youngest participant was 31 and the oldest was 63. Physicians in this study had 

medical experience ranging from a minimum of 5 to a maximum of 29 years.  In terms of 

medical experience, 44% of the respondents had 5-9 years of experience, 37% of the 

respondents had 10-19 years of experience, and 19% had more than 20 years of clinical 

experience. It is clearly evident that participants are well established and experienced in their 

area of specialisation. Regarding the area specialisation, 69% of respondents were general 

practitioners (GP), and 31% were medical specialists. It should be noted here that due to time 

and resource constraints, it was not feasible to recruit an adequate, available, and accessible 

number of specific groups of health professionals who use social media regularly. Thus, for 

this study, healthcare professionals from all specialisations were targeted for data collection. 



 

  

169 

 

6.2 Social media use by the healthcare professionals  

One vital criterion used for recruiting participants for the study was their level of social 

media usage and it had to be at least once a week. Since one of the primary objectives of the 

study was to evaluate the benefits and challenges of using social media in healthcare, it was 

important to ensure that respondents had sufficient experience with social media generally. 

According to those interviewed, Facebook, YouTube, healthcare blogs and Twitter were the 

leading social media platforms that they frequently use.  

Table 6.2: Social media platforms used by the participants 

 
 Tools Frequency Percent Usage reason  

  

 

 

 

 

SM channels 

used by the 

health 

professionals  

  

  

YouTube 16 100% Professional learning, 

collaboration, and 

engagement with the health 

community 

Facebook 14 88% Personal communication, 

sharing health-related 

information 

Twitter 7 44% Spreading and sharing 

health-related information 

and medical knowledge  

Health 

blogs/websites  

15 94% Collaborate with colleagues, 

share health-related 

information, creating health 

awareness, social support.  

Instagram 2 13% Image sharing of the 

practice, awareness 

campaign  

Others  3 19% Doctors’ specific sites such 

as Sermo, QuantiaMD, 

WeMEdUp, etc.  

 

YouTube was the most popular social media platform among the respondents as all 

participants reported (100%) accessing YouTube for knowledge accumulation, professional 

learning and engaging with other members of the health community. Prior studies also 

indicated that a video sharing platform like YouTube aids in disseminating timely health-

related information as a social networking interface (Madathil et al., 2015).  Thus, YouTube 

has the potential to facilitate healthcare decisions, offers substantial benefits as a health 

education tool and is a source for information sharing among patients, healthcare 
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professionals and service providers (Hayanga & Kaiser, 2008; Lim Fat, Doja, Barrowman, & 

Sell, 2011).  

Facebook is a popular social media platform among healthcare professionals, and 88% of the 

respondents are frequent Facebook users. However, the majority of the health professionals 

indicated that they predominantly use Facebook for personal communication. Only 2 (13%) 

respondents frequently shared health-related information on their Facebook page, which goes 

to show that health professionals are sceptical about using Facebook as a medium to engage 

with patients and other colleagues. Prior studies showed that healthcare organisations are 

more frequent users of Facebook than individual health professionals. For example, an 

increasing number of health organisations provide Facebook health applications that allow 

users to monitor and coordinate their exercise and diet goals. Furthermore, several health 

insurance companies provide health tips and advice and send marketing messages via 

Facebook to interact with customers (Adzharuddin & Ramly, 2015; Park et al., 2011).  

Only 44% of the participants reported using Twitter for sharing authenticated health-related 

information. This figure is consistent with the overall usage of Twitter in Australia.  

Regarding general social media usage, Twitter ranks number 9 in Australia with 2.8 million 

monthly active users compared to 15 million active monthly Facebook users (SMS, 2017). 

Also, 94% of the respondents frequently visits health-related blogs/websites written by their 

colleagues and, they use these platforms to share new developments in medical fields, 

collaborate with colleagues, interact with the followers and provide social support. Past 

studies indicated that health-related blogs could serve as a means of providing social support 

and foster health benefits through supportive communication and relationships (Gold et al., 

2011; Miller & Pole, 2010; Rains & Keating, 2011). Finally, only 2 (13%) respondents 

reported using Instagram for health promotion, and it is evident that Instagram is still a lesser 

known channel in the healthcare sector despite it being a popular photo sharing platform with 

an average of 500 million monthly active users in Australia (SMS, 2017).  

6.3 Interview results  

The following sections discuss the results based on the interviews. The results have been 

organised according to the following sequence: 

a. Usefulness of Social Media 

b. Barriers of social media  

c. External Factors 
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d. Individual Factors 

6.3.1 Usefulness of social media  

To explore health professionals’ social media usage behaviour, it is essential to explore the 

functional utility of using social media. The questions asked here focused on the beneficial 

aspects of social media in healthcare and Table 6.3 shows the findings from responses and the 

number of times each factor was referred to by the participants. 

Table 6.3: Usefulness of social media  

Number Theme Number of 

respondents 

% Total number 

of respondents 

1. Communication 13 94% 

2. Community Support 12 75% 

3. Learning   7 44% 

4. Health promotion 7 44% 

5. Networking  4 25% 

6.3.1.1 Health communication 

Health communication was the most popular and useful attribute of social media in 

healthcare. A total of 94% of the respondents affirmed social media’s pivotal role in health 

communication and this response was expected, given it has been widely reported in recent 

studies. Social media minimises the distance between the healthcare providers and other 

stakeholders and increases the perceived value of services, by enhancing engagement and 

communication with current and potential patients (Grajales III et al., 2014; Moorhead et al., 

2013; Tunick & Brand, 2015). The notion of usefulness is evident from the comment made 

by Respondent 6:    

Very useful. For example, online health forums can be used to communicate 

information about the certain chronic illness, present pre and post-treatment 

examples, promote general wellness and facilitate communication among 

patients. Patients can also communicate about what treatment they are 

undertaking and share their experiences about a certain condition with other 

patients. 
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The viral nature of communication on social media (Facebook, Twitter, YouTube) facilitates 

natural and social communication between healthcare providers, professionals, and patients.  

It fosters a sense of belonging to a community for health professionals and patients. As 

Respondent 10 stated: 

I am a firm believer of collective wisdom. I find it fascinating when medical 

professionals get together on a common platform, mostly via healthcare blogs 

and collectively discuss health interventions and communicate their 

perspectives.  I believe informational blogs posts have a far-reaching effect 

on the health community. We can reach anywhere and share information for 

the betterment of the community. I do believe that more emphasis on health 

communication would improve functional health literacy, especially in 

developing countries- using social network applications, interactive tutorials 

& medication reminders. 

The perspectives shared by reputed healthcare professionals in the social media platform, are 

valued by the healthcare community. For instance, according to Respondent 8: 

Very useful as a health communication tool. When a medical expert shares 

new knowledge or intervention, it is worthwhile noticing his or her 

perspective.  

Respondent 7 echoed a similar sentiment:   

Immensely beneficial, I know that there are a lot of doubts and skepticism. I 

was not a big fan either. However, now, I see all these fantastic stories and 

how social media is being used to reach communities and raising awareness; 

I feel that social media gives us the opportunity to be in touch with the 

community and it gives them the opportunity to interact with the healthcare 

providers and other patients. It also helps us listen to our patients.  It will not 

be very wise if we discard the potential of social media for health 

communication. 

However, two respondents emphasised the importance of face-to-face interaction and 

advocated social media sites should not be used as an alternative to face-to-face interactions 

between medical professionals and patients. For example, Respondent 12 stated: 
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Useful for health communication but should not be used as an alternative to 

seeing a doctor. 

Similarly, Respondent 5 stressed that:  

It is a good idea, and I am in for it. However, I consider that it is very 

difficult to customise medical diagnosis. Social media should only be used as 

an interactional and informational tool for patients; however, face to face 

interactions with a professional will be hardly replaced by searching for 

something on YouTube or Google. 

Therefore, despite the popularity of social media platforms as a source of health information, 

it is improbable that it will completely replace the tangibility factors of a doctor-patient 

relationship. The accessibility and usefulness of health information online depend on the 

user’s ability to critically assess that information (Berland et al., 2001; Metzger, 2007). 

To sum up, the subcategory of health communication highlights the effectiveness of social 

media in connecting people closely connected to the healthcare sector. According to the study 

participants being able to share and communicate valuable health-related information is one 

of the fundamental benefits of using social media in healthcare. Social media tools were 

created to enable interactions and now provide significant opportunities for professional 

conduct in the healthcare domain.  

6.3.1.2 Community support 

The majority of health professionals (75%) identified the facilitation of community support as 

a dominant factor in determining their usage decision.  For example, as presented in the 

following excerpt, one person (Respondent 7) explained how the interaction between patients 

in different social media forums enables healthcare communities to develop a deep sense of 

bonding and connections with each other:  

It is great to see that so many patients are engaged in health community sites. 

They are sharing their stories, supporting each other and engaging in 

constructive discussions. It is much easier for them to express themselves and 

relate to other patients who are going through similar situations. These days’ 

social media feature and tools have come a long way and opportunities are 

boundless for providing community support. Think of the numerous health 

and fitness apps. For example, Asthma app helping Asthma patients.  
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Instagram’s’ social media support tool provides help for at-risk suicide 

patients. There are a whole lot of health community support sites out there 

and most of them are doing a fantastic job in bringing the community 

together to fight a specific illness. 

Some participants thought that useful contribution in online forums entails robust 

understandings of the health conditions of the other people who participate in those forums. It 

has been well documented in the literature that social support enables consumer groups to 

develop a more profound sense of bonding and community (Miller & Pole, 2010; Rains & 

Keating, 2011). For example, Respondents 8 and 14 put a lot of emphasis on social support: 

I feel that the best thing about using social media in healthcare is engaging 

with the people and communities. Participants can tell us how they feel, share 

their concerns and frustrations, support and learn from each other. Patients 

can also discuss their treatment plans, fears and lived experiences in coping 

with an illness. Also, I think participation in social media-based communities 

would help medical practitioners like us get closer to the patients. 

(Respondent 8) 

I do believe that social media has the potential to develop a dynamic process 

based on shared interactions among healthcare providers and patients. 

(Respondent 14) 

Similarly, Respondent 9 had a similar point of view: 

Posts in health blogs mean a lot to our patients. We see them replying/ loving 

and sharing our posts many times in different apps. My blog reflects on stress 

management and mental health issues. It is heartening to see how the patients 

support each other to cope with a varied range of symptoms and conditions. 

The evidence from the findings show how facilitating community engagement through social 

media platforms can support the development of social connections within healthcare 

communities as well as bonds between the stakeholders. This aspect is well-documented in 

previous studies (Antheunis et al., 2013; Sundar, Edwards, Hu, & Stavrositu, 2007). The 

interview findings indicate that social media facilitates information sharing among both 

health professionals and community members, thus enhancing community support to address 

health-related issues. Moreover, the findings mirror those reported in elsewhere (Mo & 
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Coulson, 2008; Moorhead et al., 2013; Rains & Keating, 2011). The popularity of social 

media as a community support tool in healthcare is confirmed. 

6.3.1.3 Learning 

Learning was one factor addressed by 44% of the participants. The findings show that social 

media can support learning in many ways, predominantly learning through sharing of 

experiences and knowledge sharing within the healthcare communities. Current views of 

learning also highlight the importance of technology-mediated interaction between 

individuals for learning and professional development, where individuals learn through their 

interactions and participation in the world. For example, a medical health professional 

interested in global health issues could follow organisations such as Partners in Health, or a 

urologist who could connect patients and colleagues with dynamic resources to facilitate 

learning (McNab, 2009). For instance, Respondent 3 noted the following: 

I am a frequent user of social media. I often use Sermo and YouTube to post 

and share in specific closed communities, to keep updated and to learn from 

the trusted networks and colleagues. 

Additionally, Respondent 11 suggested that: 

I feel that the most significant advantage of using social media is continuous 

learning. The depth of information in some health-medicine forums are very 

extensive and allows participants to learn about the developments in their 

area of specialisations. 

Numerous studies also suggest that health professionals most often join online communities, 

so they can read news articles, listen to experts, research medical developments, consult 

colleagues regarding patient issues, and network. Users can share cases and ideas, discuss 

practice management challenges, make referrals, disseminate their research, market their 

practices, or engage in health advocacy (Courtney, 2013; Gamache-O'Leary & Grant, 2017; 

Hawn, 2009; Thielst, 2010). A growing number of medical professionals utilise social media 

to communicate directly with patients to augment clinical care (Ventola, 2014). For example, 

Respondent 16 said that: 

Social media can be useful to learn about a health problem, more so from the 

patients’ point of view. It is quite common when people can post about 

different symptoms in a health forum, and there will be multiple responses 
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within minutes. Yes, it is likely there are lots of conflicting information posted 

out there. However, patients are likely to be benefitted immensely if they 

follow trusted healthcare sites. The social media campaign of world lung 

foundation is a good example. They have used Facebook and YouTube to 

promote awareness about smoking mostly in third world countries, and their 

campaign was very successful in creating anti-smoking awareness. 

Evidence from the findings establishes learning as a major benefit of social media usage. For 

health professionals, social media has provided a platform to educate, learn, inform and share 

health-related information. This enables the creation of support structures involving 

healthcare services providers, professionals and patients (Dosemagen & Aase, 2016). 

Respondent 4 in this regard stated that: 

I think most people participate in healthcare forums are active and mostly 

communicate with others with an intention to help and learn. I have noticed 

that on most occasions they share their experience without trying to act like a 

doctor, which is a common perception. I must say, users, can a learn lot from 

their experience. 

In summary, the findings demonstrated that social sites facilitate learning among health 

professionals and health consumers. Health professionals can learn from each other about 

medical problems, and they can also learn about the patients by following community sites. 

Conversely, patients can also learn about specific medical conditions from health 

professionals and other patients.  

6.3.1.4 Health promotion 

It has been voiced by 44% of the respondents that the effectiveness of social media as a 

promotional tool is one of the fundamental building blocks of social media usefulness. The 

participants stated that social media has great potential as a health promotion tool. According 

to the observation made by Respondent 11: 

I always use social media to promote authentic health-related contents. It is 

the best way to launch a health campaign. Thinking of the ALS Bucket 

Challenge, we must thank Facebook for its success.  

The above observations are consistent with prior studies. According to Peck (2014), 70% of 

U.S. healthcare organisations use social media, with Facebook, Twitter, and YouTube for 
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health promotion activities (Peck, 2014). According to Ramanadhan, Mendez, Rao, and 

Viswanath (2013) many organisations in the public health sector are effectively utilising 

social media for health education, intervention, and social marketing efforts. Furthermore, 

other studies also showed that social media tools offer a range of benefits including but not 

limited to effective information dissemination,  patient empowerment and engagement, 

tailored health messages for specific groups, encourage interaction and engagement, and 

dissolve the boundaries between patient and heal professionals (Control & Prevention, 2011; 

Maibach, Van Duyn, & Bloodgood, 2006).  

Some participants also view social media as a social marketing tool. Respondent 13 stated: 

Social Media can be used to promote medical practices and health 

campaigns. It is still in a rudimentary stage. However, I do not doubt that it is 

very useful in promoting medical practices. Also, different tools provide 

different opportunities, for me, the integration of the channels works best. 

Similarly, Respondent 1 elicited the following remark:  

Social media in healthcare is best suited for health promotion. Take the 

example of the H30 Challenge initiated by Vic-Health to address the problem 

of sugary drinks. Their social marketing campaign was amazingly successful 

in reaching the target audience and having a positive impact on participants 

and their consumption habits. 

Past findings do show that health promotion via social media channels significantly impacts 

on health knowledge and behaviour. These tools can be useful for meeting individual and 

population health needs. A meta-analysis by Murray, Burns, See Tai, Lai, and Nazareth 

(2005) showed that interactive health communication applications improved users’ 

knowledge, health behaviours, and clinical outcomes. Wantland, Portillo, Holzemer, 

Slaughter, and McGhee (2004) reported that web-based and non-web-based interventions 

also showed the positive impact of online applications. Nevertheless, these were typically 

small improvements over non-web-based approaches. The statement of Respondent 15 

coincides with this view: 

I mean social media have made it possible for us to make health information 

instantly available to our patients and in most cases, the responses are quite 

positive. Although I do not have the statistics, if I go by the number of likes 
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and comments on our social media page, it is obviously promoting our 

practice. Having said that, it is hard to say, to what extent health promotions 

lead to a behavioural change of the target market.   

In summary, this theme highlighted that social media is a powerful tool with extensive reach 

and interactivity that provides health promoters with a dynamic platform to better engage 

their audiences, create new ones, and corroborate a global network of health professionals for 

professional gains.  

6.3.1.5 Networking 

Findings did suggest that social media enable health professionals to share their opinions and 

experiences on a global platform. They can go beyond their organisational boundaries and 

geographic locations and this helps to develop a trusted follower base. Social media assists 

both healthcare providers and professionals to enhance their reputation. As Respondent 6 

states:  

For me, it is a potent networking tool. It is a great way to build your 

reputation as medical professionals. Strong presence in social media gives 

you the chance to listen and react to the constructive feedback of the peers, 

and it gives us the opportunity to be recognized as a reliable source of health 

information for the network of followers. 

Respondent 3 also echoed a similar perspective: 

Social media was indeed useful for me to grow my professional network. 

Now, I am connected to physicians from all over the world. We share the 

latest medical developments in our respective fields. This is particularly 

useful for physicians or doctors who are new in practice and it is a very 

efficient method of staying up-to-date with the latest medical developments 

and new research findings. 

The practice of various health professionals was consistent with the above perspectives. 

According to Considine (2015), social media use offers various benefits for health 

professionals, including professional support and networking, education, public health 

promotion, and advocacy. The potential benefits are immense if the basic guidelines for 

safety, confidentiality, and professionalism are maintained. To summarise, health 
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professionals’ perceived usefulness of social media sites is based on the positive effects of 

using social media in the healthcare domain.  

6.3.2 Barriers of adoption 

Following an assessment of the utility aspects of social media, the barriers of social media 

adoption from the perspectives of health professionals have been investigated. Participants 

were directly asked about the barriers they felt hindered a widespread acceptance of social 

media in healthcare. The major findings were divided into five subcategories: inefficiency, 

privacy, information quality, trust and professional boundary.     

Table 6.4: Barriers  

Number Theme Number of 

respondents 

% Total number 

of respondents 

1. Privacy Threats 10 63% 

2. Information Quality  7 44% 

3. Trust 7 44% 

4. Inefficiency  6 38% 

5. Professional Boundary 4 25% 

6.3.2.1 Privacy Threats  

Privacy concern has been reported by 63% of the repondents. These respondents were of the 

view that social media possesses a significant challenge in maintaining patients’ 

confidentiality or privacy.  Respondent 14 stated that sharing any patient’s specific or 

identifiable information on social media was considered a breach of patient privacy rules: 

Patient privacy and confidentiality is a critical consideration. Medical 

regulatory bodies are reluctant to support the use of social media for 

interactions. 

Similarly, Respondent 15 voiced that  

When it comes to doctor-patient interactions and the general use of social 

media by health professionals, we have to be mindful of our professional 

obligations. I have heard of a few legal cases and media reports about 

unintentional breaches of the code of conduct. Maintaining the privacy of 
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patients are challenging, as there is the whole set of rules that need to be 

taken into deliberation. I feel that it is cumbersome for health professionals to 

take care of privacy and confidentiality issues. 

Since there have already been several lawsuits against physicians whom patients accused of 

violating their privacy of medical information (Anderson & Puckrin, 2011; Antheunis et al., 

2013; Thompson et al., 2008; Ventola, 2014) healthcare professionals may be reluctant to 

communicate with patients online. Therefore, concerns regarding the use of social media by 

healthcare professionals predominantly centre on the potential for negative repercussions 

resulting from the breach of patient confidentiality. As Respondents 4 and 7 state:  

The main concern is ensuring privacy and confidentiality. We have a 

professional obligation. The slightest breach can have grave consequences 

for everyone. Also, from patients’ point of view, I am concerned about the 

accuracy of information. Information is mostly vague, and this can cause 

severe problems. (Respondent 4) 

Privacy is a big issue. I know few of my colleagues moved away from social 

media because they feel that that online information is intrusive and often 

personal spaces are violated. I understand their concern. For me, blogging is 

the best platform as it allows people to provide general feedback regarding a 

specific health condition. However, I always remain cautious in ensuring that 

no patient or individual situations are addressed.  (Respondent 7) 

However, it is worth noting there is support available to address people’s privacy concerns. 

The Australian Health Practitioner Regulation Agency (AHPRA) supports health 

practitioners’ use of social media, although, the legal, ethical, and professional obligations 

that registered health practitioners must adhere to, are set out in the National Boards’ 

respective Code of Conduct and the Advertising Guidelines. 

In summary, the findings show that the privacy and confidentiality concerns of healthcare 

professionals are formidable. Thus, aided by adequate training, awareness, and caution, a 

health professional can avoid unintentionally unveiling confidential information about 

patients and avoid privacy violations.  
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6.3.2.2   Poor information quality 

The other factor reported as being a critical barrier to their acceptance decision is ‘Poor 

Information Quality.’ Concerns regarding the informal, unregulated mechanisms for 

information collection, sharing, and promotion have been voiced by 44% of respondents. For 

example, Respondents 12 and 13 state: 

The concern with information quality of social media is real and will remain 

for a while. The problem is, too many unregulated and random websites 

providing diagnosis and treatments without being monitored by any medical 

professionals. Information needs to be monitored by a health professional to 

address the issues related to accuracy and correctness. (Respondent 12) 

Getting health advice on social media sites is very hard.  There is no way that 

patients can be sure that information is trustworthy, if unless a health body or 

medical professionals publish the information. A big chunk of the information 

is not peer-reviewed, poor quality and can be modified by anyone…. anytime. 

A good example is miracle cancer cure sites on social media that purport to 

provide health care information. (Respondent 13) 

Respondents thought that social media leads to amplified concerns about mistakes occurring 

in medical content and claims. The veracity of the information shared and posted is usually 

not reviewed by any health professionals (Ventola, 2014).  Respondent 2 stated that:  

A lot of health-related blogs do not follow any specific guidelines for sharing 

medical information. I have seen patients who tried to self-diagnose their 

health issues by watching YouTube videos, and when they have seen a doctor, 

their conditions were completely different from what they have thought. 

Sometimes patients try to impose their knowledge gained from the internet 

and often refuses to take the advice of the doctor because of the self-

diagnosis.  

The findings confirm previous studies in that health consumers often regard online 

information as being of relatively high quality. As a result, increasing the popularity of 

random, incorrect and often treacherous antiscientific or pseudo-scientific information 

(Mohammed, 2012).  According to De Martino et al. (2017),  randomness, easy publication 
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and interactive interfaces lead to a lot of informal information-seeking behaviour on social 

media. Such information-seeking behaviour can lead to catastrophic consequences.  

To summarise, the respondents felt that health information generated by social media 

applications is potentially less reliable because of the unregulated information and 

information overload. There is little doubt these platforms can provide a wealth of 

information for health consumers and health professionals. However, there is a strong need to 

exercise caution and critical reflection so that the vast amounts of information available are 

properly regulated. Only limited attention has been paid to quality to date. 

6.3.2.3 Trust 

The level of trust in social media applications was another crucial theme that emerged from 

the interviews. Scepticism about social media channels as a trustworthy medium for 

disseminating health information was addressed by 44% participants.  On this theme, 

concerns regarding the validity of health information also make it difficult for social media 

users. It was evident that physicians do not easily trust random information related to medical 

knowledge and practice. Social media is open to everyone regardless of their educational and 

professional qualifications, and anyone can pretend to be anything or speak with convincing 

if false authority on social media. There is no close or face-to-face interaction among social 

media participants and they cannot quickly assess someone’s trustworthiness on social media. 

The issue of trust has been discussed (Antheunis et al., 2013; De Martino et al., 2017; 

Eysenbach, 2009; Mitra, Reiss, & Capella, 1999). The following responses reflect the 

scepticism: 

From the perspective of a patient, I would not trust the information I see on 

random health sites. If the information is from a valid doctor’s blog, yes, I 

will take that in. However, there is too much-unregulated junk out there. I 

have seen so much information lacks proper scientific evidence.” 

(Respondent 6) 

Sometimes it can be very deceptive. I follow few medical blogs and quite 

often randomly browse different sites and some of the information 

shared/liked by thousands are false and defy belief. I find that very annoying.  

I feel that there is an issue of trust. Many colleagues also feel the same. 

However, I would like to believe that there is some sort of regulatory 
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mechanisms in place to control this…. but it will be challenging. (Respondent 

10) 

Just because the information is produced in a random blog or social media 

sites, it does not mean that this information can be trusted. It is okay to learn 

about the specific medical condition, but this should not replace your doctor. 

I do not have a problem that patients are learning about different facts 

through Mr. Google. However, always consult with your doctor before 

applying the remedy suggested in a random site. (Respondent 9) 

To sum up, the findings indicated that healthcare professionals still have significant trust 

issues related to social media. Their perspectives are consistent with previous studies 

(Leimeister, Ebner, & Krcmar, 2005; Pavlou & Gefen, 2004; Song, 2007). According to 

Leimeister et al. (2005), trust denotes the foundation of a prosperous and operational online 

health community. Therefore, trust is a critical success factor in online health-care 

communities.  

Health professionals’ lack of trust in social media forms is shared by health consumers as 

well. Song (2007) pointed out that health information providers need to build the trust of their 

users. Pavlou and Gefen (2004) similarly emphasised reducing risk from the perspective of 

users. This is particularly true for health infomediaries, as they are expected to disseminate 

trustworthy reliable health information. Hence, to put this notion into practice, healthcare 

departments need to develop an adequate framework and support for healthcare professionals, 

so that they can utilise social media applications more effectively. Given the wide range of 

application areas and stakeholders, healthcare providers need to disseminate and monitor 

information for health communication carefully. 

6.3.2.4 Inefficiency 

Thirty-eight percent of interview respondents voiced that social media is still not a very 

efficient medium when it comes to doctor-patient communication. For example, Respondent 

3 noted that:  

It is a great way to network and establish rapport with fellow physicians. 

However, I doubt social media’s role when it comes to engaging with the 

patients efficiently. It is a time-consuming process and often quite difficult to 
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find time to do this additional work since the benefits of using this is not very 

well established. 

This perspective was fascinating as it highlights one of the important facts that many 

physicians still do not see the efficiency of social media for interacting with the patients. 

They view it as a time-wasting effort whose benefits are not tangible enough. Four 

participants expressed such notion while Respondent 13 remarked: 

Not very efficient for general health communication. Yes, it helps us to 

promote our practice, develop rapport and connect with our peers and 

monitor the developments in the medical world. However, when it comes to 

connecting with patients, there are way too many obstacles. Given the 

demanding nature of our job, I do not think I would be interested in replying 

to each of the queries I get in my twitter account. 

Similarly, Respondent 15 said: 

I do not think this is right media for Doctor-Patient interactions. 

Interview findings indicate that a lack of understanding was one of the main reasons why 

many physicians had not wholly embraced social media tools. Currently, the culture of 

participation among healthcare professionals on social media has not been wholly embraced. 

The interviews revealed that they are just beginning to pay attention to this new technology. 

Respondent 12 summed this up perfectly:  

Major barrier has to be tied to the features of social media. It is a 

communication medium, so of course, it plays its part regarding health 

promotion and social support. However, I do not think we can apply social 

media for interacting with patients. Current features are not yet efficient 

enough to facilitate doctor-patient interactions. 

The findings are consistent with other contemporary studies in that healthcare professionals 

are quite optimistic about the peer-to-peer connectivity aspects of social media, but a lot more 

restrained regarding doctor-patient interaction. According to Panahi et al. (2016), the 

application of social media in healthcare is still in its early stages. While some participants 

perceived social media as an adequate platform for health information dissemination, many 

physicians still do not believe in the efficiency of social media.  
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6.3.2.5 Professional boundary  

Another major theme that emerged from the interviews was professional boundary, which 

25% of the respondents noted. For example, Respondent 1 mentioned that: 

I prefer using social media for networking with my colleagues. However, 

when it comes to adding your patients in your Facebook or Google circle, It 

is a big no... I often get friends to request from my patients. To be honest, it 

would be beneficial for some of them if they can contact me or live chat with 

me in through Facebook messenger. However, the matter of fact is, we are 

obliged to maintain our professional boundaries, and it does not allow us to 

do more with social media. Having said that, it is true that a line needs to be 

maintained to ensure the interest of both physicians and patients. 

 In a similar vein, Respondent 16 stated that:  

We need to be very careful of what we share or post in our blog, YouTube, 

Facebook or Twitter. Even an intentional disclosure of patient information 

may lead to catastrophic consequences for me. However, I would say it is not 

that complicated. Simple consciousness is enough to ensure that professional 

boundaries are not crossed while using social media channels.   

However, Respondent 7 expressed a slightly different perspective:  

I guess, the biggest challenge for health professionals to determine the line 

between personal and professional interactions. Especially younger 

professionals often struggle in this facet of the technology, as they are so 

used to it, often they end up crossing the line unintentionally. 

Prior research also confirmed that social media may create difficulties for health 

professionals in maintaining professional boundaries regarding doctor-patient relationships 

(Gutheil, 2005). Chretien et al. (2009) investigated the notion of professional boundaries by 

surveying 78 US-based medical schools regarding incidents of unprofessional postings on 

social media platforms.  In their survey 60% of schools reported incidents of students posting 

unprofessional online content, while 13% of schools reported violations of patient 

confidentiality. The Deans commonly reported profanity (52%), discriminatory language 

(48%), depiction of intoxication (39%), and sexually suggestive material (38%).  Their 
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findings are also consistent with past studies related to medical professionalism (Lagu et al., 

2008; Thompson et al., 2008). 

6.3.3 External factors  

The respondents were asked about the influence of their surrounding environments regarding 

their adoption of social media. Two major themes emerged: Supporting conditions and Peer 

Influence. Table 6.5 below reports the number of respondents who fall into each category. 

Table 6.5: External Factors 

Number Theme Number of 

respondents 

% Total number 

of respondents 

1. Supporting Conditions  7 44% 

2. Peer Influence  9 56% 

6.3.3.1 Supporting conditions 

Interviews revealed that 44% of respondents considered the supporting environment as a 

determinant of their acceptance decision. The respondents expressed the view that due to the 

busy nature of their profession they require more organisational and infrastructure support, 

such as clear usage policy, staff to manage the public social media account and technical 

support in providing information. The participants indicated that more encouragement at the 

micro and macro levels is required in order to encourage health professionals to engage 

proactively in social media. The key finding is that most respondents focused on internal 

support for them to excel in social media. For example:  

I am a regular in social media. I follow several physicians. Occasionally, I 

also share medical information in twitter if I feel it is worth sharing. I feel 

that we need more support from our respective organisations to use social 

media for health matters. Starting from human resource to technical 

support…. as they do in banks… they always have staff monitoring their 

social media and responding real time. If we genuinely want to engage our 

health community, we must deploy more resources to facilitate the 

interaction. (Respondent 8) 

It is not about a few articles and studies telling everyone that social media 

facilitates health promotion. It is not going to have any impact in terms of 
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creating awareness or engagement, if unless the authorities provide more 

support. (Respondent 6) 

Yes, support from the upper management matters quite a lot. Plenty of health 

professionals are using social media. But I know that lot more would come to 

the scene if there are adequate support and training available for them. 

(Respondent 1) 

The findings echo what is reported in studies (Kijsanayotin et al., 2009; Moorhead et al., 

2013; Rouibah, Hamdy, & Al-Enezi, 2009; Zhou, Cao, Dong, Lin, & Vasilakos, 2013; Zhou, 

Kanter, Wang, & Garrido, 2010). More internal and external support regarding resources, 

staffing, and technical expertise are necessary for them to utilise social media effectively.  

Health professionals do have the expertise to operate in social media, however demanding 

their profession is. For example, Respondent 10 stated that: 

I have no doubts when it comes to engaging social media for better health 

outcome. I try to find time to write papers in peer-reviewed journals and 

health blogs to raise Dementia awareness and interact with the health 

community. But, the reality is, time is a major issue. It applies to a lot of 

other physicians.  I hardly have any time… I am sure I would need full-time 

staff to maintain the (social media) accounts.  

The findings of the subcategory of supporting conditions show that internal and external 

support issues influence healthcare professionals’ acceptance decision. The findings from this 

study also corroborate the importance of organisational and government support for the usage 

of social media.  Thus, healthcare, as an information-intense industry, depends heavily on 

systematic and highly functional routines to spread information and prompt actions to ensure 

optimum patient safety and quality (Gamache-O'Leary & Grant, 2017). The findings of the 

study are also consistent with the observation of Goh, Gao, and Agarwal (2011). Goh and 

colleagues highlighted the importance of intervention in the form of leadership and voiced 

the importance of support for continuous workflow, technology augmentations and extensive 

training to facilitate new technology adoption. This support encourages commitment and 

approval amongst new and existing users. Once the users are familiar with new technology, 

they will understand and appreciate the functional affordances that can help them provide 

more efficient care. 
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6.3.3.2 Peer influence 

Analysis of the transcripts revealed that peer influence undoubtedly plays a vital role in the 

intention to use social media since 56% of respondents acknowledged it as an important 

determinant in the healthcare arena.  While explaining the extent to which they are influenced 

by their peers, many interviewees referred to a situation when other colleagues recommended 

a social media tool. For example, Respondents 10 and 13 asserted: 

Last year, in a seminar one of my colleagues explained how we could use 

Twitter and YouTube to promote our profile nationally and internationally.  

You know it helps you to connect with other professionals, and I have been 

using twitter since then, and I have got around 700 followers. Most of my 

twits are re-tweeted around 120-150 times, and mostly my twits are medical 

science related. So yes, I would not be here twitting without the 

encouragement of my colleagues. (Respondent 10) 

Yes, peer influence is very important. I was invited by one of my colleagues to 

meet a group of cancer patients. I have learned how social media platform 

facilitates social interaction and social support for these group of individuals. 

How they share their journey and comfort each other to overcome the feeling 

of isolation. I have made an instant decision to join on board and active ever 

since. (Respondent 13) 

Respondent 7 observed his friends for cues on how to use social media for a professional 

purpose: 

Yes, directly influenced by other professionals in my area. I was inspired by 

my colleagues to follow medical blogs and health community sites to keep 

myself tuned with the medical community. 

It is clearly evident that peer influence is a significant determinant of usage behaviour. For 

example, one participant indicated that she does not use Facebook for professional purposes 

as none of her colleagues do:  

I only stick to blog and YouTube. It is a great way to stay in touch with my 

colleagues and exchange professional opinions without pushing personal and 

professional boundaries. (Respondent 3) 
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These findings are mostly consistent with the psychology-based theories such as Theory of 

Reasoned Action (TRA) and Theory of Planned Behaviour (TPB). They suggested that 

technology learning and usage behaviour by an individual was based on what one sees in 

different social groupings. Observed behaviours of others influence the observer to emulate 

those behaviours (Ajzen, 1991; Bandura, 1977). Interestingly, one respondent reported that 

her peers, friends or colleagues do not influence her usage decision. She likes new ways of 

doing things, and she foresees that social media is going to be the next big thing after E-

health:  

I do not use social media just because one of my friends or colleagues is 

using it or in it. I truly feel that I can contribute a great deal towards the 

health community. Still early days.. however, I feel this going to alter the 

healthcare industry fundamentally, and I want to be a part of it. (Respondent 

13) 

In summary, the findings indicated that peer support and supporting conditions are valid 

concerns. Peer influence is a major factor in determining usage behaviour of health 

professionals. It was reported that 56% of respondents were influenced by their friends and 

colleagues. This finding appears to confirm the notion that peer influence can contribute 

significantly to the social media usage decision. 

6.3.4 Other factors 

The results of the interviews also showed that few respondents considered cost and self-

efficacy as significant determinants of using social media. 

Table 6.6: Other Factors 

Number Theme Number of 

respondents 

% Total number 

of respondents 

1. Cost effectiveness 6 34% 

2. Self-efficacy 5 31% 

6.3.4.1 Cost effectiveness 

The findings indicated that 34% of respondents identified cost effectiveness as a significant 

factor. They highlighted that social networking sites enable healthcare providers to reach a 

large audience. For example, according to Respondents 2 and 11: 
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The cost-effectiveness of social media as a marketing tool is a major factor. 

Few dentists have been doing this for a while, and some of them were 

beneficiaries. Also, geo-demographic targeting enables health service 

providers and professionals to reach their target market easily and get the 

value for marketing dollar. It does not cost you anything to get started in 

networking sites and costs next to nothing to reach your potential segments. 

(Respondent 2) 

I am a big advocate of the financial benefit social media offers in healthcare, 

specifically for practice promotion. Despite all the controversies and debate 

surrounding the usability of social media in healthcare, it is hard to deny the 

fact that it is and an extremely cost-effective medium to acquire and 

disseminate health information. (Respondent 11) 

A similar sentiment was shared by Respondent 9:   

I feel social media is particularly useful when it comes to communicating 

with a specific audience at a cheaper cost. However, I feel that many of the 

physicians are yet to realize the full potential. 

Therefore, it is evident that social media enables health professionals and health service 

providers to influence a large audience in a cost-effective way (Hawn, 2009). As Respondent 

11 contended:  

Cost-effectiveness of social media is relevant for both health professionals 

and healthcare providers. 

These perspectives coincide with recent developments in the healthcare sector. For example, 

“Get Real Health” - an online patient engagement platform - allows health professionals to 

empower their patients and provide them with a platform to actively participate in their care 

that significantly improves outcomes while reducing costs (Health, 2018). Previous research 

but in a different context also highlights the importance of cost in the adoption and use of 

new technology and found a direct and significant relationship between cost and adoption of 

technology (Alam & Noor, 2009; Hawn, 2009). However, studies in the context of healthcare 

are yet to explore the cost-effectiveness aspect of social media. Further empirical tests would 

validate the significance of cost-effectiveness affecting social media adoption decisions.  
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6.3.4.2 Self-efficacy 

Self-efficacy is another crucial determinant of the social media adoption behaviours of 

healthcare professionals. Considering the demanding and evolving nature of their work, 

individual self-efficacy plays a pivotal role in professionals’ usage of social media. The 

concept of self-efficacy addresses the belief system of an individual’s ability to accomplish a 

particular task (Bandura, 1997). In a professional environment, self-efficacy is usually 

underlined by an individual’s ability to manage complex work demand based on the 

available resources. For example, health professionals with high self-efficacy are more 

likely to be proactive when using social media in a healthcare setting, than those with low 

self-efficacy (Bandura, 2000). Below are some statements by interviewees which confirm 

the role of self-efficacy in the social media usage decision:  

I am good with technology. It takes a while to get used to a new intervention, 

but with social media, it is not quite the case. Most of my colleagues are on 

social media, and I doubt that there is anyone who is not capable of using the 

apps. (Respondent 9) 

Respondent 6 had an opposite view: 

I consider myself very proficient with social media sites. To be able to involve 

the health community, one needs to be familiar with itsy bitsy of social media. 

Usually, I am confident in dealing with the virtual interfaces, and it helped 

me a fair bit while establishing my presence online as a health professional. 

Few of my of colleagues do not have the confidence or skill to get involved 

professionally. Most of them have a Facebook account, and they know how to 

scroll through the needs feed. However, that is about it. Having said that, it is 

not a very difficult technology to get used to. So, if someone is willing to get 

involved, he or she can do it easily.  

However, it was noted that the self-efficacy of users/patients should also be taken into 

consideration. For example, Respondent 14 stated: 

The skill level of the health community must be taken into consideration. Most 

of my patients are senior citizens It is highly unlikely they would want to 

engage with us through social media channels. 

The above examples show that self-efficacy is also instrumental in shaping the social media  
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acceptance and usage behaviour of health professionals, particularly when there is little 

support available from health service providers. Studies in a different context confirmed that 

self-efficacy is instrumental in technology adoption decisions (Chow, Herold, Choo, & Chan, 

2012; Holden & Karsh, 2010; Ma & Liu, 2005; Stone & Henry, 2002).  Thus, training and 

social media involvement strategies should be employed to boost the self-efficacy of health 

professionals to facilitate widespread acceptance of social media.  

6.4 Theme summary 

In summary, the data analysis revealed four emerging themes and 14 subthemes that could be 

drawn to evaluate the factors that affect intention to use social media in healthcare domain.  

The four themes identified in the study were: usefulness of social media, perceived barriers, 

external and individual factors. Table 6.7 is a summary of the total themes and subthemes 

identified in the study. 
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Table 6.7: Theme Summary 

Themes Sub-themes Percentage of 

respondents  

Comments  

 

 

 

 

Social media 

usefulness  

 

 

 

 

Communication 94% Communication is a crucial issue to consider in 

interacting with health clients  

Support 75% Community support is instrumental in the 

engagement with the health community 

Learning   44% Social media enables learning and education 

for health practitioners and the broader 

community  

Promotion 44% Facilitates marketing side of the healthcare 

practice 

Networking  25% A very useful tool for connecting health 

professionals and a vital element of their 

professional development.  

 

Barriers  

 

 

 

 

 

 

 

 

Privacy 63% Privacy threat is a critical barrier and widely 

reported as the primary barrier concerning the 

usage of social media 

Information 

Quality  

44% Unregulated and informal mechanism of 

spreading health information can lead to 

dangerous consequences  

Trust 44% Lack of trust among online participants will 

increase the uncertainty and undermine the 

perception of usefulness  

Inefficiency  38% Often perceived as not applicable in healthcare 

Boundary 25% Social media pushes the professional and 

personal boundaries, and impacts on the 

intention to use; users are concerned about 

violating the professional boundaries 

 

External 

factors  

Supporting 

Conditions 

44% Organisational support is vital to increase 

health professionals’ social media use.  

Peer Influence  56% Peer pressure is instrumental in the adoption of 

social media for professional purposes 

 

Other 

Factors 

Cost 34% Social media reduces economic, time and 

human costs associated with clinical practice 

Self-efficacy  31% Not a complicated interface, however, training 

is required for professional usage in the 

healthcare sector.  
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6.5 Thematic analysis 

The themes identified addressed the key factors affecting the social media usage behaviour of 

health professionals, and they were aligned with the prior social media literature. Also, they 

provided detailed insights into the influence of benefits, barriers, and external and individual 

factors. The research identified 14 sub-themes under the major themes and substantiated the 

arguments with empirically collected data. Investigating the usability and barriers of social 

media applications in healthcare was also a significant interest of the study. According to the 

literature, the social media context has rarely been investigated concerning its usability and 

threats in Australian healthcare (Panahi, 2014). Moreover, most studies used survey 

methodology and lacked in-depth insights into health professionals’ perceptions of social 

media.  In the following section, all four major themes (usefulness, barriers, external and 

experiential factors) are discussed through the lens of the existing literature.   

6.5.1 Social media usefulness 

The first major theme - “social media usefulness” - contains five critical subthemes:  health 

communication, community support, learning, promotion, and networking (see Table 6.7).  

The findings suggested that social media applications: facilitate communication among and 

between health professionals, health service providers, and patients; offer greater support for 

the health community; enable learning for both health professionals and patients; expand their 

professional network; and expedite health promotion. These findings are consistent with what 

the existing literature has reported (Chretien & Kind, 2013; Devine, 2017; Fisher & Clayton, 

2012; Gamache-O'Leary & Grant, 2017; Grajales III et al., 2014; Househ et al., 2014; Thielst, 

2010; Ventola, 2014). For example, Househ et al. (2014) showed that electronically mediated 

health communication improves patient experience and the level of care. In a survey of the 

patients of the family practice, Chretien and Kind (2013) found that 56% of patients would 

prefer health professionals use social media for various health communication aspects such as 

reminders, prescription notifications, and providing answers to general questions.    

Consistent with the findings previous studies also reported that health professionals use social 

media to communicate with other health professionals, to learn and keep up-to-date, share 

their perspective, market their practice, or participate in health promotion (Chretien & Kind, 

2013; Farnan et al., 2013). According to Chretien and Kind (2013), a growing minority of 

health professionals are using social media to communicate and interact with the patients to 

optimise clinical service. Hence, it is evident that social media present an optimised 
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communication medium for health professionals to communicate, collaborate, learn and 

network professionally in ways and at a pace that was never possible previously.  

Christodoulou (2011) considered such attributes and usefulness of social media as a veritable 

social revolution, and it was imperative for health professionals to embrace the new media 

and fully utilise the potentials.  

As discussed in the literature review chapter, the majority of studies used a quantitative 

survey methodology to evaluate the usefulness of social media in healthcare. Qualitative 

investigation within the healthcare context and assessment of health professionals’ 

perspectives and experiences regarding the usefulness of social media also distinguish this 

study from the studies reported in the literature. Very few studies used the qualitative method 

to evaluate the medical professional perspective. For example, Panahi et al. (2016) explored 

the perspectives and experiences of physicians in adopting social media in healthcare. They 

highlighted the potential benefits and challenges of adopting social media and revealed 

substantial benefits and challenges for physicians adopting social media. The main reasons to 

join social media were as follows: staying connected with colleagues, reaching out and 

networking with the broader community, sharing knowledge, engaging in continuing medical 

education, benchmarking, and branding. The main challenges of adopting social media by 

physicians were as follows: maintaining confidentiality, lack of active participation, finding 

the time, lack of trust, workplace acceptance and support, and information anarchy. Panahi et 

al.’s study, however, did not consider the individual factors such as cost and barrier-related 

factors such as professional boundary.  Moorhead et al. (2013) conducted a meta-analysis and 

identified similar themes in terms of the usefulness of social media.   

The one interesting aspect of the study is that social media provides valuable peer, social, and 

emotional support for the patients.  As with the literature, community support was identified 

as significant themes regarding the usefulness of social media. Colineau and Paris (2010) 

reported that people used health-related social networking sites to discuss sensitive issues and 

complex information with health professionals. Conversely, this study indicated that 

healthcare professionals do not like to discuss sensitive issues and complex information via 

social media, however, they encourage participants in health support groups to share their 

experiences and provide emotional and social support to fellow patients. Finally, there was 

inadequate empirical data support in the literature to determine the benefits of using social 

media in Australian healthcare. Most studies are based in the USA or Europe. However, the 
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current study examined and highlighted these benefits with further explanation and supported 

them with empirical data in Australia’s healthcare system. Based on the evidence, presented 

in the previous chapter, it can be argued that perceptions of the usefulness of social media in 

healthcare are still rudimentary. Healthcare professionals need more direction and support to 

fully utilise the power of social media in the healthcare sector.  

6.5.2 Barriers of social media 

Barriers were one of the strongest themes that emerged from the data analysis as many 

respondents frequently raised their concerns about the different barriers they perceived and 

experienced in terms of using social media in healthcare. The findings of this study revealed 

that social media facilitates health communication, social support, learning, health promotion, 

and networking (refer to Theme 1: usefulness of social media). Nevertheless, the findings 

also revealed considerable challenges and uncertainties around its use, and that social media 

technologies are not necessarily always perceived as beneficial to healthcare professionals. 

Several key areas have been identified that may deter the use of social media in healthcare.  

Interviews with the healthcare professionals generated five subthemes about the barriers of 

social media usage in healthcare: inefficiency, privacy concerns, poor information quality, 

lack of trust and blurred professional boundary.  

Past studies indicated that social media can alleviate many challenges pertaining to the 

practical, social and emotional aspects of health service delivery (Antheunis et al., 2013; 

Chretien & Kind, 2013; McGowan et al., 2012; Moorhead et al., 2013; Naslund et al., 2016; 

Panahi et al., 2016).  Consequently, the findings of this study enrich this school of literature 

by demonstrating that, in contrast, social media was not always a positive influence in 

healthcare.  

The major theme that has emerged from the interviews is privacy and legal concerns. 

Evidence from the literature also shows that both the legal and privacy implications of using 

social media have been a significant concern for many consumers of healthcare services and 

service providers  (Denecke et al., 2015a; Fisher & Clayton, 2012; Hawn, 2009; McGowan et 

al., 2012; Von Muhlen & Ohno-Machado, 2012). Respondents also raised concerns regarding 

the quality and reliability of information posted on health-related social media sites. 

Respondents believe that social media amplifies concerns about the occurrence of mistakes in 

medical contents and claims. Researchers widely discuss issues related to social media 

information quality and reliability (Arazy, Nov, Patterson, & Yeo, 2011; Eysenbach, 2009; 
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Hawn, 2009; MacDonald et al., 2010; Thompson et al., 2008). Most studies indicated that the 

presence of poor-quality information is a significant risk and there is no established method 

for ensuring information quality and credibility of the posted contents. A meta-analysis 

conducted by Chou, Prestin, Lyons, and Wen (2013) reveals that user-generated health 

content on social media (e.g., YouTube, Twitter) is mostly devoid or inconsistent with 

clinical guidelines and scientific evidence. Therefore, poor quality of information can also 

potentially lead to damaging results, and this has been raised as a major problem by health 

professionals regarding the use of social media.  

Another major subtheme to emerge from the interviews is the inefficiency of social media.  A 

few participants raised concerns regarding the inefficiency of social media when it comes to 

doctor-patient interaction. The findings show that many participants do not consider social 

media to be an efficient mechanism for communicating and engaging with patients and the 

broader health community. As a consequence, they have a somewhat negative perception of 

social media as an information system application. The findings are consistent with those in 

Antheunis et al. (2013), who showed that ‘No-need-for’ is a significant factor that contributes 

to patients’ avoidance of using social media.  

Health professionals also voiced their scepticism about social media channels as a 

trustworthy medium for disseminating health information. The findings are consistent with 

the previous literature. Issues of trust have frequently been highlighted by many scholars 

(Antheunis et al., 2013; Bansal & Gefen, 2010; Fisher & Clayton, 2012; Hou & Shim, 2010; 

Lin et al., 2016; Van Der Velden & El Emam, 2013).  The level of trust in social media 

communication channels and institutions was a significant predictor and trust minimises 

perceived threat and cost associated disseminating private and sensitive health information. 

Hou and Shim (2010) showed that trust in online health information was a significant factor 

for engaging in health information search and other related activities via social media. In a 

similar vein, Bansal and Gefen (2010) discovered that self-disclosure of health-related issues 

was promoted by trust, a feeling of safety, and an obligation to others. Thus, trust is a critical 

element of online health services, as it facilitated the feeling of security and individuals sense 

that the health information can be trusted (Bansal & Gefen, 2010). If online participants fail 

to trust the health information provided through social media channels, their uncertainty 

would be high, and the health matter remained unsolved. Consequently, they may cease 

seeking online health information. 
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An interesting issue ensuing from the thematic analysis is the ‘perceived professional 

boundary’.  Few health professionals expressed concern about the unclear boundary that they 

operate in and quite often the blurred boundary between professional and personal lives 

hinder them from using social media effectively. Zur et al. (2009) stated that personal and 

professional boundaries are often blurred by internet and social networking sites. 

Furthermore, social media sites provide health professionals little control over who may see 

the posted information, and especially if the shared information is personal. Thus, social 

media can create difficulties in maintaining a proper balance that may lead to boundary issues 

in the doctor-patient relationship. Privacy on social media sites has been the subject of 

considerable discussion and debate.  Consequently, the notion of professional boundaries is 

often susceptible due to the widespread accessibility of doctors’ personal information 

(Gabbard, Kassaw, & Perez-Garcia, 2011; MacDonald et al., 2010). There is little empirical 

evidence on the perceived professional boundary of social media in healthcare. This thesis is 

one of the very few studies to indicate that perceived professional boundary is a significant 

determinant of health professionals’ social media acceptance behaviours. 

Conceptualising the findings in terms of the barriers enriches the existing literature. 

Integrated social media networks promote connectivity, openness, and transparency in 

healthcare. These characteristics of social media presented both opportunities and challenges. 

Interviews with health professionals spawn several challenges that require further evaluation. 

A large-scale survey of health professionals would help researchers confirm the key barriers 

of social media usage. The themes generated from this study are further tested during the 

quantitative phase of the study to determine the generalisability of the results. 

6.5.3 External factors 

Prior studies suggest that peer influence is one of the main enablers of health professionals 

using social media (McGowan et al., 2012; Naslund et al., 2016). Interviews revealed that 

health professionals are likely to be encouraged by their colleagues as it enables them to 

connect with the broader health community and influential professionals. The concept of peer 

influence can be linked with the social influence used in the UTAUT model. 'Peers' can be 

referred to any outside entity with which an individual feels some degree of affinity or 

competition at some level within their organisation (other healthcare professionals). Thus, 

peer influence refers to how an individual in a  professional work setting is influenced by the 
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behaviour of the colleagues to conform to similar behavioural patterns (Venkatesh et al., 

2003). 

Deutsch and Gerard (1955) divide social influence into two categories: informational and 

normative. Informational social influence is “influence to accept information obtained from 

another as evidence about reality,” while normative social influence refers to “the influence 

to conform to the expectations of another person to group” (p 629). According to Kaplan and 

Miller (1987), normative influence is based on a willingness to preserve group harmony and 

evoke positive evaluations from peers.  Thus, consistent with the literature, the current study 

confirmed that healthcare professionals’ decision to use social media is also shaped by both 

informational and normative influence, regardless of their beliefs and attitudes toward social 

media. Lee, Shi, Cheung, Lim, and Sia (2011) echoed a similar notion and confirmed that 

social influence is a learning process; and prior to acceptance decision, individuals discern 

their social groups’ successful experiences. According to Damschroder et al. (2009), 

competitive pressure force health professionals to adopt a new intervention (social media) 

because their colleagues or competing organisations have already done so.  Thus, peer 

influence does play a decisive role in health professionals’ intention to use social media. 

In general, there was inadequate empirical data available in the literature determining to what 

extent social or peer influence affect health professionals’ social media adoption decisions. 

Most discussions focused on social support aspects of social media (Antheunis et al., 2013; 

Panahi et al., 2016; Thielst, 2010).  Pillai (2016) noted a limitation in the original formulation 

of the social influence construct. Rooted in organisational studies, this construct primarily 

focuses on the influence that stems from inside the organisation, and primarily from the top 

down. In healthcare, peer influence can emanate from all directions: from senior colleagues 

and administrators within the institution, peers at other institutions and even friends or family 

members.  

Supporting conditions also emerged as a major theme from the interviews. The findings 

suggest that limited organisational support, limited resources, and time constraints are also 

determinants of usage intention. This theme can be linked to the facilitating conditions of the 

UTAUT model. As discussed in the literature review, facilitating conditions, in general, 

refers to individual perceptions of the availability of technological and organisational 

resources (i.e., knowledge, resources, and opportunities) that can remove barriers to using a 

system  (Venkatesh et al., 2003). Most of the above factors were widely discussed in recent 



 

  

200 

 

literature. For example, scholars raised their concerns about the time-consuming nature of 

social media as a barrier of adoption (Heijstra & Rafnsdottir, 2010; Panahi, 2014; Pousti, 

2015). Similarly, the importance of organisational support and resource allocations has been 

discussed in recent literature (Eschenbrenner & Nah, 2015; George et al., 2013; Grajales III 

et al., 2014).  

The findings also confirm that favourable supporting conditions alone are not expected to 

directly influence system use as only 7 out of 16 respondents felt that supporting conditions 

determine their usage intention. Social media usage behaviour is contingent on the 

consideration of whether, and to what extent, an individual perceives that supporting 

conditions will facilitate its use in conjunction with other potential behavioural impediments. 

In summary, the findings confirm the conceptualisation and operationalisation of facilitating 

conditions in the unified theory of acceptance and use of technology (UTAUT) devised by 

Venkatesh et al. (2003).  Moreover, this is one of the very few studies in healthcare social 

media literature that used supporting conditions as a measure. It provided a clearer and 

deeper understanding of the role of supporting conditions in determining social media 

adoption behaviours of health professional and consumers. 

6.5.4 Other factors  

Perceived cost and perceived self-efficacy have been identified as other significant 

determents of social media adoption behaviours. Costs of a new system or intervention have 

always been a considered a major determinant of behavioural intention to use a new system. 

In the context of the study, perceived cost refers to health professionals’ perception regarding 

the initial, subscription, transaction and communication costs involved in using social media 

(Kim, 2008). Past studies in different settings portrayed perceived cost as an essential 

variable (Kim, 2008; Kleijnen, Wetzels, & De Ruyter, 2004; Rogers, 1995). The costs related 

to the time and effort required to collect, analyse, disseminate and exchanging health 

information using social media platforms can be considered within the same domain. 

Previous research shows that social media is a worthy investment option for promoting 

health. For example, Murray et al. (2005) showed that interactive health communication 

applications help to improve users’ knowledge, social supports, health behaviours and 

clinical outcomes in a cost-effective manner. According to Andersen et al. (2012) the uptake 

of social media can be a major cost driver. They claimed that social media facilitates access 

to information from multiple channels, helps in reducing cost and time involved accessing 
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necessary information and augments patient empowerment. Similarly, Gupta and Brooks 

(2013) advocated that the cost of participation in social media is insufficient and they are 

extremely cost-effective for the audience it garners.   

The study confirms the perceived cost as one of the influential factors that affect adoption 

behaviour. It supports the notion that social media reduces the economic, time and human 

costs associated with clinical practice. In contrast, empirical support on perceived costs was 

more limited in the extant literature. Prior studies are mostly based on the effectiveness of 

social media for health communication and patient empowerment (Chou et al., 2009; Korda 

& Itani, 2013; Neiger et al., 2012). Because of the fluid nature of social media technology, it 

is difficult to measure cost and benefit to some extent.   

Most previous studies have not adequately discussed perceived cost in a social media context. 

However, the current literature indicates that being able to communicate with patients 

through virtual media helps to cut down on phone calls, while other e-health technologies 

reduce administrative tasks such as dictation and records documentation. For example, Hello 

Health functions almost entirely as a paperless practice and has no administrative staff at all, 

sharply reducing its operational overheads (Hawn, 2009). In the context of Australian 

healthcare such a scenario is not very practical. However, based on the evidence presented in 

the previous chapter, it can be argued that the inexpensive nature of participating in social 

media among physicians can potentially facilitate sharing and exchanging of health 

information between and within health communities.  

This research also found that confidence to use social media for professional purposes is a 

significant component of health professionals’ adoption behaviours, which relates to the 

concept of self-efficacy. The notion of self-efficacy is based on the belief that an individual 

can efficaciously perform the behaviour required to produce the desired outcomes (Bandura, 

1977). Drawing on the work of Bandura (1977), Hocevar, Flanagin, and Metzger (2014) 

introduced the concept of social media self-efficacy.  They suggested that social media self-

efficacy stems from an individual’s: (i) perceived social media skills, (ii) confidence in the 

ability to successfully find information online, (iii) level of social media content production, 

and (iv) level of social media content consumption.  

Self-efficacious health professionals are more likely to engage in social media than the health 

professionals who have less social media self-efficacy. Both the interviews’ findings and 

existing literature indicate that certain health professionals’ reluctance to use social media is 
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rooted in the lack of required skills and experience (Adzharuddin & Ramly, 2015; Agarwal & 

Yiliyasi, 2010; Antheunis et al., 2013; Chou et al., 2009; Chou et al., 2013; Courtney, 2013; 

Eschenbrenner & Nah, 2015). According to Hocevar et al. (2014), self-efficacious individuals 

behave more socially and are more likely to engage in online information exchange and be 

influenced by other people’s input. Most previous studies primarily addressed the internet 

self-efficacy of users (Eastin & LaRose, 2000; Hsu & Chiu, 2004; Joo, Bong, & Choi, 2000). 

However, health professionals’ social media self-efficacy is relatively scarce in the 

contemporary literature. This thesis is likely to be one the first studies to address this issue.  

Overall, findings indicate the theoretical importance of the concept of social media self-

efficacy by showing that those who are the more self-efficacious exhibit more favourable 

attitude towards the social media in healthcare than those who are less efficacious. It also 

indicates the importance of social media self-efficacy in explaining health professionals’ 

attitude towards social media.  

6.6 Summary  

The interview findings help illuminate the key predictors of social media usage in the 

healthcare sector. The findings suggest that social media applications have five major uses in 

healthcare: (i) facilitate communication between health professionals, health service 

providers and the patients; (ii) offer greater support for the health community; (iii) enable 

learning for both health professionals and patients; (iv) enhance their professional network, 

and (v) expedite health-promotion. Findings also indicated five significant barriers: 

inefficiency, privacy concerns, poor information quality, lack of trust and blurred 

professional boundary. Benefits and barriers aside, external factors such as peer influence and 

supporting conditions, and other relevant factors such as perceived cost and social media self-

efficacy were key predictors of the social media usage behaviour.  

Although the findings suggest that the factors mentioned above influence the social media 

adoption behaviours of health professionals and health consumers, a cross-sectional survey 

could shed more light on the causality quandary. The findings of this phase have been taken 

into account for further empirical investigation. Building on the findings of this chapter, the 

following chapter (will provide insights into the development of the proposed model and the 

hypotheses to be tested for this study. It will also provide the link between the findings of the 

qualitative phase and how this leads to the quantitative phase of the study. 
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CHAPTER 7 : RESEARCH MODEL & HYPOTHESES 

7.1 Background 

The previous chapter provided a detailed overview of the findings from health professionals’ 

in-depth interviews. The discussion was based on the themes that arose from the interviews. 

These themes address the factors that potentially influence health professionals’ and health 

consumers’ social media usage intention. In this chapter, the key themes are cross-matched 

with the extant literature and incorporated into the final conceptual framework of this 

research (see Figure 7.1). The chapter also discusses the hypotheses used to formulate the 

final conceptual framework of this research.  

7.2 Hypothesis development 

7.2.1 Social media usefulness 

This construct signifies the degree to which the user expects that using a particular system 

will help them to excel in job performance (Venkatesh et al., 2003). In the healthcare context, 

Gajaria et al. (2011) showed that social media applications provide healthcare professionals 

with a platform to conduct online consultations and facilitate dialogue between: firstly, 

patients to patients; and secondly, patients to health professionals. This application proved an 

effective mechanism for answering various medical questions and actively engaging with 

patients in a health service delivery context. AlGhamdi and Moussa (2012) and  Lagu et al. 

(2010) support this notion by showing that social networking sites are used by the patients, 

carers, and health professionals to share their experience on a diverse range of health-related 

issues such as cancer, disease management, exploration, and diagnosis.  

It is evident from the existing literature that social media platforms enable healthcare 

providers and health professionals to provide a useful service to patients and communities. In 

several previous healthcare-based technology acceptance studies, perceived usefulness of a 

new technology or system was shown to be a significant predictor of intention to use 

information technology (Chang, Hwang, Hung, & Li, 2007; Duyck et al., 2008a; Holden & 

Karsh, 2010; Pai & Huang, 2011; Tung et al., 2008). For example, Chang et al. (2007) 

confirmed that performance expectancy, which is similar to perceived usefulness, 

significantly affects physicians’ intention to use the clinical decision support system and 

further influence their actual usage behaviour. However, a few studies have examined this 

construct in the context of social media usage intention. The findings derived from the 

interviews highlighted that perceived usefulness of social media channels positively 
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influences health professionals’ and health consumers’ usage behaviour. Interview findings 

further indicated that social media applications facilitate communication among and between 

health professionals, health service providers, and patients, offering greater social support for 

the health community. Also enabled here is learning for both health professionals and 

patients, with the professional network and expediting of health promotion being enhanced. 

For example:  

I feel that the best thing about using social media in healthcare is engaging 

with the people and communities. Participants can tell us how they feel, share 

their concerns and frustrations, support and learn from each other. Patients 

can also discuss their treatment plans, fears and lived experiences in coping 

with an illness. Also, I think proactive participation in social media-based 

communities would help medical practitioners like us get closer to the 

patients. (Respondent 8) 

I do believe that social media has the potential to develop a dynamic process 

based on shared interactions among healthcare providers and patients. 

(Respondent 14) 

Communication, social support, learning, networking, and health promotions are logically 

incorporated into a main theme ‘Social Media Usefulness’ as these elements primarily 

address how social media can be applied to augment health service delivery and supplement 

clinical practices. Thus, drawing on the existing literature and the findings of the interviews, 

the following hypothesis is proposed:  

H1: Perceived social media usefulness positively affects social media usage behaviour  

7.2.2 Perceived barriers of social media  

Findings of the interviews indicate there are considerable challenges and uncertainties 

involved in using social media in healthcare. The central themes emerged from interviews are 

the inefficiency of social media, privacy concerns, poor information quality, trust and blurred 

professional boundary. The literature also addressed concerns about privacy and 

confidentiality, data security, and the potential damage of privacy violation (Hader & Brown, 

2010; Hamm et al., 2013; Harris et al., 2013; Hughes, Joshi, Lemonde, & Wareham, 2009; 

Moorhead et al., 2013; Ventola, 2014). According to  Hader and Brown (2010), health 

professionals must be aware of patients’ privacy rights. Unintentional disclosure of patient 
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identifying information results in breaches of confidentiality and posting work-related 

information online heightens the risk of privacy and confidentiality breaches. There have 

been several lawsuits against physicians whose patients accused them of violating their 

privacy (Anderson & Puckrin, 2011; Antheunis et al., 2013; Thompson et al., 2008; Ventola, 

2014). The interviews also revealed that concerns regarding the use of social media by health 

professionals, predominantly centre on the potential negative repercussions resulting from a 

breach of patient confidentiality. As expressed by Respondents 4 and 7:  

The main concern is ensuring privacy and confidentiality. We have a 

professional obligation. The slightest breach can have grave consequences 

for everyone. Also, from patients’ point of view, I am concerned about the 

accuracy of information. Information is mostly vague, and this can cause 

severe problems. (Respondent 4) 

Privacy is big issue. I know few of my colleagues moved away from social 

media because they feel that that online information is intrusive and often 

personal spaces are violated. I understand their concern. For me, blogging is 

the best platform as it allows people to provide general feedback regarding a 

specific health condition. However, I always remain cautious in ensuring that 

no patient or individual situation is addressed.  (Respondent 7) 

Thus, drawing on the previous literature and the findings of the focused interviews, the 

following hypotheses are proposed:  

H2: Perceived privacy threats significantly influence social media usage behaviour  

H3: Perceived privacy threats significantly influence the perceived usefulness of social 

media  

In terms of barriers in using social media in the healthcare sector, another frequent theme 

addressed by many researchers was the lack of quality and reliability of information (Arazy et 

al., 2011; Eysenbach, 2009; Hawn, 2009; MacDonald et al., 2010; Moen & Smørdal, 2010; 

Pirraglia & Kravitz, 2013; Thompson et al., 2008). Many studies indicated that poor quality 

information is a significant risk and there is no clear mechanism for auditing information 

quality and credibility of posted content. According to Moen and Smørdal (2010), current 

mechanisms for information exchange via social media may create an asymmetric patient-

healthcare provider relationship, and health professionals need to play a stronger role in 
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ensuring quality and reliability of health information. Pirraglia and Kravitz (2013) contend 

that authors of online medical information are often unknown or are identified by limited 

information and the medical information posted on such sites is often unverified, 

unreferenced and casual. Moreover, some health-related sites tend to enhance anecdotal 

medical reports by focusing on individual patients’ stories. The interactive nature of social 

media magnifies these issues since any user can upload and share content to a site. Thus, 

there is always a risk that serious health outcomes can occur from online information 

(Freeman & Chapman, 2007). 

Interviews with health professionals cited poor quality information as one of the major 

barriers for using social media in healthcare. The findings indicated 44% of respondents 

feared informal, unregulated mechanisms for information collection, sharing, and promotion, 

so the information varies in quality and consistency. Respondents 12 and 13 talked about this: 

The concern with information quality of social media is real and will remain 

for a while. The problem is, too many unregulated and random websites 

providing diagnosis and treatments without being monitored by any medical 

professionals. Information needs to be monitored by a health professional to 

address the issues related to accuracy and correctness. (Respondent 12) 

Getting health advice on social media sites is very hard.  There is no way that 

patients can be sure that information is trustworthy, if unless a health body or 

medical professionals publish the information.  A big chunk of the 

information is not peer-reviewed and can be modified by anyone…. anytime.  

A good example is miracle cancer cure sites on social media that purport to 

provide health care information. (Respondent 13)  

Based on these findings, the following hypothesis is proposed: 

H4: Information quality significantly influences social media usage behaviour  

The level of trust in social media applications is another important theme emerging from the 

interviews.  According to the findings, 44% of health professionals were sceptical about 

social media channels as being trustworthy for disseminating health information (see also 

Antheunis et al., 2013; De Martino et al., 2017; Eysenbach, 2009; Leimeister et al., 2005; 

Mitra et al., 1999; Pavlou & Gefen, 2004; Song, 2007). The following responses reflect the 

scepticism: 
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Just because the information is produced in a random blog or social media 

sites, it does not mean that this information can be trusted. It is okay to learn 

about the specific medical condition, but this should not replace your doctor. 

I do not have a problem that patients are learning about different facts 

through Mr. Google. However, always consult with your doctor before 

applying the remedy suggested in a random site. (Respondent 9) 

From the perspective of a patient, I would not trust the information I see on 

random health sites. If the information is from a valid doctor’s blog, yes, I 

will take that in. However, there is too much-unregulated junk out there. I 

have seen so much information lacks proper scientific evidence. 

(Respondent 6) 

Schoorman, Mayer, and Davis (2007) explained trust as the inclination of a party to believe 

the thoughts and actions of another party grounded on the belief that the other party will act 

in the former’s interests. In uncertain scenarios trust minimises vulnerability (Pavlou, 2003). 

The combination of a vast amount of health information and unregulated user-generated 

content increases uncertainty and makes it somewhat difficult to determine trustworthy 

content.  This may explain why trust has been used as a significant variable in studies 

conducted on the topic of online applications. Prior research integrated trust and TAM 

variables in different ways in a different context (Belanche, Casaló, & Flavián, 2012; Gefen 

et al., 2003; Ha & Stoel, 2009). However, research on the effect of trust on social media 

usage behaviour in the healthcare context is few and far between. Based on previous research 

(Belanche et al., 2012; Pavlou, 2003) and the interview findings, this study proposes and tests 

the effect of trust on perceived social media usefulness and usage behaviour of health 

professionals and health consumers with two hypotheses as follows:  

H5: Perceived trust positively influences social media usage behaviour  

H6: Perceived trust positively influences the perceived usefulness of social media   

Another interesting theme that emerged from the literature review was perceived professional 

boundaries for social media. Several decades before the digital revolution changed the 

landscape of social interaction, Goffman (1959) noted that technology removed the 

boundaries between individuals and professionals.  Thus, physical space ceases to be a barrier 

for social interaction. According to Sánchez Abril, Levin, and Del Riego (2012), social media 
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sites allow individuals to share various pieces of their lives, including their private lives and 

their opinions. Therefore, the line between the public and private lives is often obscured by 

the “boundary-crossing” mediums. Social media channels initiate more fluid work/private 

boundaries between professionals and individuals, and most often social norms dictate the 

individuals’ use of these social media technologies (Chesley, 2005).  

In the healthcare scenario, private information of health professionals can easily be accessed 

by the wider audience. The transparent characteristics of social media have broader effects on 

personal privacy, reputation, and expressiveness of health professionals (Chretien & Kind, 

2013; Sánchez Abril et al., 2012). In a study involving 78 medical schools in the USA, 47 

schools reported occurrences of students posting unprofessional online content. Violations of  

patient confidentiality were reported by six medical schools. These authors reported that most 

incidents involved blogs that explained medical experiences with enough detail that patients 

could potentially be identified. Another example was related to posting patient details on 

Facebook (Chretien et al., 2009). 

Drawing on the work of  Sánchez Abril et al. (2012), Chretien and Kind (2013) and Chesley 

(2005),  it can be argued that, it is often difficult for health professionals to operate in social 

media channels when boundaries are ambiguous. This is why health professionals are 

reluctant to engage with their patients in a fluid manner. As Respondent 1 remarked: 

I prefer using social media for networking with my colleagues. However, 

when it comes to adding your patients in your Facebook or Google circle, It 

is a big no…I often get friend request from the patients. To be honest, it 

would be beneficial from some of them if they can contact or live chat with 

me in through Facebook messenger. But the matter of fact is, we are obliged 

to maintain our professional boundaries, and it does not allow us to do more 

with social media. Having said that, it is true that a line needs to be 

maintained to ensure the interest of both physicians and patients. 

The perceived boundary is still to be studied as an independent variable in the current 

technology adoption model. Existing literature also suggested that the perceived boundary 

can be an important factor, and more empirical investigation is needed to ascertain the 

relationship between perceived boundary and usage intention of health professionals and 

health consumers. Thus, the following hypothesis is developed: 
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H7: Perceived professional boundary significantly influences social media usage 

behaviour 

7.2.3 External factors  

In terms of the influence of surrounding environments, two major themes emerged in this 

category: supporting conditions and peer influence. The results of the focused interviews 

indicated that 44% of respondents consider supporting environment as a determinant of their 

acceptance decision. Respondents voiced that due to their demanding profession, they require 

more organisational and infrastructure-related support such as: clear usage policy, staff to 

handle the public social media account and technical support to provide information. The key 

finding is that most respondents focused on internal support for them to excel in social media. 

For example, Respondents 1 and 8 said:  

Yes, support from the upper management matters quite a lot. Plenty of health 

professionals are using social media. But, I know that lot more would come to 

the scene if there are adequate support and training available for them. 

(Respondent 1) 

I am a regular in social media. I follow several physicians. Occasionally, I 

also share medical information in twitter if I feel it is worth sharing. I feel 

that we need more support from our respective organisations to use social 

media for health matters. Starting from human resource to technical 

support…. as they do in banks… they always have staff monitoring their 

social media and responding real time. If we truly want to engage our health 

community, we must deploy more resources to facilitate the interaction. 

(Respondent 8)  

These comments echo what was documented in previous studies (Kijsanayotin et al., 2009; 

Moorhead et al., 2013; Rouibah et al., 2009; Zhou et al., 2013; Zhou et al., 2010). More 

internal and external support in terms of resources, staffing, and technical expertise is 

necessary for social media to be used effectively.  Health professionals do have the expertise 

to operate in social media, however, the demanding nature of their profession means they 

have very limited time. 

The theme known as supporting conditions is similar to the UTAUT construct’s facilitating 

conditions. According to Venkatesh et al. (2003), facilitating conditions refers to the extent of 
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organisational and technical infrastructure existing to support the use of a new system. In the 

healthcare domain,  studies by Kijsanayotin et al. (2009), Kohnke, Cole, and Bush (2014) and  

Phichitchaisopa and Naenna (2013), found a significant positive relationship between 

facilitating conditions and health information technology adoption.  In a social media context,  

Curtis et al. (2010) showed that facilitating conditions significantly influence the adoption of 

social media for public relations by non-profit organisations. However, few studies 

investigated the role of supporting conditions on the adoption of social media in healthcare. 

Thus, based on the interview findings and the extant literature, the research proposes the 

following hypotheses: 

H8: Supporting conditions positively affect social media usage behaviour  

H9:  Supporting conditions significantly affect perceived privacy threats 

Peer influence was another emerging theme derived from the interviews with health 

professionals. The theme is based on the notion that social reinforcement from colleagues 

triggers an individual's behaviour. Sahin (2006) asserted that close peers’ idiosyncratic 

evaluations of new technological interventions are usually more credible and help to reduce 

uncertainty in adoption of a new technology. Thus, in a healthcare context the subjective 

influence of colleagues is significant. The interviews revealed that “peer influence” 

undoubtedly plays a vital role in health professionals’ intention to use social media. More 

than half of respondents (56%) acknowledged peer influence as an important determinant of 

social media usage. While explaining to what extent they are influenced by their peers 

regarding the usage of social media, many interviewees referred to a situation when other 

colleagues recommended a social media tool.  

For example, according to Respondents 13 and 7 on this issue: 

Yes, peer influence is very important. I was invited by one of my colleagues to 

meet a group of cancer patients. I have learned how social media platform 

facilitates social interaction and social support for these group of individuals. 

How they share their journey and comfort each other to overcome the feeling 

of isolation. I have made an instant decision to join on board and active ever 

since. (Respondent 13)  
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 Yes, directly influenced by my other professionals in my area. I was inspired 

by my colleagues to follow medical blogs and health community sites to keep 

myself tuned with the medical community. (Respondent 7) 

Social influence was a significant predictor in several technology acceptance studies 

(Hennington & Janz, 2007; Phichitchaisopa & Naenna, 2013; Vanneste et al., 2013; Wills, 

El-Gayar, & Bennett, 2008). However, past studies primarily focused on the social influence 

and that of peer support in the social media context (Blumenthal, 2009; Sahin, 2006). Based 

on the interviews with health professionals and gaps in past research, the following 

hypothesis is posited:  

H10: Peer influence significantly influences social media usage behaviour  

7.2.4 Other factors  

Perceived cost and perceived self-efficacy have also been identified as significant determents 

of social media adoption behaviours. Costs of a new system or intervention have always been 

considered a major determinant of behavioural intention to use the new system. In the context 

of this study, perceived cost refers to health professionals’ perceptions regarding the initial, 

subscription, transaction and communication costs involved in using social media (Kim, 

2008). Prior studies in a different context also portrayed perceived cost as an important 

variable (Kim, 2008; Kleijnen et al., 2004; Rogers, 1995).  The costs related to the time and 

effort required to collect, analyse, disseminate and exchange health information using a social 

media platform can be considered within the same domain. The study confirms the perceived 

cost as one additional factor that influences usage intention. It supports the notion that social 

media reduces the economic, time and human costs associated with clinical practice. 

However, empirical support on perceived costs is limited in the current literature. Most 

studies were based on the effectiveness of social media for health communication and patient 

empowerment (Chou et al., 2009; Korda & Itani, 2013; Neiger et al., 2012). Because of the 

fluid nature of social media technology, it is difficult to measure cost and benefit to any 

extent.  For example, Respondent 2 stated that: 

“The cost-effectiveness of social media as a marketing tool is a major factor. 

Few dentists have been doing this for a while, and some of them were 

beneficiaries. Also, geo-demographic targeting enables health service 

providers and professionals to reach their target market easily and get the 
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value for marketing dollar. It does not cost you anything to get started in 

networking sites and costs next to nothing to reach your potential segments.” 

Based on the literature and interview findings, the following hypothesis was developed: 

H11: Perceived cost of social media is significantly associated with usage behaviour  

The interviews with health professionals also indicated that social media self-efficacy is an 

important determinant of the social media usage behaviour. As observed by respondent 9: 

“I am good with technology. It takes a while to get used to a new 

intervention, but with social media, it is not quite the case. Most of my 

colleagues are on social media, and I doubt that there is anyone who is not 

capable of using the apps.” 

Interview findings and existing literature indicate that certain health professionals’ reluctance 

to use social media is due to lack of required skills and experience in using social media 

(Adzharuddin & Ramly, 2015; Agarwal & Yiliyasi, 2010; Antheunis et al., 2013; Chou et al., 

2009; Chou et al., 2013; Courtney, 2013; Eschenbrenner & Nah, 2015).  According to 

Hocevar et al. (2014) self-efficacious individuals behave more socially and are more likely to 

engage in online information exchange and be influenced by other people’s input. 

Earlier studies primarily addressed the internet user’s self-efficacy (Eastin & LaRose, 2000; 

Hsu & Chiu, 2004; Joo et al., 2000). However, studies on social media self-efficacy of health 

professionals’ is relatively scarce. This research is likely to be one the first ones to address 

the social media self-efficacy of health professionals. Thus, further empirical investigation of 

the relationship between social media self-efficacy and usage decisions is warranted. The 

following hypothesis was developed: 

H12:  Social media self-efficacy is positively associated with social media usage behaviour. 

7.2.5 Outcome of social media usage  

To analyse the key predictors of social media adoption behaviour of health professionals and 

health consumers, this research integrated the Expectation Confirmation Model to predict 

their continuance usage intention. Among a variety of theoretical perspectives in healthcare 

information system studies, the Theory of Reasoned Action (TRA), Technology Acceptance 

Model (TAM), and the Unified Theory of Acceptance and Use of Technology (UTAUT) 

have been widely used to explain user behaviours in different situations (Kohnke et al., 2014; 

McGowan et al., 2012; Siamagka, Christodoulides, Michaelidou, & Valvi, 2015). TRA and 
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TAM were fundamentally designed to predict the acceptance of information systems users in 

a pre-adoption situation based on the beliefs-attitudes-behaviuor paradigm of human 

behaviour (Kim, 2011). Therefore, these models are limited in determining the key predictors 

of user continuance in the pre-adoption stages (Karahanna et al., 1999).  

To address these issues, expectation confirmation theory (ECM)  was designed to predict user 

continuance behaviour in the post-adoption stages (Bhattacherjee, 2001; Oliver, 1980). ECM 

is considered to be a  robust model for evaluating predictors of continuance behaviour (Lee & 

Kwon, 2011; Oghuma, Libaque-Saenz, Wong, & Chang, 2016). However, continuance 

decision of health professionals and health consumers can be influenced by several factors 

not covered by ECM, for instance peer influence, perceived privacy threats, supporting 

conditions or professional boundaries. Continuance decision is identical to consumers’ 

repurchase decision, crafted by satisfaction with a particular product or service (Anderson & 

Sullivan, 1993).  Bhattacherjee (2001) denotes the importance of the continuance by stating 

that the eventual success of an information system (IS) lies in its sustained use, rather than 

first-after time use. Thus, continuance behaviour is a highly relevant construct derived from 

an empirical perspective because service usage continues well beyond the initial adoption.  

In ECM, confirmation is the outcome of a considerable “over-fulfillment” of these initial 

expectations (Kopalle & Lehmann, 2001). In this sense, lower expectation and higher 

perceived performance may lead to a greater sense of confirmation. Numerous studies 

consistently indicated that confirmation exerts a positive effect on satisfaction, which in turn 

influences the intention to continue using a particular system (Bhattacherjee, 2001; Hayashi 

et al., 2004; Hsu et al., 2014; Roca et al., 2006)  Furthermore, relevant ECM studies reported 

that perceived usefulness correlates positively with confirmation of benefits. Prior studies 

show that when users’ actual experience exceeds their expectations, confirmation positively 

influences perceived usefulness (Hong, Thong, & Tam, 2006; Kim, 2011; Lee & Kwon, 

2011; Shi, Lee, Cheung, & Chen, 2010). Thus, based on the literature the research proposes 

the following hypotheses: 

H13: Confirmation of expectations positively affects social media users’ perceived 

satisfaction. 

H14: Confirmation of expectations positively affects social media users’ perceived 

usefulness. 
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In ECM, satisfaction is a key determinant of the usage intention and it reflects a 

psychological state resulting when the feeling surrounding disconfirmed expectation is fused 

with the user’s prior expectation about the usage experience (Oliver, 1980). Thus, satisfaction 

can be explained as a function of prior expectations and post-adoption performance 

perception and confirmation (Bhattacherjee, 2001). This study defines perceived satisfaction 

as health professionals’ and health consumers’ holistic emotions toward social media 

services. Past studies empirically demonstrated that prior user satisfaction with social media 

is a salient factor in shaping the social media continuance intention (Kim, 2011; Kim & Han, 

2009). Thus, drawing on the principals of TAM and ECM the following hypotheses were 

developed: 

H15: Social media usage behaviour positively influences continuance intention. 

H16: User satisfaction with social media positively influences continuance intention. 

7.3 The Theoretical Framework 

 

Figure 7.1: Healthcare social media usage model (HSMUM) 
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The potential of social media in the healthcare sector cannot be fully realised if the healthcare 

professionals underuse these powerful applications. Research efforts attempting to study the 

health professionals’ and health consumers’ social media usage behaviour is relevant and 

timely. Based on the extant literature and findings of the in-depth interviews, the conceptual 

framework of the study - Healthcare Social Media Usage Model (HSMUM) - was formulated 

and operationalised.  

The overall structure of the social media usage model is comparable to the extant models 

devised for technology adoption studies. The conceptual framework depicts the possible 

effects of the factors affecting health professionals’ and health consumers’ social media usage 

behaviour and continuance intention. These factors are yet to be contextualised and tested 

within healthcare social media. To sum up, this novel framework is an important addition to 

the mainstream social media adoption literature in the healthcare context.  

7.4 Summary  

This chapter addressed the key factors affecting health professionals’ and health consumers’ 

social media usage behaviour. These factors were drawn from in-depth interviews of health 

professionals and a review of preceding technology adoption models such as Technology 

Acceptance Model, Diffusion of Innovation Theory, Unified Technology Acceptance 

Models, Information System Success Model and Expectation Confirmation Theory. A total of 

13 variables were identified and they helped to develop the proposed conceptual framework 

of this study. Subsequently, the proposed model was named the Healthcare Social Media 

Usage Model (HSMUM).  

The overall aim of the model was to establish the relevant factors that influence social media 

usage behaviour of both health professionals and health consumers.  To achieve that aim, the 

Healthcare Social Media Usage Model (HSMUM) was tested by using two sets of data. 

Firstly, the model was tested through a survey for health professionals. Second, the model 

was tested again through a survey for health consumers. This approach enabled the researcher 

to identify the influential factors from the perspective of both health professionals and health 

consumers. The next chapter will discuss the results of the quantitative phase of this research.  
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CHAPTER 8 : QUANTITATIVE DATA ANALYSIS (HEALTH PROFESSIONALS’ 

SURVEY) 

8. 1 Introduction  

The previous chapter articulated the final research model and the hypotheses. The findings of 

the quantitative survey of healthcare professionals are presented in this chapter. The survey 

conducted served to confirm the findings of the semi-structured interviews and relevant 

literature on the factors affecting the adoption of social media in healthcare.  This chapter 

presents the assessment and testing of the proposed research model using the structural 

equation modelling (SEM) technique.  

8.2 The demographic profiles 

Table 8.1 shows the demographic information of the health professionals who participated 

in the survey. 

• The completed survey includes 48% male participants and 52% female participants.  

• Regarding age range of the participants, 29.7% were in the 30-39 bracket, 35.1% were 

40-49 years old, 24.7% were 50 to 59 and 7.8% were over 60 years of age.  

• Regarding experience of the participants, 48.5% had 16-30 years, 14.4% had 11-15 

years, 20.4% had 6-10 years, and 12.5% had worked for 1-5 years as health 

professionals. 

• The majority of respondents are from New South Wales (47.4%), followed by the 

Australian Capital Territory (36.2%).  10.6% of participants are from Queensland, and 

5.4% are located in Victoria.  
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Table 8.1: Demographic Characteristics 

 Categories  Criteria Frequency Percent 

 Age 

  

  

18-29 6 2.7 

30-39 65 29.7 

40-49 77 35.1 

50-59 54 24.7 

60+ 17 7.8 

  

Gender 

Male 106 48.4  

Female 113 51.6 

Experience 

  

  

  

  

1-5 years  27 12.3 

6-10 years  47 21.5 

11-15 years  31 14.2 

16-30 years 105 47.9 

30 years’ plus  9 4.1 

 NSW 104 47.4 

Location 

   

ACT 80 36.6 

Queensland 23 10.6 

Victoria 12 5.4 

  Total 219 100.0 
Source: estimates based on author’s calculations.  

8.3 Social media usage pattern  
 

Table 8.2: Health professionals’ social media usage pattern 

Type Frequency Percent 

Facebook 102 46.5 

Twitter 55 25.1 

Google Plus 19 8.6 

Instagram 9 4.1 

YouTube 98 44.7 

Blogs 17 7.7 

LinkedIn 47 21.4 

WIKI 14 6.4 

Physicians only networks 19 8.8 

Others 17 7.8 

 

Table 8.2 depicts the patterns of social media used by the health professionals. 

• Facebook is the most frequently used platform as 46.5% of are regular users of it.  

YouTube is the second most popular platform among health professionals (44.7%).  
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• The results indicate that YouTube, Facebook, Twitter, and LinkedIn are the most 

popular social media applications among health professionals. 25.1% of respondents 

frequently use Twitter, and 21.4% of respondents’ access LinkedIn. 8.8% of 

respondents regularly access to physician-only networks, and only 7.7% of 

respondents are active on online blogs.  

• The result is comparable with the overall social media user statistics in Australia. 

Approximately 60% of people in Australia are active on Facebook and YouTube. 

LinkedIn and Twitter are ranked 9 and 6, respectively, in terms of the total number of 

active users. Around 13% of the populations are active on Twitter and 18% are active 

on LinkedIn (Cowling, 2018).  

• It is noticeable that health professionals’ participation in physician-only networking 

sites and blogging platforms is particularly low.  However, this is comparable with 

Usher’s (2011) study which showed that only 10% (N=231) of health professionals’ 

in Australia regularly use blogs for professional or personal use.                                                                                                                                                                                                                                                                                                                                                                                                            

8. 4 Analysis of missing data, normality and outliers  

This section presents the sample validation process, non-response bias, examination of data 

entry, missing data analysis and assessment of the outliers. A total of 219 completed 

responses were used to examine the missing data and outlier cases. To identify the missing 

values, the research questionnaire items were examined using statistical measures. Since the 

overall, missing value was less than 5%  in a few specific responses, those were replaced by 

the variable means (Tabachnick & Fidell, 2007).   

Two types of outliers existed in the quantitative dataset: univariate and multivariate outliers. 

Univariate outliers refers to the data point that comprises an unusual value on one variable, 

whereas multivariate outliers are a combination of extreme or unusual values in multiple 

variables (Terlizzi et al., 2005). In this research, the residual analysis assessed the univariate 

and multivariate outliers (Ho, 2006). Residuals typically test normality and linearity between 

the dependent variable (DV) scores and errors of predictions scatter plot. The straight-line 

relationship between residuals and the predicted dependent variables score indicate the 

linearity of data (Tabachnick & Fidell, 2007). Firstly, for each of the variables, mean 

composites were calculated. Second, the composites were standardised to detect univariate 

outliers. If the standardised values of any case surpass the absolute value of 3.29,  the given 
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case will be considered as an outlier (Tabachnick & Fidell, 2007). Finally, the residual 

analysis was undertaken to examine the univariate and multivariate outliers.  

Results indicated that no univariate outlier cases with a residual above 3.29 existed in the 

dataset. However, multivariate outliers were detected through the residual analysis with the 

Mahalanobis distance (case 15, 31) and case-wise diagnostics (case 162). The cases were 

subsequently deleted. After the deletion of the three multivariate outliers, residual plots 

appeared to be normal, and the skewness and kurtosis values were within the acceptable 

range for all independent and dependent variables. Table 8.3 shows that all values of the 

variables were within the accepted range of skewness and kurtosis (i.e., 3.29 +3.29). A final 

sample size of 216 health professionals has been confirmed for confirmatory factor analysis 

and structural model testing. 
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Table 8.3: Descriptive Statistics 

` Min Max Mean Std. Dev Skewness Kurtosis 

Perceived social 

media usefulness 

1.00 5.60 3.0251 1.22397 .563 -.839 

Privacy Threat 1.57 7.00 3.7533 .96441 .698 1.080 

Information 

Quality 

1.00 5.40 2.7907 .94790 .688 .435 

Perceived Trust 1.00 5.20 2.9926 1.08929 .232 -.817 

Professional 

Boundary 

1.00 6.00 3.1719 1.26745 .675 -.334 

Peer Influence 1.00 5.00 2.7488 .96975 .162 -.726 

Perceived Cost 1.00 7.00 4.0856 1.45641 -.036 -.855 

Support Conditions 1.50 6.50 2.8413 1.02245 1.486 1.625 

Self-efficacy 1.00 7.00 4.0750 1.44548 -.303 -.739 

Confirmation of 

expectation 

1.00 6.00 2.8646 1.08446 .679 -.092 

Satisfaction 1.00 5.25 2.6237 .73021 .757 1.202 

Usage behaviour 2.00 7.00 3.9521 1.18717 .171 -.724 

Continuance 

Intention 

1.75 5.25 2.9838 .70938 .707 .224 

 

The scatter plots for independent variables (IVs) and the DV all showed a straight-line 

relationship. The plot revealed an acceptable level of normality where the standardised 

predicted value formed a line with the standardised residuals. Furthermore, the residuals 

scatter plot confirmed that the assumption of linearity was met.  

Figure 8.1: Residual Plot 
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8.5 Multicollinearity  

Multicollinearity is viewed as a high level of correlation (.80 and above) between two or 

more independent variables, and it results in significant difficulty when assessing their 

relative influence on the dependent variable. Multicollinearity is also regarded as a symptom 

of poor experimental design (Blalock Jr, 1963). In this case, the correlation matrix (Table 

8.4) showed that no correlation between any two items was above 0.8; thus, bivariate high 

collinearity did not exist. Furthermore, this study has adopted confirmatory factor analysis 

(CFA), which estimates direct correlation for measurement errors. As a result, the 

relationships among constructs can be estimated much more precisely (Hair et al., 2006). 
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Table 8.4: Bivariate Correlations (Health Professionals’ sample) 

   1  2  3  4  5  6  7  8  9  10  11  12  13 

Social media 

usefulness 

.75             

Privacy threat -.085 .71            

Information 

quality  

.520** -.313** .82           

Perceived Trust .548** -.372** .594** .81          

Professional 

Boundary 

.733** -.110 .529** .523** .88         

Supporting 

Conditions 

.712** -.449** .603** .554** .609** .77        

Peer influence .526** -.410** .523** .518** .470** .723** .71       

Perceived cost  .687** -.356** .553** .562** .641** .709** .461** .93      

Social media 

self-efficacy 

.605** -.334** .405** .735** .580** .618** .509** .712** .95     

Confirmation of 

Expectation 

.472** -.304** .486** .414** .621** .523** .404** .545** .486** .87    

Usage 

Behaviour  

.314** .492** .031 .202** .335** -.035 .017 .063 .194** .024 .75   

Satisfaction .527** -.252** .421** .434** .619** .590** .592** .558** .564** .554** .038 .74 . 

Continuance 

intention  

.818** -.332** .532** .550** .686** .775** .577** .797** .762** .601** .101 .628** .72 

** Correlation is significant at the 0.01 level (2-tailed). The bold faces value indicates square root of AVE  
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8.6 Construct validity and reliability  

Construct validity explains the degree to which the measured variables represent the latent 

theoretical constructs. It also determines if the constructs are measuring what they are 

supposed to measure (Hair et al., 2006). Construct validity can be assessed through 

convergent validity and discriminant validity. These concepts are explained more fully 

below. 

8.6.1 Convergent validity  

Convergent validity of a construct is the degree to which two measures of a specific 

construct are related or share a high proportion of variance (Hair et al., 2006). Various 

mechanisms such as: factor loadings, variance extracted (AVE), and reliability testing are 

used to assess the convergent validity of a construct. Thus, in this thesis, an analysis of 

composite reliability, AVE, and factor loading (Table 8.7) was performed to ensure the 

convergent validity of the constructs.  

Table 8.5 shows that all composite reliabilities exceeded the required criterion of 0.70 

(Hair, 2007). It also shows that the average variance extracted (AVE) for each construct 

exceeds the recommended limit of 0.50 (Fornell & Larcker, 1981). All the constructs are 

considered satisfactory since the factor loadings (see Table 8.7), and reliability are at an 

acceptable level. All constructs are retained for confirmatory analysis and all results 

indicate the instrument’s convergent validity. 
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Table 8.5: Composite Reliability and Average variance extract 

Construct 
Composite 

Reliability 

Average 

variance 

extracted 

(AVE) 

Square root 

of AVE 

Social media 

usefulness 
.84 .56 .75 

Privacy Threat .72 .50 .71 

Information 

quality 
.87 .67 .82 

Perceived 

Trust 
.85 .65 .81 

Perceived 

Professional 

Boundary 

.87 .78 .88 

Supporting 

Conditions 
.80 .59 .77 

Peer influence .73 .51 .71 

Self-efficacy .97 .91 .95 

Perceived 

Cost 
.90 .87 .93 

Confirmation 

of expectation 
.86 .76 .87 

Satisfaction .75 .55 .74 

Usage 

behaviour 
.79 .57 .75 

Continuance 

Intention 
.74 .52 .72 
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8.6.2 Discriminant validity  

Discriminant validity refers to the extent to which a construct is empirically unique and does 

not correlate very highly with another construct (Campbell, 1960). There are several 

approaches to examine discriminant validity of constructs. For example, the Fornell-Larcker 

criterion and examination of cross-loading are widely used to assess discriminant validity 

(Henseler, Ringle, & Sarstedt, 2015). Fornell and Larcker (1981) suggested that the 

discriminant validity of a construct can be confirmed when the construct correlations are 

lower than the square root of the average variance extracted by a construct. Accordingly, 

construct correlations were compared with the square root of the AVE, and it was found that 

all square roots of the AVEs were consistently higher than the correlations between 

constructs. In this way the discriminant validity of the constructs used in this research is 

confirmed (see Table 8.5). 

8.7 Confirmatory Factor Analysis (CFA): health professionals’ survey  

CFA is a confirmatory and theory-driven technique. Consequently, the underpinning of the 

analysis stems from theoretical relationships between the variables. During CFA, a 

hypothesised conceptual model was used to estimate a population covariance matrix that is 

compared with the observed covariance matrix (Schreiber, Nora, Stage, Barlow, & King, 

2006). Hair et al. (2006) advocated that the Confirmatory Factor Analysis (CFA) approach 

differs from Exploratory Factor Analysis (EFA). EFA extracts factors drawing on the 

statistical test and can be initiated without specific knowledge of the number of factors or 

without knowing which items are tied to which construct. However, in CFA, items are factors 

defined by the researcher based on the existing literature. Thus, CFA as a tool enables either 

confirmation or rejection of the preconceived theory. Furthermore, CFA provides an 

assessment of fit while EFA does not.   

O'Leary-Kelly and Vokurka (1998) suggested that CFA requires the researcher to articulate 

the CFA model before analysing the data, latent variables and their associated indicators 

specified as a priori. This is done by allocating the empirical indicators to load on specific 

latent variables and specify which latent variables are supposed to correlate. Accordingly, 

CFA improves control for assessing unidimensionality and is more aligned with the overall 

process of construct validation. O'Leary-Kelly and Vokurka (1998) further suggested that the 

CFA model builds on step one of the multistep process of construct validation, which defines 

the empirical indicators links to the latent variables. 
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Many indices are used to measure CFA but not all indices are supported by scholars. Hair at 

al. (2006) recommend that the following fit indices are adequate for assessing the 

measurement model: i) Chi-square (x2)/ degree of freedom(df) ratio, ii) CFI, iii) TLI, iv) IFI, 

and v) RMSEA. A brief overview of the measurement criteria in this research is provided 

below.  

Table 8.6: Measurement models indices used in this thesis 

Fit Indices Acceptable vale Comments 

Chi-Square/df ratio < 2 A small x2 value relative to the 

degrees of freedom (i.e., values 

lower than 3) shows a good model 

fit (Hu & Bentler, 1999)   

Comparative fit index (CFI) >.90 CFI value above 0.95 indicates good 

model fit (Hu & Bentler, 1999) 

Incremental Fit Index (IFI) >.90 Values that exceed .90 are regarded 

as acceptable 

Tucker-Lewis Index (TLI) >.90 Values that exceed .90 are regarded 

as acceptable 

Root Mean Square Error of 

Approximation (RMSEA) 

<.08 RMSEA value of less than 0.05 

indicates good fit, less than  0.08 

shows a reasonable fit, while a value 

less than 0.10  confirms poor fit 

(Marsh, Hau, & Wen, 2004) 

 

AMOS (version 24) graphics were used to draw the measurement model. In CFA, it is not 

required to separate the independent variables (IV) and dependent variables (DV). CFA is 

run with all variables linked as shown in Appendix G.   

8.7.1 Factor Loading (CFA) 

The factor loading along with the standardised alpha values are shown in Table 8.7. As 

expected, the factor scores of the measurement scale items fell between .54 and .97 except for 

one item with a score of .46 (Table 8.7). According to Bollen and Long (1992), large factor 

loadings mean that the scale items accurately represent the underlying constructs. There is no 

absolute cut-off value for factor loading (Koufteros, 1999).  Hair et al. (2006) recommend 

that factor loadings should be above .50 for accurate representation of the underlying 

constructs. Also, the significance of the individual parameters was assessed at the .05 and .01 

levels (Byrne, 2001). Assessment of the individual items did show that all items are 

significantly related to their constructs.  
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Table 8.7: Factor Loading (Health professionals’ survey) 

 Variables and their 

measurement scale 

items  

Factor 

Score 

  

Standardised 

alpha  

 

 

 

 

  

Variables and their 

measurement scale 

items  

Factor 

Score 

  

Standardised 

alpha 

Usage behaviour   

.82 

  

Continuance intention    

 

.79 
ATT1 0.803 INTU1 0.742 

ATT2 0.724 INTU2 0.791 

ATT3 0.619 INTU3 0.700 

ATT4 0.687 INTU4 0.655 

ATT5 0.894 Self-efficacy    

 

 

.91 

Social media 

usefulness 
  

 

 

 

.81  

SC1 0.957 

PU2 0.872 SC2 0.965 

PU3 0.816 SC3 0.965 

PU4 0.814 SC4 0.958 

PU5 0.689 SC5 0.937 

Peer influence   
 

 

 

.73  

Perceived Trust    

 

 

.82 

SCI1 0.464 PTR1 0.719 

SCI2 0.688 PTR2 0.806 

SCI3 0.798 PTR3 0.769 

SCI4 0.848 PTR4 0.902 

   PTR5 0.822 

Supporting condition    Satisfaction    

 

.79 
SE1 0.723 

 

 

.79  

SAT1 0.548 

SE2 0.642 SAT2 0.779 

SE3 0.813 SAT3 0.762 

SE4 0.876 SAT4 0.848 

Information quality    Privacy Threat    

 

.72 
IQ1 0.759 

 

 

.85 

  

PT1 0.689 

IQ2 0.820 PT2 0.604 

IQ3 0.863 PT4 0.827 

IQ4 0.878 PT5 0.698 

IQ5 0.774 
 

Confirmation  
 

 

 

.84 Perceived Boundary    CB1 0.876 

COM1 0.852 
 

 

.85  

CB2 0.908 

COM2 0.874 CB3 0.855 

COM3 0.903 CB4 0.857 

COM4 0.913 

 

Perceived Cost    

C1 0.921 

 

.87  

C2 0.918 

C3 0.916 

C4 0.973 
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8.7.2 Model refinement criteria 

The model refinement process included an assessment of modification indices (MI) that can 

be used to free parameters to improve the model fit significantly or reduce the number of 

parameters without affecting the model fit (Hair et al., 2006; Schreiber et al., 2006). 

Accordingly, the individual measurement model fit was tested for all the dependent and 

independent variables included in the conceptual framework. The overall measurement model 

(initial and final) was then tested in AMOS (Appendix H). 

CFA of the initial 55 items measurement model revealed the following model indices:  

CMIN = 3815, df = 1406 and CMIN/df ratio = 2.714; CFI = .740; and RMSEA = .08, 

indicating a significant scope for model refinement.  

Subsequently, an assessment of the modification indices (MI) was carried out. If an item 

indicates a poor fit according to the modification indices (MI), then deleting the item should 

be considered. Byrne (2001) suggested that the items with high covariance and high 

regression weight in the modification indices should also be considered for deletion. 

Accordingly, 20 items have been excluded from different constructs to achieve a better fit to 

the data. This reduces the x2 value to 779 (df 481, p< .001) and significantly improved other 

fit indices in the final overall measurement model. The retained items in the construct 

measures suggest a satisfactory fit between data and the measurement model. Thus, the final 

overall measurement model was tested with 35 items during the SEM stage. The model fit 

statistics of the final overall measurement model test are presented in Table 8.8.  

Table 8.8: Summary of Overall (Initial and Final) Measurement Model 

Fit Indices CFA Measurement Model 

Initial (55 Items) Final (35 items) 

^(df) 3815(1406) 779 (481) 

CMIN/DF 2.714 1.620 

IFI .782 .940 

TLI .759 .939 

CFI .740 .929 

RMSEA .085 .054 
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8.8 SEM results for health professionals’ sample  

Following the assessment of the measurement model, the subsequent phase assessed the 

structural model to test the hypothesised relationships specified in the final conceptual 

framework. The structural model specified the relationships between constructs and measured 

variables based on the theoretical or conceptual framework (Hair et al., 2006). The structural 

model was designed by replacing all double-headed arrows, representing the correlations 

between the constructs, with single-headed (causal) arrows. The factors that potentially 

influence health professionals’ behavioural intentions are investigated and conceptualised in 

Chapter 7.  The model assessment criteria applied to SEM is identical to the criteria used for 

the CFA analysis (see Table 8.6). The overall goodness-of-fit of the structural model is 

summarised in the table below.  

Table 8.9: SEM goodness-of-fit 

Fit indices Value 

CMIN= 1021.66, df= 516, 

CMIN/DF 

1.97 

GFI .796 

CFI .899 

IFI .901 

TLI .884 

RMSEA .06 

 

As mentioned earlier, all the items returned loadings greater than 0.50 (p < 0.001) on their 

underlying constructs. These values were as expected and very close to the minimum cut-off 

points, indicating acceptable model fit. Table 8.10 provides an overview of the results of the 

hypotheses testing performed in SEM. 
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Table 8.10: Results of the Hypothesis Testing (Health professionals’ sample)  

Path   Estimate S.E. C.R. P Result 

Social media 

usefulness 
→ 

Usage 

behaviour 
.301 .132 2.286 .022 Supported 

Privacy Threat → 
Usage 

behaviour 
1.016 .182 5.574 *** 

Supported 

Privacy Threat → 
Social media 

usefulness 
-.292 .083 -3.518 *** 

Supported 

Information 

Quality 
→ 

Usage 

behaviour 
-.246 .164 -1.499 .134 

Not supported 

Perceived Trust → 
Usage 

behaviour 
-.191 .134 -1.424 .155 

Not supported 

Perceived Trust → 
Social media 

usefulness 
.646 .093 6.916 *** 

Supported 

Professional 

Boundary 
→ 

 Usage 

behaviour 
.587 .123 4.781 *** 

Supported 

Supporting 

Conditions 
→ 

Privacy 

Threats 
-.798 .338 -2.360 .018 

Supported 

Supporting 

Conditions 
→ 

Usage 

behaviour 
.435 .321 3.102 .002 

Supported 

Peer influence → 
Usage 

behaviour 
.258 .101 2.564 .010 

Supported 

Perceived Cost → 
Usage 

behaviour 
-.221 .083 -2.665 .008 

Supported 

Self-efficacy → 
Usage 

behaviour 
.200 .067 2.987 .003 

Supported 

Confirmation of 

expectation  
→ Satisfaction  .178 .045 3.917 *** 

Supported 

Confirmation of 

expectation 
→ 

Social media 

usefulness 
.445 .086 5.202 *** Supported 

Satisfaction → 
Continuance 

Intention  
.371 .115 3.234 .001 Supported 

Usage behaviour → 
Continuance 

intention 
.054 .041 1.322 .186 

Not supported 

        **Significant at (P<0.01, P<0.05 level)  
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8.10 Results summary  

H1: Perceived social media usefulness positively affects social media usage behaviour  

The results of the path analysis revealed a significant relationship between (p<0.05) 

perceived usefulness and usage behaviour.  

H2: Perceived privacy threats significantly influence social media usage behaviour 

The issue associated with perceived privacy threats associated with social media adoption is 

another frequent theme emerging from the qualitative phase. The results of the path analysis 

showed that a significant relationship (p<0.01) exists between perceived threat and usage 

behaviour of healthcare professionals. 

H3: Perceived privacy threats significantly influence the perceived usefulness of social 

media 

The result of the path analysis showed that perceived threat negatively influenced (β -.292, 

p<0.01) perceived usefulness of social media. Thus, higher privacy threats significantly 

reduce users’ perceptions of the usefulness of social media in healthcare.  

H4: Information quality significantly influences social media usage behaviour  

Poor information quality was identified as a major barrier in the literature and during the 

interviews. The results of the path analysis show that information quality does not have a 

significant impact on the usage behaviour. As a result, H4 is rejected.  

H5: Perceived trust positively influences social media usage behaviour 

The issue of trust appeared quite frequently during in-depth interviews and the literature 

review. The results indicate there is no significant relationship between trust and usage 

behaviour (p >0.05). Thus, this hypothesis is not supported in the study. 

H6: Perceived trust positively influences the perceived usefulness of social media   

Although trust did not directly impact on social media usage behaviour, the data analysis 

shows that trust significantly influences perceived usefulness (β = .23, P < 0.01). Thus, a 

higher level of trust positively affects health professionals’ perceptions of the usefulness of 

social media.  

 



 

  

233 

 

 

H7: Perceived professional boundaries significantly influence health professionals’ social 

media usage behaviour 

The perceived boundary was identified as an important theme during the in-depth interviews.  

The results of the path analysis showed that there is a significant relationship (p<0.01) 

between perceived professional boundary and usage behaviour of healthcare professionals.  

H8: Supporting conditions positively affect social media usage behaviour  

The results clearly indicate there is a significant relationship between supporting 

conditions and usage behaviour (p<0.05).  Therefore, favourable supporting conditions aid 

in developing a favourable attitude towards social media.  

H9: Supporting conditions significantly affect perceived privacy threats.  

The results clearly indicate there is a significant negative relationship between supporting 

environment and privacy threats (p<0.05). This result show that favourable environment 

helps to reduce uncertainty regarding the adoption of social media in healthcare.  

H10:  Peer influence significantly influences social media usage behaviour 

The results of the path analysis showed that there is a significant relationship between (β= 

.258 and p<0.05) peer influence and social media usage behaviour.  

H11: Perceived cost of social media is significantly associated with usage behaviour 

Existing literature indicated that social media is a low-cost medium for health promotion and 

community engagement, and results of the study confirmed this. The results of the path 

analysis show that perceived cost negatively influences usage behaviour (P<.001).  H11 is 

therefore accepted.  

H12: Social media self-efficacy is positively associated with social media usage behaviour  

The results of the path analysis indicated a significant relationship (p<0.01) exists between 

self-efficacy and usage behaviours of health professionals. 

H13: Confirmation of expectations positively affects user satisfaction 

This variable derived from expectation confirmation theory. Consistent with the extant 

literature, the results reported that there is a significant relationship (P<0.01) between 
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confirmation of expectations and user satisfaction. Thus, the positive experience with 

social media results in user satisfaction.  

H14: Confirmation of expectations positively affects social media users’ perceived 

usefulness 

The results showed that there is a significant relationship between confirmation of expectation 

and perceived usefulness of social media (p <0.01).  

H15: User satisfaction with social media positively influence continuance intention 

The results indicated there is a significant relationship (P<0.05) between user satisfaction 

and continuance. Hence, when a user’s expectations from a system are exceeded, they are 

likely to continue with the same system.  

H16: Usage behaviour positively affects continuance intention   

The results returned non-significant (P> 0.05) between usage behaviour and continuance 

intention. H16 is thus rejected. The result indicates that although the attitude towards social 

media is favourable, health professionals are still not entirely sure about the effectiveness of 

social media. 
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CHAPTER 9 : DISCUSSION OF RESULTS - SURVEY OF HEALTH 

PROFESSIONALS 

9.1 Introduction  

The previous chapter presented an analysis of the data derived from the surveys of health 

professionals. The logical relational path of the final conceptual framework was tested using 

structural equation modelling (SEM). This chapter is concerned with an evaluation of the 

results derived from the path analysis in SEM.  

9.2 Social media usefulness and usage behaviour (Hypothesis 1) 

Hypothesis 1 stated that perceived social media usefulness would have a positive influence 

on the health professionals’ social media usage behaviour. As expected the results indicate 

that perceived usefulness is a significant determinant of usage behaviour (P<0.05). The 

findings of the interviews also highlight that the ‘usefulness’ perception of social media is an 

important determinant of health professionals’ usage behaviours. The results are consistent 

with previous studies (Fine, 2006; Lee & Cho, 2011; Venkatesh et al., 2003; Wirtz & Göttel, 

2016). Lee and Cho (2011) that, for instance, investigated consumers’ usage of Twitter and 

Facebook. It was observed here that perceived usefulness influences consumers’ usage of 

Twitter and Facebook. Similarly, Rauniar et al. (2014)  and McGowan et al. (2012) showed 

that perceived usefulness is a significant predictor of social media usage intentions. In 

agreement with previous studies, it has been confirmed that perceived usefulness is a 

significant predictor of health professionals’ social media usage intentions.  

9.3 Privacy threats, perceived usefulness and information quality (Hypotheses 2, 3 & 

4) 

The results showed that perceived privacy threats significantly influence health 

professionals’ usage behaviour (P< 0.01). Results also indicate that perceived privacy threats 

negatively influence perceived usefulness of social media (P<.01). Nevertheless, it emerged 

that information quality does not affect usage behaviour towards social media in healthcare 

(P>0.05). Privacy threat was also a recurring theme during the qualitative phase of this 

research. According to Fisher and Clayton (2012), perceived threats in using social media in 

healthcare were mostly related to the privacy issues. Thus, privacy concerns are considered 

to be one of the fundamental barriers to health professionals’ usage of social media 

(Moorhead et al., 2013).  
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The notion of threat is identical to the concept of risk. Perceived risk is a frequently used 

variable in consumer behaviour studies and known as a multi-dimensional construct. The are  

six components of perceived risk and they are as follows: i) financial, ii) performance, iii) 

social, iv) physical, v) privacy, and vi) time-loss (Jacoby & Kaplan, 1972; Mitra et al., 1999; 

Stone & Grønhaug, 1993). Various studies have integrated perceived risk or perceived 

barriers as an independent variable (Furnell & Karweni, 1999; Lee, 2009; Stone & Grønhaug, 

1993) to predict technology or system usage behaviours.  

This study focuses exclusively on the privacy dimension of the risk.  Moreover, prior studies 

have not tested the perceived threat as an independent variable in healthcare social media 

domain. This thesis subsequently makes a substantial contribution to the existing literature. 

Regarding theory building, this variable substantially contributes towards developing a new 

theoretical framework. Hence, the proposed model makes an important contribution to the 

emerging literature on social media, especially with reference to the healthcare sector.  

Somewhat surprisingly, information quality did not predict social media usage behaviour in 

this case (P>0.05). The interviews with health professionals indicated that poor information 

quality is a significant barrier in social media usage. However, this hypothesis was not 

accepted in the statistical analysis. Information quality refers to the users’ perceptions of 

value generated by a social media or web-based interface (Lin, 2007). It is likely that 

health professionals are not overly familiar with these sites and as a result, do not consider 

these social media sites as an essential element of the healthcare system. Moreover, health 

professionals have no control over the quality of health information that is shared or 

published through various social media sites (Agichtein, Castillo, Donato, Gionis, & Mishne, 

2008; Ransbotham, Kane, & Lurie, 2012). The result of this is an insignificant relationship. 

9.4 Perceived trust, perceived usefulness, and usage behaviour (Hypotheses 5 & 6)  

Trust plays a vital role in developing a sustainable relationship with the health community. 

The relationship between trust and perceived usefulness was amply discussed in the 

technology adoption literature (Fuller, Serva, & Baroudi, 2010; Gefen et al., 2003; Kim, 

2012; Tung et al., 2008). Regarding trust, the data indicated that it had a significant effect on 

perceived usefulness (P< 0.01). This result is consistent with those reported in earlier studies 

in different scenarios (Benbasat & Wang, 2005; Dahlberg, Mallat, & Öörni, 2003; Gefen et 

al., 2003). However, the relationship between trust and usage behaviour was found to be non-

significant (P>0.05). That is, trust significantly influences the perception of ‘usefulness.’ 
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However, it does not directly affect the level of usage behaviour. The result may indicate that 

if health professionals perceive social media as a trustworthy medium, their perceived 

usefulness of social media in healthcare will be enhanced significantly.   

The inclusion of trust as an independent variable provides a new perspective for social media 

acceptance research in healthcare and provides an initial pathway to investigate barriers of 

social media adoption in this environment. Although several studies (Gefen et al., 2003; 

Håkansson & Witmer, 2015; Pavlou, 2003) have investigated the role of trust as direct 

antecedents of behavioural intentions, the effect of trust on perceived usefulness and usage 

behaviours were primarily ignored in the extant healthcare social media adoption literature. 

This study confirms the importance of considering trust as an independent variable and 

highlights the role of trust in health professionals’ perceived usefulness of social media 

technologies. 

9.5 Professional boundaries and usage behaviour (Hypothesis 7)  

Hypothesis 7 stated that awareness of professional boundaries would have a significant 

impact on social media usage behaviour. The results indicate that perceived professional 

boundary is a significant predictor (P<0.05) of health professionals’ social media usage 

behaviours.  

Social media use by physicians for clinical and non-clinical purposes poses some dilemmas 

in terms of patient and health professionals’ interactions. Gagnon and Sabus (2015) assert 

that it is ethically challenging for health professionals to engage with patients via social 

media.  They denoted that healthcare professionals are obligated to adhere to the ethical and 

professional standard in all interactions, including those that occur on social media sites. 

Moreover, Ryan (2012) argues that the blurring of personal and professional contents mean 

that there is very little clarity about the constituents of appropriate online behaviour from the 

perspective of health professionals. Greysen et al. (2010) denoted that some patients may 

view a physician’s online activity as a proxy for the common sense and trustworthiness 

required for patient care. Consequently, most health professionals will be reluctant to 

disclose their professional identity to ensure credibility and accountability in their online 

communications.  

According to Sánchez Abril et al. (2012) technology makes the boundaries between the 

professionals and individuals more porous and the  “boundary-crossing” technologies such as 

social media channels blur the already subtle line between the private and the public, the 
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home, and the workplace. This openness has far-reaching implications for personal privacy, 

reputation, and self-expression. In the healthcare context, personal blogs, social media 

profiles, tweets, and other online forums allow both healthcare individuals and consumers to 

publicly react and engage with each other and quite often people express multiple aspects of 

themselves, including their private lives and their opinions about health matters in a public 

forum without any control. Baym (2015) added that the advent of new social media 

platforms is completely intertwined with the face-to-face environment and therefore, online 

realms are no longer contained within their boundaries, and the boundaries between online 

and offline realms are easily transcended. Similarly, Mansfield et al. (2011) contended that 

inappropriate use of social media could result in harm to patients and the profession, 

including breaches of confidentiality, defamation of colleagues or employers, and violation 

of doctor-patient boundaries. 

In response to the above issues, the American Medical Association (AMA) became the first 

healthcare professional body to adopt social media guidelines as they introduced new ethical 

and legal considerations for physicians. The policy referenced the established standards 

regarding physician-patient boundaries but articulated the implications of Internet contact:  

If they interact with patients on the Internet, physicians must maintain 

appropriate boundaries of the patient-physician relationship in accordance 

with professional ethical guidelines just, as they would in any other context 

(AMA, 2012).    

In Australia and New Zealand professional standards and codes of ethics that govern the 

behaviour of medical practitioners also currently encompass social media. However, more 

healthcare professionals need to become familiar with these codes as professional standards 

continue to apply in this setting. 

Gagnon and Sabus (2015) stated that professionals who use social media can use privacy 

settings and grouping features to help create boundaries between personal and professional 

interactions and customise information sharing. Healthcare providers who use social media 

sites for professional or personal purposes should understand how to use these settings to 

make their profile and individual posts public or private, create lists, block or hide users, and 

utilise features such as Facebook and LinkedIn Groups and Twitter hashtags to interact with 

individuals without friending, connecting, or following. 
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Examples from above show that a lack of knowledge about the professional boundary can 

greatly influence the technology adoption decision as boundaries might be somewhat 

overwhelming for healthcare professionals.  This thesis is likely to be the first study to 

include a professional boundary as an independent variable.  As mentioned above, the 

concept of professional boundaries in the healthcare social media context is somewhat 

uncommon, and the role of professional boundaries as an independent variable had not been 

addressed in the literature. The inclusion of professional boundary as an independent variable 

will enable a articulation of professional boundaries regarding social media usage decision, 

and encourage healthcare professionals and providers to use social media more effectively.  

9.6 Supporting conditions, privacy threats, and usage behaviour (Hypotheses 8 and 9)  

The supporting conditions construct is based on the facilitating conditions concept derived 

from the UTAUT model (Venkatesh et al., 2003). Supporting conditions as an independent 

variable for healthcare professionals about social media usage has rarely been discussed in 

the literature. Aggelidis and Chatzoglou (2009) tested the variable in the context of hospital 

personnel’s willingness to use state-of-the-art information technology while performing their 

tasks and demonstrated that facilitating conditions positively and directly influenced 

behavioural intention. Curtis et al. (2010) examined social media’s role in public relations 

and found a significant relationship between facilitating conditions and usage behaviour.  

Similarly, Gruzd et al. (2012) highlighted how scholars are using social media for 

communication and information dissemination. However, the role of supporting conditions in 

facilitating social media usage in healthcare is not well discussed in the literature.   

The results showed that supporting conditions significantly influence usage behaviour of 

health professionals (β = .43, p <0.05). The findings are also consistent with qualitative 

interview findings. Results also indicate a significant negative relationship between 

supporting environment and perceived threats (p<0.05). This indicates that a favourable 

environment helps to reduce uncertainty in relation to the usage of social media by health 

professionals.  

Prior studies also exhibited a positive effect of supporting conditions on social media usage 

behaviour (Ajjan & Hartshorne, 2008; Mazman & Usluel, 2010). However, the role of 

supporting conditions is somewhat different in the context of social media applications in 

healthcare. As denoted by Gagnon and Sabus (2015), the growth of social media triggers a 

shift in terms of professional development, and many healthcare professionals may not be 
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comfortable with using social media sites to read and disseminate health information or 

network with colleagues online. Therefore, healthcare professionals are required to undertake 

skills development initiatives to enhance their comfort and knowledge of professional social 

media.  

9.7 Peer influence and usage behaviour (Hypothesis 10)  

The results indicate that peer influence exerts a significant influence on usage behaviour (β = 

.25, p < 0.05). The findings are mostly consistent with qualitative findings and past studies  

(Cheng, Mendonça, & Farias Júnior, 2014; Cheung et al., 2011; Venkatesh et al., 2003), 

however, some studies reported a non-significant effect, especially analyses encompassing 

professionals with high autonomy such as physicians (Chau & Hu, 2002; Chismar & Wiley-

Patton, 2002; Rawstorne, Jayasuriya, & Caputi, 2000). Results from the correlation analysis 

further reveal there is a strong link between peer influence and the other significant predictors 

of usage behaviour. The bulk of past studies addressed the influence of peers in assessing 

information technology usage behaviour. However, studies in relation to the influence of 

peers on social media usage decisions in healthcare are relatively scarce. As a result, the 

results confirm that peer influence is a significant predictor of health professionals’ social 

media usage behaviours.  

9.8 Perceived cost, social media self-efficacy and usage behaviour (Hypotheses 11 & 

12)  

The perceived cost of social media as negatively influencing (P<0.05) usage behaviour of 

healthcare professionals was the important result here. The findings are consistent with 

previous studies in different contexts. Many prior studies showed cost is an important factor 

affecting users’ behavioural intention (Hung et al., 2003; Kuo & Yen, 2009; Luarn & Lin, 

2005; Wu & Wang, 2005). For example, in one study on the personal adoption of mobile 

banking, Luarn and Lin (2005) pointed out that perceived financial cost has a significant 

negative effect on users’ behavioural intention. Wu and Wang (2005) demonstrated that 

perceived cost does negatively affect user adoption of mobile phone commerce. Hung et al. 

(2003) and Kuo and Yen (2009) considered the relationship between the cost of value-added 

services and consumer attitudes and found that the cost of value-added services negatively 

influences consumer attitudes towards the use of wireless application services. Nevertheless, 

no prior study linked their discussion adequately regarding the concept of perceived cost and 

its impact on usage behaviour.  
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The findings in the current study confirmed some of the arguments put forward in the 

literature (Courtney, 2013; Hawn, 2009; Moorhead et al., 2013; Thielst, 2010). Hawn (2009) 

for example showed that social media tools allow healthcare professionals and providers to 

share and disseminate health information more cost-effectively and interactively among the 

communities. The review of the literature revealed that social media applications enable 

healthcare professionals to engage with their patients, increase brand image and patient 

satisfaction in a very cost-effective manner (Considine, 2015; Eschenbrenner & Nah, 2015; 

George et al., 2013; Hocevar et al., 2014; Huang & Dunbar, 2013; Peck, 2014). For example, 

as stated previously, Hello Health functions almost entirely as a paperless practice and has no 

administrative staff at all and this sharply reduces its operational overheads. Based on the 

evidence presented in the previous chapter, it can be argued that the small cost of starting up 

a social media account and then participating, means that physicians can potentially share and 

exchange health information and on a big scale (Hawn, 2009).  

The study further revealed that self-efficacy is a significant factor influencing the 

behavioural attitude of health professionals (P<0.01). This finding suggests that healthcare 

professionals are gaining confidence in their ability to use social media to engage with other 

physicians or community in general. It is evident that social media sites such as Twitter, 

YouTube and Facebook are easier to operate and provide better opportunities for facilitating 

ongoing discussions, comments, and feedback. The emerging features of social media are 

straightforward to learn and enable people to watch and imitate practical skills and engage 

deliberately. Specifically, the higher the self-efficacy, the higher the intention to use, which 

is consistent with the findings reported by many healthcare-based studies (Aggelidis & 

Chatzoglou, 2009; Lieberman, 1997; Maillet, Mathieu, & Sicotte, 2015; Naslund et al., 

2016). However, one study conducted in the e-learning context revealed a non-significant 

relationship between self-efficacy and user satisfaction (Sun, Tsai, Finger, Chen, & Yeh, 

2008).  

Despite the extensive literature about the role of self-efficacy, there is a paucity of research 

on how self-efficacy may influence social media usage behaviour of healthcare professionals. 

This thesis is therefore one of the first to investigate the role of healthcare professionals’ self-

efficacy in using social media applications in their workplace.  
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9.9 Confirmation of benefits, perceived usefulness, user satisfaction and continuance 

intention (Hypotheses 13, 14, 15 & 16)  

To explore ‘continuance’ of social media applications in healthcare, this study integrated 

the ECM (Expectation-Confirmation Model) by Bhattacherjee (2001) which focuses on a 

users’ psychological motivations that emerge after the initial adoption of any technological 

systems. The confirmation of expectations suggests that users obtained expected benefits 

through their usage experiences with the IT, and thus leads to a positive effect on users’ 

satisfaction (Lee, 2010). Consistent with ECM theory, the results indicate that confirmation 

of expectation positively influences perceived usefulness (P<0.05) and user satisfaction 

(P<0.01). User satisfaction also significantly predicts the continuance intentions of health 

professionals (P<0.05). However, it was found that usage behaviour did not have a 

significant influence on continuance intention (P>0.05).  The findings are consistent with 

those documented in previous studies.  

Liao, Chen, and Yen (2007) showed that confirmation during actual use affects post-

consumption expectations such as perceived usefulness. Similarly, Bhattacherjee (2001) 

showed that confirmation is positively associated with satisfaction. Numerous studies in 

different contexts supported the notion that the primary reason for a consumers’ decision to 

repurchase products or patronise services is their level of satisfaction (Bearden & Teel, 1983; 

Chiu, Hsu, Sun, Lin, & Sun, 2005; Koo, Wati, Park, & Lim, 2011; Lee, 2010). Therefore, it 

can be suggested that physicians are likely to use social media when its benefits in healthcare 

are confirmed.  

The impact of usage behaviour on continuance intention is found to be non-significant 

(P>0.05) in this study. This relatively weak association may stem from the characteristics of 

the relatively unfamiliar platform used in this study on healthcare, which is social media 

usage. As Kwon and Zmud (1987) noted, IT adoption and usage research should take into 

consideration the influence of contextual aspects, for instance the characteristics of the 

technology under investigation and their interaction with various external factors. The result 

can justify the perspective presented in the theory of the coping model of user adaption 

(Lazarus & Folkman, 1984). It is known that an individual may perceive a new technology as 

both an opportunity and a threat. If health professionals’ perceived threat is higher than the 

perceived usefulness, it is not necessarily the case that professionals do not intend to 

continue using the system. Rather, it can be argued that they are cautious in their approach 
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and willing to protect the interests of healthcare providers and patients. Moreover, 

professional standards and organisational policies often warn healthcare providers of the 

negative consequences of social media use in the industry, emphasising avoidance of 

undesired behaviours.  

As discussed earlier, health professionals face various challenges while applying social 

media for health-related matters such as: confidentiality, lack of active participation, trust, 

workplace policies, lack of support, patient privacy, lack of understanding of the actual 

benefits of social media, lack of active participation and information anarchy. These are all 

critical challenges that health professionals experienced when adopting social media, and 

they impact on their continuance intentions  (Antheunis et al., 2013; Barnett, Jones, Bennett, 

Iverson, & Bonney, 2013; Usher et al., 2014; Von Muhlen & Ohno-Machado, 2012). In 

conclusion, very few studies utilised the expectation-confirmation theory to examine the 

social media usage behaviour of healthcare professionals. Most studies focused on post-

purchase satisfaction either in marketing or new healthcare technology adoption contexts 

(Akter, D’Ambra, & Ray, 2010; Akter, Ray, & D’Ambra, 2013; Bearden & Teel, 1983; Lee, 

2010).  However, this thesis study examined and explained in detail the continuance 

intentions and supported them with empirical data in a healthcare-social media context.  

9.10 Summary 

This chapter provided an evaluation of the hypothesis testing results. The findings were 

explained and compared with past studies. Out of 16 hypotheses, thirteen were supported and 

only three hypotheses were not supported, indicating a good model fit. The next chapter 

presents the analysis of health consumers’ survey regarding their social media usage 

behaviour.  
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CHAPTER 10 : HEALTH CONSUMERS’ DATA ANALYSIS 

 

10. 1 Introduction  

The findings of the quantitative survey of healthcare consumers are presented in this chapter. 

Here the main aim is to determine the predictors of social media adoption in healthcare from 

the consumers’ perspective. The quantitative survey of consumers also used the same 

research model operationalised in Chapter 7. Based on the consumer data, this chapter 

presents the assessment and testing of the factors that influence consumers’ social media 

usage behaviour in healthcare.  

10.2 The demographic profiles  

• In terms of age group, 43% of respondents are within the 18 to 29 age range.  27.5% 

of respondents were aged 30 to 39 and 8.3% were 40 to 49 years of age. Furthermore 

13.2% of respondents were in the 50 to 59 age bracket, and 7.9% were older than 60. 

• Out of the 265 respondents, 39.2% were male and 60.8% were female. 

• Regarding the education qualifications, 34.7% of respondents held a Masters degree 

or equivalent and 36% possessed a Bachelor’s degree or equivalent. 10.9% of 

respondents had Year 12 qualifications followed by 7.2% with diplomas and 5.8% 

had a Year 10 qualification. Moreover, 5.4% of respondents held a PhD level 

qualification.  

• Regarding the social media usage experience, 40.4% of respondents had social media 

usage experience from 1 to 6 years, while 31.3% were users of social media for 7-9 

years. 28.3% of the respondents had used at least one form of social media for more 

than ten years.  



 

  

246 

 

 

Table 10.1: Demographic characteristics  

 . Frequency Percent 

Age 18-29 114 43.0 

30-39 73 27.5 

40-49 22 8.3 

50-59 35 13.2 

60+ 21 7.9 

Gender Male 104 39.2 

Female 161 60.8 

Education Bachelor 95 36 

Diploma 19 7.2 

Masters 92 34.7 

PhD 14 5.4 

Year 10 16 5.8 

Year 12 29 10.9 

Social media usage 

experience  

1 to 6 years 107 40.4 

7 to 9 years 83 31.32 

 

10 years or more 75 28.3 

 
Total 265 100.0 

10.3 Social media usage pattern  

Table 10.2 presents the participants’ social media usage pattern. 
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Table 10.2: Consumers’ social media usage pattern 

Type Frequency Percent 

Facebook 239 90.18 

Twitter 76 28.67 

Google Plus 32 12.01 

Instagram 116 43.77 

YouTube 229 86.4 

Blogs 61 23.01 

LinkedIn 198 74.71 

WIKI 41 15.47 

Health-related sites 77 29.05 

Others 57 21.50 

 

• Among the consumer group, Facebook (90.18%) is the most commonly used social 

media platform followed by YouTube (86.4%), LinkedIn (74.71%), Instagram 

(43.77%) and Twitter (28.67%).  

• 15.47% of participants reported using WIKI, and 21.50% of participants reported that 

they use ‘other’ social media applications which are not listed on the questionnaire.  

• The results are consistent with recent Australian social media usage statistics which 

indicate that Facebook is the most popular social media platform in Australia, 

followed by YouTube and Instagram (Cowling, 2018).  

• 29.05% of respondents reported using health-related sites, and 23.01% are users of 

blogging platforms. Results show that the popularity of web-based social media 

platforms is slowly increasing and new media tools like weblogs, instant messaging 

platforms, video chat, and social networks have a promising future in healthcare (De 

Martino et al., 2017; Hawn, 2009). 

10.4 Analysis of missing data, normality and outliers 

This section reports the sample validation process, non-response bias, examination of data 

entry, missing data analysis and assessment of outliers. Initial responses yielded a total of 

265 responses from the general health consumers. Missing data was below 5% of the total 

responses which was replaced with the mean value (Batista & Monard, 2003). Univariate 

outliers were examined using the descriptive analysis with standardised residuals saved and 

then screened for values above 3.29 (Tabachnick & Fidell, 2007). Multivariate outliers were 
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detected through the residual analysis with the Mahalanobis distance (case 108) and case-

wise diagnostics (26, 28 ,68, 84 and 177).  

After these 6 cases were deleted the descriptive analysis revealed that data skewness and 

kurtosis were within the acceptable value of ±3.29; hence, this does not require remedy 

through data transformation (Hair et al., 2006). Subsequently, by excluding the six outlier 

cases, a usable sample size of 259 has been finalised for confirmatory factor analysis and 

structural model testing. 
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Table 10.3 Descriptive statistics of consumers 

 STD Skewness Kurtosis 

Social media usefulness 1.42 .186 -1.263 

Social Influence 1.28 -.069 -.727 

Supporting conditions 1.54 .059 -1.041 

Information Quality 1.02 .237 -.382 

Privacy Threats 1.17 -.326 -.958 

Perceived trusts 1.27 .261 -.428 

Professional Boundary 1.42 .280 -.803 

Perceived Cost 1.13 -.323 -.554 

Social media Self-efficacy 1.39 -.669 -.337 

Confirmation of 

expectations 
1.27 .035 -.891 

Usage Behaviour 1.20 .131 -.621 

Continuance intentions 1.44 .118 -.953 

Satisfaction 1.23 .242 -.602 

 

Furthermore, the expected normal probability plot was employed to assess multivariate 

normality; the normal P-P plot of the regression standardised residual appeared normal. The 

plot revealed an acceptable level of normality where the standardised predicted value formed 

a line with the standardised residuals. Furthermore, the residuals scatter plots revealed that 

the assumption of linearity was met. 

Figure 10.1:  Residual Plot 
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10.5 Multicollinearity  

If variables in the model are not independent of one another, collinearity or multicollinearity 

problems ascend in the analysis and leads to biased coefficient estimation and poor model fit 

(Yoo et al., 2014). Multicollinearity occurs when variables are highly correlated (0.80 and 

above). The correlation matrix confirmed that no correlation between any two items was 

above 0.8. It can therefore be stated that bivariate high collinearity did not exist in this 

dataset.  



 

  

251 

 

Table 10.4: Correlation Matrix (Health consumers’ Survey)  

  1 2 3 4 5 6 7 8 9 10 11 12 13 

Social media 

Usefulness 
.89                        

Privacy Threat .054 .79                       

Information 

quality 
.300** .122 .77           

Perceived Trust .571** .005 .306** .81          

Professional 

Boundary 
.612** .070 .420** .596** .74         

Supporting 

conditions 
.563** .262** .317** .470** .606** .87        

Peer influence .466** -.011 .363** .438** .375** .358** .84       

Perceived Cost .523** .190** .380** .431** .570** .535** .290** .84      

Social media 

Self-efficacy 
.218** -.003 .263** .244** .373** .248** .036 .458** .83     

Confirmation of 

expectations  
.531** .132* .388** .523** .597** .519** .409** .478** .237** .85    

Satisfaction .393** .079 .394** .522** .555** .450** .365** .390** .269** .417** .84   

Usage behaviour  .411** -.021 .390** .374** .430** .458** .474** .277** .147* .430** .289** .84  

Continuance 

Intention  
.440** .074 .314** .402** .640** .548** .388** .401** .172** .594** .367**   .497** .89 

Notes: Correlation is significant at the .05 and .01 levels. The bold face values indicate the square root of AVE 

 

 

 

 



 

  

252 

 

10.6 Construct validity and reliability  

The next step is to check the validity of the construct. Construct validity refers to the extent to 

which the measured variables actually represent the latent theoretical construct those 

measures are designed to measure (Hair et al., 2006). This study assessed the construct 

validity by evaluating convergent validity and reliability. These are explained in more detail 

below. 

10.6.1 Convergent validity  

The composite reliability and the average variance extracted (AVE) measured the convergent 

validity of the constructs. The constructs have convergent validity when the composite 

reliability exceeds the criterion of 0.70 (Hair et al., 2006) and the average variance extracted 

is above 0.50 as suggested by Bagozzi and Heatherton (1994). Table 10.5 shows that all 

composite reliabilities exceeded the criterion of 0.70. There was no overlap between the 

study measures. Also, the average variance extracted (AVE) for each construct exceeds the 

recommended limit of 0.50 (Fornell & Larcker, 1981). The factor loadings (see Table 10.6) 

and the reliability of this construct are at acceptable levels, thus confirming the convergent 

validity of the constructs used in this research.  

Table 10.5: Composite Reliability and AVE 

 
Construct Composite Reliability Average variance 

extracted 

Squared root of AVE 

Social media usefulness .92 .79 .89 

Privacy Threat .86 .62 .79 

Information quality .83 .60 .77 

Perceived Trust .75 .65 .81 

Professional Boundary .87 .55 .74 

Supporting Conditions .86 .76 .87 

Peer influence .84 .71 .84 

Self-efficacy  .88 .69 .83 

Perceived cost .90 .71 .84 

Confirmation of 

expectation 

.85 .72 .85 

Satisfaction .84 .70 .84 

Usage behaviour .88 .70 .84 

Continuance Intention  .88 .80 .89 
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10.6.2 Discriminant validity  

In this study, discriminant validity was assessed by comparing the absolute value of the 

correlations between the constructs and the square root of the average variance extracted by a 

construct. According to Fornell and Larcker (1981) when the correlations are lower than the 

square root of the average variance extracted by a construct, constructs are said to have 

discriminant validity As shown in Table 10.4, all square roots of the AVEs (diagonal cells) 

are higher than the correlations between constructs, and that definitely confirms the 

constructs’ discriminant validity.  

In reviewing the covariance matrix reported in Table 10.4, it is shown that except for one 

case, continuance intention as a dependent variable is significantly correlated to all other 

independent variables. Furthermore, low to moderate coefficient scores are noticed amongst 

the correlated independent variables. Discriminant validity of the measures can be explained 

by this low to moderate level of correlation between the constructs (Campbell & Fiske, 

1959). 

10.7 CFA factor loading   

CFA is run with all variables included in the conceptual model to assess model fit, and in the 

second stage, structural model testing is carried out. Factor loading of scale items was 

examined. Generally, factor loadings below 0.4 are considered low and low-loading items 

should be suppressed. In this study, the recommended cut-off factor loading of 0.50 was used 

to ensure that all variables had practical significance (Hair et al., 2006). The factor loading 

along with standardised alpha scores of the final factor solutions are shown in Table 10.6. All 

retained items loaded appropriately as expected with factor loadings ranging between .64 and 

.94 except one item with .45 (see Table 10.6).  

Construct reliability should be .70 or higher to indicate adequate convergence or internal 

consistency (Hair, 2007). All alpha reliability values (see Table 10.6) were above the 

minimum acceptable benchmark of .70 (Charter & Feldt, 2000), indicating the acceptable 

internal consistency of the scale items in a construct. The reliability of the instrument and 

convergent validity was confirmed.  
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Table 10.6: Factor loading (CFA) 

Variables and their 

measurement scale 

items  

Factor 

Score 

  

Standardised 

alpha  

  
 

Variables and their 

measurement scale 

items  

Factor 

Score 

  

Standardised 

alpha  

Usage Behaviour      Continuance intention    

AU1 0.87   INTU1 0.93  

AU2 0.85   INTU2 0.90  

AU3 0.81 .86  INTU3 0.88 .87 

AU4 0.84   INTU4 0.87  

AU5 0.82  
 

    

    Self-efficacy   

Social media 

Usefulness 
   

 
SC1 0.78 

 

PU1 0.85  
 SC2 0.89 .88 

PU2 0.94  
 SC3 0.82  

PU2 0.89 .91  SC4 0.87  

PU4 0.89  
 SC5 0.79  

PU5 0.88      

Social influence    
 Perceived Trust    

SCI1 0.74  
 PTR1 0.89  

SCI2 0.92  
 PTR2 0.86  

SCI3 0.82 .81  PTR3 0.56 .86 

SCI4 0.87  
 PTR4 0.59  

   
 PTR5 0.45  

Supporting 

conditions 
   

 
Satisfaction   

 

SE1 0.92  
 SAT1 0.74  

SE2 0.90 .83  SAT2 0.86  

SE3 0.80  
 SAT3 0.85 .84 

SE4 0.87  
 SAT4 0.89  

    
 Threats    

Information quality   
 PT1 0.77  

IQ1 0.73  
 PT2 0.82  

IQ2 0.84  
 PT3 0.85 .88 

IQ3 0.78 .86  PT4 0.84  

IQ4 0.75   PT5 0.78  

IQ5 0.78   PT6 0.64  

Professional   

Boundary 
   

 
Confirmation    

 

COM1 0.89  
 CB1 0.87  

COM2 0.91  
 CB2 0.85 .85 

COM3 0.94 .86  CB3 0.84  

COM4 0.84  
 CB4 0.84  

 Perceived Cost    
 

    

C1 0.77  
    

C2 0.89 .78     

C3 0.88  
    

C4 0.83       
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10.8 Confirmatory factor analysis (CFA) 

Initially, all 55 items were examined in the overall measurement model. The model fit 

indices for the total sample in the initial CFA run, produced the following indices: CMIN = 

3652 with df = 1574 and CMIN/df ratio = 2.321; GFI =.683; IFI .858, TLI .844, CFI = .857; 

and RMSEA = .07, indicating scope for further improvement or model refinement based on 

the measurement model indices presented in Table 8.3, Chapter 8. Table 10.7 provides a 

summary of the initial and final measurement model.  

Table 10.7: Summary of Overall (Initial and Final) Measurement Model 

Fit Indices Overall Measurement Model 

Initial (55 items) 1 Final (42 items) 2 

^(df) 3652(1574) 1217.179(616) 

CMIN/DF  2.321 1.968 

IFI .858 .930 

TLI .844 .913 

CFI .854 .929 

RMSEA .07 .06 

 

The fit statistics presented in Table 10.7 indicated that model refinement is required to 

achieve better data/theory fit. Based on the modification indices, 13 items were deleted and 

the final overall CFA measurement model was tested with 42 items. The model fit statistics 

of the final overall measurement model test are presented in column 3 of Table 10.7. The fit 

statistics justify the deletion of these items from different construct measures. This reduces 

chi-square value and improves the fit indices in the final measurement model.  

After the deletion of those items, a re-run of CFA resulted in the following model fit indexes: 

CMIN = 1217.179 with df = 616 and CMIN/df ratio = 1.968; IFI =.930; TLI= .913; CFI = 

.929; and RMSEA = .06. The indices are within the acceptable assessment criteria of the 

model fit (Byrne, 2001). Thus, the statistics provide adequate evidence supporting a good 

model fit of the first order CFA. 
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10.9 SEM results  

The following indices were used to  measure the overall goodness-of-fit of the model.  

Table 10.8: SEM goodness-of-fit 

Fit indices Value 

CMIN= 1297.638, df= 641, CMIN/DF 2.013 

GFI .845 

CFI .901 

IFI .891 

TLI .913 

RMSEA .06 

 

The result indicated that all the factors had significant loadings greater than 0.50 (p < 0.001) 

on their respective constructs. These values were as expected and very close to the 

minimum cut-off points, indicating acceptable model fit. Table 10.9 provides an overview 

of the hypotheses results that were performed in SEM.  
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Table 10.9: Results of the hypothesis testing (Health consumers’ sample) 

Path   Estimate S.E. C.R. P Result 

Social media 

usefulness 
→ 

Usage 

behaviour .074 .070 1.055 .292 Not Supported 

Privacy Threat → 
 Usage 

behaviour  -.189 .063 -2.980 .003 
Supported 

Privacy Threat → 
Social media 

usefulness .003 .061 .046 .963 
Not Supported 

Information 

Quality 
→ 

Usage 

behaviour  .403 .127 3.175 .001 
Supported  

Perceived Trust → 
Usage 

behaviour -.021 .086 -.242 .809 
Not Supported 

Perceived Trust → 
Social media 

usefulness .282 .075 3.757 *** 
Supported 

Professional 

Boundary 
→ 

Usage 

behaviour .072 .090 .803 .422 
Not Supported 

Supporting 

conditions 
→ 

Privacy 

Threat -.223 .051 -3.389 *** 
Supported 

Supporting 

Conditions 
→ 

Usage 

behaviour .254 .066 3.872 *** 
Supported 

Peer influence → 
Usage 

behaviour .287 .082 3.496 *** 
Supported 

Perceived Cost → 
Usage 

behaviour -.154 .106 -1.452 .146 
Not Supported 

Self-efficacy → 
Usage 

behaviour -.063 .064 -.973 .330 
Not supported  

Confirmation of 

expectation  
→ Satisfaction  .591 .071 8.275 *** 

Supported 

Confirmation of 

expectation 
→ 

Social media 

Usefulness .539 .086 6.232 *** Supported 

Satisfaction → 
Continuance 

Intention  .498 .068 7.355 *** Supported 

Usage behaviour  → 
Continuance 

Intention .431 .077 5.623 *** 
Supported 

     Significant at the 0.01 and * 0.05 levels.  
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10.10 Results summary  

H1: Perceived usefulness of social media positively affects usage behaviour  

The results of the path analysis showed that there is an insignificant relationship between 

(p>0.05) perceived usefulness and usage behaviour. This possibly underlines health 

consumers’ unfamiliarity with social media technologies in a healthcare setting.  

H2: Perceived privacy threats significantly influence social media usage behaviour 

The issue associated with the perceived threat of social media adoption is another frequent 

theme that emerged during the qualitative phase. Results of the path analysis showed there is 

a significant negative relationship (B=-.189 p<0.05) between perceived threat and usage 

behaviour of health consumers.  

H3: Perceived privacy threats significantly influence the perceived usefulness of social 

media 

The results of the path analysis showed that there is an insignificant relationship between 

(p>0.05) perceived usefulness and perceived threats. The finding is based on the underlying 

assumptions that health consumers are less worried about the possible threats associated with 

social media usage for health and community engagement.  

H4: Information quality significantly influences social media usage behaviour 

The results of the path analysis reveal that information quality has a significant impact 

(P<0.01) on usage behaviour.  H4 is therefore accepted. 

H5: Perceived trust positively influences social media usage behaviour 

The issue of trust appeared during the interviews and in the literature review. The results 

indicate there is no significant relationship between trust and usage behaviour (β = -.02, P 

>0.05)). Thus, this hypothesis is not supported in the study. 

H6: Perceived trust positively influences the perceived usefulness of social media   

The data analysis shows that trust significantly influences perceived usefulness (β= .282, P < 

0.01).  

H7: Professional boundaries significantly influence health consumers’ usage behaviour  

The results of the path analysis indicated an insignificant relationship (p>0.05) between the 

professional boundary and usage behaviours of health consumers.   
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H8: Supporting conditions positively affect social media usage behaviour 

The results indicate there is a significant and positive relationship between supporting 

environment and attitude (β=.254, p<0.01). So, this hypothesis is accepted in this study.  

H9: Supporting conditions significantly influence perceived privacy threats. 

The results indicate there is a significant and negative relationship between supporting 

environment and privacy threats (β=-.223, p<0.01). This hypothesis is accepted in this 

study.  

H10:  Peer influence positively impacts on social media usage behaviour  

The results of the path analysis showed that there is a significant relationship (p<0.01) 

between peer influence and social media usage behaviour.  

H11: Perceived cost of social media is significantly  associated with usage behaviour 

The results of the path analysis show that perceived cost does not influence usage behaviour 

(P>.005).  H10 is consequently not supported.  

H12: Social media self-efficacy is positively associated with social media usage behaviour 

The results of the path analysis showed there is no relationship (β=--.063, P>0.05) between 

self-efficacy and usage behaviour. The result implies that most consumers are well versed 

with social media technology and confident in engaging in any platforms.  

H13: Confirmation of expectation positively affects user satisfaction 

Results indicated that there is a significant relationship (P<0.05) between confirmation of 

benefits and user satisfaction. 

H14: Confirmation of expectation is positively related to the perceived usefulness of social 

media 

This variable was derived from expectation confirmation theory. The results indicate there 

is a significant relationship between confirmation of benefits and the perceived usefulness 

of social media (p <0.05). Thus, this hypothesis is accepted in this study.  

H15: Users’ satisfaction with social media positively influences continuance intention  

As expected, the results suggested that there is a significant relationship (P<0.05) between 

user satisfaction and continuance intention.   
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H16: Social media usage behaviour positively impacts on repeat usage  

In accordance with the existing TAM model (Davis, 1989), the results returned a 

significant (P <0.05) relationship behavioural attitude and continuance intention. H16 is 

therefore accepted in this study. 
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CHAPTER 11 : DISCUSSION OF RESULTS – SURVEY OF HEALTH 

CONSUMERS 

11.1 Introduction  

The previous chapter presented the analysis of the health consumers’ data. This chapter is 

concerned with an evaluation of the results emerged from the hypothesis testing in SEM. 

11.2 Social media usefulness and usage behaviour (Hypothesis 1)  

This study tested the relationship between the perceived usefulness of social media and usage 

behaviour of health consumers. Contrary to the results for the healthcare professionals’ 

survey, it was found that overall usefulness of social media is not a predictor of social media 

usage behaviour (β= .07, P>0.05). One explanation for the insignificant relationship between 

perceived social media usefulness and usage behaviour is that many social media users 

included in our study might not have had enough experience in terms of interacting with 

healthcare providers and professionals through social media. There are still not many web-

based services and applications that can be used for such purposes, given that the growth of 

healthcare social media is still in its infancy in Australia. Thus, users may lack the direct 

experience or knowledge to influence their level of perceived usefulness of social media.  

These apparently contradictory findings can be explained through earlier research conducted 

in a similar context. Looking at the reviewed studies, there appears to be some evidence for 

the first explanation, that lack of exposure appears to be associated with non-significant 

relationship between perceived usefulness and usage behaviour (Holden & Karsh, 2010; 

Karahanna & Straub, 1999; Kuo & Yen, 2009; Liao, Tsou, & Huang, 2007). Moreover, this 

inconsistency can probably be attributed to the low usage of social media when research 

participants are searching for health information services.  

11.3 Privacy threats, Usefulness and Information quality (Hypotheses 2, 3, 4) 

Privacy threats, Usefulness and Information quality negatively impact on social media usage 

behaviours of health consumers (β= -.18, P< 0.05). This finding is consistent with prior 

studies which indicate that privacy and confidentiality are a common area of concern for both 

health professionals and health consumers (Pillai, 2016; Ray, 2017; Referral, 2017; Surani et 

al., 2017). However, in comparison to previous studies, the study did not find a significant 

relationship (P>0.05) between a perceived threat and perceived usefulness (Antheunis et al., 
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2013; Chretien & Kind, 2013; Ong, Lai, & Wang, 2004; Walter & Lopez, 2008). This 

outcome can be justified based on the basis that in usual circumstances, health consumers are 

interested in using social media to communicate between themselves and with their health 

providers. It is possible that privacy threats do not deter them from using social media. Thus, 

the effect of perceived threats on the understanding of social media usefulness is 

insignificant.  

Contrary to the health professionals’ perception, information quality significantly affects 

health consumers’ social media usage behaviour (P <0.05). The result goes to show that 

health consumers are concerned about the vast amount of unregulated information present on 

social media platforms. The overwhelming volumes of information generated by social 

media platforms which are proliferated by a diverse group of professionals and armatures 

make it difficult for the public to find valid and reliable health information.    

Many authors have stated that one of the most significant downsides of social media is the 

dubious quality of information (Househ et al., 2014; Kordzadeh & Warren, 2013; Merolli et 

al., 2013). Greene et al. (2011) examined the content of diabetes communication on 

Facebook using the largest Facebook groups on diabetes management. While the authors 

found very little evidence of dangerous or misleading information in these Facebook pages, 

they did note it was difficult to identify the authors of postings, especially when they were 

trying to promote medications that are not approved by the Food and Drug Administration 

(FDA). Therefore, virtual communities are still concerned with health information provided 

on social media sites, specifically, when the information is not moderated by health 

professionals (Gamache-O'Leary & Grant, 2017).  

11.4 Perceived trust and perceived usefulness (Hypotheses 5 and 6)  

The relationship between trust and perceived social media usefulness has been found to be 

significant (β= .28, P<0.01), and this is consistent with prior studies (Agag & El-Masry, 

2017; Gefen et al., 2003; Kim, 2012). In the context of healthcare, if social media platforms 

can deliver accurate and reliable information and address the privacy and confidentiality 

concerns, then consumers are likely to trust social media as a useful platform. However, the 

trust did not have a significant impact on usage behaviour of health consumers (P>0.05). 

This result is consistent with health professionals’ surveys which also indicated a non-

significant relationship between trust and usage behaviour. In the social media context, it is 
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confirmed that trust does not have any direct effect on the usage behaviour. Instead, trust 

affects the notion of perceived usefulness.  

These finding addresses the importance of usefulness perception in predicting the usage 

behaviour. Social media usage in healthcare is still at an embryonic stage, and most users are 

still forming their perception of usefulness through self-experience and secondary sources. 

Logically, trust has a significant impact on usefulness perception which is a fundamental 

driver of adoption. Healthcare providers and professionals should undertake appropriate 

measures to address the risk factors so that social media as a trustworthy and useful medium 

for delivering healthcare services can be established.   

11.5 Professional boundaries and usage behaviour (Hypothesis 7)  

Hypothesis 7 stated that professional boundaries would have a significant influence on the 

social media usage behaviour. Contrary to the health professionals’ survey, the result 

indicates that there is no association (β .07, P>0.05) between the professional boundary and 

healthcare consumers’ usage behaviour. It  might indicate that health professionals are a lot 

more concerned about their professional boundary as they are obligated to adhere to ethical 

and professional standards in all interactions. Conversely, health consumers are not required 

to reflect on the professional roles and responsibilities while interacting in social media. 

They are consequently not affected by the notion of the boundary in their decision to use 

social media for health-related matters.  

In the context of healthcare social media, when the boundary is open between public and 

healthcare professionals/providers, information flows freely and when it is closed the 

information flow is restricted. However, the trade-off between costs and benefits is 

associated with disclosure in interpersonal situations (Petronio, 2002) and their trust in the 

media (Anderson & Agarwal, 2011). It is similar to the mental calculation performed when 

determining whether to disclose electronic information to an organisation (Dinev & Hart, 

2006). In both situations, there are risks associated (privacy, poor information quality) with 

this but also potential benefits (better healthcare service and community engagement). 

Therefore, from the perspective of health consumers, if the potential benefits of using social 

media outweigh the potentials risks then the boundary becomes somewhat non-existent. It 

does not therefore affect usage behaviour.  
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11.6 Supporting conditions, privacy threats and usage behaviour (Hypotheses 8 and 9) 

Similar to the health professionals’ survey, the coefficient of supporting conditions and usage 

behaviour is significant and positive (β=.254, P <0.01). Previous technology adoption studies 

also exhibit a positive effect of facilitating conditions on using technology (Duyck et al., 

2008a; Holden & Karsh, 2010). The positive relationship indicates that a higher operational 

knowledge of social media is reflected towards favourable usage behaviour. The results 

suggested that supporting conditions negatively influence privacy threats (β= -.223 and P 

<0.01). It is consistent with the findings documented in past studies (Antheunis et al., 2013; 

Moorhead et al., 2013). These studies specified that favourable supporting conditions helps 

to minimise the extent of privacy threats caused by social media platforms.  

The result clarifies that adequate organisational support would encourage both health 

professionals and consumers to use social media for health-related matters. It is worth 

mentioning here that the introduction of social media in healthcare is already showing signs 

of organisational changes to some degree. Therefore, healthcare organisations can draw on 

the best practices around the world and work on the design and implementation of both 

social media platforms technology artifacts and engender high levels of adoption. Doing so 

will help them realise the full potential of social media in healthcare (Merolli et al., 2013; 

Sinclaire & Vogus, 2011).  

11.7 Peer influence and usage behaviour (Hypothesis 10)  

The coefficient of peer influence is positive and significant (β=.287, P<0.01), suggesting that 

the influence of peers has a significant effect on the behavioural intention of social media users. 

The findings are consistent with the health professionals’ survey and with other studies (Gu, 

Lee, & Suh, 2009; Hanson et al., 2011; Venkatesh et al., 2003; Venkatraman & Ramanujam, 

1987). It can be deduced that the social aspect of social media influences users to embrace 

the way information and knowledge is disseminated between health professionals, their 

patients and members of the public. The public also use the same tools to network and build 

their own virtual communities or support groups, transcending all conventional spatial 

boundaries. By creating discussion groups and communities of practice on Facebook or 

similar resources, these groups have some needs met (Williams et al., 2011). Therefore, 

establishing a network with other relevant players is an essential factor in community 

wellbeing and patient support. 
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11.8 Perceived cost, social media self-efficacy and usage behaviour (Hypotheses 11 & 

12) 

Contrary to the health professionals survey results, the result indicates that self-efficacy is 

not a significant predictor (P >0.05) of usage behaviour.  Health consumers are already 

frequent users of social media technologies in their personal lives. In such a case, self-

efficacy may not be an important predictor of social media usage from the perspective of 

health consumers. However, for older user groups and senior citizens, self-efficacy can still 

be an important predictor of usage behaviour.  

The perceived cost had no significant impact on social media usage behaviour (P>0.05). This 

result contradicts the findings of Luarn and Lin (2005) and Wu and Wang (2005), and shows 

that the cost is an insignificant determinant of health consumer’ usage behaviour. Many 

scholars considered cost as an important factor affecting users’ attitude and behavioural 

intention (Kuo & Yen, 2009; Luarn & Lin, 2005). However, in this context, it can be argued 

that the process of using social media channels for health-related matters involves many 

costs, including equipment cost, access and conversion expenses. However, these costs might 

not have any impact on the usage fee from the consumers’ perspective. Hence no relationship 

was found.  

11.9 Confirmation of expectations, social media usefulness, user satisfaction and 

continuance intention (Hypotheses 13, 14, 15 & 16)  

The results indicated that confirmation of expectation positively influences perceived 

usefulness (P<0.05) and user satisfaction (P<0.01). Moreover, satisfaction does positively 

influence continuance intention (β=.498, P<0.01). Thus, an individual's level of satisfaction 

with the social media is likely to influence his or her sense of satisfaction with the health 

information it produces. Therefore, satisfaction with the health information located on the 

social media platform of healthcare providers will confirm consumer perceptions of its 

benefit. That is, the higher the overall satisfaction with the information, the more likely one 

will find the application of that information useful in enhancing workplace performance.  

Contrary to health professionals’ surveys, the relationship between usage behaviour and 

continuance intention was found to be positive and significant (P <0.01). This result shows 

that health consumers are keen to continue using social media health-related matters. It is 

something healthcare providers should consider in order to improve their level of service. 
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The outcome is consistent with what previous studies have reported (Bhattacherjee, 2001; Im 

et al., 2011; Kijsanayotin et al., 2009; Lee, 2009; Szymanski & Henard, 2001).   

11.9 Summary 

This chapter discussed the results derived from the health consumers’ surveys.  The findings 

were cross-matched with those from the health professionals’ survey. It emerged that the 

predictors of health consumers’ usage behaviours and continuance intentions differ from 

their health professional counterparts. This difference in social media usage behaviour marks 

an important contribution this study makes to the topic. The next chapter will conclude the 

thesis by presenting an overview of the critical findings, contributions of the study, 

implications, limitations of the study, and recommendations for future research.  
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CHAPTER 12 : CONCLUSION AND IMPLICATIONS 

12.1 Introduction  

This chapter concludes the thesis. A summary of the research objectives, along with the 

contributions in theoretical, methodological and practical terms is provided. Finally, this 

chapter offers suggestions for future research on this subject along with a description of the 

limitations that were encountered.  

12.2 An overview of the objectives and findings of the research  

An extensive review of healthcare social media and technology adoption models revealed 

five distinct gaps in the literature.  These gaps were articulated to form the following key 

research questions:  

1. How do health professionals perceive the usage of social media in healthcare?  

2. What is consumers’ perceptions of the usage of social media in healthcare?  

3. What are the benefits and barriers to usage of social media according to health 

professionals?  

4. Does the Healthcare Social Media Usage Model (HSMUM) predict social media 

usage behaviours and the continuance intention of health professionals and health 

consumers?  

To answer these research questions, a sequential mixed method research design was 

employed comprising qualitative and quantitative techniques for collecting and analysing 

data. The methodology used for each of the different phases of the study was discussed in 

detail in Chapter 5. The results of the investigations (qualitative focused interviews, and 

quantitative surveys) were discussed in Chapters 6, 8, 9, 10 and 11. The following sections 

provide a summary of the findings in relation to the research questions. 

12.2.1 How do health professionals perceive the usage of social media in 

healthcare? 

The findings emerging from the examination of the factors confirmed that perceived social 

media usefulness, professional boundary, supporting conditions, peer influence, perceived 

cost, self-efficacy, and privacy threats significantly influence health professionals’ social 

media usage behaviour. The study also found that confirmation of expectation influences the 

level of satisfaction, which, in turn, influences the continuance intention.  
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The conclusion arising from the above findings point towards an interesting state of affairs. 

The findings affirm that benefit-related factors (perceived usefulness), external factors (peer 

influence and supporting conditions) and other relevant factors (perceived cost and self-

efficacy) are significant determinants of social media usage behaviour. The findings point to 

the need to raise more awareness, training, and support so that the adoption of social media is 

maintained.  

In terms of the barrier-related factors, privacy threats and perceived trust show strong 

associations with health professionals’ perceived usefulness of social media. Moreover, the 

social media usage behaviour does not affect health professionals’ continuance intention. The 

findings point towards the fear or scepticism in health professionals’ minds concerning the 

professional use of social media. The scepticism could be attributed to the challenges 

concerning patient privacy, confidentiality, and other legal/ethical factors.  

These findings imply that health professionals are not yet convinced about the potential of 

social media in the healthcare domain. Although many health professionals are using social 

media to engage the health community, more positive attitude towards the use of social media 

technologies would help to revolutionise the healthcare sector and develop a patient-centric 

healthcare system. More strategic initiatives concerning privacy and trust issues associated 

with health professionals are also required.  

Further investigation is needed to determine the cause of the scepticism linked to the 

professional use of social media in healthcare. Healthcare authorities need to undertake 

practical initiatives to attract health professionals in this interactive sphere by promoting the 

benefits and ensuring the availability of the support structure to improve consumers’ health.  

12.2.2 What are health consumers’ perceptions of the usage of social media in 

healthcare? 

The investigation of the factors using health consumers’ data yielded somewhat mixed 

outcomes. The findings indicated that privacy threats, supporting conditions, peer influence 

significantly influence health consumers’ social media usage intention. The result further 

confirms that confirmation of expectation positively influences perceived social media 

usefulness and satisfaction. Furthermore, identical to the health professionals’ survey, 

satisfaction positively influences continuance intention. It is confirmed that trust does not 

directly influence usage intention. Instead, trust positively influences perceived social media 

usefulness.  However, unlike the first survey, information quality had a significant impact on 
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usage behaviour. This prompted the deduction that consumers recognise information quality 

is a primary concern, as it is always challenging for a novice user to differentiate between 

valid and untrustworthy sources. Contrary to the health professionals’ survey, the findings 

indicated that perceived social media usefulness, perceived professional boundary, perceived 

cost and self-efficacy do not significantly affect usage intention.  

In terms of the perceived usefulness, lack of experience in using social media for health-

related reasons could be a major factor. Arguably, the cost is an insignificant factor for health 

consumers, as social media platforms are free and in traditional settings consumers are not 

required to pay any additional fees while searching for health information online or 

interacting with other patients on health community sites. This result further indicates that 

the professional boundary does not predict health consumers’ adoption behaviour. The 

professional boundary is a more critical factor for health professionals than consumers, since 

it is the responsibility of the former to uphold the integrity and duty of care.  

Regarding self-efficacy, it can be argued that 95% of the population have access to social 

media and thus, the skill set required to access health information is elementary, compared to 

the skill set required to publish health-related information. Therefore, self-efficacy was not a 

significant factor from the consumers’ perspective.  

Most importantly, the findings affirm that, unlike the health professionals, consumers’ social 

media usage intention significantly affects their continuance intention. This means that 

consumers are more inclined to use social media for health-related reasons compared to the 

health professionals. A significant gap in perception between the two cohorts is evident.  An 

overview of the results derived from the two datasets (health professionals and health 

consumers) is provided below. 

 

 

 

 

 

 

 



 

  

270 

 

 

Table 12.1: A comparison of results derived from the hypotheses testing 

Path   
Health 

professionals 

Health 

Consumers 

Comments 

Social media 

usefulness 
→ 

Usage 

behaviour 
Supported 

 

Not supported 

Accepted in the first and not supported 

in the second survey.  

Privacy 

Threats 
→ 

Usage 

behaviour 
Supported Supported Supported in both  

Privacy 

Threats 
→ 

Social media 

usefulness  
Supported Not supported Accepted in the first and not supported 

in the second survey 

Information 

Quality 
→ 

Usage 

behaviour 
Not supported Supported Not supported in the first and 

supported in the second survey 

Perceived 

Trust 
→ 

Usage 

behaviour 
Not supported  Not supported Not supported in both 

Perceived 

Trust 
→ 

Social media 

usefulness 

Supported Supported Supported in both 

Professional 

Boundary 
→ 

Usage 

behaviour 

Supported Not Supported Accepted in first and not supported in 

the second survey. 

Supporting 

Conditions 
→ Threat 

Supported Supported Supported in both 

Supporting 

Conditions 
→ 

Usage 

behaviour 
Supported Supported Supported in both 

Peer influence → 
Usage 

behaviour 
Supported Supported Supported in both 

Perceived cost  → 
Usage 

behaviour 
Supported Not Supported Accepted in first and not supported in 

the second survey 

Social media 

Self-efficacy 
→ 

Usage 

behaviour 

Supported Not supported Accepted in first and not supported in 

the second survey 

Confirmation → Satisfaction Supported Supported Supported in both 

Confirmation → Usefulness Supported Supported Supported in both 

Satisfaction → 
Continuance 

Intention 
Supported 

Supported Supported in both 

Usage 

behaviour 

 

→ 

 

Continuance 

Intention 

Not supported  Supported Not supported in the first survey and 

supported in the second survey 
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12.2.3 What are the benefits and barriers to usage of social media according to the 

health professionals? 

The findings revealed several benefits and barriers in using social media for health-related 

purposes.  Five overreaching benefits of using social media have been revealed. The benefits 

are: i) facilitation of health communication, ii) community support, iii) learning, iv) 

networking, and vi) health promotion. In terms of the barriers, five have been revealed during 

the interviews:  i) inefficiency, ii) privacy concerns, iii) poor information quality, iv) lack of 

trust, and v) blurred professional boundaries. However, it is difficult to draw any definitive 

conclusion about these barriers and benefits of using social media in healthcare. Social media 

research in healthcare is still very new and further research is essential to validate its possible 

benefits and barriers (Gamache-O'Leary & Grant, 2017). 

12.2.4 Does the Healthcare Social Media Usage Model (HSMUM) predict social 

media usage behaviours and continuance intention of health professionals and 

health consumers?  

The findings relating to testing of the above model suggest that the framework is valid. The 

conclusion flowing from this model fit is that the predictors do impact on usage behaviour for 

both health professionals and consumers. The conclusion emerging from the model fit is that 

the proposed framework is a reliable and parsimonious framework for studying the 

relationships between the drivers and outcomes of social media usage in healthcare.  

12.3 Some key remarks on the findings  

This thesis has uncovered some findings which are considered unique vis-a-vis prior 

research. First, out of the 11 factors identified in this research and highlighted earlier, some 

are unique in the context of social media usage in the healthcare sectors. These are perceived 

professional boundary, privacy threats and perceived trust affecting the imagination and 

practices of health professionals and consumers. These findings have now set the stage for 

advancing research in this nascent area of profound significance given the rapid growth of 

social media usage in healthcare services globally.  

In particular, the ‘perceived professional boundary’ which has been explored in this research 

suggests that health professionals are reluctant to interact with social media due to its 

boundary-crossing characteristics. Social media tends to blur the traditional boundaries 

between health professionals and health consumers during the interaction process which is 

often seen as a potential threat to the former’s professionalism. For example, when a health 
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professional posts something online, they must be extremely meticulous with the content of 

the post, as it might contain sensitive information concerning the privacy of patients which 

can be viewed by anyone; or it may contain advice which opens up the health professional to 

possible litigation.  Another example would be how close health professionals can be to their 

patients as they must decide carefully as to whether to accept the ‘friends request’ from a 

patient. Being friends (social media-based) with patients might result in overlapping of 

people’s personal and professional lives. The literature also reflected on the impact of social 

media on the professional boundary. There are ethical, legal, and social challenges associated 

with the usage of social media in the healthcare domain and all these challenges are 

intertwined with the professional boundary. These phenomena are increasingly becoming 

paramount in the minds of health professionals while utilising social media for engagement 

with the patients. Few studies explored the concept of the professional boundary in the 

context of social media usage in healthcare (Chretien & Kind, 2013; Denecke et al., 2015b; 

Thompson et al., 2008).  However, none of the studies investigated the health professionals’ 

perception of professional boundaries in the context of social media in healthcare. Thus, 

further investigation is required to know and learn more about the role of this phenomena in 

terms of the adoption decisions.  

The notion of ‘trust’ as revealed in the study was a unique predictor of perceived usefulness 

of social media.  Interestingly, the study found that trust does not directly affect usage 

behaviour. This, in itself, is interesting and opens up new research opportunities.  One of the 

reasons may be that it is still an emerging stage for social media technologies in healthcare 

settings and both health professionals and consumers are still developing their perceptions of 

this technology. Therefore, any limiting factors (for example lack of trust) are likely to 

impact on the consumers’ perception of social media usefulness instead of usage behaviour. 

This thesis concludes that trust is a vital aspect of the relationship between health 

professionals and health consumers via social media as the vehicle for creating, maintaining 

and enhancing bonding between the concerned parties. For example, some published 

content/messages may not provide the accepted current best practice for a particular ailment. 

The intended recipient of the message may fully trust the message and act upon it without 

realising that the content does not reflect the best treatment option for their problem. If the 

outcome is not consistent with the claims made in the message, this may result in detrimental 

consequences for the long-term trust between the concerned parties and even litigation. This 

means if health professionals perceive social media as a trustworthy medium to improve their 
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patients’ wellbeing, they will perceive it as useful.  In this sense, these findings are 

considered as a milestone in the context of social media in healthcare. Although some 

evidence already appears in the literature (Kim, 2012), no prior study has used triangulation 

as a research methodology to uncover the premise of trust which is considered to be pivotal 

in shaping productive relationships between health professionals and patients.   

Privacy threats also deserve some comment. Privacy threats as a universal phenomenon are 

playing a role in the communication mechanisms of health professionals and patients. 

Interestingly, the results reported in Table 12.1 confirm that health professionals are 

concerned about privacy threats. However, health consumers seem to be indifferent. This 

may be attributed to the fact that patients seem to be comfortable in utilising social media for 

searching health-related information, interacting with the health professionals, health service 

providers and health communities. Perhaps this is why consumers are not as concerned as 

their health professional counterparts about the privacy concerns while using social media. 

This, however, is subject to further investigation.  

While the relationship between usage and continuance is significant in consumer data, this 

was not the case with the health professionals. This difference in the perception of health 

professionals and consumers suggest that health consumers are more willing to try social 

media than healthcare professionals. The conclusion that can be articulated from this key 

finding is that healthcare policy-makers should treat health professionals and consumers 

uniquely in designing strategic social media guidelines and policies. 

12.4 Contributions of the study 

The contribution to the knowledge of academic study can be classified into theoretical 

contribution, methodological contribution, empirical contribution and practical contribution. 

The contributions of this study are discussed in the following sections in more detail. 

12.4.1 Theoretical contribution  

The research adds to the existing literature in multiple ways and explains some insightful 

contributions. Even though there is a considerable potential for providing healthcare services 

through social media, there are still many barriers to going online and at the same time 

proliferating social media throughout Australia.  

Many studies have addressed the potentials of social media technologies in healthcare  

(Antheunis et al., 2013; Cain, 2011; Duyck et al., 2008b; Eldredge, Markham, Ruiter, Kok, & 
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Parcel, 2016; Eschenbrenner & Nah, 2015; Gamache-O'Leary & Grant, 2017; Grajales III et 

al., 2014; Hamm et al., 2013; Hawn, 2009; Househ et al., 2014; Khan et al., 2015; Kuo & 

Yen, 2009; Merchant, Elmer, & Lurie, 2011; Moorhead et al., 2013; Pillai, 2016; Popovic et 

al., 2013; Smailhodzic et al., 2016; Tess, 2013; Thackeray et al., 2012; Thielst, 2010; 

Ventola, 2014; Von Muhlen & Ohno-Machado, 2012). However, compared to previous 

studies, the current study not only supported its arguments with empirical data gathered from 

the healthcare industry but also explored and identified new factors that are related to social 

media adoption behaviours.  

There has been limited research conducted regarding the social media adoption behaviours of 

healthcare professionals and consumers. Few studies have conceptualised the predictors of 

social media adoptions by using technology adoption models (Hanson et al., 2014; Khan et 

al., 2015).  Moreover, IT adoption theories were mostly developed without a consideration of 

the characteristics of social media. Many researchers have tested the existing adoption 

theories in the healthcare context, but not many studies addressed the predictors of social 

media adoption by using existing technology adoption theories.   

As a theoretical contribution, this research enriched the Technology Acceptance Model 

(TAM) by adding additional constructs such as professional boundary, information quality, 

privacy threats and perceived costs, exclusively focusing on Australian health 

professionals’/consumers’ and their intention to adopt social media. The theoretical 

contributions of the study follow below. 

12.4.1.1 Healthcare Social Media Usage Model (HSMUM) 

The proposed research model combines the benefits, barriers, external and other relevant 

factors affecting the acceptance of social media in healthcare. The model has been 

empirically tested and validated with user data collected exclusively in Australia. 
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Figure 12.1: Healthcare Social Media Usage Model (HSMUM) 

 

The outcomes of this research validate the factors addressed during the qualitative phase of 

the research. These factors were discussed in detail in Chapter 7 and then examined and 

validated in Chapters 8 and 10. The empirical findings provide substantial support for the 

proposed framework and the findings from this research align with the existing but limited 

literature in this domain. Thus, the findings contribute uniquely to the range of technology 

acceptance research in the healthcare sector. Considering the support provided by empirical 

evidence, it can be stated that these outcomes can serve as a frame of reference for further 

research in varying contexts. It is possible to investigate other issues and factors which could 

influence social media adoption in healthcare and related services.  

Conceptualising the findings regarding the usefulness, barriers, external and other factors 

provides depth to the current literature. The current state of research regarding the adoption 

of social media in healthcare seems to lack insights from the perspectives of potential users, 

their perceptions and behaviours (Attai et al., 2015; Baird & Fisher, 2005; Cochrane, 

McDonald, & Brady, 2016; Considine, 2015; Eschenbrenner & Nah, 2015; Pousti, 2015; 

Smailhodzic et al., 2016). Moreover, compared to previous studies (Antheunis et al., 2013; 

Hanson et al., 2011; Kotsenas et al., 2018; Lawson, 2014; Lopez et al., 2016; Martinasek et 

al., 2011; Rozenblum & Bates, 2013; Smailhodzic et al., 2016; Terry, 2009; Thielst, 2010; 

Trader, 2013; Usher, 2011; Xu et al., 2016). This research offers an empirically tested 
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theoretical model that can impact on social media adoption decisions in healthcare. The 

current study not only uncovered the users’ perspectives with empirical data but also 

explored and identified new concepts and meanings that are specific to the social media 

adoption decision in healthcare. The key dimensions of the proposed theoretical framework 

are discussed below. 

i. Perceived social media usefulness 

Regarding the perceived usefulness of social media, several studies have highlighted that the 

usage of social media among physicians and medical practitioners has been significantly 

increasing (Antheunis et al., 2013; Brown et al., 2014; Cochrane et al., 2016; Courtney, 2013; 

Fisher & Clayton, 2012; Moorhead et al., 2013; Ryan, 2012; Smailhodzic et al., 2016; Von 

Muhlen & Ohno-Machado, 2012). The in-depth interviews also revealed several overarching 

themes regarding the usefulness of social media. Hypothesis testing revealed that health 

professionals’ perceived usefulness of social media significantly impacts on their usage 

intention. However, from the consumers’ perspective, perceived usefulness did not have a 

significant impact on their usage intention. This may be due to lack of awareness and 

knowledge regarding the potential usages of social media technologies in the healthcare 

sector.  Limited research has been conducted concerning people’s perceptions of usefulness 

from the perspective of health professionals and health consumers (Antheunis et al., 2013; 

Gamache-O'Leary & Grant, 2017; McGowan et al., 2012). The knowledge gap in this subject 

was filled by documenting both healthcare professionals and consumers’ viewpoints and 

experiences. 

ii. Perceived barriers  

The proposed framework also investigated the perceived barriers of the intention to use social 

media from the perspective of both health professionals and health consumers. Interviews 

with health professionals revealed five significant barriers: i) inefficiency, ii) privacy 

concerns, iii) poor information quality, iv) lack of trust, and v) blurred professional 

boundaries. To realise the true potential of social media, it is important to understand the key 

barriers to social media usage in the healthcare sector. For this reason, the research 

framework incorporated privacy threats, information quality, trust and professional 

boundaries as predictors of adoption behaviours. The inefficiency of social media is related to 

perceived usefulness and therefore, this factor was not included as a separate independent 

variable.  
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Prior studies integrated perceived barrier as an independent variable (Al-Senaidi, Lin, & 

Poirot, 2009; Anderson, Brossard, Scheufele, Xenos, & Ladwig, 2014; Buchanan, Sainter, & 

Saunders, 2013; Byatt, Simas, Lundquist, Johnson, & Ziedonis, 2012; Gilbert, Balestrini, & 

Littleboy, 2004; Yarbrough & Smith, 2007). However, limited studies investigated perceived 

privacy threat as an independent variable in social media context (Cao, Ajjan, & Hong, 2013; 

Manca & Ranieri, 2016). This enables the thesis to make a substantial contribution in the 

extant literature.  

Information quality is a frequently used variable in the existing TAM-based literature (Ahn, 

Ryu, & Han, 2007; Li, Wu, Gao, & Shi, 2016). Interviews with health professionals revealed 

that information quality is a major area of concern regarding the usage of social media. The 

findings affirmed that information significantly influences consumers’ usage intention. 

However, information quality did not predict health professionals’ social media usage 

behaviours.  

The inclusion of trust as an independent variable also provides a new perspective for 

studying social media acceptance research in healthcare and provides an initial pathway to 

investigate the factors affecting social media adoption in a healthcare environment. Although 

several studies (Chaouali, Yahia, & Souiden, 2016; Fuller et al., 2010; Gefen et al., 2003; 

Ranaweera, 2016) have looked at role of trust as direct antecedents of behavioural intentions, 

the effect of trust on perceived usefulness and usage intention in the context of social media 

technologies has been largely ignored. This study revealed that trust does not impact on 

social media usage intention directly. Instead, perceived usefulness mediates the relationship 

between trust and usage behaviours.  

The study also incorporated professional boundary as an independent variable. I tis evident 

that professional boundary can influence the adoption decision by discouraging it, because 

boundaries might be ambiguous or dangerous for healthcare professionals (Chretien & Kind, 

2013; Thompson et al., 2008). As mentioned earlier, studies on the concept of professional 

boundaries in healthcare social media context are relatively rare, and the role of professional 

boundaries as an independent variable had not been addressed in the literature. The inclusion 

of professional boundary as an independent variable extends the technology acceptance 

research.  
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iii.  External factors  

The study demonstrates an important relationship between external factors and usage 

behaviour.  Investigating the impact of peer influence and supporting conditions in a 

healthcare context is indeed one of the main contributions of the study. Most past studies 

addressed the influence of friends or the family in information technology usage behaviour. 

However, studies in relation to the influence of colleagues and peers on social media usage 

decision in the healthcare context are relatively scarce (Harsono & Suryana, 2014; Mandal & 

McQueen, 2012).  Therefore, investigating the extent of peer influence on social media usage 

decisions in a healthcare context is indeed one of the main contributions of this study. It also 

showed that supporting conditions constitute a significant determinant of usage intention. The 

findings confirm that higher recognition of the presence of favourable supporting conditions 

(or lack thereof) is expected to directly influence health professionals’ and health consumers’ 

social media usage decisions.  

iv. Other factors 

In terms of the other relevant factors, the study revealed two important variables, perceived 

cost and self-efficacy. Despite many studies being done on the role of self-efficacy, there is a 

paucity of research regarding how self-efficacy may influence social media adoption 

decisions by healthcare professionals. The current study is likely to be one of the very few 

analyses to have investigated the role of self-efficacy in the context of social media usage in 

healthcare. The results revealed self-efficacy significantly influences health professionals’ 

usage decision. However, self-efficacy did not predict health consumers’ usage behaviours. 

The study also identifies perceived cost as an important predictor of usage behaviour. The 

findings support the notion that social media reduces the economic, time and human costs 

associated with clinical practice. Empirical support on perceived costs was limited in the 

extant literature.  Prior studies are primarily based on general technology adoption behaviours 

(Tung et al., 2008; Tung, Lee, Chen, & Hsu, 2009; Yang & Zhou, 2011). However, this 

research explored both health professionals’ and consumers’ perspectives and experiences in 

terms of the cost involved in using social media. The results revealed perceived cost 

significantly influences health professionals’ usage behaviours. However, perceived cost did 

not predict health consumers’ usage behaviours.  

The above factors clearly articulate the specific users’ behaviours which are instrumental in 

their engagement with social media. The theoretical underpinning of the Healthcare Social 
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Media Usage Model (HSMUM) lends support to theories that were contested and reviewed in 

Chapters 2 and 3. The findings provide a robust support for the contested theories on 

technology acceptance research. The model further validates their applicability in an 

environment which is very different from the theories were originally developed for. The next 

section discusses the contribution of this thesis in extant technology adoption research.  

12.4.2 Contribution to technology acceptance research  

Firstly, despite the research that was carried out to investigate the factors influencing social 

media adoption, this research argues that limited prior studies have used the technology 

acceptance models to social media adoption behaviours in the healthcare context. Further, 

this research identified the lack of theoretical models that explore and analyse the different 

issues and factors influencing the acceptance and adoption of social media in healthcare.  

Second, the theoretical underpinning of the study is based on the existing information system 

and technology adoption theories.  The study provides a theoretical underpinning for 

predicting the social media adoption behaviour of health professionals and health consumers.  

In terms of the theory building, this study developed a conceptual framework by integrating 

TAM, UTAUT, IS success theory and ECM and applying them into a new context.  Health 

professionals’ interview also assisted in adding new variables to the conceptual framework. It 

is important to note that the proposed Healthcare Social Media Usage Model (HSMUM) is 

compatible with the TAM, UTAUT and ECM variables. Hence, the proposed model makes 

an important contribution to the emerging literature on social media in the healthcare context. 

Third, researchers and practitioners have for  many decades devised various models (see 

Chapter 3). The developed model for this study is comprehensive and encompasses more 

logical factors in the context of social media usage behaviour in healthcare. Theoretically, 

despite their importance, the theories incorporated in the current research model have not 

been previously integrated for predicting health professionals’ and health consumers’ social 

media usage behaviours and continuance intentions. Venkatesh et al. (2003) noted that 

research in understanding user acceptance of new technology has resulted in several 

theoretical models with roots in information systems, psychology, and sociology. Moreover, 

TAM was developed outside of the social media and healthcare context, and therefore, some 

of its core concepts and measures may not appear to be relevant to healthcare investigators. 

For example, the focus on personal productivity as a measure of usefulness may not be 

adequate in a healthcare context (Holden & Karsh, 2010).  
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Fourth, the additional constructs are worth adding to the theoretical model and checking its 

predictability at an individual level of analysis. This model will offer a new outlook to future 

studies on information systems and technology acceptance, especially to the usage of social 

media in healthcare. The theoretical model used in this study is based on the added variable 

approach. According to Holden and Karsh (2010), when additional variables reappear in 

models tested in healthcare, they help researchers, designers, and others to better understand 

health information technology (IT) use and acceptance. This is a commonly advocated 

approached to develop a new technology-related framework (Venkatesh & Davis, 2000). 

Holden and Karsh (2010) further contended that a contextualised version of a TAM would 

allow researchers and practitioners to become aware of the healthcare relevant dimensions. 

Thus, the added variable approach is deemed fit for developing new a framework to predict 

health professionals’ and health consumers’ social media adoption behaviours. 

Figure 12.2: Added variable approach (TAM and UTAUT) 

 

Fifth, the model also extended the traditional expectation-confirmation model (ECM) by 

combing the model with TAM, UTAUT and other contextual variables. The empirical results 

show that the Healthcare Social Media Usage Model (HSMUM) supports the majority of 

hypotheses, implying that the integration of these theoretical frameworks provides a model 

with a theoretical basis to explain the social media adoption behaviours. 
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Sixth and finally, social media acceptance behaviour of healthcare professionals and health 

consumers has rarely been investigated in the literature. This study opened a new discussion 

that could lead to further studies in the domain of social media’s contributions to enhancing 

healthcare services. To conclude, the proposed framework could be used as a frame of 

reference by healthcare providers who want to implement social media networking systems 

as part of their services.  

12.4.3 Methodological contributions 

Apart from the theoretical contribution, this novel research has also helped methodological 

considerations. Due to the triangulation of qualitative and quantitative approaches, the 

findings have been more profound and insightful vis-à-vis prior studies  (Johnson & 

Onwuegbuzie, 2004).  

a. Themes such as perceived usefulness, professional boundaries, perceived trust, 

privacy threats, information quality, perceived cost have emerged from in-depth 

interviews with healthcare professionals and validated through quantitative data.  

b. The mixed method has not been used where qualitative and quantitative approaches 

have an equal status as many other past studies did. As indicated by Johnson and 

Onwuegbuzie (2004), this thesis has assigned the dominant status to the quantitative 

method because the former has been used as a means of uncovering information lying 

deeply in respondents’ minds. The major themes that arose from the interview 

responses were validated through an extensive quantitative data analysis process.   
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Figure 12.3: The Methodological Position 

 

 

 

Adopted from Johnson and Onwuegbuzie (2004) 

c. To the best of the researcher’s knowledge, no prior research concerning health 

professionals’ and consumers’ social media adoption behaviours has been based on 

combining quantitative and qualitative techniques of data collection. The findings 

emerging from the usage of such a method are regarded as robust and they contribute 

substantially to the field of social media in a healthcare setting. 

d. Apart from using healthcare professionals and health consumers as the source of data, 

this research is a novel methodological initiative which is rarely pursued in the social 

media literature. 

12.4.4 Empirical contributions 

The empirical analysis of this research contributed to knowledge in this area of research. The 

empirical contributions of this research are articulated in more detail below.  

First, as an empirical contribution, this study provided a useful tool for health service 

providers needing to assess the likelihood of success of the social media technologies in 

healthcare. The study also shed light on the drivers of acceptance and proactively designed 

interventions targeted at users yet to adopt and use social media channel for health services 

Current research adopts last 

quadrant of this framework  
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delivery. Second, a validated concept predicts the social media adoption behaviour of 

healthcare professionals and consumers. Thus experts and practitioners have a validated 

tool with which they can assess health professionals’ and health consumers’ social media 

adoption behaviours. 

Third, this is one of the very few studies which comprehensively assesses the social media 

adoption behaviours. The construct measurement scales derived from existing literature. The 

composite reliabilities of our constructs (perceived usefulness, peer influence, supporting 

conditions, information quality, perceived cost, perceived trust, professional boundary and 

privacy threats) reflect reliable instruments that can be adopted for future studies in the social 

media/healthcare context.  

Fourth and finally, the results from the measurement model help in identifying the 

critical dimensions of the revised technology acceptance model for social media. 

Conceptualising the predictors of social media adoption behaviours through in-depth 

interviews and thematic analysis and validation of the conceptual framework through SEM 

analysis, illustrates that complex contextual dynamics need to be considered. This robust 

model also allows for more advanced forms of data analysis to test its validity. All variables 

that have been incorporated into the conceptual framework reflecting the changing landscape 

of the social media usage in the healthcare context.  

12.4.5 Practical contributions 

The outcome of this research provides many vital considerations for healthcare service 

providers and policy-makers, health professionals and health consumers to facilitate the 

adoption of social media technologies.  

12.4.5.1 Implications for healthcare providers  

The findings of this research show that there are various benefits and challenges of using 

social in the healthcare domain. The research findings showed that social media has a 

promising future in healthcare because it can be used as a tool to engage and empower the 

patients. Healthcare providers can augment the usage of social media in terms of health 

promotion, social support, health education, lifestyle advice, community engagement, 

networking, experience and knowledge sharing, educating communities by providing health 

information, engagement of the minority, improved trust and self-confidence (Eschenbrenner 

& Nah, 2015; Gamache-O'Leary & Grant, 2017; Moorhead et al., 2013; Naslund et al., 2016; 

Prasad, 2013; Ray, 2017; Smailhodzic et al., 2016; Ventola, 2014).   



 

  

284 

 

The study findings may provide an opportunity for healthcare providers and policy-makers to 

understand users’ perceptions of the potential benefits and challenges of using social media in 

healthcare. From the qualitative and quantitative findings, it can be deduced that these 

benefits are promising for the health communities. The extent to which these developments 

lead to improved health outcomes remains to be understood, but it is expected that these 

developments will lead to the more effective interaction of health professionals and health 

consumers in social media-based platforms. For example, The Royal Australian College of 

General Practitioners (RACGP) recognises that general practitioners (GPs) and general 

practice staff have been using social media frequently and considering the paramount 

importance of professional and safe conduct online. The RACGP developed a social media 

user guide for health professionals (RACGP, 2015). More initiatives like those undertaken by 

the RACGP would promote adoption of social media among healthcare professionals.  

12.4.5.2 Implications for health professionals and consumers 

Social media possesses an immense power to spread information and mobilise personal and 

professional networks quickly. Therefore, as vouched by many health professionals, this 

technology can also be deployed to: improve patient-physician interactions, enhance patient 

motivation, raise health awareness, provide accurate information, facilitate the exchange of 

ideas, frame and reframe health-related questions, engage a broader community, and 

ultimately produce improved outcomes across health systems (Fine, 2006; George et al., 

2013). For instance, a social media-savvy family doctor can easily create a Facebook List, 

Google+ Circle or a blog site specifically for “patients” and use it to disseminate general 

information.  

The research also documented various barriers of social media adoption in health.  Previous 

research indicates that unfamiliarity, compatibility, information quality, lack of understanding 

of the benefits of social media, lack of organisational support and training are the most 

important obstacles that influence an individual’s adoption of social media (Cain, 2011; Chou 

et al., 2009; Duyck et al., 2008b; Househ et al., 2014; Moorhead et al., 2013; Pillai, 2016). 

Ventola (2014) suggested that healthcare institutions should address the risks associated with 

social media and social media policies should include privacy, information quality, 

professional guidelines, medical commentary and communication guideline and damage to 

the organisation’s reputation. The findings also confirmed that perceived threats, poor 

information quality, lack of trust and professional boundary are significant barriers to social 
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media usage in healthcare. For example, several lawsuits against physicians have been 

reported where patients accused them of violating the privacy of their medical information 

(Antheunis et al., 2013; Hawn, 2009; Pillai, 2016; Thompson et al., 2008; Von Muhlen & 

Ohno-Machado, 2012).  

The barriers raised in this research call for a clear social media usage policy to provide health 

professionals and patients with a guideline for maximising the potential benefits and 

overcoming these barriers. There is a clear need to educate, inform and engage health 

professionals and patients in this regard. These insights could be used in developing social 

media guidelines effectively and to maximise the benefits for the specific needs of the general 

community. This is paramount, as there is currently a widespread scepticism about the 

viability of social media applications in the healthcare domain (Moorhead et al., 2013). 

12.4.5.3 Implications for policy-makers 

At the policy level, policy-makers can use these insights to develop guidelines and initiate 

conversation with health professionals. However, embracing the changing nature of 

information exchange between patients and professionals, and awareness of the emerging 

culture of social learning and exchange in healthcare is vital from the perspective of the 

administrators. Once a credible relationship is established, healthcare administrators and 

professionals can instill trust among consumers by providing them with accurate health-

related information through social media, so that they can protect their patients’ interests.  

To sum up the implications, the following points can be articulated: 

1. The study showcased that there is a promising future for social media applications in 

healthcare. Health service providers and administrators need to be proactive in 

promoting social media for health professionals to use. More training and 

organisational support are required to make this possible.  

2. Healthcare providers, administrators, and system professionals can consider the 

usefulness, barriers, external and other relevant factors affecting adoption behaviour 

and formulate a clear social media usage guideline, offering health professionals 

advice on how to maximise potential benefits through engagement with social media.  

3. The system of social media interaction should be credible and trustworthy. Issues 

such as security, privacy, trust, professional boundaries and information quality need 

to be addressed meticulously. Social networking does seem to be a menace to the 

patients from a privacy viewpoint. A high level of credibility can give health 
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professionals and consumers better peace of mind when considering the uses of social 

media.  

4. More protection of patients' and healthcare professionals’ rights through fair 

legislation and law. Individuals’ credibility and sense of security can be enhanced if 

there are legal protections for their privacy.  

12.5 Research limitations and future research  

 Like any other research, this thesis has its limitations. This research has been undertaken in 

an Australian context which tends to limit the generalisation of the findings internationally. 

Future research can overcome this limitation by using large samples drawn from other 

Western countries with similar social and economic characteristics, for example Canada, 

New Zealand, the UK and the USA.  

Furthermore, the cross-sectional design does not consider the responses of customers at 

different time intervals. Notably, some constructs (like the usage behaviour and continuance 

intention) need some time interval to pass in order to measure them correctly. This is thought 

to be a limitation of most TAM-based research. Future studies may be in the form of 

comparative studies or to judge the pre-adoption and post-adoption behaviour of social media 

in healthcare. The time factor is worth investigating where some time is needed for the 

conclusive data to emerge and mean something. 

Theoretically, the research investigates the concept of social media holistically instead of 

defining specific social media tools such as Facebook, Twitter or health blogs.  Albeit, this 

was very useful in obtaining a holistic understanding of the critical factors affecting social 

media adoption. However, such an approach limits in-depth analysis of specific, elements and 

features in depth. Future research endeavours can investigate the specific social media tools 

such as Facebook, Twitter, health-related blogs, etc., and their implications for medical 

matters.  

All professionals within the healthcare industry have been classified under one general 

category as “health professionals.” More specifically the general categorisation of healthcare 

professionals includes GPs, physicians, surgeons, pharmacists, paramedics and psychiatrists.  

Such a measure represents health professionals and their practices which forms the basis of 

this research. Future research may consider health professionals from specific disciplines to 

obtain more focused perspectives regarding their social media adoption behaviours. 

Additionally, the current literature on the impact of social media in healthcare is somewhat 
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limited by the lack of empirical studies that have involved interventions with trials and an 

analysis of the health outcomes. Further work is needed to understand the benefits and 

barriers of social media technologies in the healthcare domain.  

At present, limited information is available regarding the quality of health information shared 

in health-related sites or how much of it is evidence-based. Additionally, not much is known 

about patients’ reactions to health information. It is not very clear to what extent consumers 

use this information for better health outcome.   

In terms of the data analysis techniques, this thesis used structural equation modelling. 

Structural equation modelling imposes a rigid structure on the data analysis mechanism. 

Although this statistical technique is regarded as a rigorous approach to data analysis which is 

widely used, the technique may in fact be an overused one if the context in which it is used is 

not suitable for it.  

Also, the research posed considerable challenges to identify and contact health professionals 

who are active users of social media and could be recruited for the study. Due to the busy 

nature of the profession, it was very difficult to manage the appointments for the interviews 

which were prior confirmed. Only a small number of participants was enthused to participate 

in this research since they are usually too busy with their everyday tasks. However, the 

sample was chosen not only for practical reasons and convenience but also because 

healthcare professionals are amongst those whose opinions and perceptions will influence the 

adoption of social media in healthcare organisations. 

The issue of generalisability is a widely revealed limitation in the majority of the technology 

acceptance research. The study has been conducted in Australia and the findings may vary if 

applied to other contexts or countries.  For example, Australian and American healthcare 

systems are vastly different, and they are complex, with varied models of care and practice 

(Blendon et al., 2002). Therefore, it cannot be said with complete certainty that the findings 

of this study can be generalised and applied to other contexts and countries.  

A final limitation of the study is related to the theoretical underpinning of the study.  

Technology acceptance models generally vary a great deal in the healthcare context and the 

importance of context cannot be overstated (Gammon, Johannessen, Sørensen, Wynn, & 

Whitten, 2008). A contextualised version of a technology acceptance model allows 

researchers and practitioners to customise the questionnaire items according to the healthcare 
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dimensions (Holden & Karsh, 2010). However, lack of standardisation often results in the 

poor predictive power of the variables. Future research may develop standardised measures 

for predicting social media usage and acceptance behaviour perhaps better predictive power 

will be seen (Zaidi, Marriott, & Nation, 2008). Furthermore, aside from a need for 

standardisation, more tests of certain relationships, and better reporting of data, what is also 

required is to continue exploring new theoretically motivated variables and relationships that 

can be added to the technology adoption models.  

In summary, numerous research opportunities exist on the place of social media in Australian 

healthcare system.  It is recommended that future work look at the following: 

 Conduct longitudinal research to investigate the factors affecting the healthcare 

professionals' actual use of social media and to verify the moderating influence of 

experience on social media adoption. 

 Conduct qualitative interviews with health consumers to develop a deeper 

understanding of their social media adoption behaviours. In-depth interviews with 

health consumers would enable researchers to identify additional factors that may 

affect health consumers’ social media usage and acceptance decisions.  

 Investigation of a more specific platform of social media (for instance, Facebook or 

Twitter) and their impact on specific patient groups.  

 The research model can be contextualised further by incorporating additional 

variables such as culture and experience.  

 Evidence-based studies based on clinical trials to examine the outcomes of social 

media adoption 

 Examine causal antecedents of the constructs presented in this research model to 

provide more precise practical implications. 

 Analyse the data gathered from doctors and hospital staff separately to be able to 

differentiate the results and provide more precise practical implications. 

 Explore potential mechanisms for monitoring and enhancing the quality and reliability 

of healthcare using social media. 

 Investigate how social media impacts on the relationships of patients with their 

healthcare providers. 
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12.6 Summary 

This chapter summarised the findings of the study based on the research questions. 

Theoretical contributions, empirical contribution, methodology contributions, and practical 

contributions were provided for researchers. The limitations of the study and suggestions for 

further research are also discussed. In conclusion, this research was conducted in a new and 

dynamic domain. Social media brings a new proposition to healthcare, offering a platform 

used by the public, patients, and health professionals to communicate about medical issues 

with the possibility of potentially improving outcomes. Findings of the study indicate that 

despite the perceived usefulness of social media, the threats need to be monitored for 

improved quality and reliability, and the users’ confidentiality and privacy need to be 

maintained. This chapter also outlines the limitations of this research and concludes with 

directions for future research. 

Social media is a powerful tool that offers collaboration between users and a social 

interaction mechanism for a range of individuals. With increasing use of and reliance on 

social media, there will be further opportunities in healthcare. Research into the applications 

of social media for health-related purposes is an expanding area because the increasing 

general use of social media necessitates that health researchers match the pace of 

technological development. Further robust research is required to concretely establish 

whether social media improves healthcare services in both the short and long-term.  

In conclusion, evidence from the current literature and the data analysis section indicates that 

healthcare consumers have a positive perception of social media use. There is, however, a 

need to better understand the deeper issues surrounding concerns about privacy, the potential 

for misinformation and the potential for social media integration into the healthcare system. 

The researcher hopes that this study will establish a platform for further investigations in this 

dynamic field of social media where things are rapidly evolving (Akter et al., 2010). 
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APPENDIX B: PARTICIPANT RECRUITMENT FLYER FOR THE SEMI-

STRUCTURED INTERVIEW (UC ETHICS APPROVAL: 15234) 

Title: Predictors of health professionals’ and consumers’ social media adoption behaviours 

Role  Name  Email 

Primary researcher Md. Irfanuzzaman Khan 

(PhD candidate) 

Irfan.khan@canberra.edu.au 

Primary supervisor Dr. Abu Saleh abu.saleh@canberra.edu.au 

Secondary supervisor Prof Ali Quazi   ali.quazi@canberra.edu.au  

 

Purpose of the interview:  

The Interview is part of PhD research on health professionals’ adoption of social media in the Australian 

healthcare sector. The purpose of this research is to identify the factors that influence health professionals’ 

social media adoption decisions. Social media is defined as Internet-based applications which allow the creation 

and exchange of user-generated content and include services such as social networking, professional online 

communities, wikis, blogs, and microblogging.  

Research participants:  

Inclusion criterion 1 Inclusion criterion 2 

The research is looking for health professionals with 

at least five years of professional experience in the 

healthcare sector.  

 

Who uses/used social media tools and social 

networking sites (i.e., Facebook, Twitter, Instagram, 

blogs, Health Space, Hello Health, wiki health and 

others) at least once a week for personal or 

professional purposes. 

Interview questions   

This is a semi-structured interview, and you will be asked questions concerning the benefits, barriers and other 

relevant factors that influence health professionals’ social media usage and adoption behaviour in the healthcare 

domain.  

The outcome of the study  

This study will assist healthcare professionals to  understand the potential of using social media in the healthcare 

sector. The possible outcomes of this research will broaden and deepen the understanding of the complexities 

associated with the adoption and usage of the social media in the healthcare sector.  

Confidentiality  

Please be assured that your responses remain strictly confidential and that the collected data will only be used 

for aggregate analysis without identifying you as a respondent. Your participation is voluntary, but we sincerely 

request you to participate to make this research possible. If you have any concerns or complaints about the 

ethical conduct of this project, you should contact the Research Ethics Officer of the University of Canberra on 

61 2 6201 5220 or on email hendryk.flaegel@canberra.edu.au 

mailto:abu.saleh@canberra.edu.au
mailto:hendryk.flaegel@canberra.edu.au
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APPENDIX C: SEMI-STRUCTURED INTERVIEW QUESTIONS 

 

Part A: Social media usage 

Q1) Please specify the social media platforms you access in a regular basis. 

Q2) Please explain what kind of activities you undertake on the platforms that you frequently use.   

Part B: Usefulness of social media  

Q3. Do you feel that social media usage for health-related matters is beneficial for the health 

professionals and the health community?  

Q4. What are the areas you feel that social media is very useful for in the healthcare sector? Please 

explain why you feel that the specific area you have mentioned is useful to you.  

Part C: Barriers of social media  

Q5. In your opinion, what are the barriers of using social media for health-related matters, from the 

perspective of both health professionals and consumers?   Please explain why do you think that this is 

an area of concern.  

Q6. Do you have any other areas of concern you would like to address?  

Part C: External Influences  

Q7.  How much pressure do you feel from colleagues, health administrators and patients to use or not 

to use social media? Does this influence your final usage behaviour?  

Q8. Do you feel that a supporting infrastructure is required to facilitate health professionals’ usage of 

social media for health-related matters? Please explain why or why not.  

Part D:  

Q9. Can you think of any other factors that may influence the social media adoption decisions by 

health professionals, consumers and providers? Please explain your reason. 

Q10. Do you want to address any other issues concerning the adoption of social media in the 

healthcare sector?   
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APPENDIX D: HEALTH PROFESSIONALS’ SURVEY QUESTIONNAIRE 

 

Title: Predictors of health professionals’ and health consumers’ social media adoption behaviours  

Primary Researcher:  Md. Irfanuzzaman Khan (PhD candidate), Email: Irfan.khan@canberra.edu.au 

The survey is part of PhD research about healthcare professionals’ adoption of social media in the 

Australian healthcare sector (UC ethics approval: 15234). The purpose of this research is to identify 

the factors influencing the social media adoption decisions in the healthcare sector. Social media is 

defined as internet-based applications which allow creation and exchange of user-generated content 

and includes services such as social networking, professional online communities, wikis, blogs, and 

microblogging. Your participation will involve filling out a survey questionnaire in relation to the 

factors affecting behavioural intention to use social media. Your survey questionnaire will include 

structured questions in relation to the factors affecting social media adoption. Please read the 

questionnaire statements and circle the most appropriate number against each one. There is no right or 

wrong answer and no numeric information is required. It is your opinion that is important.  Each scale 

item indicates:  

1. Strongly disagree      7.  Strongly agree 

 Q.1 Demographic profile  

Please provide the following general information about yourself 

1. Approximately how many patients do you see each week?  _____/per week  

2. Your year of graduation _______  

3. Name of your graduating institution: ___________country: __________ 

4. Practice Locations  

5. Length of practicing experience:  

6.  Do you have international practicing experience?  

If Yes, what is your length of International Experience?  _________ Years 

4. Gender:     

 M                       F          

5.  Age:  

(If yes, please answer the following questions) 

 

Section B 

Q2. Current Use of Social Media (Tick the appropriate boxes) 

 

 Yes 

(1) 

No 

(2) 

Online health community sites 1 2 

Facebook 1 2 

Twitter 1 2 

Instagram 1 2 

Google plus 1 2 

Wiki 1 2 

YouTube 1 2 

18-29  30-39  40-49  50-59  60+ 

Yes No 
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Blogs 1 2 

LinkedIn 1 2 

Others:  1 2 

Q3. Please circle the number that indicates your level of agreement/disagreement with following 

statements:  

1. Strongly disagree      7.  Strongly agree 

 It is my opinion social media: 

 

Strongly disagree  ---→    Strongly agree 

Usefulness of 

Social Media  

Enables me to communicate better with 

my patients 

1      7 

Improves my job performance through 
increased knowledge 

1      7 

Improves patients’ responsibility for their 

health   

 

1      7 

Helps to improve the quality of my patient 
care. 

1      7 

Increases knowledge sharing with 

colleagues 

1      7 

 

 My colleagues are influencing me to use 
social media. 

1      7 

Social Influence  My patients are influencing me to use 
social media 

1      7 

 Friends influence me to use social media  1      7 

 It’s expected from healthcare professionals 

to use social media  

1      7 

 I can participate in physician communities 
using social media 
 

1      7 

Supporting 
conditions 

I can reach other physicians using social 
media  
 

1      7 

 My work environment encourages me to 
use social media  

1      7 

 

 

 

Current industry practice influences me to 

consider social media 

 

1      7 

Information 
quality 

Health information provided by social 

media sites is presented well 

1      7 

Health information provided by social 
media sites is reliable 

1      7 

Information provided by health 

information pages is comprehensive 

 

1      7 

Health information from social media sites 
is easy to understand 

1      7 

Health information from social media sites 

are helping me in my job 

1      7 
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Professional 
Boundary 

Social media fits well with the way I like 

to interact with patients and the community  

1      7 

Professional use of social media is 
compatible with my profession 

1      7 

It’s easy to maintain professional integrity 
while using social media for professional 
purposes 

1      7 

Using social media to interact with health 

communities aligns with my professional 

aspirations 

1      7 

 The cost of promoting health information 

through social media is reasonable  

1      7 

Perceived 
Cost  

Social media usage for health 
promotion offers good value  
 

1      7 

 Using social media for health-related 

matter is cost effective 

1      7 

 Social media is very attractive in terms of 
costs 

1      7 

 I am confident of using social media for 

related matters 

1      7 

 I have the skills to use social media 
professionally  

1      7 

Self-efficacy 
  

I have no difficulty in using social media 1      7 

 I am interested to use social media in 
healthcare   

1      7 

 I know the technical aspects of social 

media use in healthcare  

1      7 

  I trust that social media for health 

communication is accurate 

1      7 

 I consider that social media sites for 
health communication are secure 

1      7 

 
Trust  

I trust that social media has the potential to 

improve patients’ experience  

1      7 

 Social media is a trustworthy way to 
communicate health wellbeing    

1      7 

 I/ patients do not trust social media 

messages for health communication   

1      7 

Satisfaction  I am satisfied with my interactions in 

social media   

1      7 

I am satisfied with the healthcare 

information quality on healthcare pages 

1      7 

I am very confident in using social media 
to deliver health information 

1      7 

I am satisfied with the way social media 

works to deliver health information 

1      7 

Privacy threats  I am too busy in my job to engage in social 
media  

1      7 

I don’t have the skills to use social 
media  

1      7 

d. I might compromise privacy of my 
patients by using social media 
professionally  

1      7 

There are legal implications of using social 

media in healthcare  

1      7 
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My organisational policies do not support 

use of social media 

1      7 

I feel apprehensive about using social 

media for other reasons 

1      7 

I am concerned about the reliability of 

health information  

1      7 

Perceived costs 
 

Social media usage for health 
promotion is good value  

1      7 

Social media usage in healthcare is cost 

effective 

1      7 

The cost of promoting health information 

through social media is reasonable 

      7 

Social media is very attractive in terms of 
costs  

1      7 

Confirmation of 
expectations 

   

Social media has improved my patient 

relationships 

1      7 

Social media has saved time in my 

professional interactions 

1      7 

Social media has strengthened my 

relationships with my colleagues 

1      7 

Usage of social media in healthcare 
ensures better healthcare service  

1      7 

Usage behaviour I use social media to share medical 

knowledge with other patients 

1      7 

I use social media to share medical 

knowledge with my colleagues 

1      7 

I use social media to seek specific 

information about health-related issues 

1      7 

I use social media to promote myself as a 

health professional  

1      7 

I use social media to promote my 

organisation. 

1      7 

 I use social media for personal purpose 

only.  

1      7 

Continuance 
Intention 

I intend to continue using social media for 

professional purposes   

1      7 

I will increase my use of social media 
in the future 

1      7 

I intend to increase my contribution to 

health communities in the future 

1      7 

I would like to use social media to improve 
healthcare service  
 

1      7 

 

Q3 Please indicate if you have any concerns or comments regarding the adoption and usage of social media in 

healthcare 

__________________________________________________________________________________________

__________________________________________________________________________________________

__________________________________________________________________________________________

__________________________________________________________________________________________

_________________________________________________________________________________________ 

THANK YOU VERY MUCH FOR YOUR TIME & PARTICIPATION 
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APPENDIX E: HEALTH CONSUMERS’ SURVEY QUESTIONNAIRE 

 

Title: Predictors of health professionals’ and health consumers’ social media adoption behaviours  

Primary Researcher:  Md. Irfanuzzaman Khan (PhD candidate), Email: Irfan.khan@canberra.edu.au 

The study entails an empirical investigation of the social media usage and acceptance behaviour of 

health consumers.  Social media is defined as internet-based applications which allow for the creation 

and exchange of user-generated content and includes services such as social networking, professional 

online communities, wikis, blogs, and microblogging. Your participation will involve filling out a 

survey questionnaire in relation to the factors affecting behavioural intention to use social media. 

Your survey questionnaire will include structured questions in relation to the factors affecting social 

media adoption. Please read the questionnaire statements and circle the most appropriate number 

against each one. There is no right or wrong answer and no numeric information is required. It is your 

opinion that is important.  Each scale item indicates:  

1. Strongly disagree      7.  Strongly agree 

 

Q1. Demographic profile   

Please provide the following general information about yourself 

1. How long you are using Social Media? _______ Years 

2. Gender?    

 M                          F               

 

3.  Age:  

(If yes, please answer the following questions) 

4. Education:  

4.  Profession:  

5. Location: 

 

Q2. Current Use of Social Media (Tick the appropriate boxes)  

 

Type of social Media use 

 

 Yes 

(1) 

No 

(2) 

Online health community sites 1 2 

Facebook 1 2 

Twitter 1 2 

Instagram 1 2 

Google plus 1 2 

Wiki 1 2 

YouTube 1 2 

Blogs 1 2 

LinkedIn 1 2 

Others:  1 2 

18-29  30-39  40-49  50-59  60+ 
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Q3. Please circle the number that indicates your level of agreement/disagreement with following 

statements:  

1. Strongly disagree      7.  Strongly agree 

 It is my opinion social media: 

 

Strongly disagree  ---→    Strongly agree 

Usefulness of 

Social Media  

Enables me to communicate better 

with health professionals and 

providers  

1      7 

Improves doctor/patient 
communication 

1      7 

Enables me to share my experience 

on the treatment of a disease  

1      7 

Helps improve the quality of patient 
experience 

1      7 

 Increases knowledge sharing within 

the community  

1      7 

 

Social Influence  The important people in my life 
influence me to use social media 

1      7 

People influencing my behaviour 
encourage me to use social media to 
seek health-related information 

1      7 

When people share knowledge, the 
entire community benefits 

1      7 

My friends influence me to use 
social media for searching health 
information  

1      7 

It’s common for my friends to use 

social media for seeking health 

information  
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Supporting 
conditions 

 

 

I can participate in health 

communities using social media 

1      7 

I can reach health communities and 

support groups using social media  

1      7 

My surrounding environment 

encourages me to use social media  

1      7 

Current healthcare practices 

influence me to consider social 

media 

1      7 

Information 
quality 

Health information provided by 

social media sites is presented well 

1      7 

Health information provided by 

social media sites is reliable 

1      7 

Information provided by health 
information pages is 
comprehensive 

1      7 

Health information provided by 

social media sites is easy to 

understand 

1      7 

 Health information from social 
media sites is constructive   

1      7 

Professional 
Boundary 

Social media fits well with the way I 

like to interact with the healthcare 

providers  

1      7 

Professional use of social 
media is compatible with my 
personal lifestyle 

1      7 

Professional use of social media in 
healthcare doesn’t interfere with my 
personal life  

1      7 

Using social media to interact with 

health communities aligns with my 

professional and personal aspirations 

1      7 

 The cost of promoting health 

information through social media is 

reasonable 

1      7 

Perceived Cost  Social media usage for health 
promotion offers good value 

1      7 

 Using social media for health-related 

matters is cost effective 

1      7 

 Social media is very attractive in 
terms of costs  

1      7 

Self-efficacy 
  

I am confident of using social media 

for health-related matters 

1      7 

I I have the skills to use social 
media professionally 

1      7 

I have no difficulty in using social 

media 

1      7 

I am interested to use social media in 
healthcare   

1      7 

 I know the technical aspects of 

social media use in healthcare  

1      7 
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Trust  

I trust that health based social media 

channels provide accurate 

information 

1      7 

I consider that healthcare social 
media sites for    are secure 

1      7 

I trust that social media has the 

potential to improve patient 

experience 

1      7 

Social media is a trust worthy media 
to communicate health wellbeing.    

1      7 

 I do not trust messages from health 

care social media sites 

1      7 

Satisfaction  I am satisfied with my interactions 

in Social media   

1      7 

I am happy with the healthcare 

information quality on healthcare 

pages 

1      7 

I am very confident in using social 

media to access health information. 

1      7 

I am satisfied with the way social 

media works to deliver health 

information 

1      7 

Privacy threats  Hard to main confidentiality in 

social media 

1      7 

I don’t have the skills to negate 

the privacy threats 

1      7 

I might compromise my privacy by 

using social media for health-related 

matters 

1      7 

There are legal implications of using 

social media in healthcare 

1      7 

 Healthcare providers do not support 

use of social Media in maintaining 

privacy 

1      7 

 I am concerned about the privacy 

setting of social media channels 

1      7 

I feel apprehensive about using 

social media for other reasons  

1      7 

Perceived costs The cost of promoting health 

information through social media is 

negligible.  

1      7 

Social media usage for health 

communication offers good 

value  

1      7 

Using social media for health-related 

matter is cost effective 

1      7 

Social media is very attractive in 

terms of costs.    

1      7 
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Confirmation of 
expectations 

   

Social media has helped to improve 

doctor patient relationships 

1      7 

The service potential of social 

media is better than I 

expected/saved time in my 

professional interaction 

1      7 

Social media has strengthened my 

relationship with my healthcare 

providers 

1      7 

 Usage of social media in healthcare 

ensures better healthcare service.  

1      7 

Usage behaviour 
(7= Frequently use, 

1= Never use)  

I use social media to seek health 

information 

1      7 

I use social media to seek specific 

information about a health-related 

issues 

1      7 

I follow local healthcare providers in 

Social media.  

1      7 

I follow several health professionals 

in various social media  

1      7 

 I share available medical 

information using social media 

platforms.  

1      7 

 I use social media to seek health 

information 

1      7 

Continuance 
Intention 

I intend to continue using Social 

Media for professional purposes   

1      7 

I will increase my use of social 
media in the future 

1      7 

 I intend to increase my contribution 

to health communities in the future 

1      7 

I would like to use Social media to 
improve healthcare service  

1      7 

 

Q3. Please indicate if you have any concern or comments regarding the adoption and usage of social media in 

healthcare 

__________________________________________________________________________________________

__________________________________________________________________________________________

__________________________________________________________________________________________

__________________________________________________________________________________________

__________________________________________________________________________________________

__________________________________________________________________________________________

____________________________________________________________ 

 

THANK YOU VERY MUCH FOR YOUR TIME & PARTICIPATION 
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APPENDIX F: INITIAL CFA (HEALTH PROFESSIONALS’ SURVEY) 
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APPENDIX G: FINAL CFA (HEALTH PROFESSIONALS’ SURVEY) 
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APPENDIX H: SEM (HEALTH PROFESSIONALS’ DATA) 
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APPENDIX I: INTIAL CFA (HEALTH CONSUMERS’ SURVEY) 
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APPENDIX J: CFA FINAL SOLUTION – HEALTH CONSUMER SURVEY 
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APPENDIX K: SEM PATH ANALYSIS (HEALTH CONSUMERS’ SURVEY) 
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